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Video communication was anticipated long before it was available. The idea was 
first proposed in the 1870s by Bell Labs with the first call placed on April 7, 1927 
by then-U.S. Commerce Secretary Herbert Hoover to AT&T President Walter Gif-
ford (Figure 1, left panel). Hoover spoke from Washington, D.C., and was seen by 
AT&T officials in New York City. The 1930s saw early prototypes of two-way calls 
in Germany with the Gegensehn-Fernsprechanlagen (visual telephone system). 

Video communication began appearing in popular culture in the 1960s. In 
the early sixties, the animated series The Jetsons debuted in the U.S. in which 
the characters regularly communicated via videophone, and in the 1968 movie, 
2001: A Space Odyssey, Dr. Heywood Floyd, placed a video call from a space sta-
tion to Earth. In 1964 Bell Labs debuted a “picture phone” prototype at the New 
York World’s Fair (Figure 1, right panel). In all of these cases a user placed the 
video call, much as one would a telephone call, i.e., without prior arrangement 
— a “cold call”. As it has turned out, video communication tends to be jointly 
arranged, i.e., scheduled, by the participants, more like a meeting (a video con-
ference) than a phone call, with a minority of applications such as FaceTime fol-
lowing the phone call model. 

Figure 1 	 Video communication evolution. Left Panel: AT&T President Walter 
Gifford seeing and speaking with then-U.S. Commerce Secretary 
Herbert Hoover in 1927. Right Panel: Picture Phone from the 1964 
World’s Fair. Source: Courtesy of AT&T Archives and History Center 
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Both the meeting and phone call models pose challenges for recruiting sample 
members to participate in video survey interviews. The meeting model usu-
ally requires online contact information for sample members such as their 
email addresses to invite them to schedule an interview; there are generally no 
frames of email addresses for national populations1 so researchers have had to 
improvise to make this approach work. The phone call model is also challenging 
because sample members would need to be users of the same video platform as 
the survey organization such as FaceTime, WhatsApp or WeChat, which cannot 
be assumed. Even if a sample uses the platform on which they are being con-
tacted by the survey organization, it is unlikely they will answer the call from an 
unrecognized number/user. Nonetheless, video communication is now a stan-
dard way to converse for a growing segment of the world. 

The Covid pandemic led to an urgent and unplanned increase in video inter-
viewing because in-person interviewing was impossible during this time. Rather 
than deliberately and experimentally developing video interviewing methods, 
survey researchers innovated within the constraints imposed by the crisis, find-
ing ways to enable face-to-face interaction between an interviewer and respon-
dent without physical proximity: video interviewing is, in fact, a face-to-face 
mode, but mediated and remote, i.e., not in person. This innovation is reflected 
in the scope of papers for this special issue. While some are based on experi-
mental research, several report on experiences and outcomes from “real life” 
production surveys, often carried out during or in the immediate aftermath of 
the pandemic. It is not yet clear what role video interviewing might play in future 
research but the pandemic-era experiences provide a useful evidence base for 
subsequent implementations.

Now that we are five years post-pandemic, survey researchers have some 
perspective on video interviewing. Thus, now is a good time to reflect on what 
has been learned about the topic and how video may be implemented in studies 
moving forward. 

The special issue includes articles which report studies in different contexts, 
using a variety of research designs. More specifically, the special issue includes 
articles about studies conducted either: 

1.	 before, during, or after the pandemic

2.	 in laboratory or in field settings

3.	 experimentally or observationally

4.	 in cross-sectional designs or in longitudinal designs

1	 One indication that this is changing can be found in the increasing use of “digipost” ser-
vices in which all residents of a country is provided an official email address for receiving 
digital correspondence from public authorities. For an example in Denmark see https://
lifeindenmark.borger.dk/apps-and-digital-services/Digital-Post. 

https://lifeindenmark.borger.dk/apps-and-digital-services/Digital-Post
https://lifeindenmark.borger.dk/apps-and-digital-services/Digital-Post
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5.	 in comparative (i.e., cross-national) designs or within a single country 

6.	 as comparisons of video to other interviewing modes (in-person, telephone, 
web, and pre-recorded video) or as an in-depth examination of only live 
video interviewing 

7.	 using probability or non-probability sample sources

8.	 to measure willingness to participate in live or in prerecorded video inter-
views

9.	 with general populations or with specialized populations (e.g., children, 
older adults, those with mental health disorders)

This diversity of study contexts and designs suggests that video interviewing is 
flexible and can be implemented broadly, despite the need for specialized hard-
ware and software. However, none of the studies were conducted in countries 
that might be considered primarily low or middle income, so we cannot con-
clude that video interviewing is universally applicable. 

Survey researchers and methodologists have demonstrated interest in video 
interviewing for collecting quantitative data and its future as evidenced by ses-
sions devoted to the mode at conferences of the American Association for Pub-
lic Opinion Research (AAPOR) and the European Survey Research Association 
(ESRA) between 2021 and 2025. Several initiatives in the UK have explored and 
promoted video interviewing, including the Surveys Futures (https://surveyfu-
tures.net/research-programme/research-strand-3/) collaboration (Research 
Strand 3: video interviewing) which hosts working papers and hosted a work-
shop on video interviewing in March 2026. In the US, AAPOR hosted a webinar 
on video interviewing in 2022 and at least two important surveys have contin-
ued to collect data via video interviewing in the post-pandemic era, the Ameri-
can National Election Studies (https://electionstudies.org/) and the Medical 
Expenditure Panel Survey (https://meps.ahrq.gov/mepsweb/). Internationally, a 
Special Interest Group on video interviewing has been established, and meets 
periodically to collaborate and disseminate information, including organizing 
conference sessions.

Born out of the pandemic-created need for data collection that is both remote 
and interviewer-administered, the deployment of video interviewing is no longer 
urgent. Although some video interviewing is currently a component of ongoing 
survey research, its future may be more likely as one of multiple modes offered 
to respondents than as a stand-alone mode. More likely, video interviewing will 
continue as one among many modes offered to respondents or particular sub-
populations, as well as being deployed in longitudinal studies in which contact 
information – especially email addresses which are typically required to invite 
sample members to participate in video interviews – can be obtained in earlier 
waves of data collection, or in online panels whose clients might require video 

https://surveyfutures.net/research-programme/research-strand-3/
https://surveyfutures.net/research-programme/research-strand-3/
https://electionstudies.org/
https://meps.ahrq.gov/mepsweb/
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interviewing for particular studies. Whatever contexts in which video interview-
ing is used going forward, this special issue serves as a collection of researcher 
experience and evaluation of the approach that can inform decisions about its 
future use.

As for any new mode, it is important to establish basic principles and nomen-
clature used by those active in the field. In the special issue, we asked authors to 
use “video interviewing” to describe live interaction between an interviewer and 
a respondent mediated by video, although in the context of prerecorded video 
interviews – a web survey in which a videorecording of an interviewer asking 
questions has been embedded – authors differentiated the modes as “live video 
interviews” or “prerecorded video interviews.” We do not use labels or acro-
nyms that imply that interviews are assisted by video communication because 
video mediates but does not assist the parties in their interaction. Similarly, we 
asked authors to use the term “in-person” rather than “face-to-face” interview-
ing because video interviewing is also a face-to-face mode. Finally, we encour-
aged authors to describe legacy modes explicitly, e.g., phone, in-person, and 
web, rather than by acronyms indicating their implementation on a computer 
because computerization can be assumed unless something to the contrary is 
specified and so that readers unfamiliar with the conventional four-letter acro-
nyms for computerized modes can make sense of what they are reading.  

Beyond Feasibility of Video Interviewing
Before video interviewing was introduced in response to the pandemic, the first 
question asked by researchers and survey practitioners was whether it would 
work. Would survey respondents be willing and able to start and get through a 
video interview? Would video platforms work sufficiently well to allow the per-
formance of survey tasks? 

The early literature on video interviewing focused on testing its feasibility and 
assessing different design factors (Anderson, 2008; Centeno et al., 2024; Jeannis 
et al., 2013, Schober et al., 2020; Wood et al., 2020). The general conclusion from 
these papers, alongside presentations in video interviewing workshops and con-
ference sessions, was that it is possible to carry out quantitative survey inter-
views by video, while making clear that there are several design choices that 
need to be considered. This is supported by papers in this special issue.2 For 
example, Hanson et al. (2026) found that on the European Social Survey (ESS), 
most of those who participated by video got through the interview without tech-
nical issues, and respondent ratings of their experience of the video interviews 

2	 Throughout this editorial, references to articles included in this Special Issue are indi-
cated in bold. 
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were in line with those reported for in-person interviews. Durrant et al. (2026) 
explored the feasibility of obtaining consent and conducting cognitive assess-
ments in video interviews and concluded that these special tasks could be car-
ried out in this mode much as in in-person interviews. 

The feasibility of video interviewing as a practical data collection method is 
therefore now well established. Indeed, most papers in the special issue move 
beyond feasibility and address specific gaps in what is known about video inter-
viewing and how it works in different contexts. Hupp et al. (2026), and Guggen-
heim et al. (2026) examine participation and nonresponse, Fomby et al. (2026) 
and Carr et al. (2026) report on video interviews with special populations (chil-
dren and those experiencing mental health symptoms, respectively), and Feuer 
and Schober (2026) investigate one design feature of video interviews, the pres-
ence or absence of a self-view window and how it affects interaction. Hanson 
et al. (2026), Zavala-Rojas et al. (2026), Durrant et al. (2026), and Cornesse et al. 
(2026) compare data quality between video and other modes. Sun and Conrad 
(2026) explore interviewer-respondent dynamics in video versus in-person inter-
views, and Claassen et al. (2026) investigate hypothetical willingness to partici-
pate in prerecorded video interviews.

In the remaining sections, we discuss two key aspects of video interviewing: 
(1) participation, in particular recruiting respondents and completing the inter-
view, and (2) data quality, in particular comparability of results in video and 
other modes, primarily in-person interviews but also web surveys and telephone 
interviews. 

Participation
There are (at least) three ways that a sample member and survey organization 
can initiate a video interview. First, the survey organization can place an unso-
licited (i.e., cold) video call to the sample member analogous to a telephone sur-
vey invitation/introduction. As indicated earlier, unsolicited video calls are not 
practical given the dominant meeting model in which video communication is 
largely scheduled ahead of time and allows users of various devices to join a call, 
unlike in cold call models.

Second, the sample member can contact the survey organization and ask to 
be interviewed. Such on-demand interviewing was possible in the 2020 Ameri-
can National Elections Studies (ANES) reported in Guggenheim et al. (2026). 
Sample members were invited by mail to complete a web screener. Those who 
were eligible were redirected to a video waiting room where they could ask to be 
interviewed at that time; if no interviewers were available, they could wait until 
one was available, or they could schedule a future video interview (DeBell et al., 
2022). Most participated in a video interview upon arrival. While Guggenheim et 
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al. (2026) reported that the on-demand model was successful, we note that it is 
inherently inefficient because interviewers can have periods of down time (for 
which they are paid) or more demand (sample members in the waiting room) 
than they can meet.

Scheduling, the third model, has become the default and was by far the most 
prevalent approach reported in the special issue articles. Two approaches to 
scheduling have been used: the sample member can self-schedule an interview3 
or can schedule the interview with a representative of the survey organiza-
tion, such as an interviewer. The two approaches can, in principle, be used in 
tandem, for example a sample member can be both invited via email to self-
schedule online and also provided with a link; if they do not follow-through, the 
organization phones the sample member and works with them to find a good 
time for the video interview. Once the interview is scheduled (and in some cases 
rescheduled), the sample member must show up at the appointed time to begin 
the interview. Both scheduling and showing up are obstacles to completing a 
video interview that are rarely factors in completing interviews in other modes.

This framework is laid out conceptually by Hupp et al. (2026) in the special 
issue and instantiated by their experimental study. They found that scheduling 
and showing up for a scheduled video interview are both impediments to com-
pletion. However, almost all of the sample members who made it to the appoint-
ment completed their interview. Guggenheim et al. (2026) reported a higher 
scheduling rate but this appears to be due to differences in the scheduling pro-
cedure between the two studies: in Hupp et al. (2026), sample members received 
an unsolicited invitation to self-schedule an appointment for the interview, but 
in Guggenheim et al. (2026) an interviewer scheduled a follow-up video inter-
view at the conclusion of an in-person interview.

Participation in video interviews seems to depend on what modes are made 
available to respondents. As Durrant et al. (2026), report, in interviews where 
video was the only or primary data collection mode, response rates were notably 
lower than when in-person interviews were also an option. In the latter scenario, 
they report that video interviews attracted a higher proportion of younger and 
more educated sample members than did in-person interviews, with the oppo-
site pattern (higher proportion of older and less educated respondents) observed 
for in-person interviews. It is possible that a mix of modes might jointly cover the 
target population more effectively than either mode alone as some respondents, 
e.g., those residing in high crime areas or who are younger and more familiar 
with video communication, might opt for video interviews but would decline 
to participate if in-person interviews were the only choice. Whether and how 
the inclusion of video interviews in the set of modes offered to sample members 

3	 See Conrad et al. (2023) for an example of self-scheduling video interviews; see McGonagle 
and Sastry (2021) for an example of self-scheduling a telephone interview. 
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results in a more balanced overall study sample than when video interviews are 
not an option is an important topic for further investigation.

Data quality
Prior to this special issue, the small published literature about video interview-
ing pointed toward considerable overlap in the quality of survey data collected 
in video and in-person interviews as well as in the respondents’ experience. In 
particular, Endres et al. (2023) reported the same levels of satisficing and disclo-
sure as well as respondents’ satisfaction with the interview in both video and in-
person interviews. On the one hand this is not surprising: the features compris-
ing both modes are very similar, e.g., both are face-to-face in the sense that the 
interviewer and respondent see and hear each other in real time (see Schober et 
al., 2023 for a feature comparison of video, in-person, and telephone interview-
ing). On the other hand, the interviewer and respondent are not physically co-
located in video interviews, i.e., the interaction is mediated by a screen, which 
could affect the experience and lead to different data quality outcomes. 

Although Endres et al. (2023) found no differences between the two modes 
in the laboratory, it is possible that in production settings differences might 
emerge. For example, there may be distractions in respondents’ immediate 
environment that a remote interviewer cannot mitigate. In addition, the respon-
dent may appear to be looking at the camera, and thus engaged in the interview, 
when they are actually looking at a different on-screen window; this could be 
good for data quality if they have shifted their gaze to consult records needed 
to accurately answer a question but it could harm data quality if it reflects their 
unrelated behavior such as online shopping. The articles in the special issue that 
measure data quality were primarily conducted in production/field settings and 
while the story that emerges across these studies is more complicated than what 
has emerged from the laboratory, there is not compelling evidence of a system-
atic difference in quality or respondent experience between video and in-person 
interviewing.

Missing data, straightlining and disclosure. Hanson et al. (2026) compare 
missing data and straightlining in video and in-person interviews in the six ESS 
countries that conducted the largest number of video interviews. The authors 
report small but significant mode differences in the average number of miss-
ing answers per respondent in five of the six countries with smaller amounts in 
video than in-person interviews for four countries and the reverse for the fifth. 
They also report little difference in the amount of straightlining between the 
two modes. 

Another indication that video interviewing is experienced much like in-per-
son interviewing is that in both of these modes respondents exhibit more socially 



14� methods, data, analyses | Vol. 20(1), 2026, pp. 6-20 

desirable responding (less disclosure) than they do when they self-administer 
the questionnaire, as in a web survey. Cornesse et al. (2026) report findings con-
sistent with greater social desirability in video interviews than in a web survey 
for seven out of nine behaviors. Consistent with Endres et al. (2023) and Conrad 
et al. (2023), these findings suggest that the presence of the interviewer is expe-
rienced much the same way in video and in-person data collection to positive 
and negative effect: an interviewer presumably increases respondent engage-
ment and conscientiousness compared to web data collection but inhibits candid 
responses when they are sensitive or otherwise stigmatized.

Interviewer effects. Hanson et al. (2026) report that interviewer effects (ICCs) 
were similar in size in both in-person and video interviews for most items, 
with somewhat larger differences for one country, suggesting that whether the 
impact of interviewers on variance is higher or lower for particular items, it is 
about the same in both modes. See West et al. (2022) for a comparison of inter-
viewer effects in live and prerecorded video interviews.

Measurement invariance. Zavala-Rojas et al. (2026) report measurement 
invariance (i.e., equivalence) across the video and in-person interviews for the 
same six ESS-participating countries as in the Hanson et al. (2026) special issue 
article. For one concept, social trust, they report measurement invariance in all 
six countries; for another concept, attitudes toward immigration, they report 
equivalence in three of the six countries. Thus, in the majority of the compari-
sons, video and in-person interviews produced equivalent results. 

Respondent experience. Hanson et al. (2026) report that respondents experi-
ence video and in-person interviewing in much the same way across the six ESS 
countries. They observed no differences between the modes on a post-interview 
questionnaire about their experience when results from all six countries were 
combined, although respondents rated in-person interviewing more positively 
than video interviewing in two countries, the reverse for one country, and no 
difference in the remaining three countries. 

Video self-view. Video interviewing not only allows the interviewer and 
respondent to see each other but it also allows the respondent to see themselves 
via the self-view window typically displayed by default. This raises the question 
of how seeing oneself during the interview affects data quality, especially dis-
closure. Feuer and Schober (2026) tested the impact of the self-view window in 
a laboratory study in which they compared disclosure of sensitive information 
(socially undesirable responses) with and without the self-view window. They 
report no less disclosure when the self-view is present than when it is not and, if 
anything, more disclosure for some stigmatized behaviors. 

Spoken communication in video interviews. Sun and Conrad (2026) report 
that the verbal communication – interaction between the interviewer and 
respondent – in in-person and video interviews – was largely indistinguishable. 
For example, the prevalence of respondents’ disfluencies (e.g., ums and uhs) is 
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the same in both modes. They do report more laughter in video than in-person 
interviewing, but propose this could be nervous laughter possibly due to techni-
cal problems in the video connection and/or display. In earlier work, Sun et al. 
(2021) reported that respondents establish rapport with interviewers to the same 
extent in both video and in-person interviews, presumably because the cues on 
which rapport is based are equally perceptible in the two modes. Taken together 
these findings suggest that verbal interaction in in-person and video-mediated 
interviews is largely indistinguishable. 

Impact of being able to see the respondent. How might the combination of 
video and spoken interaction affect outcomes of the interview compared to 
speech only, as in a telephone interview? Carr et al. (2026) reported greater prev-
alence of psychiatric disorders measured in video than telephone interviews 
and suggested this could be due, in part, to the clinical interviewer’s ability to 
see respondents’ faces and their physical movements in video but not phone 
interviews. One implication is that for some respondents, symptoms may have 
gone undetected and undiagnosed on the phone but detected and diagnosed in a 
video interview, suggesting higher quality data in clinical interviews conducted 
via video than telephone. The authors speculate that video interviewing may 
also have led to more self-reported symptoms because respondents felt greater 
rapport with interviewers they could see. 

What have we learned so far?
Looking across the eleven articles in the special issue makes it possible to 
assess the different ways video interviewing has been used, to understand the 
strengths and weaknesses of different uses, and to consider where the method 
may be more or less effectively employed in the future. This allows us to draw 
some tentative conclusions and identify areas where more research is needed.

It seems clear that the optimal conditions for deploying video interviewing 
are not as a single mode of data collection. This reflects issues with population 
coverage (video interviewing appeals more to some sample members than oth-
ers) and challenges of contact (inviting sample members typically requires a 
frame of email addresses). Moreover, making and showing up for an appoint-
ment involves effort not required for data collection in other modes. But with the 
current prevalence of mixed-mode designs, video interviewing may be a valu-
able complement to other modes.

Different uses of video as part of mixed-mode designs can be envisaged. It 
can be combined with in-person interviewing to bring in people who may have 
limited availability or be unwilling or unable to take part in an in-person inter-
view. The evidence for near-equivalent data quality between video and in-per-
son interviewing discussed in the previous section may make this combination 
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of modes particularly strong. But there may also be potential to combine video 
with web to bring in people who may struggle with the text-based self-admin-
istered format of a web questionnaire and would be better able or more will-
ing to complete the questionnaire with a remote – but human – interviewer. Or 
video could be used in combination with or in place of telephone interviewing in 
a mixed-mode design, which may help with building rapport and disclosure of 
certain sensitive information (as suggested in Carr et al. (2026)).

Even within mixed-mode designs, there may be different types of stud-
ies where video interviewing is a more feasible option than others. It is clear 
from evidence collected to date, including the papers by Hupp et al. (2026) and 
Guggenheim et al. (2026) in this special issue, that a significant challenge with 
video interviewing is the contact and scheduling process. Most people who start 
video interviews finish them – but getting them started in the first place can be 
far from straightforward. This relates to how contact is first made with target 
respondents. For many studies, email addresses or telephone numbers will not 
be available and so initial contact will rely on postal mailings or in-person visits. 
The evidence so far suggests that facilitating video interviews based on postal or 
in-person contacts is challenging. Video may therefore offer more potential for 
longitudinal studies, where more extensive contact information can be gathered 
in an earlier wave, or where rich sample frames include contact details beyond 
postal addresses. The latter is evidenced in the paper by Hanson et al. (2026) 
based on the ESS, where those countries that carried out a higher share of video 
interviews tended to be those in which interviewers could make first contact by 
telephone rather than needing in-person visits.

This special issue provides preliminary evidence on the conditions that may 
support effective use of video interviewing, which we hope will be helpful for 
survey practitioners. Yet questions remain. It is not fully clear, for example, to 
what extent video interviewing can bring in sample members who would not 
respond in other modes as opposed to enabling people who would likely have 
responded irrespective of mode. Relatedly, more research is needed on the 
extent to which including video as part of a mixed-mode strategy adds benefits 
versus extra costs and complexity. Similarly, more research is needed on how to 
lower the barriers to participating introduced by the need for self-scheduling. At 
minimum, however, the range of studies that have incorporated video interview-
ing in recent years, many of which are showcased in this special issue, ensure 
we now know far more about this mode. Video interviewing was hardly used as 
a survey data collection mode prior to the pandemic. It is now established and 
available for practitioners to use as part of a growing toolbox; we can expect that 
the conditions in which it can be most effectively used will be refined further 
over the coming years.
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What’s on the horizon?
Looking ahead, there are at least two directions in which we believe it is likely 
that video interviewing will evolve. The first direction consists of refinements 
of the current paradigm; the second direction extends the mode to technology-
mediated self-administration.  

The current paradigm was largely developed using existing video platforms 
that were not specialized for survey interviewing. This was an adequate way to 
proceed in the midst of a public health crisis but not optimal. Video interview-
ing platforms that integrate features available in current interviewing software 
with video capability would help interviewers administer video interviews more 
efficiently and facilitate adoption. In addition, specialized video interviewing 
platforms could allow respondents to switch to self-administration to collect 
sensitive responses, helping to overcome the social presence of a visible inter-
viewer when that is undesirable.

One example of the second direction in which we see video interviewing 
evolving, i.e., its extension to self-administration is prerecorded video interview-
ing, i.e., web surveys in which embedded video recordings display interviewers 
reading questions. Preliminary evidence suggests respondents feel connected 
to video recorded interviewers, although the sense of connection is greater in 
live video interviews (Conrad et al., 2023) and this connection seems likely to 
increase engagement without increasing social desirability (Haan et al. 2017). It 
may also help support the participation of people who may be less able to com-
plete text-based self-administered surveys (for example, those with low literacy). 

The paper by Claassen et al. (2026) in the special issue assesses hypotheti-
cal willingness to participate in this type of data collection. They found that the 
majority of respondents were hypothetically willing to participate in “web sur-
veys in which interviewers read questions to you via pre-recorded videos” espe-
cially with responses entered by clicking/tapping or typing. But fewer respon-
dents said they were willing to participate if it required answering by voice or 
via video. The mode seems to be a hybrid of in-person and video interviewing on 
the one hand and self-administration as in conventional text-based web on the 
other, so may be the best of both. The technology required to deploy this mode 
is widely available. 

A second type of video interviewing that does not involve a live, human inter-
viewer relies on embodied (avatar) virtual interviewers, i.e., computer-animated 
agents that can speak questions and interpret respondents’ spoken answers. 
Earlier tests of this approach either simulated interactivity (Conrad et al., 2015) 
or deployed non-interactive interviewing agents (e.g., Lind et al., 2013), but the 
arrival of large language models (LLMs) makes human-like interactivity readily 
available for driving interaction between virtual interviewers and respondents. 
We expect the combination of avatar and LLM technologies to result in inter-
viewing agents whose social identities, personalities, and interviewing approach 
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are under researchers’ control and can be chosen by respondents (Conrad et al., 
2020). The extent to which sample members will accept embodied virtual inter-
viewers is currently unknown, but likely to increase as AI-driven agents – not 
just for interviewing – become more ubiquitous. As we have proposed for live 
video interviews conducted by human interviewers, virtual interviewers may be 
most effective as one of multiple ways to collect data, presumably more attrac-
tive to some groups of sample members than others.   

Conclusion
While video interviewing may not make sense as a standalone mode in general, 
there are scenarios in which it is well suited as the one data collection mode: 
video interviewing might be a good fit if the data collection requires a live but 
remote interviewer who can see the respondent and can be seen by the respon-
dent, may require the display of visual information, and is free of the usual chal-
lenges of scheduling and recruiting sample members. For example, studies of 
institutionalized sample members such as prisoners or deployed military per-
sonnel, and whose circumstances allow others (wardens, commanding officers) 
to schedule their interviews may only be feasible if those interviews are con-
ducted by video. 

But there are other research scenarios in which video interviewing may also 
make sense in conjunction with other modes: longitudinal studies in which con-
tact information such as an email address for sample members can be obtained 
in an in-person interview and used to invite sample members to a future video 
interview; one-off interviews in which respondents are required to choose the 
mode in which they provide data, including video interviews; a dedicated video 
panel, perhaps a subset of a larger panel, whose members have agreed in advance 
to participate in video interviews. And if official email addresses become stan-
dard in some countries as in the Danish example mentioned earlier (https://
lifeindenmark.borger.dk/apps-and-digital-services/Digital-Post), this will facili-
tate the deployment of video interviewing. 

When the pandemic pushed researchers to explore video interviewing, the 
components were already in place, e.g., Skype and other video platforms were 
already being adopted and smartphones equipped with video capability were 
widespread. The technology has come a long way from what is depicted in Fig-
ure 1. So it was not a great stretch for researchers to consider video as a way to 
continue data collection despite the public health crisis. Some of the obstacles 
encountered then and reported in the special issue papers are still challenges 
but we have learned that video interviews can provide high quality data and 
the circumstances under which they might be deployed are coming into clearer 
focus. 

https://lifeindenmark.borger.dk/apps-and-digital-services/Digital-Post
https://lifeindenmark.borger.dk/apps-and-digital-services/Digital-Post
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Abstract
Survey researchers have begun to conduct survey interviews by video. This study inves-
tigates participation, i.e., starting and completing, two types of video survey interviews, 
those conducted live by a human interviewer and those in which a video-recorded in-
terviewer asks questions in a web survey; the results are compared to outcomes from 
a conventional text-based web survey. We invited sample members to participate in 
either (a) a live video interview, (b) a prerecorded video interview, or (c) a convention-
al text-based web survey, recruiting them from two different opt-in (non-probability) 
sample sources. To participate in a live video interview, sample members were required 
to schedule the interview and show up at the appointed time. The need to schedule and 
show up created an obstacle to starting the interview, especially for those used to text-
based web surveys, which can be started by clicking a link when convenient. The results 
indicate that, of those invited to a live video interview, about 10% scheduled an appoint-
ment, although this differed substantially by sample source. Of those who scheduled 
an interview, about half showed up to start it. Once these sample members started the 
live video interview, almost all finished. In contrast, sample members who started 
prerecorded video interviews broke off at much higher rates than did those in the two 
other modes. This was especially true for respondents familiar with conventional text-
based web surveys. This article discusses implications and recommendations for how 
researchers might increase participation for both types of video interviews and adapt 
them to the population being studied.

Keywords:	 live video survey interviews, prerecorded video survey interviews, scheduling 
video interviews, recruitment, breakoffs
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As more people routinely communicate by two-way video, survey researchers 
have begun to explore live video interviewing as a survey mode (Anderson, 2008) 
in which respondents and interviewers see and hear each other in real time. 
This mode may be a good fit for research that requires face-to-face interviewing 
when physical co-presence is challenging due to safety concerns (e.g., danger-
ous public health conditions or the sample member lives in a high-crime neigh-
borhood), or the geographical dispersion of the target population. One advan-
tage is that live video interviewing does not require any travel by the interviewer 
which, depending on the study design, may substantially reduce survey costs. 
And both data quality and respondents’ sense of rapport with video interviewers 
appears, so far, to be at least as good as in in-person interviews (e.g., Endres et 
al., 2022; Sun et al., 2021). 

One-way video is arguably even more common in everyday life than two-way 
video—for example, on YouTube and other social media platforms; on learning 
sites that offer on-demand instructional videos; in recordings from video door-
bells and police body cameras; and in live streams from baby monitors and sur-
veillance cameras. In this approach, video may be recorded in advance (as on 
YouTube) or streamed live (as with baby monitors). The technology may also be 
interactive in the limited sense that viewers can respond by clicking or typing 
(e.g., liking a video, posting a comment, or subscribing to a channel), whereas 
surveillance video generally does not support this kind of interaction.

One-way video has been studied as a survey mode in which prerecorded inter-
viewers (both human and computer-generated) ask questions and respondents 
enter their answers directly in a web survey (e.g., Conrad et al., 2023; Conrad 
et al., 2020; Fuchs, 2009; Fuchs & Funke, 2007; Gerich, 2008; Haan et al., 2017; 
Höhne et al., 2024; Krysan & Couper, 2003; Lind et al., 2013; Strojil & Cígler, 2025). 
Evaluations of one-way video survey data collection suggest that respondents 
can feel some social connection to the recorded interviewer (e.g., Conrad et al., 
2023), while showing little to no social desirability bias or time pressure. In this 
article, we refer to two-way video interviewing as “live video” and to one-way 
video survey interviewing as “prerecorded video.”

The aim of this article is to identify and contrast the obstacles to (a) recruiting 
sample members and (b) to their completing (i.e., not breaking off during) an 
interview in either of the two video modes (live and prerecorded). Starting and 
completing a conventional text-based web survey serves as a standard of com-
parison for the two video modes. The data were derived from a study (Conrad et 
al., 2023) exploring response quality in the two video modes that also compared 
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responses to those collected in a text-based web survey. Thus, the current article 
allows the comparison of participation across these three modes.

Recruitment for Live and Prerecorded Video Survey Interviews 

Recruiting participants into live video interviews is fundamentally different 
from recruiting them into prerecorded video “interviews.” To participate in a 
live video interview, a sample member generally needs to be invited in another 
mode, usually by email or postal mail, and then must schedule an interview 
time, making the process more like planning a meeting than receiving an invita-
tion phone call.1 In contrast, sample members who have been invited to a pre-
recorded video interview via email, text message, or postal mail follow a link in 
the invitation to start the interview, as in a web survey. Thus, recruiting for live 
video interviews has at least one more stage, i.e., scheduling, than is the case for 
prerecorded video interviews.

Scheduling a Live Video Interview
If the study collects data from the same respondents on multiple occasions (e.g., 
Survey of Health, Aging and Retirement in Europe or the US Current Population 
Survey), it may be possible for an interviewer to schedule a video interview as 
part of an earlier interview session or when the survey organization visits the 
sample member for reasons related to the study (e.g., to collect biospecimens). 
By virtue of being in person, the interviewer can also make sure the video con-
nection and technology are functioning and that the sample member is suffi-
ciently familiar with the technology to participate in a later video interview2.

It is also possible for a sample member to self-schedule the interview (see 
Conrad et al., 2023 for an example of self-scheduling a live video interview and 
McGonagle and Sastry, 2021 for a discussion of self-scheduling a telephone inter-
view). This can be offered to sample members in the previous scenario who are 
not able or willing to schedule while the interviewer is present or in a one-time 
survey via another mode, e.g., email or postal mail. In either case, the sample 
member is likely provided a link to an online scheduling portal, where available 
interview times are listed and the sample member is instructed to select one, 
much like one might self-schedule a medical appointment, car repair, or haircut. 

1	 An exception to the meeting analogy is being invited via a video platform such as Face-
Time, which would be like a cold call or phone invitation. However, FaceTime or similar 
platforms have not been successfully used for live video survey interviews to our knowl-
edge.

2	 In principle an interviewer can schedule a video interview when connected to a sample 
member for a phone interview, but because they are not on site, they will not be able to 
confirm that the video technology and sample member’s ability to use it are adequate for 
subsequent data collections.
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There is also some precedent for an approach that does not involve schedul-
ing: the interview can be conducted “on-demand,” i.e., the sample members are 
provided with a link to a video waiting room, which they enter, and when an 
on-demand interviewer is available, the data collection can begin (DeBell et al., 
2022; Guggenheim et al., 2026). On-demand interviewing requires having inter-
viewers on call, although probably not around the clock (unlike prerecorded 
video interviews, which can be started anytime).

Keeping the Appointment for a Live Video Interview
Assuming the sample member has scheduled a video interview, there remains 
one obstacle to beginning data collection: the sample member must show up at 
the appointed time. There is little published research on the extent to which sur-
vey interview appointments are kept. In the absence of literature about showing 
up for scheduled survey interviews, a reasonable proxy is the extensive body of 
research carried out about showing up for medical appointments where patients 
missing appointments has a substantial impact on cost. A key take-away from this 
literature is that as more effort is required to keep an appointment, e.g., greater 
distance to the clinic or lack of transportation, the rate of broken appointments 
increases (e.g., Dantas et al., 2018; Deyo & Inui, 1980). In fact, appointments are 
kept at a substantially higher rate for telehealth (i.e., video) visits than in-person 
clinic visits (Alkilany et al., 2021; Drerup et al., 2021) presumably because no 
travel is required. Not surprisingly, medical appointments are kept at a higher 
rate when patients are reminded that they have an upcoming appointment (e.g., 
Almong et al., 2003; Opon et al., 2020). Presumably the amount of effort required 
to show up and whether one remembers they have scheduled an appointment 
for a survey interview both affect the “show rate” in much the same way. Note 
that the advantage in show rates observed for telehealth compared to in-person 
clinic visits is unlikely to directly correspond to show rates for live video ver-
sus in-person survey interviews. Scheduling an appointment to be interviewed 
is unlikely to be as urgent (and may be more burdensome) to a respondent than 
scheduling an appointment to be examined by a doctor is to a medical patient: 
one’s health almost surely motivates a patient to schedule and show up for a 
video medical meeting more than a survey researcher’s research question moti-
vates a sample member to schedule and show up for a video survey interview.

The analogy between telemedicine appointments and video interview 
appointments is not perfect: in the former it is travel by the patient that is made 
unnecessary by video, while in the latter it is travel by the interviewer – not the 
respondent – that is eliminated. But, despite these differences, the two types of 
scheduled video interaction place some additional burden on either the patient 
or respondent: both require the patient/respondent to navigate to the video plat-
form with which they may be unfamiliar, possibly use a headset, resolve tech-
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nical problems, etc. just to get started. None of those are the case for in-person 
clinic visits or in-person survey interviews. 

Figure 1 displays the hypothetical loss of cases, i.e., the growth in nonre-
sponse or “drop-off,” at each stage in the recruitment process for live video 
survey interviews. It seems likely that there will be substantial loss (i.e., non-
response) between invitation and scheduling. In addition to finding live video 
interviewing potentially more intrusive or unsettling (as one can imagine sam-
ple members might perceive video interviewing) than in-person or telephone 
interviews, the extra effort required to schedule an appointment may be a sub-
stantial deterrent to participation. As the medical appointment literature makes 
clear, not everyone who has scheduled an appointment shows up, even when 
one’s health is involved, which is almost surely more motivating than the prom-
ise of having one’s voice heard in a survey. Of those who do show up for their 
appointment, a small subset will not start the interview because, for example, 
technical problems prevent going forward. Thus, the proportion of invited sam-
ple members who complete the data collection process (i.e., the respondents) 
may be smaller than in modes that do not require scheduling and showing up, 
as these are decision points at which the video sample member may choose not 
to participate. 

Figure 1	� Conceptualization of live video interview drop-off (loss of cases) 
from invitation to completion

Note that in Figure 1, the white bars to the right of “Invited,” such as “Sched-
uled,” represent sample members who are not yet respondents: they have not 



26� methods, data, analyses | Vol. 20(1), 2026, pp. 21-45 

started or completed the interview and could drop off at the next stage, but they 
are not yet nonrespondents. They are akin to sample members in a telephone 
survey who have neither declined nor accepted a telephone invitation to partici-
pate but have agreed to be called back to further discuss their participation: they 
are still “live prospects” (see Conrad et al., 2013). This leads to our first research 
question: 

RQ1: �What percent of sample members drop-off at each recruitment stage (including 
scheduling, showing up, completion) for live video interviews?

Breakoffs

Nonresponse can also take the form of starting but not finishing an interview, 
i.e., breaking off. One factor that might affect breakoffs (or its complement, com-
pletion) is the extent to which a participant is familiar with and prefers inter-
acting in the mode to which they have been assigned. Olson et al., (2012) dem-
onstrated that completion is higher when the mode of data collection matches 
participants’ articulated mode preference (collected in a survey conducted in 
the previous year). The authors tested the effect of mode preference on comple-
tion of web, mail, and phone surveys; we assume that the mechanism that they 
tapped into is in effect present in other modes as well, including live video inter-
views. If a sample member has started a live video interview, they are, in princi-
ple, more likely to complete it if they prefer interacting with a live, visible person 
than self-administering a textual questionnaire.

RQ2: �Do sample members who are likely to prefer interacting with a live human 
interviewer complete live video interviews at a higher rate (i.e., break off less 
often) than do sample members who are likely to prefer responding to self-
administered, text-based web questionnaires?

Because web surveys – which are typically text-based – are ubiquitous, many 
sample members invited to prerecorded video interviews may expect an expe-
rience similar to what they are familiar with in text-based web surveys when 
agreeing to participate and may expect to read and respond to textual ques-
tions, not to watch and listen to a video-recorded interviewer ask questions.3 
Prerecorded video interviewing is fundamentally multimodal (spoken question 
and visible, moving interviewer), which may be aversive to respondents who are 
used to a text-only interface, and perhaps more importantly, silence and still-
ness in the interface. Similarly, respondents may find the slow, spoken delivery 

3	 We note it is possible to implement pre-recorded video interviews that include text of the 
question as well as the video-recorded presentation of that question so the experience 
may not be entirely different from a text-based web survey, but will include audio and 
video.
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of questions – slower than the speed at which they may be able to read them – 
unpleasant, especially if they cannot “barge in” to circumvent the spoken ques-
tion. It is possible that this combination of factors, i.e., the disconnect between 
properties of the mode and what respondents expect, slow question delivery, 
and inability to barge in, could increase breakoffs in prerecorded video inter-
views compared to traditional text-based web surveys. Moreover, despite the 
presence of a recorded interviewer, those who have started the interview are 
sure to recognize that ending the interaction will have no social costs, e.g., they 
will not offend the interviewer whose recordings they have been responding to. 
On the other hand, the recorded interviewer’s presence could reduce breakoffs 
relative to a textual web survey: respondents seem to react socially to prere-
corded interviewers, almost as if they feel a modest level of “rapport” with them 
even though they recognize the recorded interviewer’s inanimacy (e.g., Conrad 
et al., 2023).

RQ3: �Will sample members who are primarily familiar with text-based web surveys 
complete a text-based web survey at a higher rate (i.e., break off less often) 
than they would complete a prerecorded video interview?

The pattern of breakoff across the questionnaire could differ depending on 
the mode. In Live Video interviews, respondents could feel obliged to continue 
through the questionnaire, having established a relationship with the inter-
viewer, albeit mediated. But the relationship may take time to develop, sug-
gesting that if there are breakoffs in live video interviews, they will occur early. 
Thus, breakoffs could be rare across the entire interview. Moreover, those sam-
ple members who have scheduled and shown up for the appointment may be 
predisposed to complete the interview. Similarly, in web surveys, respondents 
have been shown to break off most frequently on the early pages (Mittereder & 
West, 2022; Peytchev, 2009) so if they ”survive“ beyond that point, they are likely 
to complete the questionnaire. For prerecorded video interviews, the location of 
breakoffs is harder to anticipate as the mode has not been widely evaluated. On 
the one hand, it is possible that the respondents will feel motivated by recorded 
interviewers to complete the study, but on the other, they may find the move-
ment and sound of the video recording to be distracting and annoying, a reac-
tion that could become more prevalent as the interview progresses. In this case, 
breakoffs would increase over the questionnaire.

RQ4: �What is the pattern of breakoffs across the questionnaire when (a) a live inter-
viewer asks the questions, (b) a prerecorded interviewer asks the questions, 
and (c) there is no interviewer, (i.e., a textual web survey)? 

Breakoffs may be related not only to the interview mode but also to the device 
the respondent uses. It is well known that breakoffs in web surveys are more 
prevalent when respondents use a mobile device than a computer (desktop or 
laptop) (see Couper et al., 2017 for a review) due, among other reasons, to the 
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small screen size and its effect on entering responses. On the one hand, we might 
expect that breakoffs will be equally likely for live video interviews conducted 
on mobile and desktop devices, because respondents register their answers via 
speech in both cases, i.e., they do not enter responses by typing or tapping, min-
imizing the effect of screen size. Moreover, they are likely to have established a 
comparable relationship with the interviewer on both devices similarly affecting 
breakoffs4. On the other hand, to the extent the interviewer presents textual or 
graphical materials, breakoffs could be higher on mobile devices because these 
materials may well be harder to read or view on a small screen. Moreover, in a 
live video interview on a mobile device the likelihood is greater that the respon-
dent will be in an environment that is not conducive to sustained attention, e.g., 
while in transit, than if the interview is conducted on a computer. 

Because prerecorded video interviews share at least some features with both 
textual web surveys and live video interviews, it is natural to ask how devices 
affect breakoffs in prerecorded video interviews. It is possible that respondents 
will feel connected with the video-recorded interviewers to the same extent on 
both mobile devices and computers, leading to similar breakoff rates across the 
interview. Alternatively, if the mode is implemented so that respondents must 
select answers from on-screen options (as opposed to speaking their answers), 
the small screen in mobile prerecorded video interviews could inflate breakoffs 
relative to breakoffs on a computer. In addition, designers may have less con-
trol over how video recordings behave on mobile devices than computers, which 
could lead to less usable interfaces and thus increased breakoffs.

RQ5: �How do breakoffs compare between mobile devices versus computers, for (a) 
live video interviews, (b) prerecorded video interviews, and (c) conventional 
text-based web surveys?

Data and Methods
The data that this paper is based on were collected between November 2019 and 
March 2020, in an experimental study (reported in Conrad et al., 2023; see also 
West et al., 2022) that compared data quality and respondent experience in three 
data collection modes: (a) live video5 (i.e., two-way, video-mediated exchanges), 
in which nine professional interviewers read 36 questions out loud and respon-
dents spoke their answers that the interviewer then recorded; (b) prerecorded 

4	 In fact, the proportion of the screen devoted to the interviewer’s face could well be higher 
on a mobile than desktop device, potentially hyperfocusing the respondent on the inter-
viewer.

5	 See https://www.mivideo.it.umich.edu/media/t/1_1zoid4cu for an example of the live vid-
eo interview.

https://www.mivideo.it.umich.edu/media/t/1_1zoid4cu
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video,6 in which separate video recordings of the same nine interviewers each 
asking the same 36 questions (i.e., one video recording of each interviewer ask-
ing each question) were embedded in a web survey, and respondents answered 
by selecting or typing in their answers; and (c) a conventional text-based web 
survey7 in which respondents read on-screen, textual questions and directly 
entered their answers by selecting or typing them in. It was conducted to learn 
about the two video modes and not to produce population estimates. In the cur-
rent article, we examine factors affecting participation, i.e., recruitment, start-
ing, and completing (or its complement, breakoffs) in the three modes.

The live video interviews were conducted in a web browser so that respon-
dents did not need to download and install an app. The prerecorded video inter-
views were designed so that the question was only presented orally, and response 
options were only displayed after the video finished playing; this was done to 
make these interviews more comparable to live video interviews in which inter-
viewers were trained to read all the response options before accepting answers. 
On desktop and laptop computers the videos auto-played after the page loaded; 
on mobile devices videos did not auto-play due to a software limitation, requir-
ing respondents to manually start each video. Prerecorded video and the text-
based web survey were optimized for smaller screens by implementing wide 
response buttons (see Figures 2 and 3).

6	 See https://www.mivideo.it.umich.edu/media/t/1_vjhtigaf for an example of the prere-
corded video interview.

7	 See https://www.mivideo.it.umich.edu/media/t/1_82z2zs7y for an example of the web sur-
vey.

https://www.mivideo.it.umich.edu/media/t/1_vjhtigaf
https://www.mivideo.it.umich.edu/media/t/1_82z2zs7y
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Figure 2	� Respondent’s mobile screen before (left) and after (right) the video 
has played in Prerecorded Video

 

Figure 3	� Respondent’s mobile screen in text-based Web Survey
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Sample Source

Initially, we attempted to recruit participants via Address-Based Sampling 
(ABS), but ABS yielded completed interviews from less than 1% of invited live 
video households8 (see Conrad et al. 2023), although more reasonable outcomes 
(~8-10%) for prerecorded video and the text-based web survey were obtained, so 
we do not include the few completed cases recruited via ABS in any analyses. 
Due to the low yield of interviews with ABS, we explored two opt-in (i.e., non-
probability) sample sources, one a conventional web panel (WebPanel) and one 
a clinical research panel (ClinicalPanel), because (a) they facilitated recruiting 
(being created for participation in research studies), and (b) their non-probabil-
ity character was not a concern because the goal of the study was to understand 
the viability of live and prerecorded video interviewing for collecting survey 
data, not to produce population estimates. Sample members were recruited ran-
domly from both sample sources into one of the three survey modes. 

Members of these two sample sources typically engage in quite different 
types of research studies. Members of the WebPanel typically participate in con-
ventional self-administered, text-based surveys in which the interface is static 
and silent, i.e., no human presence. Thus, panel members rarely, if ever, inter-
act with a human interviewer, potentially finding such an interaction more or 
differently demanding than they would like, which might in turn depress their 
participation in live video interviews. And they certainly do not expect par-
ticipation to require scheduling a time in which to complete the interview, as 
they expect to participate at a time of their choosing. They also are unlikely to 
expect the questions in prerecorded video interviews, in effect, a web survey 
to be presented by recorded interviewers that move and speak and, thus, may 
find this unappealing, potentially depressing completion of prerecorded video 
interviews.  

In contrast, members of the ClinicalPanel typically participate in health and 
medical research, often in person, e.g., to undergo blood draws, imaging, blood 
pressure measurement, etc., so a remote but live interaction is probably more 
similar to what they’re familiar with than it would be to WebPanel members; 
yet it is unlikely that, at the time of our study, they had ever participated in a 
live video interview. The similarity of live video interviewing to the in-person 
research that ClinicalPanel members were familiar with seems likely to pro-
mote participation in live video interviews. And the requirement to schedule an 
appointment is a component of clinical research – one cannot usually visit the 
medical facility at a time of their choosing – so scheduling an appointment for 

8	 In the ABS pilot we invited 300 sample members to participate in a live video interview, 
which resulted in 2 completed interviews; in prerecorded video we invited 150 sample 
members, and this resulted in 12 completed interviews; in web we invited 150 sample 
members, and this resulted in 14 completed interviews.
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a live video interview is unlikely to create an insurmountable obstacle. Taken 
together, willingness to schedule a data collection session and to interact with 
live interviewers should promote completion of live video interviews for Clini-
calPanel members compared to WebPanel members. 

Similarly, we would expect ClinicalPanel members to complete prerecorded 
video interviews at a higher rate than WebPanel members because the former 
group is likely to be unfazed by the (recorded) presence of a human interviewer 
who asks questions compared to the latter group. Moreover, if the ClinicalPanel 
members are willing to schedule an appointment for a live video interview, 
they should be at least as willing to start a prerecorded video interview, which 
requires only clicking a link when they are ready to begin (as in textual web sur-
veys). Thus, we expect these factors to promote participation in the web survey 
and prerecorded video interviews for members of the ClinicalPanel relative to 
WebPanel members. Taken together, these considerations suggest it is likely 
that members of the two panels differ substantially in their preference of sur-
vey modes, based on the modes they are most familiar with and the types of 
research tasks they regularly carry out and are comfortable with.

Survey Invitation

Sample members in each mode only received one invitation to the study (i.e., no 
follow-up invitations). Those assigned to prerecorded video and the web survey 
were sent customized invitations containing a link to the survey. Those assigned 
to live video interviews were given a link to a scheduling application in an invita-
tion (email for ClinicalPanel members, internal online invitation for WebPanel 
members), listing available interview times within the next two weeks to select 
from, and were asked to provide an email address. Once a sample member had 
selected an interview time, they were sent a confirmation email with the day 
and time of the appointment and the link to use for the interview. They were 
reminded of the appointment via email and, if they provided a phone number 
(which most people did), a text message. These were sent the day before the 
scheduled appointment, a few hours before the scheduled time on the day of the 
appointment, and five minutes after the start of the appointment if the sample 
member had not shown up for the interview. 

All live video invitees were offered $20 to complete the interview; prerecorded 
video and web survey invitees were offered $5, except ClinicalPanel invitees, 
who were offered $20 for comparability with typical clinical research (see Con-
rad et al. 2023, Online Appendix G, for details).
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Results 
RQ1: What percent of sample members drop-off at each recruitment stage 
(including scheduling, showing up, completion) for live video interviews?
The need to schedule a live video interview clearly increased nonresponse (see 
Table 1). Of those who were invited to participate, only 10.3% scheduled an 
appointment, i.e., 89.7% dropped off. However, the scheduling rate differed sub-
stantially between the two sample sources, with 100% of the invited Clinical-
Panel members scheduling an appointment, but only 5.6% of the invited Web-
Panel members scheduling an appointment. We return to this in the Discussion.

Of those who did schedule an appointment, less than half (49.1%) showed 
up for the interview. But of those who showed up, most (98.3%) completed the 
interview. Although those who showed up were likely to complete the interview, 
only 4.9% of the 5,783 sample members who were invited completed a live video 
interview. The patterns of scheduling, showing up for, and completing live video 
interviews are generally consistent with the conceptualization presented in Fig-
ure 1, although for the ClinicalPanel, scheduling was not an obstacle. Clearly, 
scheduling and showing up for an appointment – which are critical to live video 
interviewing – can be obstacles to participation for at least some sample mem-
bers.

Table 1	� Count and percentage of cases that remain at each recruitment stage 
for live video interviews

Invited Scheduled an  
appointment

Showed up for  
appointment

Showed + Completed 
interview

5,783 593 (10.3%) 291 (49.1%) 286 (98.3%)

RQ2: Do sample members who are likely to prefer interacting with a live human 
interviewer complete live video interviews at a higher rate (i.e., break off less 
often) than do sample members who are likely to prefer responding to self-
administered, text-based web questionnaires?
As Table 2 shows, those who started live video interviews completed them at high 
rates. Sample source (which we consider a proxy for mode preference) had little 
impact: 95.0% of WebPanel members who started, completed it; 99.5% of those 
ClinicalPanel members who started completed it. While breakoffs were not sen-
sitive to sample members’ mode preferences, response rates were. Looking at 
those who are likely to prefer responding to a self-administered, text-based ques-
tionnaire (i.e., WebPanel), only 1.4% of the invited sample members completed 
the interview. In comparison, of those who were likely to prefer interacting with 
a live human interviewer (i.e., ClinicalPanel), 74.2% of invited sample members 
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completed the interview. Clearly, the kind of interaction that sample members 
were used to had a major impact on response. 

Table 2	� Completion and response rates (AAPOR RR1) by mode by  
sample source

Mode Sample 
Source

Invited Showed up /  
Started

Completed Completion 
Rate

Response 
Rate

Live Video Total 5,783 291 286 98.3% 4.9%
WebPanel 5,500 80 76 95.0% 1.4%
ClinicalPanel 283 211 210 99.5% 74.2%

Prerecorded 
Video

Total 1,230 563 414 73.5% 33.7%

WebPanel 1,120 478 330 69.0% 29.5%

ClinicalPanel 110 85 84 98.8% 76.4%

Web Survey Total 552 445 422 94.8% 76.4%
WebPanel 445 379 356 93.9% 80.0%
ClinicalPanel 107 66 66 100% 61.7%

RQ3: Will sample members who are primarily familiar with text-based web 
surveys complete a text-based web survey at a higher rate (i.e., break off less 
often) than they would complete a prerecorded video interview?
For sample members who were familiar with text-based web surveys (WebPanel 
members), most who started the web survey completed it (93.9%), while far 
fewer of those who started a prerecorded video interview completed it (69.0%). 
Despite prerecorded video being similar in many ways to a conventional text-
based web survey, these respondents clearly experienced the two modes differ-
ently. We cannot disentangle whether it was the presence of the video-recorded 
interviewer, including their voice, the implementation of the mode (e.g., it was 
not possible to respond until the video recording had finished playing), or an 
interaction of the two that led to the relatively low completion rate for these sam-
ple members, but clearly they were less willing to persevere in completing this 
type of web survey, i.e., with an embedded recording of an interviewer asking 
questions, than a conventional text-based web survey. This phenomenon is even 
more evident when looking at response rates (80.0% vs. 29.5%, AAPOR RR1).

RQ4: What is the pattern of breakoffs across the questionnaire when (a) a live 
interviewer asks the questions, (b) a prerecorded interviewer asks the ques-
tions, and (c) there is no interviewer (i.e., a textual web survey)?
There were very few breakoffs in live video interviews. The five sample mem-
bers who started but did not finish the interview in this mode (see Table 3, row 
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1) broke off at different points, i.e., it does not seem that landing in a live video 
interview by itself led them to abandon the interview, nor was there one ques-
tion that seemed to lead them to break off (see Figure 4), but the main point is 
that breakoffs were of negligible frequency for live video interviews.

Conversely, breakoffs were very frequent in prerecorded video: more than 
a quarter of respondents broke off (see Table 3, row 2). In a logistic regression 
model9 breakoffs are 7.24 times more likely than in the web survey (Table 4). 
Breakoffs occurred on almost every question (see Figure 4). The breakoffs in this 
mode were driven largely by the sample of WebPanel members (see Table 2).

Table 3	 Breakoffs across the three modes, sample source, and device

Breakoffs Proportion 

Mode Live Video (291) 5 0.02
Prerecorded Video (563) 149 0.26
Web Survey (445) 23 0.05

Sample Source WebPanel (937) 175 0.19
ClinicalPanel (362) 2 0.01

Device Mobile (646) 122 0.19
Computer (651) 55 0.08

Table 4	 Breakoff predicted by mode, device, and sample source

Term Estimate Standard 
error

Odds 
ratio

Statistic p 

(intercept) −6.35 0.76 < 0.01 −8.35 < .01 
Mode: Live Video (ref=Web) 0.12 0.52 1.13 0.23 .82
Mode: Prerecorded Video 
(ref=Web)

1.98 0.24 7.24 8.32 < .01 

Sample Source: WebPanel 3.16 0.73 23.57 4.35 < .01 
Device: Mobile 0.65 0.19 1.92 3.49  < .01

9	 Implemented in the glm() function in R. The model predicts breakoffs based on mode 
(Live Video, Prerecorded Video, or Web Survey), sample source (WebPanel or Clinical-
Panel), and device (mobile or computer).



36� methods, data, analyses | Vol. 20(1), 2026, pp. 21-45 

Figure 4	� Proportion of respondents (i.e., sample members who started the 
questionnaire) remaining at each question in each mode. Each point 
represents one or more breakoffs; the proportion of respondents 
remaining at each question is represented on the Y-axis; individual 
questions are represented on the X-axis.

Similar to live video, web survey respondents did not break off in high num-
bers. The 23 respondents who did break off did so on different questions. All of 
the 23 respondents who broke off were from the WebPanel. We attribute these 
outcomes to the ubiquity of web surveys in general and most sample members’ 
familiarity with the mode. A textual web survey was apparently far more appeal-
ing – and presumably less surprising – to the WebPanel sample than was a web 
survey in which a video-recorded interviewer was embedded. 

Finally, the vast majority of breakoffs across all modes involved respondents 
from the WebPanel (see Sample Source rows in Table 3): these respondents were 
24 times more likely to break off than were respondents from the ClinicalPanel 
(Odds Ratio, Table 4). This difference is almost surely driven by breakoffs in pre-
recorded video: 148 of the 149 breakoffs were from the WebPanel, whereas the 
breakoffs in the other modes were lower in the two sample sources: in live video, 
there were only five breakoffs (four of which were from the WebPanel), and in 
the web survey, there were only 23 breakoffs (100% of which were from the Web-
Panel).
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RQ5: How do breakoffs compare between mobile devices versus computers for 
(a) live video interviews, (b) prerecorded video interviews, and (c) conventional 
text-based web surveys? 
Breakoffs were higher for respondents using mobile devices (19%) than comput-
ers (8%) as shown in Table 3, and this is highly significant in the logistic regres-
sion model (bottom row of Table 4). The effect of the device was almost entirely 
evident in the two self-administered modes: mobile users accounted for 65.2% 
of the breakoffs in web surveys and 71.5% of the breakoffs in prerecorded video 
(there were too few breakoffs to analyze in live video interviews).

The higher breakoff rate for mobile devices in prerecorded video than web 
surveys is likely due to the smaller screens on mobile devices than comput-
ers, even though wider-than-usual response buttons were implemented in the 
mobile user interfaces for web and prerecorded video. Breakoffs on mobile 
devices were even higher in prerecorded video than the web survey, which we 
attribute to implementation: due to a constraint of the interviewing software at 
the time, videos on mobile devices did not autoplay, requiring respondents to 
tap/touch “Play” to start the video; each additional action may well have pushed 
them to break off (Conrad et al. 2006; Gray & Fu, 2004).

Discussion 
The current study provides initial evidence about the challenges researchers 
face promoting participation in both live and prerecorded video interviews. 
Because nonparticipation takes different forms in both video modes, minimiz-
ing it will require different strategies for the two modes. 

As we proposed, participating in a live video interview requires sample mem-
bers to overcome multiple obstacles and opportunities to drop off: they need to 
schedule an interview, show up at the appointed time and start the interview, and 
they need to complete the interview once they start it. 

Scheduling a live video interview. In the current study, 10% of invited sample 
members scheduled an appointment on average, but the scheduling rate dif-
fered substantially between sample sources, with 100% of the invited Clinical-
Panel members scheduling an appointment! In contrast, only 5.6% of the invited 
WebPanel members scheduled an appointment. This difference in scheduling 
rate likely reflects differences in the sample’s familiarity with and tolerance for 
scheduling an interview appointment, i.e., those whose research experience 
involves participating when they choose, prefer not to schedule. This might sug-
gest that live video interviewing is well suited for studies where the same person 
is interviewed multiple times. The initial survey can be done in person, with 
the interviewer helping to schedule follow-up video interviews if they are in the 
not-too-distant future. Moreover, because the interviewer can collect the sample 
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member’s contact information, including email, in that initial visit, a sample 
member could be invited to schedule a video interview closer to the next data 
collection, or be reminded via email about any previously scheduled appoint-
ment. In addition, by virtue of their familiarity with and trust in the survey orga-
nization established over multiple interviews, respondents may be more open to 
use an interviewing mode with which they have no prior experience. 

While there could be many reasons that sample members do not schedule a 
live video interview when they are invited to, one reason might be that they sim-
ply are not sufficiently motivated to do so. This might be addressed by incentiviz-
ing (e.g., paying) them to both schedule and show up for the interview as well as 
to complete it. If reluctance to schedule an interview is related to concerns about 
privacy (as suggested in Schober et al., 2023), recruitment could benefit from 
informing respondents what measures have been taken to protect their data and 
maintain confidentiality. Similarly, scheduling rates may be low because mem-
bers of the public lack trust in science, government, or technology, and video 
communication – especially for collecting survey data – may exacerbate this 
lack of trust. Building a relationship with the sample member, as in a longitudi-
nal panel study, seems likely to help reassure sample members’ responses and 
identities are secure.

Showing up for a scheduled live video interview. Once the sample members 
scheduled an interview, the percentage who showed up at the appointed time 
was a fraction of those who were scheduled to participate. Similarly, Guggen-
heim et al. (2026) reported that in a pilot study of live video interviewing only 
about half showed up for the scheduled interview. So far, the evidence suggests 
that there can be substantial loss of cases because sample members do not 
honor their appointment. It is unclear if the rate of scheduling and honoring 
an appointment for a live video interview is better or worse than in phone or in-
person interviews, but it is essential in live video interviews in way that it’s not 
for phone on in-person interviews. Showing up in live-video involves honoring 
a commitment to show up at a certain time; showing up in a prerecorded video 
interview or web survey is a matter of clicking when it is convenient.

This raises the question of how researchers can increase the show rate in live 
video interviews. Among the possible approaches to reducing no-shows in this 
mode are:

	� Remind sample members about the upcoming appointment. If an in-person 
interview was conducted initially, the interviewer can leave an appointment 
card. In addition, the organization can vary the modes10 in which they remind 
the sample member about the upcoming appointment. 

10	 Email and text message reminders can include a calendar invitation.
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	� Require eCheck-in to confirm an appointment. Asking sample members 
to confirm their appointment may increase their commitment to the study, 
analogous to asking respondents to commit to answer questions conscien-
tiously (e.g., Cannell et al., 1981; Cibelli et al., 2020). This approach is widely 
used for self-scheduling in domains from medical appointments to restaurant 
reservations.

	� Make it as easy as possible to join. Ideally, respondents will be able to join the 
scheduled interview with a single click in a browser, i.e., without it being nec-
essary to download an app. For comparability across respondents, the video 
platform should perform similarly across operating systems and devices, 
which should in turn lead to easier procedures for joining.

We note that none of these are likely to be a panacea. Confirmation of appoint-
ments and ease of joining were implemented to a certain degree in this study, 
and no-show rates were nonetheless high. It is possible that no-show rates would 
have been higher had we not implemented these measures, but without an 
experimental comparison we cannot say for sure.

Failure to show up for a live video interview at the appointed time can create 
monetary costs that are not at issue in other modes: live video interviewers will 
likely be paid to wait for a respondent who does not show up on time and ulti-
mately does not start the interview. Depending on the protocol, e.g., requiring 
interviewers to wait 10 minutes before reclassifying the case as a no-show, the 
cost of these unproductive intervals can add up. Costs could be defrayed if inter-
viewers are given other low-priority tasks to carry out while waiting that could 
be terminated if a respondent joins the video session, but any waiting is costly. 
One way to reduce interviewer waiting due to no-shows is to intentionally over-
book appointments, much as airlines overbook flights (see Zacharias & Pinedo, 
2014 for an example of overbooking medical appointments to reduce costs).

Completing a live video interview. Almost all respondents (98%) who started 
a Live Video interview completed the interview. This high level of completion 
could be a selection effect, i.e., the requirements of scheduling and showing up 
for a scheduled interview could have filtered out sample members at higher risk 
of breaking off11 had they started the live video interview. Alternatively, it could 
be a function of the interviewer’s social presence, i.e., just as terminating an 
in-person interview midstream is something most respondents would consider 

11	 Partial completion (breakoffs) and unit nonresponse in interviews may similarly be af-
fected by burden (Bradburn, 1978). One subgroup that is at an increased risk of unit nonre-
sponse and, by extension breakoff, is sample members with the lowest levels of education 
(Spitzer, 2020). Those with the lowest levels of education (High School or less) were under-
represented in our sample (see Conrad et al., 2023), so it is possible that had they been 
represented more accurately, breakoffs in live video interviews could have been higher. 
However, the hurdles required to start a live video interview may well have filtered out 
members of this group, irrespective of its size, before they could start the interview. 
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rude, live video respondents could be similarly reluctant to break off. Or it could 
be some combination of selection and interviewer presence. We cannot deter-
mine this based on the data available in the current study, but if the high rate 
of completion is due at least in part to interviewer presence (and not selection), 
increasing the rate of scheduling interviews and showing up for scheduled inter-
views as just described should also increase the proportion of invited sample 
members who ultimately complete the interview (AAPOR RR1). 

Note that as live video interviewing is used more, researchers will need to 
develop standard definitions of participation metrics, e.g., scheduling rates 
and show-up rates. This may become particularly tricky in mixed-mode studies 
since live-video relies heavily on scheduling and thus presents multiple oppor-
tunities for nonresponse i.e., for sample members to drop off, which is not usu-
ally the case in other modes, complicating how participation is quantified across 
modes. Moreover, if a sample member shows up at the appointed time, but only 
to reschedule, or is unable to start due to technical problems, it is hard to know 
how these scenarios should be classified with current participation metrics.

Completing a prerecorded video interview. Breakoffs were higher in prere-
corded video than either live video interviews or the conventional text-based 
web survey. One likely reason for this concerns the extent to which the features 
of this mode are consistent with respondents’ mode preferences, which seem 
likely to differ depending on how they communicate every day, their comfort 
with and trust in technology, how well the particular implementation of the 
mode comports with their expectations, etc. In the current study, we attribute 
the higher breakoff rate among the WebPanel than ClinicalPanel members to 
the former’s preference for a text-only experience. Moreover, our implementa-
tion required them to play the entire video before being able to register their 
answer and, on mobile devices, to press a button to play each video. Conversely, 
Strojil and Cígler, 2025, report lower breakoff rates in prerecorded video than in 
a textual web survey, presumably because they implemented the former mode 
so that respondents could answer while the video was playing, and the video 
auto-played on all devices.

To increase completion in prerecorded video interviews, we propose: 

	� Explicitly alert sample members in the invitation that the questionnaire will 
be administered by a recorded human interviewer, producing speech and 
visual activity. This may deter some sample members from starting but could 
be preferable to a high breakoff rate as the nature of the interview experience 
becomes clear to respondents; instead, upfront clarity about the features of 
the mode should help assure that sample members start the interview with 
appropriate expectations, increasing the chances they will complete it. If the 
goal is to reach a sample size target rather than maximizing the response rate, 
researchers can issue as many invitations as are needed to reach the target 
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without incurring monetary costs – at least in a panel such as the WebPanel 
used in the current study.

	� Allow respondents in a prerecorded video interview to submit a response 
before the video has finished playing. In the current study respondents could 
not answer the question while the video was playing to promote comparabil-
ity with the administration of the live video interview in which the standard-
ized interviewers were trained to read the questions entirely before accepting 
a response. That constraint is unlikely to be present in production surveys 
using prerecorded video interviews.

	� Present question text, including response options, along with the video. Since 
some sample members will read faster than the recorded interviewer speaks, 
textual redundancy with the video recording will allow them to respond as 
soon as they have come up with the answer. However, this approach may 
undermine the data quality benefits of prerecorded video interviews (Conrad 
et al., 2023).

	� Allow the video recording to autoplay on all devices. This was not possible on 
mobile devices when the mode was implemented, at least using the platform 
we used, and seemed to be a deterrent to completion: breakoffs were more 
than twice as high for respondents on mobile than desktop devices. Clearly, 
auto-playing video recordings on mobile devices is now possible, as evidenced 
by the Strojil and Cígler (2025) study.

	� Prepare the respondent for a prerecorded video interview. The amount of 
control over the video afforded to respondents should be made clear prior 
to the start of the interview. This includes whether the video will autoplay, 
whether respondents can adjust the rate at which the video plays, and whether 
they can replay, pause, or stop the video.

The current study was based on data derived from an experiment that was 
designed to investigate the effects of three modes, i.e., a live video interview, 
a prerecorded video interview, and a textual web survey, on response quality. 
Thus, it was not designed to examine participation across the three modes. 
Nonetheless, the effects of the three modes on participation were undeniable, 
despite our repurposing the data. Further, the two non-probability sample 
sources were something of a double-edged sword. On the one hand, the very dif-
ferent participation behavior between the two sample sources complicates the 
mode comparison. On the other hand, this created a natural experiment allow-
ing us to compare the effects of respondent familiarity with a mode, and likely 
expectations about their subsequent experience.

Online panels, both non-probability and probability, are potentially well-
suited for live video interviews, as members of both types of samples can be 
easily invited, in contrast to members of the public whose email addresses are 
generally unknown to researchers. Exploring the extent to which the results 
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reported here generalize to other online sample sources is an important next 
step, especially following the explosive growth in two-way video communica-
tion during the pandemic, just after the current data were collected. 

Our implementation of prerecorded video interviews was constrained in many 
ways and probably less optimal than we would have liked. Some version of this 
approach may become relatively common. For example, Spiegelman and Con-
rad (2025) found that audio presentation of definitions in a web survey improved 
response quality relative to text only, and both audio and text led to even higher 
quality results. Similarly, as LLM-powered chatbots and avatars become more 
common, it is likely they will be incorporated into survey data collection. Thus, 
members of different kinds of panels may accept the successors of prerecorded 
video interviews to a greater extent than was generally the case when the cur-
rent data were collected. 

It seems likely that neither live nor prerecorded video interviews are ideal 
as stand-alone survey modes. Instead, they seem likely to be most helpful to 
researchers when they are implemented within a suite of modes from which 
sample members can choose the mode in which they participate. Video may not 
be for everyone, but for some it might be just right. 
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Abstract
Live video interviewing is an attractive mode for survey research because it has the po-
tential to supplement or, someday, even replace in-person interviewing at a reduced cost 
and without sacrificing data quality. The reasons for this optimism are several: live vid-
eo interviewing maintains some of the desirable elements of in-person interviews, such 
as visual cues and rapport from the interaction between respondents and interviewers, 
while potentially conferring additional advantages, such as access to respondents liv-
ing in remote locations. However, previous evidence and experience suggest respon-
dents are reluctant to be interviewed via video, and that reluctance is non-ignorable. 
This paper explores these recruitment and non-response challenges, informed by the 
experience of two tests conducted by the American National Election Studies (ANES). 
The first study is the ANES 2020 Time Series Study, where respondents were randomly 
assigned to three sequential mode conditions, one of which included live video inter-
viewing as the initial mode. The second study is the ANES 2023 Video Interviewing Pre-
test, in which respondents were recruited to an in-person interview with a one-month 
follow-up conducted by video. Respondents to the 2020 ANES video mode were more 
educated relative to benchmarks and more likely to be Democrats than the rest of the 
sample. Both qualitative and quantitative data suggest video non-response is heavily re-
lated to discomfort with technology, lack of skills, and distrust or dislike of video, and 
lack of access to equipment. Finally, offering prepaid incentives resulted in more video 
completions than postpaid incentives.

Keywords:	 live video interviewing, survey recruitment, representative samples, incentives, 
unit nonresponse
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While video communication has become increasingly common in domains such 
as videoconferencing and medical visits, its adoption has lagged in both aca-
demic and commercial opinion surveys. This is likely because it is a relatively 
new mode of communication for most members of the public. Survey research-
ers have long considered how the capabilities of live video might shape the sur-
vey interview, reflecting on its strengths and weaknesses relative to other inter-
viewer-administered modes (e.g., Anderson, 2008; Jeannis et al., 2013). However, 
the mode was not widely studied before the COVID-19 pandemic made its use 
imperative. The pandemic both accelerated the adoption of video communica-
tion among the public and convinced some survey organizations to deploy live 
video alternatives for in-person interviews.

Live video interviewing involves the use of real-time, two-way communica-
tion between the interviewer and respondent, facilitated by online platforms 
such as Zoom or Webex. Live video interviews hold particular appeal as a substi-
tute for in-person interviews, given the increasing cost and logistical challenge 
of in-person approaches. Often considered the gold standard for surveys, in-
person interviews are now prohibitively expensive for most research (Schober, 
2018). Live video interviewing could preserve many advantages of in-person 
interviews, including the direct interaction between the interviewer and respon-
dent, while also reducing travel and logistical complexity. Despite this promise, 
however, we currently know little about the data quality of this mode in large-
scale surveys, and we are only beginning to understand its practical challenges 
(Schober et al., 2020). 

This paper focuses on the recruitment of respondents into live video inter-
views—which has been difficult in both small and large-scale study designs (e.g., 
Bearfield & Smith, 2021; Conrad et al., 2023)—using data from the American 
National Election Studies (ANES). The ANES incorporated live video interview-
ing into its 2020 election study to compensate for the loss of in-person interviews 
during the COVID-19 pandemic. At the time, sending interviewers door-to-door 
for traditional in-person interviews was impossible, so ANES eliminated these 
interviews and attempted to shift some to video. Respondents also completed 
the survey online and by phone. Although the proportion of completed video 
interviews was low, the data helped inform a follow-up test conducted in 2023. 
This second study assessed a procedure where respondents initially completed 
in-person interviews with follow-up interviews completed by live video after a 
one-month break. 

In the paper, we will: (a) review the current literature and discuss how fea-
tures of live video may affect recruiting respondents into video interviews, (b) 
discuss the design and implementation of the studies, (c) examine the represen-
tativeness of the video components of the studies and examine potential under-
lying reasons for unit nonresponse, (d) review the results of efforts designed to 
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increase response rates, and (e) consider how video might best be incorporated 
into surveys in the future.

Background and Literature Review

Live video interviewing has often been compared with in-person interviews 
(Anderson, 2008; Endres et al., 2023) and web-based surveys (Conrad et al., 2023; 
Endres et al., 2023). This is because the technical features of video platforms 
overlap with—and even rely on—those modes. They therefore share some of their 
advantages and disadvantages, while also having strengths and weaknesses of 
their own. Shared advantages of in-person and video stem from the face-to-face 
nature of the interview experience, especially the inclusion of an interviewer. 
Video interviewers seem to develop similar levels of rapport with respondents 
relative to in-person modes (Sun et al., 2021). This may boost data quality com-
pared to non-interviewer modes, although interviewer effects are possible (West 
et al., 2022). In lab studies comparing in-person and video (Sun et al., 2021), web 
and video (Conrad et al., 2023), or in-person, web, and video (Endres et al., 2023), 
data quality via video appears similar to other interviewer-administered modes. 
For example, relative to web, the advantages of video include less satisficing—
that is, more response differentiation and reduced straightlining—(Conrad et al., 
2023; Endres et al., 2023), longer, more effortful responses to open-ended ques-
tions (Endres et al., 2023), and fewer breakoffs (Hupp et al., 2026). Overall, to 
date, the quality of data from live video interviews is high and similar to that of 
in-person interviews.

Live video interviewing also shares advantages with web-based surveys. 
Because it eliminates interviewer travel, live video could extend survey access 
to respondents in remote locations who could be missed by in-person designs 
(Hupp et al., 2026). On the downside, video interviews generally require sched-
uled appointments or on-demand access to interviewers, restricting some of 
the respondents’ ability to be flexible with timing. However, live video allows 
participation from various locations and devices. Nevertheless, just as with in 
person interviews, some benefits of web surveys—quick turnaround times, large 
samples (Couper, 2000), less rounding of numerical answers (Conrad et al., 2023; 
Liu & Wang, 2015), or fewer socially desirable responses (Conrad et al., 2023; 
Endres et al., 2023; Heerwegh, 2007; Kreuter et al., 2008)—may be missing from 
live video. 

One potential drawback of live video is the possibility of exacerbating unit 
nonresponse compared to online modes. Although most American adults use 
the internet, some demographic groups, such as older people and those with 
lower income and less education, are less likely to use or have access to the web 
(Pew Research Center, 2024). Video interviews obviously require a high-speed 
internet connection but also the necessary equipment, including a camera, 
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microphone, and speakers (Schober et al., 2020). User abilities and skills also 
vary meaningfully, especially among older or less educated respondents. Even 
those with access to video technology may not feel confident setting it up, using 
it, or troubleshooting problems (Pew Research Center, 2021). The Pew Research 
Center (2021) found that while video communication was widespread during the 
pandemic, 19% of adults had not used video, and this gap was especially pro-
nounced among those over 65 and with a high school education or less. Thus, 
both skills and access issues could explain why some groups rarely participate 
in video interviews.

Technological features of video may have a distinct impact on nonresponse 
relative to in-person interviews. In video interactions, participants view each 
other on screen. Differences in screen dimensions and settings cause face size 
to vary, and respondents may sit closer to the screen than to an interviewer in an 
in-person interview. The field of view is confined, and the presence of the cam-
era may remind users that they are being watched (Shockley et al., 2021). Like-
wise, seeing one’s own image via self-view could trigger self-focusing, an effect 
similar to the presence of a mirror (Bailenson, 2021; Fauville et al., 2023; but 
see Feuer & Schober, 2026). During the pandemic, both researchers (Bailenson, 
2021) and the media (e.g., Fosslien & Duffy, 2020; Sklar, 2020) discussed the 
concept of “videoconference fatigue,” with at least one study documenting its 
existence (Shockley et al., 2021). Research also found that individuals’ attitudes 
toward live video in general are predictive of their willingness to participate in 
video interviews (Schober et al., 2023). For some, video could feel uncomfortable 
or require additional effort compared to an in-person interaction, and past expo-
sure to video could shape their view of the technology, reducing willingness to 
participate in a video interview.

Distrust may also predict willingness to respond to video interviews. Although 
trust is important in survey response across modes (Dillman et al., 2014), security 
and privacy concerns specific to video—such as camera use and ease of record-
ing—may change expectations of the privacy of the interview. Perceptions about 
online safety and privacy in general could also influence nonresponse; as more 
people are exposed to identity theft (Federal Trade Commission, 2024), computer 
viruses, and security breaches, individuals may be growing more skeptical of 
survey requests (Dillman, 2020). Such negative experiences are linked to dis-
trust (Blank & Lutz, 2016; Dutton & Shepherd, 2006), although the relationship 
between online trust and internet use is less straightforward (e.g., Barth & de 
Jong, 2017; Blank & Lutz, 2016). Nevertheless, privacy and security concerns 
have sometimes been associated with engaging in privacy-protective behaviors 
(e.g., Baruh et al., 2017), such as limiting online use (Pew Research Center, 2000a, 
2000b) or avoiding purchases and financial transactions (National Telecommu-
nications and Information Administration, 2016), which could extend to the use 
of video communication.
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Additional recruitment and unit nonresponse challenges may stem from the 
lack of an in-person interviewer to overcome respondents’ reluctance to partici-
pate. Interviewers can play an important role in recruitment because they are 
able to address respondent concerns (Groves & Couper, 1996; Groves et al., 2004; 
West & Blom, 2016). More generally, the presence of the interviewer is thought 
to increase response rates (de Leeuw, 1992). Although recruitment methods for 
video can vary, respondents must be recruited by a mode other than video at 
present1 since there are no video sampling frames. Given these challenges, it 
is not surprising to find low response rates for live video. For example, Conrad 
and colleagues (Conrad et al., 2023) found that address-based sampling achieved 
such low response rates—less than 1%—that they switched to opt-in sources. In 
general, prior experience suggests that recruitment to video may be easier when 
respondents are recruited via interviewer-led methods (Hanson et al., 2026) or 
are recruited as part of a longitudinal design (Wood et al., 2020). 

Low response rates are a challenge to high-quality surveys because recruit-
ment into a study can be costly and because low response rates (along with the 
systematic nonresponse to surveys among some groups) could lead to nonre-
sponse bias. There has long been concern about declining response rates (de 
Leeuw & de Heer, 2002; Luiten et al., 2020), which necessitate greater fieldwork 
effort (Williams & Brick, 2018). Increased incentives, contacts with respondents, 
reminders, and other methods of increasing response rates are labor-inten-
sive and costly. If respondents are reluctant to participate in video interviews, 
recruitment costs could make video prohibitively expensive or erode savings 
gained by eliminating travel for the interviewers. Also, although low response 
rates on their own do not necessarily increase nonresponse bias (e.g., Curtin 
et al., 2000; Groves, 2006; Groves & Peytcheva, 2008; Keeter et al., 2000), survey 
nonresponse can lead to bias when it is associated with the outcomes of interest 
(Groves, 1989). Perhaps more relevantly, differential nonresponse due to mode is 
a potential source of nonresponse bias (Groves & Peytcheva, 2008). If nonrespon-
dents to video interviews differ from respondents in systematic ways related to 
the survey questions and topic, bias would surely grow. Nonresponse issues for 
video might be exacerbated for panel studies, where participants might drop out 
from subsequent waves because they cannot be contacted, they are unable to 
participate, or they refuse. Similar to nonresponse at the outset, panel attrition 
can lower sample size and potentially contribute to bias. Research is slim on 
attrition in video, but one study found that those who remained in video mode 
when given the option were younger, more educated, and married compared to 
those who opted to switch away from video in a subsequent wave of a panel study 
(Arrue et al., 2023).

1	 We acknowledge that it may be possible to build a frame of iPhone mobile numbers and 
use Facetime to complete the video interview.
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Research Questions

Based on the state of the literature reviewed above, we were interested in the fol-
lowing five research questions:

RQ1: How do response rates to video compare to other modes? 

RQ2: �How do respondent demographic characteristics differ in video from population 
benchmarks, and how do they compare to web and in-person interviews?

RQ3: Which respondents are most likely to drop out of panel studies using video?

RQ4: What sorts of strategies might help decrease nonresponse to video?

RQ5: What factors are associated with nonresponse for video interview requests? 

Design and Implementation of the Studies
The ANES 2020 Time Series Study

The 2020 ANES is a two-wave panel consisting of pre- and post-election interview 
waves conducted among U.S. citizens ages 18 and over (American National Elec-
tion Studies, 2022). The main study consisted of a freshly drawn cross-section 
from an address-based sampling (ABS) frame in all 50 states and D.C.2 House-
holds received invitation letters by mail and were invited to complete a survey 
online. The survey began with a screener that randomly selected a household 
member and assigned them to one of three conditions: web-only, web-mixed, 
and video-mixed, as shown in Figure 1 below. In the web-only condition, 
respondents completed the pre- and post-election questionnaires online. The 
remaining two groups followed a sequential mode ordering; in the web-mixed 
condition, respondents were asked to complete a questionnaire online, with 
nonrespondents subsequently pushed to phone. In the video-mixed condition, 
respondents received a request to complete the survey via live video interview, 
and nonrespondents were pushed first to the web and finally to the phone if they 
did not respond. All respondents completed the post-election interview in the 
same mode as their pre-election interview. Pre-election interviews took place 
between August 18 and November 3, 2020, and the post-election survey was con-
ducted between November 8 and January 4, 2021. Median administration times 
were 71 minutes for the pre-election and 78 minutes for the post-election survey. 

2	 Two additional sample groups in the study, which were administered at the same time 
as the cross-sectional sample, consisted of reinterviews with 2016 ANES respondents to 
create a panel and interviews with General Social Survey (GSS) respondents. These two 
groups are excluded from the discussion since the focus of this paper is on the fresh cross-
sectional sample recruited in 2020. 
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Incentives were used in both pre- and post-election surveys, ranging from $40 
to $200 with non-response escalations.3 Figure 1 shows the ANES 2020 design, 
along with the mode information.

Pre-Election Survey

 

 

Mail Invitation Web Screener

Web-only (same mode)

Web Mixed: 
Web>Phone

(same mode)

Video Mixed: 
Video>Web>Phone (same mode)

Post-Election Survey

Figure 1 	 ANES 2020 Sample Design with Mode Information

To administer the video interviews and recruit respondents using this mode, the 
study relied primarily on inbound contacts, in a method combining mostly on-
demand interviews with some appointment setting (DeBell et al., 2022). After 
completing the screener, the selected respondent was redirected to a virtual 
waiting room (or received a follow-up email directing them there if they were 
not currently available) that provided information about the video interview pro-
cess, the equipment needed, the Zoom video software, and, most importantly, 
a Zoom link if an interviewer was available. The waiting room also described 
current interviewer availability in terms of expected wait time (if any), allowed 
respondents to set appointments, or gave respondents the opportunity to speak 
with someone on a live help desk by chat, phone, or email. More information on 
the interview setup is in Appendix A.

Respondents who scheduled an appointment were emailed a confirmation 
of the appointment date/time and a reminder on the morning of the interview. 
During the field period, it became clear that more reminders were necessary 
to reduce the rate of missed appointments, which was 65%. A new protocol was 
established that added a text reminder 30 minutes before the appointment, five 
minutes after the scheduled time if the respondent had not connected by then, 
and a missed appointment email 30-60 minutes after the appointment time if the 
respondent failed to connect, respond, or reschedule with any of the previous 
contacts.

3	 More information about the study design and administration can be found in the Meth-
odology Report for the ANES 2020 Time Series Study (DeBell et al., 2022) or the User Guide 
(ANES, 2022).
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The ANES 2023 Video Interviewing Pretest

The 2023 Pretest is a two-wave panel study where respondents completed inter-
views in person followed by a live video interview four weeks later. Figure 2 
shows the design of the pretest, where households first received recruitment let-
ters by mail, followed by an in-person interview visit. Those completing the first 
interview in person were asked if they wanted to participate in a second inter-
view, one month later, via video. Respondents who agreed provided their email 
and phone number and scheduled an appointment. For those who scheduled 
an appointment and were able to be reached, a follow-up interview took place 
over Zoom. At the end of the interview, interviewers copied a link into the chat 
and asked respondents to fill out a few final questions about the interview. The 
reminder protocol included email or text messages around 24 hours before the 
appointment and on the day of the appointment.

Mail Invitation
In-person 
Interview

Video Interview Self-completion 
follow-up

Figure 2 	 ANES 2023 Pretest Design with Mode Information

The pretest used a three-stage sample design. First, nine geographical areas 
were strategically identified in different parts of the country near the location 
of twelve experienced interviewers and covered locations that were rural, sub-
urban, and urban. In five areas, the Republican candidate won a majority or plu-
rality of votes in the 2020 presidential election, while the Democratic candidate 
won in the other four. In the second stage, a probability sample of addresses was 
selected from an address-based sampling frame. In the final stage, a respondent 
within the household was interviewed based on their availability and willing-
ness to participate. Data collection took place between September 7 and Novem-
ber 27, 2023.

Two procedures were employed to encourage respondents to set appoint-
ments and complete the video interview: a prepaid-postpaid incentive experi-
ment and an offer to run a connection test with respondents—that is, an offer to 
show respondents during the in-person interview how to connect to Zoom for the 
follow-up interview. Studies show prepaid incentives tend to be more effective 
than postpaid incentives at increasing response rates (Singer et al., 1999), but it 
is not known whether this extends to video. Respondents to the in-person wave 
were randomly assigned to receive either a prepaid or postpaid incentive, both 
for $25. At the end of the in-person wave, respondents were told that an inter-
viewer wanted to complete a video interview with them in a few weeks. They 
were either told that if they agreed to participate, they would receive the cash 
right now (i.e., prepaid) or would receive the cash after completing the inter-
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view (i.e., postpaid). The connection test was also offered at that point. Then the 
respondent either agreed or declined the video invitation. Interviewers recorded 
the incentive, whether (and how successfully) the respondent participated in the 
connection test, and listed an appointment time if the respondent made one. In 
12 cases, there was a discrepancy between the assigned experimental group and 
the interviewer record of the incentive in the questionnaire. We used actual pay-
ment records to resolve the discrepancies for those cases, except for one case 
that could not be resolved and was dropped. Exact wording for the experiment 
can be found in Appendix B.

In both the 2020 study and 2023 pretest, non-cooperative cases were asked by 
interviewers why they did not want to participate via video. In the ANES 2020, 
non-cooperative cases were asked during an intervention that was designed to 
increase response rates, while in the pretest, respondents were asked as a fol-
low-up immediately after they declined the request to participate by video.

Methods
RQ1 focuses on response rates, and is answered by calculating the response 
rates from ANES 2020 using AAPOR RR1 (American Association of Public Opin-
ion Research, 2023) and the reinterview rates, including the reinterview rate for 
the 2023 ANES Video Pretest. Differences between response rates were calcu-
lated using chi-squared tests. For RQ2, ANES responses were recoded for ease 
of interpretation or to match the Current Population Survey’s (CPS) November 
2020 Supplement, and then video respondents were compared to respondents 
in other modes and benchmarks using chi-squared tests and differences in per-
centage points. RQ3, about panel attrition, is answered using the same method, 
except comparing the respondent distributions at two time points for both stud-
ies. Strategies to help decrease nonresponse (RQ4) are investigated by looking 
at missed appointment rates, analyzing the results of an incentive experiment 
using chi-squared tests, assessing the results of a connection test, and exam-
ining the frequencies of respondent concerns with video. Finally, to examine 
differential nonresponse (RQ5) a logistic regression was estimated predicting 
video completion relative to completion through other modes in the video-mixed 
group from the 2020 study, and the differences in respondent attitudes towards 
video and technology between those who responded in person (Wave 1) and by 
video (Wave 2) were examined using chi-squared tests. All analyses were com-
pleted using Stata MP version 18.0. 
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Results
Response and Reinterview Rates (RQ1)

Table 1 below shows the response and reinterview rates from the 2020 ANES 
by each of the three sequential mixed-mode groups to which respondents were 
assigned. Response and reinterview rates from the ANES 2016 Time Series Study 
are also shown, broken out by mode, to serve as a comparison. For the full 2020 
study, the response rate (AAPOR RR1) was 36.7%, while the video-mixed condi-
tion had a 27.6% response rate, the lowest of all groups (it also had the lowest 
re-interview rate).4 All groups in the 2020 study had a slightly lower response 
rate than in 2016, which is unsurprising as the general trend is toward declining 
response rates. However, the response rate for the 2016 in-person mode appears 
to be quite different from the video-mixed group, with an RR1 of 50.2% com-
pared with an RR1 for the video-mixed of 27.6%. Table 2 shows the contribution 
of interviews in each mode toward the response rate of the video-mixed condi-
tion in Table 1. Table 2 shows that only about half (i.e., 47.8%) of the respondents 
recruited into the video-mixed group completed the study using video interview-
ing. The rest were pushed to the web or phone. Moreover, despite the similar 
reinterview rates across groups in Table 1, Table 2 shows that, in fact, the rein-
terview rate is also lower for the video mode (76.3%) than the web (93.6%) in 
the mixed video condition5 and lower than the web-only (88.1%) and web-mixed 
groups (88.7%) in Table 1. 

Turning to the 2023 Pretest, there were 157 in-person completions from Wave 
1 and 48 video completions from Wave 2, a reinterview rate of 30.6%. It is impor-
tant to note that follow-up efforts were not comparable to standard ANES rein-
terviews that achieve much higher reinterview rates. This is in contrast to the 
2020 study’s mode experiment, where video-mixed efforts were comparable to 
web-only efforts. A total of 35 respondents (72.9% of the video respondents) fol-
lowed the link the interviewers placed in the chat, completing the online follow-
up questionnaire. 

4	 The response rates between the conditions are significantly different, χ2(2, N = 14,827) = 
124.83, p < .001, and a series of three pairwise comparisons with Bonferroni adjustments 
indicate that the video-mixed response rate is significantly lower than the web-only re-
sponse rate (χ2(1, N = 8,771) = 86.09, p < .001) and the web-mixed response rate (χ2(1, N = 
8,780) = 120.95, p < .001). The web-only and web-mixed groups are not significantly differ-
ent from each other.

5	 Within the video-mixed group, the reinterview rates by mode are significantly different, 
χ2(2, N = 751) = 39.16, p < .001. This is driven by web, which is significantly higher than the 
other two modes. A series of three pairwise comparisons with Bonferroni adjustments 
indicate that the web reinterview rate was significantly higher than video (χ2(1, N = 687) = 
39.20, p < .001) and phone (χ2(1, N = 392) = 6.25, p = .012), but the video to phone comparison 
was not significant.
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Table 1 	 Response and Reinterview Rates in ANES 2020 and 2016,  
Cross-Sectional Samples

Pre-Election Post-Election

N RR1 (%) N Reinterview (%)

2020 Fresh Cross-Sectional Sample 5,441 36.7 4,783 87.9
Web-only (Web) 2,283 37.8 2,012 88.1
Web-mixed (Web>Phone) 2,407 39.7 2,136 88.7
Video-mixed (Video>Web>Phone) 751 27.6 635 84.6

2016 Web 3,090 44.4 2,590 83.8
2016 Face-to-Face 1,180 50.2 1,058 89.7

Notes: Response rates are based on AAPOR Response Rate 1.  Reinterview rates are the per-
centage of respondents from the pre-election that completed the post-election study. Respon-
se rates are republished from the ANES Users Guides (ANES 2019, ANES 2022).

Table 2 	 Contribution of Each Mode to Video-Mixed Condition and 
Reinterview Rate for Each Mode in Video-Mixed (Video>Web>Phone) 
Condition, ANES 2020

Pre-Election Post-Election
Contribution Reinterview Rate

N % N %

Video 359 47.8 274 76.3
Web 328 43.7 307 93.6
Phone 64 8.5 54 84.4 

Total 751 100.0 635 84.6

Both studies’ response and reinterview rates indicate that recruiting respon-
dents into video interviews and maintaining their interest for further comple-
tions presents a challenge. Next, we examine the characteristics of the video 
cases relative to other modes and benchmarks.

Representativeness of Video by Demographic Subgroups in 
ANES 2020 (RQ2)

We compared demographic characteristics of the 2020 ANES video respondents 
with the population and to other modes using three sources: (a) respondents to 
the 2020 ANES who responded by a mode other than video, which combine all 
web and phone cases across the three study groups,6 (b) the U.S. adult citizen 

6	 Phone cases only make up 1.7% of the freshly sampled cross-sectional cases.
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population as measured by the Current Population Survey’s (CPS) November 
2020 Supplement (Flood et al., 2023); and (c) the in-person cases in the 2016 ANES 
(American National Election Studies, 2019). Unweighted results are provided 
for the ANES samples, whereas CPS data are weighted to adjust to the popula-
tion. The unweighted ANES results show the characteristics of the respondents 
who were recruited into video after contact attempts and incentives (more on 
this shortly). Note that for most purposes, researchers would use the weighted 
results, which attempt to minimize the difference between the sample and the 
population (DeBell et al., 2022). We use unweighted results because weights 
would adjust respondent characteristics to the population, thereby masking the 
differences between respondent demographics by mode.

Table 3 shows the demographic characteristics of the samples described 
above, focusing on age, education, income, sex, race/ethnicity, party identifica-
tion, home tenure, and urbanicity. The first column shows the CPS benchmarks, 
which are limited to adult citizens aged 18 and over for a more direct comparison 
to the ANES. The second column shows the unweighted in-person respondents 
to the 2016 ANES survey, which serves as a comparison despite the different con-
text and year. The third column shows the unweighted non-video (i.e., web and 
phone respondents across the groups) modes in the 2020 ANES. The distribution 
for the unweighted video cases is shown in the fourth column. The differences 
between the benchmarks and the unweighted distributions for the ANES 2020 
video mode are shown in the fifth column. These differences give us an indica-
tion of the representativeness of the video mode. Following Chang and Krosnick 
(2009), column 5 also shows the mean of the absolute values of the differences 
for each demographic distribution. The largest of these mean deviations from 
the benchmarks is education (M = 8.3 percentage points). Relative to the popula-
tion benchmark, video respondents were far more educated. This is especially 
notable for those in the highest education category; among those who responded 
via video, 25.8% had a graduate degree compared with only 12.4% of Americans 
(as measured by the CPS benchmark); this is a 13.4 percentage point difference. 
Though other differences were less striking, the video mode respondents were 
higher in income, more white, and less Hispanic. 

To better understand how the characteristics of respondents in the video mode 
might differ from other modes, the demographics of the video respondents can 
also be compared to the rest of the cross-sectional sample in 2020 in Table 3. 
Columns three and four show the unweighted distributions of the video respon-
dents (column 4) compared to the web and phone modes (column 3). These com-
parisons show significant differences between the mode groups for education, 
χ2(4, N = 5,343) = 20.84, p < .001; income, χ2(3, N = 5,230) = 17.72, p = .001; and party 
identification (χ2(6, N = 5,407) = 51.76, p < .001). Put simply, relative to the rest of 
the cross-sectional sample in 2020, the video respondents were more educated, 
had a higher income, and were more likely to be Democrats.
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Table 3 	 Comparisons of Respondent Characteristics Between CPS 
Benchmarks and ANES Modes (2016 In-person Mode; 2020 Web and 
Phone Modes; and 2020 Video Mode) (Unweighted)

Characteristic CPS Nov 2020
benchmarks

ANES 2016
In-Person

ANES 2020
Web and 

Phone Modes
(N = 5082)

ANES 2020
Video Mode

(N = 359)

ANES 2020
Video Differ-
ence (CPS-

ANES Video)

Percent Percent Percent Percent Percent

Age
18-29 20.3 16.7 14.2 14.6 5.7
30-39 16.5 17.3 17.5 17.7 −1.2
40-49 15.0 15.0 14.8 14.9 0.1
50-59 16.4 18.4 16.5 15.7 0.7
60-69 16.2 17.0 19.2 20.8 −4.6
70 or older 15.6 15.7 17.7 16.3 −0.7
Mean deviation 2.2

χ2 1.004

Education
Less than HS cred. 7.6 9.0 4.8 2.2 5.4
HS credential 29.2 22.0 16.6 13.8 15.4
Some college/ 
AA degree

28.5 33.1 35.0 28.9 −0.4

Bachelor‘s degree 22.4 22.6 24.7 29.2 −6.8
Graduate degree 12.4 13.3 18.9 25.8 −13.4
Mean deviation 8.3

χ2 20.843***

Income
Under $25,000 15.0 26.0 21.2 16.7 −1.7
$25,000-$49,999 21.6 23.3 18.9 12.7 8.9
$50,000-$99,999 32.1 30.4 28.2 35.9 −3.8
$100,000 or more 31.3 20.3 31.7 34.7 −3.4
Mean deviation 4.5

χ2 17.716***

Sex
Male 48.1 47.5 45.7 44.0 4.1
Female 51.9 52.5 54.3 56.0 −4.1

Mean deviation 4.1

 χ2 0.376
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Characteristic CPS Nov 2020
benchmarks

ANES 2016
In-Person

ANES 2020
Web and 

Phone Modes
(N = 5082)

ANES 2020
Video Mode

(N = 359)

ANES 2020
Video Differ-
ence (CPS-

ANES Video)

Percent Percent Percent Percent Percent

Race/Ethnicity
White, non-Hispanic 66.9 67.7 72.6 75.9 −9.0
Black, non-Hispanic 12.4 10.1 9.0 10.2 2.2
Hispanic 13.2 14.4 9.0 7.6 5.6
Other, non-Hispanic 7.5 7.8 9.4 6.2 1.3
Mean deviation 4.5

 χ2 5.269

Party ID 7-point
Strong Democrat – 18.9 22.8 29.7 –
Not strong  
Democrat

– 11.8 11.0 12.6 –

Lean Democrat – 15.0 12.1 17.6 –
Independent – 10.3 12.7 3.1 –
Lean Republican – 16.6 10.4 13.7 –
Not strong  
Republican 

– 11.3 10.1 8.7 –

Strong  
Republican 

– 16.0 20.8 14.6 –

Mean Deviation –

χ2 51.764***

Home Tenurea

Own 73.8 59.8 71.9 70.0 3.8
Rent/Other 26.2 40.2 28.1 30.0 −3.8
Mean deviation 3.8

χ2 0.279

Urbanicityb

Rural – – 15.2 11.8 –
Small town – – 25.1 21.0 –
Suburb – – 30.3 31.0 –
City – – 29.4 36.2 –
Mean deviation – –

χ2     7.804#  

Notes: The Pearson’s χ2 and significance levels in the table are for the compari-
son of the video respondents (column 4) compared to the web and phone modes 
(column 3). ANES data are unweighted. #p < .10; *p < .05; **p < .01; ***p < .001	  

Table 3 	 (continued)
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a �To compare to CPS benchmarks for home tenure, the ANES used a split half design where 
only half the sample was asked the CPS version of the question and the other half was asked 
an older ANES version of the home tenure item. In this table, the analysis is based on the CPS 
version of the question.

b Urbanicity is based on respondent self-report and not on geographical data.

Attrition Across Waves (RQ3)

Attrition Between the Pre- and Post-Election Survey in ANES 2020
To examine the nature of cases lost between pre- and post-election surveys, 
we next measure attrition in the video mode. Respondents who were initially 
interviewed by video were all invited to complete the post-election interview 
by video after the election. Recall from the reinterview rates in Table 2 that the 
video-mixed condition in 2020 had the largest attrition (15.4% of respondents 
were not reinterviewed in this condition), and within that condition, the video 
mode had the highest attrition (i.e., 23.7% of video-mode respondents were not 
reinterviewed). Table 4 compares respondents who completed both the pre- and 
post-election survey in the video mode (N = 274) to those who only completed the 
pre-election study by video (i.e., the attrition cases; N = 85). 

There are significant differences in age (χ2(5, N = 356) = 19.33, p = .002) and 
education χ2(4, N = 356) = 16.88, p = .002) between those who remained in the 
study and those who did not in 2020. Those who completed both the pre and post 
tended to be older and more highly educated than those who dropped out. For 
example, respondents age 30-39 were 11.5 points more likely to drop out than to 
complete the post-election survey (26.5% to 15.0%). That younger respondents 
tend to attrite from the video mode is in keeping with prior research. Likewise, 
attrition from the video mode among the less educated is consistent with the 
literature. This attrition may also be related to issues with technology access and 
skills among the less educated. By contrast, the distributions of party identifica-
tion among pre-only and those who completed both pre- and post-election sur-
vey are not significantly different. Readers who wish to compare characteristics 
between those who attrit from the video mode with other modes will find a simi-
lar table for attrition from the web in the Appendix C (Table C1).

Table 3 	 (continued)

ANES 2023 Pretest Video Attrition
In Table 5 we examine how respondents who participated in the video compo-
nent of the 2023 Pretest during Wave 2 compared to those who only engaged in 
the face-to-face portion in Wave 1. Respondents who participated in the video 
follow-up may be demographically similar to the 2020 ANES video respondents 
because video is more appealing or accessible to certain respondents. However, 
nonresponse to video in Wave 2 is likely not solely due to the request to partici-
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Table 4 	 Attrition among Video Cases in the 2020 ANES (Unweighted)

Characteristic Completed
Pre Only  

(Attrition Cases)
(N = 85)

Completed Pre and 
Post  

(Reinterview Cases)
(N = 274)

Difference (Attrition-
Reinterview)

Percent Percent Percent

Age
18-29 22.9 12.1 10.8
30-39 26.5 15.0 11.5
40-49 18.1 13.9 4.2
50-59 10.8 17.2 −6.4
60-69 10.8 23.8 −13.0
70 or older 10.8 17.9 −7.1
Mean deviation 8.8

χ2 19.333**

Education
Less than HS cred. 5.9 1.1 4.8
HS credential 20.0 11.8 8.2
Some college/AA 
degree

35.3 26.9 8.4

Bachelor‘s degree 22.4 31.4 −9.0
Graduate degree 16.5 28.8 −12.3
Mean deviation 8.5

χ2 16.877**

Income
Under $25,000 24.1 14.4 9.7
$25,000-$49,999 8.4 14.0 −5.6
$50,000-$99,999 33.7 36.5 −2.8
$100,000 or more 33.7 35.1 −1.4
Mean deviation 4.9

χ2 5.322

Sex
Male 42.4 44.5 −2.1
Female 57.6 55.5 2.1
Mean deviation 2.1

χ2 0.124

Race/Ethnicity
White, non-Hispanic 78.6 75.1 3.5
Black, non-Hispanic 9.5 10.4 −0.9
Hispanic 9.5 7.1 2.4
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Characteristic Completed
Pre Only  

(Attrition Cases)
(N = 85)

Completed Pre and 
Post  

(Reinterview Cases)
(N = 274)

Difference (Attrition-
Reinterview)

Percent Percent Percent

Other, non-Hispanic 2.4 7.4 −5.0
Mean deviation 3.0

χ2 3.281

Party ID 7-point
Strong Democrat 25.3 31.0 −5.7
Not strong Democrat 14.5 12.0 2.5
Lean Democrat 20.5 16.8 3.7
Independent 1.2 3.6 −2.4
Lean Republican 15.7 13.1 2.6
Not strong Republican 6.0 9.5 −3.5
Strong Republican 16.9 13.9 3.0
Mean deviation 3.3

χ2 4.295

Home Tenurea

Own 55.3 65.4 −10.1
Rent/Other 44.7 34.6 10.1
Mean deviation 10.1

χ2 2.861#

Notes: The Pearson’s χ2 values and significance levels in the table are for the comparison of 
respondents who completed both the pre- and post-election survey in the video mode to those 
who only completed the pre-election survey. #p < .10; *p < .05; **p < .01; ***p < .001	  
a �Home tenure combined two versions of a question that were assigned as split half: the CPS 

and ANES versions.

Table 4 	 (continued)

pate by video but also to other causes of attrition, such as respondent experience 
in the earlier wave (Frankel & Hillygus, 2014). It is also important to note that 
pretest cases are not worked as hard as they would be for a full study. Lastly, 
because the pretest was not designed to be nationally representative, comparing 
it to the benchmarks will be less useful; rather, the data presented are meant to 
be suggestive of who might be persuaded to participate once they were familiar 
with the survey and the interviewer and were presented with the request to par-
ticipate by video. 
Table 5 shows the differences between those who only completed Wave 1 (in per-
son) and those who completed both Waves 1 and 2 (video). The demographics of 
Wave 2 respondents, who completed the earlier wave in person and went on to 
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complete the video interview in Wave 2, were younger, more Democratic, and 
had higher levels of education and income than those who only completed Wave 
1. The only difference approaching significance is education χ2(4, N = 149) = 9.05, 
p = .06. However, the small sample size makes detecting potentially significant 
differences difficult. The differences appearing in these data, though, suggest 
that video is attracting the same sorts of respondents as in the ANES 2020 study. 
What is potentially notable (although not significant) is that the respondents to 
the video follow-up tended to be younger, i.e., 30-39, which is surprising given 
the expected attrition among younger respondents. This finding is similar to one 
by Arrue et al. (2023), who found younger respondents tended to remain in video 
when offered a mode switch. 

Table 5 	 ANES 2023 Video Pretest Wave 1 (In-person) and Wave 2 (Video) 
Comparison of Demographic Characteristics (Unweighted)

Characteristic Total
(N = 157)

In-Person Only 
(N = 109)

Video
(N = 48)

Difference 
(In-Person

-Video)

Percent Percent Percent Percent

Age
18-29 15.4 14.8 16.7 −1.9
30-39 15.4 13.0 20.8 −7.9
40-49 15.4 13.9 18.8 −4.9
50-59 10.3 11.1 8.3 2.8
60-69 17.9 20.4 12.5 7.9
70 or older 25.6 26.9 22.9 3.9

χ2 3.520

Education
Less than HS cred. 13.4 16.2 6.8 9.4
HS credential 26.2 28.6 20.5 8.1
Some college/AA degree 24.8 24.8 25.0 −0.2
Bachelor‘s degree 22.1 21.9 22.7 −0.8
Graduate degree 13.4 8.6 25.0 −16.4

χ2 9.054#

Income
Under $25,000 7.6 10.1 2.6 7.6
$25,000-$49,999 21.2 22.8 17.9 4.8
$50,000-$99,999 33.1 31.6 35.9 −4.3
$100,000 or more 38.1 35.4 43.6 −8.1

χ2 2.843
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Characteristic Total
(N = 157)

In-Person Only 
(N = 109)

Video
(N = 48)

Difference 
(In-Person

-Video)

Percent Percent Percent Percent

Home tenure
Own 68.8 71.6 62.5 9.1
Rent/Other 31.2 28.4 37.5 −9.1

χ2 1.274

Sex
Male 45.2 44.0 47.9 −3.9
Female 54.8 56.0 52.1 3.9

χ2 0.203

Race/Ethnicity
White, non-Hispanic 73.4 72.6 75.0 −2.4
Black, non-Hispanic 9.1 10.4 6.3 4.1
Hispanic 13.0 12.3 14.6 −2.3
Other, non-Hispanic 4.5 4.7 4.2 0.6

χ2 0.803

Party ID 7-point
Strong Democrat 19.6 21.8 14.9 6.9
Not strong Democrat 10.1 5.9 19.1 −13.2
Lean Democrat 8.8 7.9 10.6 −2.7
Independent 6.8 7.9 4.3 3.7
Lean Republican 20.9 18.8 25.5 −6.7
Not strong Republican 12.2 11.9 12.8 −0.9
Strong Republican 21.6 25.7 12.8 13.0

χ2 10.415

Notes: The Pearson’s χ2 values and significance levels in the table are for the comparison of 
the in-person and video cases. Data are unweighted. #p < .10; *p < .05; **p < .01; ***p < .001

Understanding and Attempting to Reduce Unit Nonresponse to 
Video (RQ4)

Appointment Setting and Reminders
One way to encourage respondents who were offered video to complete the ANES 
2020 study by that mode was to set appointments and provide reminder(s). As 
described above, cases that set appointments for video in the pre-election survey 

Table 5 	 (continued)
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initially received only an appointment confirmation and a single reminder, auto-
mated and sent by email. The single reminder was offered until mid-September. 
The missed appointment rate during that period was 65.4%. A change in protocol 
after that date provided cases with two additional text reminders and a missed 
appointment email, sent manually. Before the reminders, 34.6% of appointments 
were on time, and after the additional reminders, 43.6% were on time (DeBell et 
al., 2022). In the 2023 Pretest, those who scheduled an appointment for the Wave 
2 interview were also reminded of their appointments. Depending on the infor-
mation provided by the respondent, the interviewer sent an email, a text mes-
sage, or both the day before the scheduled appointment and a few hours prior to 
the scheduled appointment. A total of 83 respondents set an appointment, and 48 
completed the video interview. 

Pretest Incentive Experiment and Connection Test
As described above, the 2023 Pretest included an incentive experiment at the 
end of the in-person wave. Table 6 shows the outcome of the incentive offered 
on appointment setting and completions. Among those who were offered the 
prepaid incentive, 57.7% set an appointment with the interviewer, compared 
with only 47.4% among those offered the postpaid incentive. Ultimately, 38.5% 
of respondents who were offered the prepaid incentive completed a video inter-
view, compared to only 23.1% of postpaid respondents, a statistically significant 
15.4 percentage point difference, χ2(1, N = 156) = 4.33, p < .05. However, the cost 
was more than four times as large for the prepaid incentive.7 Results suggest that 
the prepaid incentive could encourage appointment setting. More importantly, 
the prepaid incentive appears to significantly increase video completions.

Table 6 	 ANES 2023 Pretest: Video Appointment Setting and Completions by 
Incentive Type

Incentive offered Set Appointment Video Completion Total

No % Yes % No % Yes % %

Offered prepaid (N = 78) 42.3 57.7 61.5 38.5 100.0
Offered postpaid (N = 78) 52.6 47.4 76.9 23.1 100.0

χ2 1.645 4.333*

Notes: #p < .10; *p < .05; **p < .01; ***p < .001

7	 This number is calculated based on the incentive amount and number of respondents re-
ceiving the incentive. All 78 respondents assigned to the prepaid group were offered the 
$25 incentive, but only 18 in the postpaid group completed the study and received the $25 
incentive.
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All respondents who reached the end of the in-person interview were offered 
the connection test. Connection test results are reported in Table 7. Only 7.8% 
of respondents successfully completed the test, while an additional 3.2% tried 
unsuccessfully, and the rest (88.9%) declined. In addition, 30.5% of respondents 
declined to try because they said they already knew Zoom, and 58.4% of respon-
dents declined without explanation. To understand whether experiences with 
technology influenced respondents’ decisions to participate in the test, we looked 
at whether prior video call experience or comfort using a smartphone was asso-
ciated with completing the test. We found that among those who were not at all 
comfortable with smartphones, 100% were not willing to try the connection 
test, compared with 89.1% of those who were either slightly or moderately com-
fortable with smartphones and 86.4% of those who were very comfortable with 
smartphones. Among those who had never participated in a video call, 90.9% did 
not try to connect, compared with 88.6% of respondents who had participated 
in calling. These results suggest that this procedure designed to help overcome 
respondent misgivings was less successful among those who would benefit most 
from just such an intervention–those who are less comfortable with technology.

Nonresponse Video Intervention in ANES 2020
Approximately two weeks into the field period of the 2020 ANES, 16% of cases 
from the video-mixed group had completed the screener but opted not to con-
tinue. In the other cross-sectional groups, failure to continue was less than 
3%. The underperformance of the video-mixed group relative to the other two 
groups led to the creation of an intervention designed to increase the response 
rate for video (ANES, 2021; DeBell et al., 2022). Two experienced interviewers 
placed outbound calls to cases who had been selected upon screener comple-
tion but had not started the interview. Although 422 cases qualified for a contact, 
interviewers were only able to complete calls with 67 potential respondents or 
members of their household during this intervention period. Table 8 shows the 
reasons these participants gave to the interviewers for their nonresponse.8 Over-
all, the conversion team recorded more concerns about video privacy or image 
appearance than other problems. Respondents also gave a variety of reasons for 
not wanting to participate that had nothing to do with video or technology; it is 
possible that some respondents had reasons that they were unable or unwilling 
to articulate, although some likely declined for reasons other than mode.

Additionally, these two interviewers acted as a refusal conversion team. In 
addition to using standard techniques for gaining cooperation, the interviewers 
could offer: (a) use of a different video platform, such as Facetime, and (b) an 

8	 This analysis used closed-ended questions from the call outcome questionnaire complet-
ed by the video conversion team interviewers. More information can be found in Appen-
dix D. 
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increased incentive of $200 for completing the live video interview. The refusal 
team was allowed to provide one or both offers at their discretion, based on what 
they thought would gain cooperation. During the intervention, the team chose 
not to offer any nonrespondents the use of a different video platform but did 
offer 17 nonrespondents the incentive. Additionally, 29 nonrespondents reached 
during the intervention agreed to complete a video interview later. However, 
only three nonrespondents ultimately ended up completing a video interview, 
and none of those who were offered the increased incentive completed by video.

Table 7 	 ANES 2023 Pretest: Which respondents were more likely to complete 
the connection test?

Test Completion Comfort with Smartphone Ever participated in a 
video call

Total

Not at all  
%

Slightly/
Moderately %

Very % No % Yes % %

Yes, completed 0.0 3.6 12.3 9.1 7.6 7.8
Tried unsuccessfully 0.0 7.3 1.2 0.0 3.8 3.2
No, did not try 100.0 89.1 86.4 90.9 88.6 88.9
Total 100.0 100.0 100.0 100.0 100.0 100.0

χ2 9.056# 0.903

Notes: #p < .10; *p < .05; **p < .01; ***p < .001

Table 8	 ANES 2020: Issues Mentioned by Respondent (Completed Calls) in 
Nonresponse Intervention

Issue N

Video Privacy or Image Concerns:  
Did not want their image appearing on video 11
Privacy/confidentiality of videoconferencing generally 6
Did not want their surroundings appearing on video 3
Concerned that they are being recorded 2
Subtotal 22

Lacks Equipment:  
Does not have a capable device (smartphone, tablet, computer, laptop) at all 7
Does not have a microphone 4
Does not have a video camera 3
Does not have speakers 3
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Issue N

Subtotal 17

Lacks Skills or is uncomfortable with Video/Technology:  
Uncomfortable with videoconferencing generally 7
Technical difficulties in installing the Zoom app 4
Uncomfortable with technology generally 3
Subtotal 14

Other 21

Total Number of Issues 74
Total Number of Completed Calls 67

Notes: Interviewers could record multiple issues for each respondent. An earlier version of 
this table appeared in DeBell et al. (2022) but has been revised and extended.

Response to Interviewers in 2023 ANES Pretest
Interviewers in the 2023 Pretest attempted to gain cooperation to participate 
in the video interviews at the end of Wave 1 in-person interview. Respondents 
who did not agree to participate in the video interview one month later were 
asked why they did not want to participate. Respondents could provide as many 
explanations as they wanted, and interviewers took notes on their answers. 
Responses were recorded for a total of 75 respondents. These were then coded 
for the presence or absence of a number of concerns related to non-response 
and then organized by category type into Table 9. More information about the 
coding can be found in the Appendix D. Although only 24 responses were about 
video, there were a number of responses about technology generally. Overall, 
the main reasons respondents did not want to complete the video interview 
could be categorized as concerns about privacy, lack of trust in technology, dis-
like of videoconferencing or technology, or lack of skills. Not many respondents 
lacked equipment. Many respondents gave general or idiosyncratic reasons for 
not participating. These were related to the usual concerns about completing 
surveys (e.g., “too busy”), or respondents may have had reasons for declining the 
interview that were related to video that they did not share with the interviewer.

Differential Nonresponse (RQ5)

Next, we look within the sequential video-mixed condition to see which respon-
dents were more likely to respond to the video request and which were more 
likely to wait and respond in other modes. We examine whether respondent 
attitudes (i.e., social trust and political interest) and access to technology (i.e., 

Table 8 	 (continued)
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Table 9 	 ANES 2023 Pretest: Issues mentioned by respondents

Issue N

General lack of trust in technology 13
Video Privacy or Image Concerns:

Did not want their image appearing on video 6
Did not want their surroundings appearing on video 1
Concerned that they are being recorded 3
Privacy/confidentiality of video or image 3
Subtotal 13

Dislikes technology or using technology:
Doesn’t like internet 4
Doesn’t like videoconferencing 7
Generally doesn’t like technology 4
Subtotal 15

Lacks Skills or uncomfortable with video/technology:
Don’t use videoconferencing 4
Not familiar/comfortable with video technology 5
Not familiar/comfortable with technology generally 2
Subtotal 11

Lacks equipment:
Does not have a capable device (smartphone, computer) 1
Does not have internet 2
Subtotal 3

Other issues:
Don’t like surveys 3
General privacy concerns 4
Too busy 18
Don’t want to 10
Other 14
Subtotal 49

Total number of concerns related specifically to video 24
Total concerns over all 104

Total number of respondents 75

Notes: Interviewers could record multiple issues for each respondent. Responses were recor-
ded for respondents who declined a follow-up interview during the first in-person interview.
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internet at home and access to the internet via phone) are associated with this 
outcome. Table 10 shows the results of a logistic regression predicting video 
completion relative to completion through other modes (i.e., web, phone) among 
those respondents assigned to the video-mixed group. These results underscore 
previous findings. Those with higher levels of education were more likely to par-
ticipate by video, as were Democrats and Republicans relative to independents. 
Those with higher levels of trust and access to the internet on their phones were 
also more likely to participate by video.

Switching to the 2023 pretest results, Table 11 shows a comparison of the dif-
ference in respondent attitudes among those who responded in person (Wave 1) 
compared to the video (Wave 2) follow-up. First, the table shows that 67.1% of 
respondents dislike video surveys, with a lower proportion of respondents dis-
liking paper and web. Similarly, Schober and colleagues (Schober et al., 2023) 
show that respondents in their study gave lower ratings for their willingness to 
participate in live video surveys relative to other modes, including in-person, 
phone, and web. There are several significant differences between those who 
participated in the in-person wave and those who completed the video follow-up, 
which are shown in Table 11. However, the largest differences between those 
who completed the video follow-up and those who completed only the in-person 
are (a) their comfort levels with a smartphone, (b) their difficulty with video 
calling, and (c) whether they like video surveys.  
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Table 10 	 Logistic Regression Predicting Video Completion to Pre-Election 
Survey in Video-Mixed (Video>Web>Phone) Group, 2020 ANES 
(Unweighted)

Independent variables B SE z p

Age −0.10 0.35 −0.30 .764
Education 1.03 0.34 3.05 .002
Female 0.18 0.16 1.11 .266
Income 0.16 0.32 0.50 .617
Black (r: White) 0.23 0.30 0.78 .435
Hispanic 0.12 0.32 0.36 .719
Other race −0.05 0.33 −0.14 .886
Democrat (r: Independent) 1.73 0.40 4.36 .000
Republican 1.37 0.41 3.37 .001
Homeownera (r: Rent/Other) −0.41 0.20 −2.05 .040
Social trust 1.34 0.41 3.27 .001
Political interest 0.11 0.18 0.63 .530
Internet at home 1.01 0.69 1.46 .143
Access to internet on cell phone 0.87 0.36 2.44 .015
Constant −4.65 0.86 −5.42 .000

N 698      
Pseudo R2 .094      

Notes: Logistic regression is unweighted. All variables are from the pre-election survey.  
Non-dichotomous variables are recoded 0-1.	  
a �Home tenure (i.e., homeowner) combined two versions of a question that were assigned as 

split half: the CPS and ANES versions. 

Table 11 	 ANES 2023 Video Pretest Wave 1 (In-person) and Wave 2 (Video) 
Comparison (Unweighted)

Characteristic In-person Only Video Total
(N = 109) (N = 48) (N = 157)

Percent Percent Percent

Comfort with smartphone
Not at all comfortable  15.0 0.0 10.3
Slightly comfortable 14.0 6.3 11.6
Moderately comfortable  27.1 20.8 25.2
Very comfortable 43.9 72.9 52.9

χ2 14.682*
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Characteristic In-person Only Video Total
(N = 109) (N = 48) (N = 157)

Percent Percent Percent

Ever participated in a video call
Yes  81.5 95.8 85.9
No  18.5 4.2 14.1

χ2 5.650*

Difficulty video calling today
Easy 63.2 93.6 72.5
Not easy 36.8 6.4 27.5

χ2 15.120***

Use the internet at home
Yes 87.2 95.8 89.8
No 12.8 4.2 10.2

χ2 2.742#

Like web surveys
Like 43.0 51.1 45.5
Neither like nor dislike 14.0 25.5 17.5
Dislike 43.0 23.4 37.0

χ2 6.322*

Like paper surveys
Like  33.3 48.9 38.1
Neither like nor dislike  31.5 40.4 34.2
Dislike 35.2 10.6 27.7

χ2 9.974*

Like video surveys
Like  11.0 34.8 18.1
Neither like nor dislike 12.8 19.6 14.8
Dislike 76.1 45.7 67.1

χ2 15.589***  

Notes: The Pearson’s χ2 and significance levels in the table are for the comparison of the in-
person and video cases. Data are unweighted. #p < .10; *p < .05; **p < .01; ***p < .001

Table 11 	 (continued)
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Conclusion
Findings and Limitations

Findings from the ANES 2020 show that response rates were lower and that attri-
tion was higher for video than for other modes (RQ1). Those who were more 
likely to be successfully recruited into the video mode tended to be more highly 
educated than benchmarks and other modes and were more likely to identify as 
Democrats (RQ2). Those who stayed in the 2020 study for the post-election survey 
by video mode tended to be older and more educated than those who dropped 
out of the video mode before the post-election survey (RQ3). However, relative 
to Wave 1 of the 2023 pretest, the data suggest younger respondents were less 
likely to drop out of the study for Wave 2, which was a switch from in-person to 
video and is in line with other research examining attrition in a live video panel 
survey (Arrue et al., 2023). Educated respondents were also less likely to attrite. 
Both qualitative and quantitative data indicated that respondents who declined 
to participate in video interviews disliked or were distrustful of technology in 
general (and video, in particular), had privacy concerns, were uncomfortable 
with technology (including smartphones), or lacked equipment (RQ5).

Many potential designs and implementations can be used to recruit respon-
dents, and despite using two different designs (i.e., ABS recruitment to video in 
two waves relative to in-person recruitment to video in the second wave only) 
with different implementations (i.e., using a combination of on-demand inter-
views and appointment-setting relative to appointment-setting only), some con-
clusions can be drawn about recruitment practices (RQ4) and reasons for refusals 
(RQ5). In both studies, missed appointment rates were high. One useful strategy 
to increase response was to increase appointment reminders, potentially includ-
ing reminder modes with more immediacy and visibility, such as text message. 
Another strategy, offering prepaid incentives (relative to postpaid incentives), 
produced a modest increase in response, an effect consistent with the literature 
on the relative impact of incentives (e.g., Church, 1993; Singer & Ye, 2013). One 
strategy that was tried but did not work as anticipated was the offer from inter-
viewers to show respondents how to connect to video so they would be prepared 
for Wave 2; most respondents turned down the offer. This was an attempt to alle-
viate respondent concerns or inexperience with the mode, but it suggests some 
of these concerns may be difficult for interviewers to overcome. Other failed 
strategies included increasing the incentive amount (which was relatively high 
to begin with) and the possibility of using an alternative video platform.

Recruitment to video was one of the main challenges of these studies, but the 
study designs themselves limited the video response rates and potential com-
parability to other studies using video. As part of the sequential mixed mode 
approach in the 2020 ANES, the design quickly shifted respondents from video to 
other modes in the video-mixed condition to prioritize overall response rate and 
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sample size rather than video response. Because only 48% of the video-mixed 
group completed the video component, the analyses focused on mode rather 
than experimental groups. The 2023 Pretest used a convenience sample and 
had fewer contact attempts than a typical ANES study. In both studies, a longer 
field period might have allowed more respondents in hard-to-reach groups to be 
recruited into the studies and for larger sample sizes overall. However, many 
studies using video may also face similar constraints. Moreover, both studies 
faced similar hesitancy from respondents despite the different designs.

Discussion and Future Directions

The differences between who can be recruited into video relative to the popula-
tion may be reduced over time as the technology continues to diffuse and peo-
ple become more comfortable with it. The advantages of different modes can 
change over time because of changes in technology, changing respondent pref-
erences for mode, and best practices in survey research. For example, phone 
surveys were once common, but the change from landline to cell phones along 
with the way people use their phones has contributed to the mode’s declining 
popularity (e.g., Kennedy & Hartig, 2019; Olson, Smyth et al., 2021). Currently, 
90% of American adults have a smartphone (Pew Research Center, 2024) and 
thus are equipped for video interviews, even if they have not yet participated in 
video communication. As respondents come to use video communication more 
frequently in their everyday lives, they may find the request to participate by 
video to be unremarkable, and recruitment will be less challenging. However, 
some differences are likely to remain in terms of who can be recruited to the 
mode, as respondent characteristics tend to differ by mode. This suggests that 
live video interviewing’s best contribution to surveys may be as part of a mixed-
mode design.

It is now common for studies to mix modes to address issues such as declining 
response rates and the potential for nonresponse bias (Atkeson et al., 2014, 2018; 
de Leeuw, 2005). In a mixed-mode design, individuals less likely to participate in 
one mode may participate in another, allowing for better representation of the 
population across modes. Because video appears more appealing to educated 
respondents and Democrats, a mixed-mode design with video could employ 
another mode to compensate. This could also extend beyond response rates and 
groups that are less likely to participate to take advantage of some of the other 
strengths and compensate for weaknesses across modes.

In assessing how viable live video is as a supplement or replacement for in-per-
son interviews, questions remain. One of the largest is cost. Although expenses 
could be lower in video than traditional in-person designs, understanding cost 
will be challenging because it can be hard to disentangle those attributable to 
the mode itself from other elements of the study (see, e.g., Olson, Wagner et al., 
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2021, on difficulties in estimating costs in surveys). Additionally, best practices 
in recruitment have not yet been established, including the best ways to invite 
sampled respondents, establish a video connection with respondents, pursue 
a reminder strategy, or overcome respondent concerns about the mode. More 
research is also needed about data quality, but the evidence so far does seem to 
indicate that live video interviews produce data of similar quality to in-person 
interviews (Endres et al., 2023) and can exceed online questionnaires in terms of 
data quality (Conrad et al., 2023). While further investigation is needed into the 
methods and best practices for live video interviewing, we are cautiously opti-
mistic about its potential to supplement or replace some in-person interviewing 
in mixed-mode survey designs.
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Appendix A
Implementation of the Video Interviews in the 2020 ANES and 
2023 Pretest

In the 2020 ANES Time Series studies, when an interviewer was ready to take 
an available live video interview, the interviewer would launch a case manage-
ment system within a web browser. The case management system would then 
provide the interviewer with a list of available respondents who had entered the 
live video interviewing queue. The interviewer could select among the available 
respondents, after which the interviewer and respondent would be prompted 
to launch Zoom. Zoom would launch for the interviewer in a second tab within 
their web browser, at which time the interviewer could see their own image 
and that of the respondent upon their joining. The interviewer would read a 
welcome script and then be prompted to launch the Blaise instrument (survey), 
which appeared in a third tab of their browser. The interviewer would navigate 
between the Zoom and survey tabs as necessary. Whenever a showcard was indi-
cated for a question, the showcard was displayed to the respondent using screen 
sharing within Zoom, using a showcard file that was stored locally on the inter-
viewer’s computer.

To conduct video interviews in the 2023 Pretest, interviewers used a single 
laptop display, with the left-hand portion of the screen containing the instru-
ment, and the right-hand portion containing the showcards to screenshare with 
the respondent. The Zoom window was kept on the right-hand portion of the 
screen when showcards were not being shared, and between the two windows 
when sharing the showcard.

Appendix B
Incentive Experiment and Connection Test Question in 2023 
Pretest

To conduct the incentive experiment and connection test (described in the 
Design & Implementation section and the Results section under RQ4), the ANES 
2023 Pretest used the following question:

“We would like to do another interview in a few weeks. [INCENTIVE 
EXPERIMENT: We will give you $25 in cash right now if you agree to do 
the interview./ We will give you $25 for completing that interview.] I won’t 
need to come to your home this time. We would like to complete this 
interview on video using Zoom. I will make it very easy by scheduling 
a time that is convenient for you, and by emailing you a link to click on 
to join the interview. There is nothing to download or install. [CONNEC-
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TION TEST: I can show you how easy it will be right now if you’d like.] Are 
you willing to do this second interview over video?”

Appendix C 
Attrition Among Fresh Web Cases, 2020 ANES

Table C1 	 Attrition among Fresh Web Cases in the 2020 ANES (Unweighted)

Characteristic Completed
Pre Only (Attrition 

Cases)
(N = 549)

Completed Pre and 
Post (Reinterview 

Cases)
(N = 4,394)

Difference  
(Attrition- 

Reinterview)

Percent Percent Percent

Age
18-29 17.0 14.0 3.0
30-39 17.2 17.8 −0.6
40-49 14.6 15.0 −0.4
50-59 18.0 16.5 1.5
60-69 17.4 19.1 −1.7
70 or older 15.8 17.6 −1.8
Mean deviation 1.5

 χ2 4.996

Education
Less than HS cred. 8.2 4.3 3.9
HS credential 22.9 15.5 7.4
Some college/AA degree 34.5 35.1 −0.6
Bachelor‘s degree 20.0 25.5 −5.5
Graduate degree 14.4 19.6 −5.2
Mean deviation 4.52

χ2 44.902***

Income
Under $25,000 21.4 20.7 0.7
$25,000-$49,999 21.4 18.5 2.9
$50,000-$99,999 24.0 28.9 −4.9
$100,000 or more 33.2 31.9 1.3
Mean deviation 2.5

χ2 5.818
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Characteristic Completed
Pre Only (Attrition 

Cases)
(N = 549)

Completed Pre and 
Post (Reinterview 

Cases)
(N = 4,394)

Difference  
(Attrition- 

Reinterview)

Percent Percent Percent

Sex
Male 48.9 45.4 3.5
Female 51.1 54.6 −3.5
Mean deviation 3.5

χ2 2.296

Race/Ethnicity
White, non-Hispanic 66.9 73.5 −6.6
Black, non-Hispanic 9.2 8.8 0.4
Hispanic 11.7 8.7 3.0
Other, non-Hispanic 12.2 9.0 3.2
Mean deviation 3.3

χ2 12.606**

Party ID 7-point
Strong Democrat 18.7 23.3 −4.6
Not strong Democrat 13.9 10.6 3.3
Lean Democrat 10.5 12.3 −1.8
Independent 12.9 12.8 0.1
Lean Republican 10.9 10.3 0.6
Not strong Republican 8.7 10.4 −1.7
Strong Republican 24.4 20.3 4.1
Mean deviation 2.3

χ2 15.709*

Home Tenureᵃ
Own 62.3 68.6 −6.3
Rent/Other 37.7 31.4 6.3
Mean deviation 6.3

χ2 8.691**

Notes: Data include all fresh cross-sectional web cases from the 2020 ANES Time Series Study, 
which includes web cases from the web-only, web-mixed, and video-mixed group. All web 
cases were offered web either first or second in the sequential, mixed groups. The Pearson’s 
χ2 and significance levels in the table are for the comparison of the attrition and reinterview 
cases in the first two columns. Data are unweighted. #p < .10; *p < .05; **p < .01; ***p < .001 
a �Home tenure combined two versions of a question that were assigned as split half: the CPS 

and ANES versions.

 

Table C1 	 (continued)
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Appendix D 
Methods of Analysis for Issue Mentions by the Non-Respondents 
in ANES 2020 and the 2023 Pretest

The two interviewers who made up the refusal conversion team as part of the 
ANES 2020 Nonresponse Video Intervention were given an introductory script 
and a post-contact questionnaire where they recorded the outcome of calls. The 
script included the question: “Did you encounter any problems or have any con-
cerns about the interview? What are they?” The interviewers recorded whether 
respondents mentioned any issues using the following question, which was part 
of the post-contact questionnaire:

Issues mentioned by respondent (check all that apply) 

1.	 Uncomfortable with technology generally 

2.	 Uncomfortable with videoconferencing generally 

3.	 Uncomfortable with Zoom specifically 

4.	 Did not want their image appearing on video

5.	 Did not want their surroundings appearing on video 

6.	 Concerned that they are being recorded 

7.	 Privacy/confidentiality of videoconferencing generally 

8.	 Privacy/confidentiality of Zoom specifically 

9.	 Security concerns about installing Zoom app 

10.	Technical difficulties in installing the Zoom app 

11.	Problems with them seeing us 

12.	Problems with us seeing them 

13.	Problems with them hearing us 

14.	Problems with us hearing them 

15.	Does not have a video camera 

16.	Does not have a screen/display 

17.	Does not have speakers 
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18.	Does not have a microphone 

19.	Does not have a capable device (smartphone, tablet, computer, laptop) at all 

20.	 Other, specify ___________________

Each issue was included in the ANES 2020 Methodology Dataset Release (2021) 
as binary response variables. Frequencies were run on each of the 20 issues and 
included in the table if the issue occurred more than once. The set of issues with 
a frequency greater than one were then organized by topics into themed catego-
ries that make up Table 8.

For the 2023 Pretest, interviewers asked respondents who declined to partici-
pate in the video follow-up the question, “Why do you not want to do the video 
interview? (Write reasons.)” and took notes on their answers. Notes were taken 
for 75 respondents. A coding scheme was created to code these notes for reasons 
for non-participation. To create the coding scheme, categories from the issue 
checklist used in the ANES 2020 Nonresponse Video Intervention were used, 
additional categories were created, and modifications were made to some of the 
2020 checklist items after a review of the responses. Each response was then 
coded for the presence or absence of the following reasons:

	� Too busy
	� Don’t want to
	� Don’t have equipment generally
	� Does not have a microphone
	� Does not have a capable device (phone, computer)
	� Does not have a video camera
	� Does not have speakers
	� No internet
	� Video privacy or image concerns generally
	� Do not want image appearing on video
	� Do not want surroundings appearing
	� Concern they are being recorded
	� Privacy/confidentiality of video
	� General privacy concerns
	� General lack of trust in technology
	� Dislike technology generally
	� Don’t like Internet
	� Don’t like Zoom/video
	� Don’t use Zoom/video
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	� Not familiar/comfortable with video
	� Not familiar/comfortable with technology generally
	� Don’t like surveys
	� Other

Responses were coded for present or absent for all the categories because some 
responses contained multiple reasons. For example, the response, “Not comfort-
able talking to someone I don’t know. Don’t want my image online. AI Artificial 
Intelligence is a big issue,” includes several reasons. To create Table 9, frequen-
cies were run on each of the coded categories (i.e., reasons for non-participa-
tion). Then the reasons were organized by topic into themed categories, and rea-
sons that were not present in the data were cut. The average percent agreement 
based on double-coding of the variables appearing in the table was 94.1%.



methods, data, analyses | Vol. 20(1), 2026, pp. 87-107� DOI: 10.25521/mda.657

Video Interviewing for Standardized 
Achievement Assessments with 
Children

Paula Fomby1, Narayan Sastry2, Helen Johnson2, 
Sarah Crane2 & Veronica Connors-Burge2

1 University of Pennsylvania 
2 University of Michigan

© The Author(s) 2026. This is an Open Access article distributed under the terms of the Creative 
Commons Attribution 4.0 License. Any further distribution of this work must maintain attribution 
to the author(s) and the title of the work, journal citation and DOI.

Abstract
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ple (N = 32 children aged 5-17 years in 15 families) to evaluate the operational feasibility 
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videoconferencing interface from the perspective of the test examiner and examinee, 
describe protocols to provide cellular-enabled electronic tablets for examinees’ use at 
home, summarize the fieldwork experience, and describe lessons learned. We conclude 
that video interviewing is a viable alternative to in person administration from an oper-
ational standpoint and can be useful when efforts to reach study participants in-person 
are cost-prohibitive or ineffective.
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Standardized Testing with Children in Survey Research

Children’s demonstrated skill in literacy and math is an important indicator of 
well-being and development for individuals and populations (Organisation for 
Economic Cooperation and Development, 2020). Consequently, many large-scale 
surveys of child development include standardized assessments of children’s 
performance in core academic subjects. Raw scores on these assessments are 
age-standardized against national norms to provide metrics that may be used to 
describe and explain population variation in learning achievement and associ-
ated outcomes.

To date, standardized assessments with children in community-based sam-
ples have been conducted in-person during field interviewers’ visits to families’ 
homes or other settings where the interviewer can manage the testing environ-
ment. In-person administration is attractive because it allows the interviewer to 
identify the optimal test setting within a child’s home, focus children’s attention 
on test stimuli, deflect interference from other family members, and prevent 
children’s efforts to seek outside help to answer questions. However, for at least 
four reasons, in-person assessment has become increasingly challenging. First, 
home visits in national samples are expensive compared to telephone and web 
interviewing (Schober, 2018), and in longitudinal studies, home visits become 
more expensive over time as participants move and become geographically 
dispersed. Second, survey respondents have become increasingly resistant to 
home visits in response to time constraints and preferences regarding privacy. 
Further, there is some evidence of declining fieldwork effort to recruit resistant 
respondents to in-person interviews (Bates et al., 2008; Brick & Williams, 2012; 
Vercruyssen et al., 2011; Williams et al., 2018). Third, scheduling changes for in-
person appointments can be costly and inefficient. Especially when interview-
ers need to travel some distance to a respondent’s home, broken appointments 
and last-minute rescheduling complicate the logistics of completing a home 
visit. Fourth, the Covid-19 pandemic demonstrated that public health emergen-
cies or other extreme events can make travel or physical proximity unjustifiably 
risky. These factors have led to the consideration of a range of new approaches 
to the remote collection of various measures of children’s development (see Tsuji 
et al., 2022). 

Video interviewing potentially offers a cost-effective, unintrusive, and safe 
option to conduct standardized assessments with children at home, but to date 
there is no published empirical evidence of the operational feasibility of this 
approach. Video interviewing with respondents in their homes has been adopted 
successfully as a replacement or complement to face-to-face survey interviewing 

mailto:pfomby@sas.upenn.edu
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with adults (Centeno et al., 2024; Hanson et al., 2026). And prior work has dem-
onstrated that video interviewing is an efficient, valid, and reliable method to 
conduct assessments when children and adolescents are tested in schools under 
tightly controlled circumstances (Wright, 2018). We offer the first evaluation of 
whether such success can translate to standardized assessment with children in 
home environments. A similar approach has recently been pilot tested for the 
first time for the remote collection of anthropometric assessments for adoles-
cents and adults (Ghosh-Dastidar et al., 2020) and to assess preschool children’s 
anthropometrics and motor skills (Button et al., 2023). This approach could also 
be used for other measures that require standardized measurement and super-
vision by or interaction with a trained interviewer. 

Purpose and Aims of the Pilot Study and This Paper

The purpose of the pilot study and this paper is to evaluate the operational fea-
sibility of video interviewing to administer standardized achievement assess-
ments at home with school-aged children in the United States. The primary 
motivation is to ascertain whether this mode of data collection could be adopted 
in future waves of the Panel Study of Income Dynamics Child Development Sup-
plement (CDS), a US national study of the well-being of minor children and their 
caregivers conducted by telephone and in-person interview approximately every 
five years since 1997 (McGonagle & Sastry, 2015). For several reasons, CDS is 
well-positioned to adopt video interviewing. First, the CDS sample is geographi-
cally diffuse. CDS is embedded in the Panel Study of Income Dynamics (PSID), 
a household-based panel study started in 1968 that has followed original house-
hold members and their descendants to the present day. Sampled households 
were geographically clustered when PSID began, but families have since become 
nationally dispersed. Second, CDS includes families living in rural or otherwise 
geographically remote areas where it is not economically efficient to hire local 
interviewers. Field interviewers’ travel from more densely populated areas to 
rural or remote areas is expensive and must be carefully coordinated to permit 
visits to multiple participating households over a few days. Third, families with 
children are participating in CDS during a busy life stage, when parents may 
be juggling their own employment and the needs of preschool and school-aged 
children (Vercruyssen et al., 2011). Beyond the logistical challenge of scheduling 
a home visit, such a request can risk families’ eventual attrition from the study if 
they perceive continued participation as a significant burden (Sastry et al., 2021). 
Giving families the choice to participate by video interview or in person could 
improve participation and retention (see Conrad et al., 2017). 

In sum, the use of video interviewing to administer standardized assessments 
remotely could offer a strategy to control costs and increase efficiency during 
fieldwork, increase wave-specific response rates, and reduce panel study attri-
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tion when offered to families who are unwilling or unable to schedule a home 
visit. This pilot study is the first step in a larger program to evaluate the merits 
of this approach.1 The aims are to assess four aspects of video interviewing to 
administer standardized assessments: (a) technical development and implemen-
tation of a video interface for the standardized tests that was comparable to the 
in-person format from the test taker’s perspective; (b) application development 
to establish a stable, secure videoconferencing session between the test admin-
istrator and test taker; (c) protocols to provide cellular-enabled electronic tablets 
to test takers for use during the test administration; and (d) data production, as 
measured by test completeness and perceived test taker burden. The first three 
aspects of the pilot study are novel to CDS and the survey operations team, and 
to our knowledge, these protocols have not been tested previously on a sample of 
children participating at home. 

The pilot study was conducted with a small convenience sample (N = 32 chil-
dren ages 5-17 years in 15 families) in one US state. The use of a small convenience 
sample allowed the study design team to put additional resources into instru-
ment and protocol development and to evaluate these multiple new technolo-
gies and procedures with relatively little risk. The tradeoff is that the findings 
may underestimate the challenges that could arise from using video interview-
ing for standardized testing in larger and more diverse samples. At a minimum, 
though, the outcomes provide useful lessons that permit better-informed devel-
opment and evaluation for large-scale studies as they move toward integrating 
video interviewing with other more long-standing modes of data collection.

Below we describe the pilot study design and its implementation. We conclude 
with an assessment of operational feasibility, a discussion of lessons learned, 
and attention to the study’s limitations. 

Pilot study design
This section describes the steps to develop and implement a method to con-
duct standardized testing with children at home, from technical development 
through test administration. Development, fieldwork, and post-production pro-
cessing for the pilot study were conducted by Survey Research Operations (SRO) 
at the Institute for Social Research, University of Michigan, between July 2021 
and April 2022. All study materials and protocols were approved by the Health 
Sciences and Behavioral Sciences Institutional Review Board at the University of 
Michigan.

1	 Building on the pilot study, CDS will evaluate mode equivalence and integrate video inter-
viewing with other modes of data collection in a larger and more representative pretest 
sample before adopting the method for use in the study’s active sample.
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Technical Development

Instrument Adaptation for Video Interviewing 
The Woodcock-Johnson IV (WJ-IV) is a battery of 20 subtests designed to char-
acterize children’s learning performance in various domains relative to their 
age or grade peers or to assess children’s learning progress over time (Mather & 
Jaffe, 2016). The pilot study included three subtests used in prior waves of CDS: 
(a) Letter-Word Identification (word and letter recognition or pronunciation); 
(b) Passage Comprehension (making inferences from written passages); and (c) 
Applied Problems (problem-solving through quantitative reasoning). For the 
pilot study, subtests were drawn from WJ-IV Form B, and all testing was com-
pleted in English.

During in-person administration, the WJ-IV subtests are presented in a stand-
ing easel binder referred to as a stimulus book. The test administrator and test 
taker sit across from each other, and the stimulus book is positioned between 
them. The test taker sees one page containing a set of stimuli, and the adminis-
trator sees correct responses to those stimuli on a page on the back side of the 
easel. A child begins each subtest at a point determined by his or her current 
age or grade in school. This starting point is referred to as a basal. If the child 
responds incorrectly to each of the first several stimuli, he or she is rerouted 
to an easier starting point, and the basal is reset. With each correct response, 
the child advances to a more challenging stimulus. The subtest terminates when 
the child provides multiple consecutive incorrect responses after the basal has 
been established or responds to the last stimulus in the subtest. Raw scores are 
calculated as a function of the child’s basal and the number of items answered 
correctly beyond the basal. These raw scores are then transformed into a set of 
criterion-based scores to measure individual ability and norm-referenced scores 
to measure performance relative to age or grade peers. 

WJ-IV testing rules had been programmed into Blaise survey software previ-
ously to support computer-assisted in-person interviewing in CDS. The program 
uses preloaded information about a test taker’s age and grade in school to estab-
lish the preliminary basal for each subtest. After each stimulus is presented, the 
test administrator records whether the child has provided a correct or incorrect 
response and follows programmed prompts to move through each subtest based 
on performance. To adapt the in-person administration design for video inter-
views, each test stimulus page was digitally scanned, formatted, and uploaded 
into the existing Blaise application to be screenshared by the test administrator 
to a test taker.2 

2	 Riverside Insights, the publisher of Woodcock-Johnson IV, granted permission to adapt 
copyrighted material for electronic use.
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Hardware 
A laptop computer and external monitor in portrait orientation were provided 
to each test administrator (Figure 1). The Blaise application for entering test tak-
ers’ responses to test stimuli was programmed to appear on the laptop monitor 
and the test stimulus page to appear on the external monitor so that both were 
visible to the test administrator. A high-resolution webcam and headset with a 
built-in microphone were also provided.

Figure 1 	 External monitor (left) and laptop computer (right) configured for 
use by the test administrator during the remote administration of 
the Woodcock-Johnson IV Letter-Word subtest 

Test takers used a Samsung Model 5 electronic tablet configured solely to support 
remote WJ-IV administration on the Zoom video conferencing platform (Figure 
2). Electronic tablets were used in order to standardize the test-taking format 
across home environments and to allow participation where families lacked a 
home computer or a high-speed internet connection. Each tablet included a built-
in video camera and microphone and a 10.5-inch display, consistent with the 
WJ-IV publisher’s guidelines for electronic administration (Riverside Insights, 
2020).3 A push notification application was installed on the home screen so that 

3	 Some recommendations provided by the publisher were not incorporated into the pilot 
study. These include a peripheral camera directed at the examinee’s workspace, a headset 
with two earphones and a microphone for the examinee’s use, and a mouse or trackpad 
for the examinee’s use to point to responses on the screen. The last recommendation was 
obviated by examinees’ use of Zoom’s annotation function for the same purpose. 
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test takers could join the test administrator’s active video conferencing session. 
Mobile device management software was installed on each tablet so that its con-
tents could be erased remotely if it were lost or stolen. No personal information 
was stored on the tablets. Tablets were enabled with a Verizon cellular data plan 
to establish the video connection between the test administrator and test taker.4 

Figure 2 	 Electronic tablet configuration for use by the respondent during 
remote administration of the Woodcock-Johnson IV Letter-Word 
subtest 

The video conferencing interface was determined by Zoom’s format. During 
an active session, the test administrator and test taker observed one another 
through the video feed from their respective web cameras. To minimize distrac-
tion, video self-view was disabled for both parties (see Feuer & Schober, 2026, on 
the effect of self-view on survey response). The test administrator used Zoom’s 
screenshare function to display stimulus pages on the test taker’s electronic tab-

4	 As of 2017 (the most recent data available at the time of the pilot study), Verizon mobile 
wireless coverage reached 97.4% of the US resident population (Federal Communications 
Commission, 2017).
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let screen. During screen sharing, the video tile showed the active speaker in the 
upper right-hand corner of the screen and was positioned so that it did not block 
text on the stimulus page. 

Most test stimuli required a verbal response, but for young children, some 
items required the child to point to an object on the screen. To accommodate 
this, Zoom’s annotation function was enabled for both the test administrator 
and test taker. The annotation feature allows a user to draw a point, line, circle, 
or other shape on an electronic tablet’s touch-enabled screen with their finger. 
The image appears as a visible overlay on the shared screen, allowing all par-
ticipants to see the annotation as it is being made. During administration, the 
test administrator prompted young children to use this feature to select their 
response on the screenshared stimulus page. 

Staffing

Two field interviewers employed by SRO who had experience administering in-
person WJ assessments to children were staffed as test administrators. We refer 
to these staff members as test administrators going forward. In addition to stan-
dard training, they received four hours of specialized training in procedures 
for the remote administration of WJ-IV assessments. This included training in 
the use of an external monitor and the Zoom interface as well as paired prac-
tice with the electronic tablets to experience the test taker’s perspective. Dur-
ing fieldwork, test administrators worked from their own homes using computer 
and communications hardware supplied by SRO.

Sample Recruitment

The planned sample size was 30 children aged 5-17 years in 20 families, which 
was expected to provide sufficient variation across child age, family socioeco-
nomic status, and geographic location (urban vs. rural) to distinguish contexts 
in which video interviewing was more or less feasible. Project management and 
test administrators recruited from their personal social networks a convenience 
sample of 19 families that included 40 age-eligible children. Sample composition 
was captured through an electronic screening form programmed in Qualtrics 
that was completed by the contact person in each recruited family. Four fami-
lies were unable to participate due to scheduling conflicts during the fieldwork 
period, and one child was coded out as ineligible due to disability.5 The final 

5	 Criteria for ineligibility are developed by SRO in consultation with study investigators. In 
the current case, children with significant vision or hearing impairments or a limiting 
developmental disability were categorized as ineligible.
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sample included 32 children in 15 families, and all eligible families participated 
in the study. All families resided in the same state in the US Midwest. 

Table 1 presents descriptive statistics for the pilot study sample and for fam-
ilies with minor children (5-17 years old) in the same state in 2022 (American 
Community Survey, Ruggles et al., 2025).6 Compared to the state population, 
children were about two years younger in the pilot study sample (median age = 
9 years) compared to children in the state (11 years), and pilot study caregivers 
were more often non-Hispanic white (78% versus 70% among household heads 
statewide) and highly educated (69% held a Bachelor’s degree or higher versus 
37%). About one-fifth of recruited families lived in areas classified as rural (vs. 
12% in non-metropolitan areas statewide). To the extent that these demographic, 
socioeconomic, and geographic indicators are correlated with performance, 
pilot study results may not be generalizable to other groups. 

Appointment Scheduling

Test administrators were assigned to families with whom they had no prior per-
sonal contact. During a telephone call, the test administrator verified the eligi-
bility of children rostered on the screening form as potential participants. Test 
administrators then scheduled appointments based on the family’s availability. 
With the caregiver’s permission, the administrator sent a Google Calendar invi-
tation by e-mail so that the caregiver could import the appointment to their own 
electronic calendar. One day prior to the appointment, the administrator called 
the caregiver with a reminder about the upcoming appointment and to address 
any questions.

Appointments were scheduled to take place at least one week after recruit-
ment to allow time to ship study materials to a family’s home using United Par-
cel Service (UPS) two-day delivery. Each shipment included a study informa-
tion sheet, the electronic tablet in a protective case,7 a printed return label, 
and instructions directed to the participating child’s caregiver (i.e., a parent or 
guardian) on how to use and return the tablet. Use instructions included writ-
ten guidance and accompanying annotated screenshots on how to (a) power the 
tablet on, adjust the volume, and navigate to the home screen; (b) use the push 
notification application to enter a Zoom videoconferencing session; (c) turn on 
the video camera and use the annotation function in Zoom; and (d) exit Zoom. 
The caregiver was also directed to prepare a quiet space in the home free from 

6	 Child’s sex was not recorded.
7	 To eliminate the risk of loss, no power cord was included in the shipment. Tablets had an 

estimated 14.5-15 hours of active battery life before needing to be recharged. When pow-
ered off for shipment, the battery can remain charged for several weeks. No instances of 
data loss or interruption caused by device power issues were reported.
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distraction where the child could complete the assessment and, if relevant, to 
keep other children out of earshot until it was their turn to participate.

Table 1 	 Descriptive statistics, Woodcock Johnson video interview pilot study 
sample (N = 32 children in 15 families) and same-state families with 
children age 5-17 years (American Community Survey [ACS], 2022)

  Pilot study proportion 
(N)

State 
proportion

Number of childrena,d

1 0.27 (4) 0.30
2 0.40 (6) 0.40
3+ 0.33 (5) 0.30

Child age (years)e

5–8 years 0.28 (9) 0.29
9–12 years 0.38 (12) 0.30
13–17 years 0.34 (11) 0.42

Educational attainmentb

Less than high school 0.00 (0) 0.08
High school/GED 0.09 (3) 0.20
Some college 0.06 (2) 0.23
Associate’s degree 0.16 (5) 0.11
Bachelor’s degree 0.22 (7) 0.22
Master’s degree 0.31 (10) 0.12
Professional/doctoral degree 0.16 (5) 0.03

Race and Hispanic ethnicityb

Non-Hispanic white 0.78 (25) 0.70
Non-Hispanic Black 0.09 (3) 0.15
Non-Hispanic Asian 0.06 (2) 0.04
Non-Hispanic other 0.00 (0) 0.05
Hispanic (any race) 0.06 (2) 0.06

Ruralityc

City or township 0.82 (26) 0.88
Rural 0.19 (6) 0.12

a Refers to the number of minors participating in the pilot study. 
b �Refers to caregiver characteristics in pilot study and to householder characteristics in ACS.
c Measured by metropolitan status in the ACS.
d �Number of children in Pilot: M = 2.13, SD = 0.92; Number of children in State population:  

M = 2.16, SD = 1.09.
e �Child age in Pilot: Median = 9, M = 9.5, SD = 3.41; Child age in State population Median = 11, 

M = 11.2, SD = 3.72.
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Test Administration

At the appointed time, the test administrator telephoned the caregiver to con-
firm that the shipment had arrived,8 the tablet was powered on, the caregiver 
was familiar with the tablet’s functionality as described in the user guide. and 
participating children were available and prepared to begin. The administrator 
then instructed the caregiver to initiate the video conferencing session via the 
push notification application on the tablet’s home screen, after which the tele-
phone connection between the test administrator and caregiver was terminated. 
In the videoconferencing session, the test administrator obtained informed con-
sent from the caregiver and verbal assent from the child for the child’s partici-
pation. The test administrator also requested the caregiver’s consent to record 
the session for quality control.9 The test administrator then launched the first 
subtest (Letter-Word Identification).10 The caregiver was asked to remain nearby 
and to allow the child to complete each subtest independently. 

In families with more than one participant, children completed the assess-
ments back-to-back.11 When all participants had finished, the test administra-
tor reminded the caregiver to package and return the electronic tablet and ter-
minated the video conference session. The test administrator contacted UPS to 
schedule prepaid pickup of the packaged tablet, usually for the following day. 
Each child who completed the assessments received a check for $50 as a token 
of appreciation after the electronic tablet was received at SRO. Blaise data were 
transferred to SRO using a secure file transfer protocol and removed from the 
test administrator’s laptop daily. SRO technical support staff recharged and san-
itized each electronic tablet and checked device settings before shipping the tab-
let to the next participating family.

Fieldwork occurred over three weeks beginning in the second week of Febru-
ary 2022. At the conclusion of fieldwork, raw data from the assessments were 
batch uploaded to the proprietary WJ-IV online scoring system with individual 
records distinguished by a unique numeric identifier. No personally identifying 
information was included in the upload. Calculated scores were returned from 
the scoring system in a comma-delimited text file.

8	 Delivery was also confirmed independently by the service provider.
9	 All caregivers provided consent to record. The recording captured the videoconferencing 

session as it appeared on the test administrator’s external monitor. Consent to record was 
not required to proceed with the test administration.

10	 Prior to launching the first subtest, the caregiver was also advised to provide the child 
with paper and pencil for use in the Applied Problems section, consistent with guidelines 
for in-person administration.

11	 In one family with three children, one child participated the day after the other two.
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Outcomes
In this section, we review the outcomes of the pilot study’s implementation. 
Overall, the study demonstrates the operational feasibility of video interview-
ing for standardized testing with school-aged children while providing some les-
sons to improve efficiency and ensure test fidelity. We assess outcomes using six 
sources of information: a debriefing with test administrators at the end of field-
work; test administrators’ responses to closed-ended survey questions about 
each test taker’s experience with each subtest; test administrators’ open-ended 
written comments in Blaise; a log of shipment and return dates for the electronic 
tablets; timing data from Blaise; and participants’ calculated WJ-IV scores.  

Technical Systems

Here we review the implementation of study design choices related to Blaise pro-
gramming, hardware configuration, cellular coverage, and videoconferencing 
format. Most worked as planned, with some caveats. 

The integrated laptop PC and external monitor allowed test administrators to 
observe test takers, monitor the screenshared presentation of subtest stimulus 
pages, and record test takers’ responses without toggling between screens. In 
the post-fieldwork debriefing, both test administrators noted that it was helpful 
to see the active test stimulus page on the external monitor while the test sub-
ject was also looking at it, in contrast to in-person administration with an easel, 
where the test stimulus page is visible only to the test taker. However, both also 
stated that additional training (beyond the four hours provided) on the hardware 
configuration and Zoom’s functionality before beginning fieldwork would have 
increased their familiarity and confidence.  

We use the test administrators’ debriefing and their open-ended comments 
to describe participating families’ experience with the videoconferencing appli-
cation. All caregivers successfully used the push notification on the electronic 
tablet’s pared-down home screen to join the videoconferencing session. No 
information is available about whether caregivers found the printed user guide 
sent in advance or the real-time guidance from the test administrator to be more 
helpful for getting started. It is important to note that caregivers and children in 
this relatively highly educated sample may have been familiar with push notifi-
cations and the Zoom interface.

Cellular data coverage on the tablets was mostly stable and reliable and pro-
vided clear communication. There were three instances of unstable or lost con-
nections (one each in a city, township, and rural area), but these were resolved 
and did not prevent completion of the assessments. Had connectivity issues per-
sisted, test administrators were trained to ask families to travel to another loca-
tion, such as a library or the home of a friend or family member, to complete the 
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assessment. However, it was never necessary for a family to travel to receive cel-
lular service for the study. Other studies wishing to implement a similar design 
should review service coverage in the areas where sample members reside and 
develop protocols for cases where service is unstable or unavailable. 

All caregivers were able to turn on the annotation feature at the beginning 
of the videoconferencing session. In open-ended comments provided after chil-
dren completed their subtests, the test administrator noted that in one family 
the caregiver helped younger children (aged 6 and 9 years) to use the annota-
tion function. No other observations of caregiver assistance related to children’s 
use of the annotation function were reported. However, the test administrator’s 
instruction to young children on how to use the feature added administration 
time. Children in the youngest age group (aged 5-8 years) were the most likely to 
respond to stimuli in the Letter-Word Identification subtest that required them 
to use the annotation function (e.g., to identify a letter of the alphabet), and chil-
dren in that age group needed about twice as much time to complete the subtest 
(M = 6.66 minutes) compared to test takers in middle childhood (aged 9-12 years, 
M = 3.33 minutes). The Passage Comprehension test also required early readers 
to point to their responses for some stimuli (e.g., to identify the shape repre-
sented by a printed word), resulting in longer administration times compared to 
the middle childhood group (M = 11.4 minutes in early childhood vs. 10 minutes 
in middle childhood; see Table 2).  

Test administrators offered two further recommendations based on their 
fieldwork observations. First, materials provided to participating families 
should include a stand to hold the tablet and instructions for the child to sit at a 
table while completing the subtests. In the pilot study, children held the tablet 
by hand. During the Applied Problems subtest, children frequently put the tab-
let down in order to solve problems. Because the test administrator could not see 
the child, it was not possible to know whether they were solving the problems by 
hand on their own. Second, Zoom features should be locked down. Test admin-
istrators observed that some children changed the name field or attempted to 
alter the annotation functionality. 

Hardware Durability and Shipment

Test administrators and project staff reported that the electronic tablet hard-
ware worked reliably in the field. All tablets were fully charged and operational 
and the screens intact when the devices were delivered to test takers’ house-
holds, and there was no reported damage when tablets were returned to SRO 
throughout fieldwork. No tablets were reported missing or stolen. 

All tablets shipped from SRO using UPS two-day delivery service reached 
recipients as scheduled one to two days before the scheduled appointment. Test 
administrators usually scheduled UPS to pick up the tablet for return the day 
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after the test administration was completed, and SRO logged receipt two to three 
days later. In one case, a test administrator drove to a participating family’s home 
to collect the tablet when it had not been picked up by UPS after several days. 
Upon receipt at SRO, tablets were processed for reuse and available for shipment 
to the next household one to two business days later. The interval between ship-
ments for a given tablet ranged from seven to 15 calendar days, with a median 
of 10 days. The log indicates that longer intervals occurred because of lags in 
scheduled appointments rather than delays in processing or shipping.

The smooth circulation of tablets between SRO and participating families 
likely benefited from high compliance in this small convenience sample. Partic-
ipants’ willingness to keep their scheduled appointments was another benefit. 
A request to reschedule after a shipment was already en route could have signifi-
cantly hampered the capacity to send tablets to other families in advance of their 
scheduled appointments. Yet because tablets were often tied up in shipment 
or at a participating family’s home until the time of a scheduled appointment, 
the study would have benefitted from having more than five tablets available 
even in this small sample. Overall, the pilot study achieved the basic objective 
of demonstrating the feasibility of the shipment and use of electronic tablets in 
a household-based study with child respondents. But significantly more testing 
is required to establish a system suitable for larger, more dispersed, and more 
population-representative samples.

Data Production

All testing was completed with children in their homes. Thirty-one children 
completed all subtests. One child (age 6 years) did not complete the Passage 
Comprehension subtest. 

Test administrators described all participants as cooperative, but children 
varied in their level of engagement with the subtests. Two children asked to skip 
some questions, and one child required frequent redirection to focus on the test 
stimuli. In one case, a caregiver tried to intervene to help the child answer a 
question, and in another the child turned to their caregiver for assistance. In 
both cases, the test administrator advised the caregiver to allow the child to 
answer each question on their own and reported no further interference. Test 
administrators described the effort to focus children’s attention and redirect 
caregivers during the video interview as no more challenging than what they 
had previously encountered during in-person administration of the same sub-
tests. 

It was not always possible to keep study participants separated from other 
family members during testing. Test administrators reported three instances of 
temporary distractions when family members passed through the room where 
children were completing the assessment and one instance where a parent was 
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speaking on the telephone in another room nearby. One related concern is that 
disruption and distraction could have negatively affected the results for the 
child being tested. Test administrators’ ability to monitor the child’s environ-
ment through the video connection allowed them to assess whether the condi-
tions made the test infeasible to administer, which never occurred. 

Another potential consequence is that children who were in line for the 
assessments may have seen or overheard portions of a subtest’s content and the 
test taker’s responses. In theory, there should be little associated risk. Children 
of different ages would be expected to complete different segments of each sub-
test, and test takers (and others around them) do not know whether they have 
provided a correct response. Still, based on this experience, we advise providing 
headphones or earbuds to test takers to prevent the test administrator’s instruc-
tion from being overheard and to block out background noise. A tradeoff is that 
such a strategy would require the child to remove the audio device should the 
test administrator and caregiver need to communicate during the test adminis-
tration. 

Test Performance

This pilot study was designed to assess whether video interviewing to admin-
ister the WJ-IV to children was operationally feasible rather than to establish 
mode equivalence compared to in-person administration. We present results 
from the WJ-IV subtests as descriptive. The key takeaways are that nearly all 
children completed all subtests (with the exception of one incomplete subtest 
noted above) without greater difficulty than during in-person administration 
and the distribution of test scores does not suggest systematic upward or down-
ward bias. We describe three outcomes indicative of test performance: time to 
subtest completion in minutes, proportion of respondents who had some or a lot 
of difficulty completing the subtest, and age-standardized scores (Table 2). All 
statistics are reported overall and by age group (5-8, 9-12, and 13-17 years). For 
comparison, we report weighted standardized scores and frequency of any test-
ing difficulty among same-age participants in the 2019 PSID Child Development 
Supplement (CDS). Timings for individual subtests in CDS were not available.
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Table 2 	 Standardized scores, time to completion in minutes, and proportion 
experiencing some or a lot of difficulty, WJ-IV Letter-Word 
Identification, Passage Comprehension, and Applied Problems, 
overall and by age group with comparison to the 2019 Panel Study of 
Income Dynamics Child Development Supplement (CDS)

Subtest Metric Data Overall
(N = 32)

5-8 years
(N = 9)

9-12 years
(N = 12)

13-17 years
(N = 11)

Mean (SD) or 
proportion

Mean (SD) or 
proportion

Mean (SD) or 
proportion

Mean (SD) or 
proportion

Letter-Word 
Identifica-
tion

Standardized 
score

Pilot 101.7
(13.7)

101.3
(13.8)

104.1
(12.2)

99.4
(15.9)

CDS 100.5
(15.9)

97.3
(18.2)

104.0
(15.4)

100.8
(14.8)

Time Pilot 3.9
(2.6)

6.7
(2.9)

3.3
(1.4)

2.2
(0.9)

Any  
difficulty

Pilot 0.09 0.11 0.17 0.00
CDS 0.49 0.58 0.43 0.38

Passage 
Comprehen-
sion

Standardized 
score

Pilot 97.2
(13.4)

100.5
(10.3)

99.1
(12.0)a

92.8
(16.4)

CDS 94.0
(13.9)

96.1
(14.5)

94.9
(14.0)

91.6
(12.8)

Timeb Pilot 9.8
(3.4)

11.4
(3.9)

10.0
(3.11)

8.2
(2.8)

Any  
difficulty

Pilot 0.47 0.67 0.42 0.36
CDS 0.63 0.75 0.64 0.54

Applied 
Problems

Standardized 
score

Pilot 98.6
(18.0)

99.6
(20.2)

96.5
(18.4)

100.0
(17.4)

CDS 99.0
(17.0)

96.4
(15.4)

100.5
(16.8)

99.3
(17.8)

Time Pilot 15.9
(4.5)

13.8
(5.5)

16.0
(3.6)

17.5
(4.1)

Any  
difficulty

Pilot 0.34 0.56 0.25 0.27
CDS 0.66 0.72 0.63 0.56

a N = 11 
b Excludes one outlier whose test administration was suspended overnight.
CDS estimates are survey-weighted to represent the population of US children. 
Time to module completion is not available for CDS. 

The median time to complete all of the assessments was 29.5 minutes, which 
is similar to in-person administration times in the CDS (Panel Study of Income 
Dynamics, 2022). The Letter-Word Identification was the shortest (3.9 minutes 
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overall), followed by Passage Comprehension (9.8 minutes)12 and Applied Prob-
lems (15.9 minutes). As noted above, the youngest children required more time 
than older children to complete the Letter-Word and Passage Comprehension 
assessments. Older children required the most time to complete the Applied 
Problems assessment. 

Test administrators reported in post-test observations whether a participant 
had no difficulty, some difficulty, or a lot of difficulty with each subtest. These 
reports are intended to assess the child’s evident cognitive burden when eval-
uating the test stimuli, but here the items might also have captured difficulty 
specific to the modality. Fewer than 10% of children had any difficulty with the 
Letter-Word Identification subtest, but nearly half had at least some difficulty 
with the Passage Comprehension subtest, and one-third had at least some diffi-
culty with the Applied Problems subtest. The youngest children (aged 5-8 years) 
had difficulty more often than their older peers on the latter two subtests, while 
children aged 9-12 years more often had trouble with the Letter-Word Identifica-
tion subtest (17%). The same age patterns were reported for these subtests when 
they were administered in person during the 2019 wave of CDS (Panel Study of 
Income Dynamics, 2022), but the frequency of reported difficulty overall was 
lower in the pilot study sample, perhaps reflecting its relatively educationally 
advantaged composition. 

For each subtest, the standardized score has an expected mean of 100 and a 
standard deviation of 15. Overall, the average score on the Letter-Word Identi-
fication subtest (101.7) is slightly higher than the expected mean, and the aver-
age scores on the Applied Problems (98.6) and Passage Comprehension (97.2) are 
slightly lower. The magnitude of difference compared to the expected values is 
consistent with those observed in CDS, and pilot study sample means were not 
significantly different from the expected mean in a series of one-sample hypoth-
esis tests (p < .05). The same pattern holds for each age group except for the Pas-
sage Comprehension subtest for adolescents age 13 years and older, where the 
sample mean (92.8) is about half of a standard deviation below the expected 
value. This relatively large difference may be attributable to chance, to unob-
served characteristics of the sample (N = 11), or to some interaction between the 
subtest content and the video format that disproportionately influenced scores 
on one subtest for one age group. It is worth noting that the sample mean of 
the standardized score on this subtest for same-age adolescents in CDS was 91.6 
(Table 2), suggesting that the lower-than-expected average performance on this 
subtest may be attributable to factors other than mode of administration.

12	 Statistics exclude one outlier case (age 9 years) for whom administration of the Passage 
Comprehension subtest was suspended overnight. 
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Conclusion
The purpose of the pilot study and the objective of this paper were to assess the 
operational feasibility of video interviewing to administer standardized achieve-
ment tests at home with school-aged children. This study represents the first 
step in a larger program of development and evaluation to inform the adoption 
of video interviews in large-scale survey research with US children and their 
families. 

We assessed four aspects of video administration. The first two were tech-
nical development and implementation of a secure screen-based interface for 
administering the standardized tests. This effort was largely successful. The 
integration of a laptop personal computer and external monitor allowed test 
administrators to observe the test taker’s environment, the test stimulus page, 
and the data collection instrument simultaneously. The annotation function was 
effective for children with early reading and vocabulary skills, but training in 
how to use that feature appeared to contribute substantially to test administra-
tion time. As an alternative, Riverside Insights, the publisher of the WJ-IV bat-
tery of tests, recommends using a mouse or trackpad for test takers to point to 
their responses. Future work could compare these approaches in terms of their 
intuitiveness and time requirements.

The use of the screen-based interface relies upon two other aspects of video 
interviewing that the pilot study assessed: development of a push notification 
to establish a stable, secure connection between the test administrator and the 
test taker and protocols to provide cellular-enabled electronic tablets to children 
in all participating families. The push notification worked as expected. The cel-
lular-enabled internet connection was mostly reliable, but some sessions were 
dropped due to lost connectivity. In each case, the test administration continued 
after the connection was re-established, but in a larger sample drawn by other 
means, participants may be unable or less willing to re-establish a lost connec-
tion. The availability of more reliable cellular coverage would improve continu-
ity. 

The third aspect was the protocols developed to manage the distribution of 
electronic tablets with a home-based sample. This poses a potential sticking 
point for scaling up. In many ways, the pilot study was a best-case scenario 
because the tablets had relatively little “down time.” They were either in ship-
ment, in processing for reuse, or in receipt at the test taker’s household for a short 
time before the scheduled appointment. Further, no tablets were lost, stolen, or 
damaged, so they all remained in circulation during the short study period. And 
yet the shipment log and SRO personnel reports suggest that it would have been 
helpful to have more tablets on hand. Managing similar logistics in a large-scale 
data collection effort may be untenable or prohibitively costly if the same pro-
tocol were established for all participants. However, the approach may be more 
feasible where video interviews are selectively offered as an option to a subset of 
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participants, such as those who are geographically isolated or strongly resistant 
to an in-person visit.

Finally, we considered the data production experience. Here we asked whether 
children as young as 5 years old would be able to focus on the test-taking task at 
home when they were engaged with a remote test administrator in a videocon-
ferencing session. Our conclusion is that they can. Although test administrators 
reported occasional background noise or disruption and described some chil-
dren as less engaged, their overall assessment was that children’s attention to the 
test and apparent ease or difficulty was comparable to what testers had observed 
during previous in-person administrations. Test administrators offered several 
suggestions to improve the data production experience: provide a stand for the 
electronic tablet so that the testing environment remains visible and children 
may use the tablet hands-free; provide earphones or earbuds to block out dis-
tractions and prevent other test takers from overhearing test content; lock down 
Zoom features to prevent manipulation; and increase training time and practice 
for test administrators who are new to the video interviewing format. 

An important caveat to these conclusions is that the pilot study was conducted 
with a small convenience sample of families recruited from the personal net-
works of study staff. These personal connections likely resulted in greater com-
pliance than would be observed in samples drawn by other methods. Further, 
caregivers in the convenience sample were highly educated compared to the 
general population. This may have contributed to caregivers’ and children’s ease 
with the technology used in this study and may not be generalizable to more 
population-representative samples. Finally, the small sample size limits the reli-
ability of our conclusions.  

Despite these limitations, the results of the current study suggest that video 
administration is a feasible and attractive alternative when in-person adminis-
tration is challenging due to high travel costs or in cases where respondents are 
hard to reach in-person but amenable to remote contact. Future work to estab-
lish mode equivalence compared to in-person administration and to identify 
the circumstances under which video administration is most cost-effective will 
further inform decision-making about the appropriate use of this innovative 
approach for standardized testing with children in survey research.
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Abstract
The integration of video interviewing in survey research is relatively new and may offer 
similar benefits as telehealth visits in mental health research. Methodological evalua-
tions of video interviewing are needed for large-scale surveys. Over 3,000 clinical in-
terviews were conducted by video and over 1,500 by phone for a national study of U.S. 
adults, the Mental and Substance Use Disorders Prevalence Study (MDPS). Sociodemo-
graphic differences were observed among those who completed a clinical interview by 
video compared to phone respondents. Higher prevalence rates of all disorders, with 
the exception of schizophrenia spectrum disorders, were found for video respondents. 
Higher prevalence rates of generalized anxiety disorder (video 16.2% vs. 14.1%, p < .05), 
bipolar 1 (2.1% vs. 0.7%, p < .05) and obsessive compulsive disorder (OCD; 3.1% vs. 1.5%, 
p < .05) were observed among those completing an interview by video compared to those 
interviewed by phone. Individual logistic regression models were calculated for each 
disorder adjusting for sociodemographic characteristics to assess the difference in prev-
alence rate by mode of interview. Respondents interviewed by video had higher odds of 
having bipolar 1 (OR = 2.96, 95% CI [1.42, 6.17]), OCD (OR = 2.16, 95% CI [1.20, 3.90])and 
having two or more mental health disorders (OR = 1.64, 95% CI [1.23, 2.19]) than those 
interviewed by phone after adjusting for sociodemographic characteristics. While fur-
ther investigation using experimental approaches is required, video interviewing may 
improve the ability to detect mental health conditions in large-scale survey research.

Keywords:	 video interviewing, mental health, prevalence, data collection, national survey, 
clinical interview
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Because the use of video interviewing is new to large-scale survey data collec-
tion, it lacks the methodical study and evaluation that has been applied to other 
modes of data collection. The COVID-19 pandemic changed video interviewing 
from an option to a necessity for many surveys. Survey researchers and meth-
odologists have used video interviewing as an alternative or supplement to in-
person interviewing (Anderson, 2008; Jeannis et al., 2013), but its successful use 
during the COVID-19 pandemic proved it to be a viable mode for collecting data 
while face-to-face interviewing was not an option (Joshi et al., 2020; McClain et 
al., 2021; Thunberg & Arnell, 2021). 

The Mental and Substance Use Disorders Prevalence Study (MDPS) is a 
national epidemiological survey of U.S. adults conducted between 2020 and 2022 
designed to estimate the prevalence of serious mental and substance use disor-
ders among adults in the United States. This study is the largest implementation 
of video interviewing in a national probability-based survey, as the pandemic 
started just a few months before data collection was scheduled to begin. Video 
interviewing was planned as an option, but it became the main mode for clinical 
interviews. 

In many ways, video interviewing mimics telehealth visits, which also 
increased during the pandemic and have continued to be widely used for medi-
cal visits (Shaver, 2022). Telehealth visits and assessments can be especially 
beneficial for health conditions in which a visual assessment is critical to the 
overall diagnosis, such as mental health assessments. Telehealth and video 
interviewing allow for the assessment of behaviors, physical appearance, and 
potential physical manifestations commonly exhibited with some mental health 
conditions. Examples include motor activity (psychomotor agitation), grooming 
(dishevelment), and affect (a limited affect is sometimes seen in individuals with 
schizophrenia). There is substantial evidence that such assessments, including 
the Structured Clinical Interview for the Diagnostic and Statistical Manual of Mental 
Disorders, Fifth Edition (SCID‐5®; First et al., 2015), a semi-structured clinical inter-
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view for psychiatric diagnosis, have equivalent reliability and diagnostic accu-
racy in video-mediated and in-person assessments (Chakrabarti, 2015). In addi-
tion, it has been found that assessment via videoconferencing is well accepted 
among patients with schizophrenia (Kasckow et al., 2014) and other psychoses 
(Sharp et al., 2011) as well as by members of hard-to-reach populations (Durrant 
& Hanson, 2023; Gray et al., 2020; Miller & Gibson, 2004; Schober et al., 2023). 
However, not all individuals are able to participate in a video interview. Some 
may not have a smartphone, tablet, or computer; others may not have internet 
access; and some may not understand how to use the technology required for a 
video-based interview.

In this paper, we compare outcomes from video and phone interviews con-
ducted in the MDPS, including differences in demographic characteristics and 
disorder-specific prevalence estimates for those completing a clinical interview 
by video. Due to the COVID-19 pandemic, close to seventy percent of clinical 
interviews were conducted by video and one-third by phone as in-person data 
collection was prohibited during much of the study period. Respondents were 
encouraged to participate in video-based interviews. However, for respondents 
who could not or would not participate in this mode, interviews were conducted 
by phone. Although a formal experiment was not conducted, the MDPS is the 
largest study to date to implement video interviewing in a national survey offer-
ing much needed information on the large-scale feasibility of this mode as well 
as a comparison of the demographic characteristics and the outcomes of interest 
attributed to video interviewing. 

Methods
Study Design

The MDPS recruited participants from national probability-based samples of 
households and prisons and from convenience samples of state psychiatric hos-
pitals and homeless shelters (Guyer et al., 2024; Ringeisen et al., 2023), the only 
probability-based study on serious mental health disorders that includes clini-
cal interviews nationally in the United States. Interviews were conducted with 
5,679 participants (4,764 household, 321 prison, 425 homeless shelter, 171 state 
psychiatric hospital); this paper concerns only the household data as other fac-
tors influenced the mode of interview within facilities. Data collection was con-
ducted from October 2020 to July 2022. The MDPS was funded by a grant from 
the Substance Abuse and Mental Health Services Administration, an agency 
of the U.S. Department of Health and Human Services. The study protocol and 
informed consent were reviewed and approved by an external Institutional 
Review Board external to the research organization and funding agency. The 
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study methodology and preliminary findings have been published previously 
(Bareis, et al., 2024; Chwastiak, et al., 2025; Gibbons, et al., 2024; Guyer et al., 
2024; Ringeisen et al., 2023), as well as the technical and qualitative outcomes 
associated with video interviewing (Jayaram et al., 2023b).

The MDPS employed a three-stage design. First, each household in a national 
probability sample of households was invited to complete a household roster. 
Next, up to two randomly chosen age-eligible residents in each household were 
invited to complete a mental health screener. Following the completion of the 
screener, respondents were categorized based on their likelihood of having a 
serious mental health disorder (e.g., schizophrenia spectrum disorder) and sam-
pled differentially to complete a clinical interview. Individuals at greater risk of 
disorders were oversampled as follows: 100% of individuals endorsing psychotic 
symptoms, 80% of individuals endorsing symptoms of another MDPS mental or 
substance use disorder, and 20% of all others. The goal of this approach was 
to increase the number of participants with the rarest disorders to improve the 
precision and accuracy of prevalence estimates for these disorders. A total of 
234,270 households were invited to complete the initial household roster and 
4,764 respondents completed a clinical interview. The household roster and the 
screener could be completed in person or by web, mail, or telephone. Approxi-
mately 61% of respondents completed the roster via web, and this substantial 
reliance on web completion likely aided the video interviewing mode for the 
third stage, the clinical interview. Mail did not provide a reasonable number of 
completed roster and screener surveys, but the other two modes did.

Interview Mode

Clinical interviews were conducted by video or phone. Clinical interviewers con-
tacted respondents selected for the clinical interview by email or phone (using 
an Interactive Intelligence Client Application on their laptop which masked their 
phone) and requested that they conduct the interview via video. Respondents 
who indicated they could not participate via video or would be more comfortable 
with a non-video interview were interviewed via phone (after the interviewer 
attempted to address technical or other issues raised by the respondent). Video 
interviews were conducted using Zoom. Clinical interviewers used a laptop and 
tablet computers to log into the scheduled Zoom meeting and conduct the video-
based personal interviews. Zoom was an ideal platform because respondents 
could join the interview session through a browser without needing to download 
an app. 

Before beginning the interview, the clinical interviewer identified a private 
location from which they could conduct the interview. This location was sepa-
rate from shared living or working areas so others could not overhear. Clinical 
interviewers were required to have a neutral background (i.e., free of political or 
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religious imagery and other personal items) to avoid biasing the respondent or 
making them uncomfortable. Clinical interviewers also asked the respondent to 
find a private location to complete the interview so they would feel comfortable 
answering the questions honestly and to protect confidentiality. Clinical inter-
viewers used their project tablet to launch and record the Zoom video and used 
the laptop to administer the clinical interview and record clinical notes. Respon-
dents could join using any device that had a camera, including a smartphone, 
tablet, laptop, or desktop computer. At the beginning of the interview, clini-
cal interviewers asked respondents for permission to record the interview. If a 
respondent did not give consent to record, the clinical interviewer stopped all 
recording but continued the interview. During the interview, the clinical inter-
viewer would occasionally screen-share showcards to display a list of response 
options. If the interview was completed via phone, the clinical interviewer would 
direct the respondent to the showcards emailed to them or to the project website 
where the showcards were available. 

Clinical Interview

The MDPS was designed to estimate the past-year prevalence of common and 
rare mental health disorders, including generalized anxiety disorder (GAD), 
major depressive disorder (MDD), obsessive compulsive disorder (OCD), post-
traumatic stress disorder (PTSD), anorexia nervosa, bipolar 1, and schizophre-
nia spectrum disorders (SSDs). The clinical interview consisted of basic demo-
graphic questions; the NetSCID, a computerized version of the MDPS SCID-5 
clinical interview (Brodey et al., 2016), questions on mental health treatment, 
an assessment of the severity of the disorder, and questions on the impact of the 
COVID-19 pandemic on mental health status and treatment. 

The SCID-5 (First et al., 2015) is designed to be delivered by trained clinicians 
(e.g., social workers, psychologists, psychiatrists) who are experienced with 
diagnostic interviewing and the fifth edition of the Diagnostic and Statistical 
Manual of Mental Disorders (DSM-5). Minimum qualifications for MDPS clinical 
interviewers included a graduate degree and training in a relevant field (e.g., 
psychology, psychiatry, social work) and clinical experience administering the 
SCID-5. All clinical interviewers and clinical supervisors completed extensive 
project training and certification. Clinical interviewers were trained to read the 
question on the laptop screen and to then view the respondent as they answered. 
Various quality control measures were conducted throughout data collection, 
including standardized reviews of recorded interviews, inter-rater reliability 
exercises with the clinical interviewers, and data quality checks. Quality control 
measures have been described elsewhere (Guyer et al., 2024; Ringeisen et al., 
2023).
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Statistical Analysis

Analyses were conducted to explore differences in demographic characteris-
tics and disorder-specific prevalence estimates by mode of interview. First, 
the demographic characteristics of those completing the clinical interview by 
video vs. phone were compared. Demographic characteristics were assessed 
and included age group, sex, race/ethnicity, education, region, and urbanicity. 
Next, the weighted prevalence estimate of each disorder was compared for those 
completing the interview by video vs. by phone. The methods for calculating 
the MDPS prevalence estimates have been described in detail elsewhere (Guyer 
et al., 2024; Ringeisen et al., 2023). Finally, separate logistic regression models 
were calculated for each mental health disorder, with the disorder of interest 
as the dependent variable (yes/no) and mode as the independent variable (video 
compared with phone) along with the demographic covariates. This allowed for 
comparisons of key disorder outcomes by mode, after controlling for any demo-
graphic differences. Descriptive statistics and chi-squared tests were conducted 
to explore the differences by mode in respondent demographic characteristics. 
Unweighted counts and weighted percentages are presented; analyses were 
weighted for the complex sample design. Odds ratios and 95% confidence inter-
vals (CIs) were calculated using logistic regression. All analyses were completed 
using SAS v9.4.

Results
Interview Mode and Mental Health Outcomes

The demographic characteristics for those who completed the clinical interview 
by phone and by video are shown in Table 1. Compared to those interviewed by 
phone, respondents who agreed to complete the interview by video were more 
likely to be younger (44 years or younger vs. 45 years or older), identify as non-
Hispanic White or Asian rather than Hispanic or non-Hispanic Black, have a col-
lege education, have a higher income ($75,000 or higher), and live in an urban 
area. 

Table 2 shows the disorder-specific prevalence estimates overall and by mode 
of interview. Higher prevalence estimates were found for those interviewed by 
video for all disorders except past-year and lifetime SSDs. Significantly higher 
prevalence rates of GAD (16.2% vs. 14.1%, p  <  .05), bipolar 1 (2.1% vs. 0.7%, 
p < .05), and OCD (3.1% vs. 1.5%, p < .05) were found among those completing a 
video interview compared to those interviewed by phone. Additionally, a 60% 
increase in the prevalence of having two or more MDPS mental health disorders 
was observed among those completing a video interview (9.3% vs. 5.8%, p < .001). 
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Table 1	 Sociodemographic characteristics, by mode of clinical interview

Respondent characteristics Video 
(n = 3,178)

Phone 
(n = 1,586)

N % N %

Age*
18–25 433 19.9 177 12.2
26–44 1,575 45.6 641 36.6
45–65 1,170 34.5 768 51.2

Sex
Male 1,200 48.6 604 49.4
Female 1,978 51.4 982 50.6

Race/ethnicity*
Hispanic or Latino 392 13.9 320 25.1
White, not Hispanic 2,189 65.2 897 51.6
Black or African American, not 
Hispanic 241 10.3 216 15.8
Asian, not Hispanic 197 5.8 65 2.3
American Indian or Alaska Native, 
not Hispanic

23 0.4 14 0.5

Native Hawaiian or other 
Pacific Islander, not Hispanic

5 0.2 5 0.1

Multi-racial, not Hispanic 129 4.2 69 4.6
Education*

Less than a high school diploma 67 6.5 121 16.1
High school degree or equivalent 314 20.7 332 35.2
Some college or associate’s degree 845 31.1 534 32.1
Bachelor’s degree 1,057 27.3 334 10.2
Post-college/professional degree 895 14.4 265 6.4

Urbanicity
Urban 2,768 84.1 1,324 79.0
Rural 410 15.9 262 21.0

Income*
Less than $20,000 350 9.7 369 24.6
$20,000–$49,999 620 23.6 385 24.4
$50,000–$74,999 510 13.0 219 14.7
$75,000–$99,999 433 12.0 158 7.4
$100,000–$149,999 508 15.5 154 7.5
$150,000 or more 600 19.0 156 8.6
Missing 157 7.2 145 12.8

Notes: *p < .001; all percentages are weighted for the complex sample design.
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Table 2	 Mental health disorder prevalence estimates, by mode

MDPS disorders (past-
year unless otherwise 
indicated)

All 
(n = 4,764)

Video 
(n = 3,178)

Phone 
(n = 1,586)

N % N % N % p-value

Mental health disorders

Schizophrenia or 
schizoaffective 
disorder 

73 1.2 32 0.9 41 1.6 .124

Schizophrenia or 
schizoaffective 
disorder (lifetime)

114 1.8 50 1.5 64 2.2 .265

Major depressive 
disorder 

1,213 15.4 846 16.2 367 14.1 .317

Generalized anxiety 
disorder 

855 10.0 623 11.3 232 8.0 .042

Bipolar 1 127 1.5 91 2.1 36 0.7 .024
Posttraumatic stress 
disorder

320 4.0 218 4.4 102 3.4 .326

Obsessive compulsive 
disorder

209 2.5 154 3.1 55 1.5 .026

Anorexia nervosa 15 0.1 11 0.2 4 0.1 .168
Any MDPS mental 
health disorder

1,884 24.9 1,293 26.7 591 22.3 .096

Two or more MDPS 
mental health 
disorders

731 7.9 525 9.3 206 5.8 <.001

Notes: All percentages are weighted for the complex sample design. 

Disorder-specific odds ratios were calculated to further explore the difference in 
prevalence estimates by mode of interview (Table 3). After adjusting for demo-
graphic characteristics, those who completed an interview by video (vs. phone) 
had significantly higher odds of meeting criteria for bipolar 1 (Odds ratio (OR) = 
2.96, 95% CI [1.42, 6.17]) and of meeting criteria for OCD (OR = 2.16; 95% CI [1.20, 
3.90]). Additionally, those completing an interview by video were significantly 
more likely to meet criteria for two or more MDPS mental health disorders than 
those interviewed by phone, after adjusting for demographic characteristics (OR 
= 1.64; 95% CI [1.23, 2.19]). Appendix Table 1 provides the full set of outcomes for 
each disorder-specific logistic regression model including the odds ratios for the 
sociodemographic characteristics included in each model.
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Table 3	 Association of interview mode with each MDPS mental health 
disorder

Mental health disorder model
(past-year unless otherwise indicated)

Adjusted 
odds 

ratios*

Lower CI 
limit

Upper CI 
limit

p-value

Schizophrenia spectrum disorders 
(SSDs)

0.80 0.31 2.06 .642

SSDs (lifetime) 1.07 0.48 2.39 .868
Major depressive disorder (MDD) 1.03 0.75 1.40 .876
Generalized anxiety disorder (GAD) 1.17 0.84 1.65 .350
Bipolar 1 2.96 1.42 6.17 .004
Posttraumatic stress disorder (PTSD) 1.35 0.82 2.23 .232
Obsessive compulsive disorder (OCD) 2.16 1.20 3.90 .011
Any MDPS mental health disorder 1.12 0.85 1.47 .418
Two or more MDPS mental health 
disorders

1.64 1.23 2.19 .001

Notes: CI = confidence interval.	
* Odds ratios for each health disorder-specific model were adjusted for age group, sex, race/
ethnicity, education, income, region, and urbanicity. Odds ratios are shown for video inter-
viewing mode with phone mode as the reference category. Higher odds ratios indicate in-
creased likelihood of participating in video interview.

Respondent and Interviewer Experience in Video Interviews

Additionally, clinical interviewers provided positive feedback about video inter-
views, with approximately 81% reporting that the functionality of the video 
interviewing process was excellent, 91% of respondents did not have technical 
difficulties with Zoom, and 93% did not get disconnected during the interview. 
Clinical interviewers also indicated that 91% of the interviews had very good/
good visual quality and visual observations were used in making diagnoses in 
about 71% of cases where the respondent had at least one mental health disorder. 
Respondent feedback on video interviewing was positive as well; 90% of video 
respondents indicated they were comfortable completing the interview by video 
(which was comparable with other modes), and 94% indicated they were very 
comfortable or comfortable using Zoom. Similar positive feedback was found 
in studies conducted by the Australian Bureau of Statistics (Phillips et al., 2023). 

Discussion
The MDPS experience provides the opportunity to better understand the poten-
tial differences the relatively new mode of video interviewing may introduce. 
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MDPS respondents interviewed by video tended to be younger, identify as a non-
minority race/ethnicity, and have higher levels of education and income than 
those interviewed by phone. Significantly higher prevalence estimates of GAD, 
bipolar 1, OCD, and two or more MDPS mental health disorders were found in 
those interviewed by video compared to those interviewed by phone. To account 
for differences in the non-random assignment to mode, estimates were exam-
ined after adjusting for the sociodemographic characteristics: higher rates of 
these disorders remained significant among those interviewed by video with the 
exception of GAD. Respondents interviewed by video were almost 3 times more 
likely to meet criteria for bipolar 1, more than twice as likely to meet criteria 
for OCD, and almost 2 times more likely to meet criteria for two or more MDPS 
mental health disorders than those interviewed by phone. Consequently, differ-
ences by mode found in our study are not simply an artifact of the differences in 
sample composition between modes. The video mode likely helps with identifi-
cation of serious mental illnesses as interviewers are able to observe the respon-
dent’s behavior, compared to telephone. Finding higher rates of diagnoses in the 
video mode after controlling for demographic characteristics helps to support 
this finding. However, this was not an experimental design and it is possible 
that those who are interviewed by telephone are also less likely to have serious 
mental illnesses.

Video interviewing enabled clinical interviewers to assess the behaviors, 
physical appearance, and potential physical manifestations commonly exhib-
ited with some of the disorders of interest. It was initially planned to detect typi-
cal symptoms of SSDs that can be observed visually by trained clinicians and to 
accommodate potential respondents with paranoia, which is another common 
symptom among those with SSDs. However, the odds of meeting the criteria for 
SSD were no higher in video than phone interviews. Nonetheless, the odds of 
meeting the diagnostic criteria were higher for those who completed an inter-
view by video for disorders whose detection was not thought, a priori, to rely on 
visual observation. Although this finding may be somewhat surprising from a 
clinical observation perspective, it is not surprising when comparing interviews 
in which the interviewer can see the respondent’s face (i.e., video) to phone inter-
views. Highly skilled and extensively trained interviewers observed (and took 
into account) respondent behaviors during the average 77-minute video-based 
clinical interview that were helpful in making these diagnoses (e.g., rearrang-
ing objects to ensure a specific order or symmetry, restlessness). It could also 
be that video interviewing enabled development of a stronger rapport between 
respondent and interviewer, which could have resulted in the respondent feel-
ing more comfortable disclosing information. Video interviewing appears to be 
most beneficial in detecting the less impairing mood and mania disorders com-
pared to SSDs.
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The inclusion of the telephone mode helped to bring in more respondents 
from underrepresented groups than the video mode: Hispanic, non-Hispanic 
Black respondents, those with a high school education or less, and those with 
lower income. However, if the lower prevalence rates in the telephone mode are 
the result of lower levels of rapport between interviewers and respondents and 
because the telephone interviewers cannot observe respondents visually, then 
including the phone interview data in the overall prevalence estimates may 
introduce measurement error despite its reducing nonresponse bias among cer-
tain subgroups. This is a tradeoff researchers will have to navigate.

A warranted concern with video interviewing is whether some respondents 
are less likely to participate, increasing coverage error for some subgroups: 
this mode requires internet access, a video-capable device, willingness to par-
ticipate in a video interview, and a private location. Such mode differences in 
coverage could introduce bias into the estimates. We found that those who com-
pleted the clinical interview by video were more likely to be younger, to be non-
Hispanic White or Asian, and to have a higher socioeconomic status (education 
and income). These differences were statistically significant, whereas signifi-
cant differences were not observed by sex or urbanicity. Dulaney et al. (2023) 
reported similar findings among video respondents for the Medical Expendi-
ture Panel Survey: video respondents tended to be younger, college educated, 
female and White. Higher response to video-based interviewing compared to 
in-person interviewing among those with higher socioeconomic status has also 
been observed on the European Social Survey (Hanson et al., 2023; Martin & 
Fradier, 2023; Thórólfsson et al., 2023). These analyses highlight the importance 
of considering under-representation when video is the only mode offered. Addi-
tionally, these analyses highlight the benefits of offering another mode, such as 
phone, to improve representation and coverage.

Data quality is an important consideration when introducing a new mode of 
data collection. Previous studies have reported that video interviewing has posi-
tively affected—or at least has not harmed—data quality compared to in-person 
interviews, possibly due to the opportunity for the respondent to develop a simi-
lar level of rapport with the interviewer in both interview modes (Sanchez et al., 
2023; Sun et al., 2021). In comparison of the quality of video interviews and in-
person interviews, Kelley et al. (2023) found no strong evidence of measurement 
effects introduced by video. But comparisons of data quality between video 
interviews and data collection in other modes are relatively rare. One relevant 
study was conducted by Conrad et al. (2023) who compared Live Video Interview-
ing to Web Surveys and Prerecorded Video interviews. They reported that Live 
Video interviewing produced higher quality in some areas (e.g., less non-differ-
entiation) but lower data quality in other areas (e.g., more rounded numerical 
responding, more socially desirable responding, i.e., fewer sensitive responses). 
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The MDPS was designed as a pilot, or feasibility study, to determine national 
prevalence estimates of serious mental health and substance use disorders 
among U.S. adults. Many novel aspects of the study are true strengths, especially 
its use of video interviewing: a national sample of households were included in 
the study, providing a broad range of generalizable findings; video interviewing 
provided increased scheduling flexibility for both interviewers and respondents; 
and video interviewing allowed the study to be conducted during the COVID-19 
pandemic rather than halting all data collection efforts. However, there are sev-
eral limitations of this study as a vehicle for studying and evaluating video inter-
viewing. First, the MDPS was not designed to evaluate mode differences at any 
stage, specifically not for a comparison of clinical interviews conducted by video 
with those conducted by phone. Respondents were not randomly assigned to the 
two modes which led to differently composed samples in the two modes. Second, 
the MDPS was conducted during the COVID-19 pandemic, which likely influ-
enced study outcomes. For example, had in-person data collection been avail-
able, fewer sample members might have elected to participate in video inter-
views. Finally, video interviewing as an interview mode was available only to 
households with internet access, those with access to a phone or computer, and 
those who were comfortable using the video software. Sample members without 
these characteristics could well have exhibited mental health and substance use 
disorders at different rates than those who were able to participate by video. 

Video interviewing offers many of the benefits of in-person interviewing, 
such as respondents developing rapport with the interviewer and enabling inter-
viewers to incorporate a visual appraisal of the respondent and their surround-
ings into their clinical assessment, at a lower cost than with in-person observa-
tion. The substantial increase in video interviewing during the pandemic led to 
rapid integration with little time for thorough investigation of the mode differ-
ences prior to beginning data collection. However, many lessons were rapidly 
learned. Although video interviewing was conducted successfully on the MDPS, 
our results highlight the need for controlled experiments to estimate any mode 
effects due to video interviewing. Further investigations of the impact of video 
interviewing on participation, data quality, and estimates of substantive out-
comes will help inform researchers’ choice of data collection mode when the 
options include video interviewing. 
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Appendix 

Table 1	 Video interviewing and mental health disorders with adjustment by sociodemographic characteristics: Results of independent multivariate logistic regression models 
with the disorder of interest as the outcome variable

Variable and levels SSD SSD-lifetime MDD GAD Bipolar 1 PTSD OCD Any Two or more

Mode: Video 0.80 
[0.31, 2.06]

1.07 
[0.48, 2.39]

1.03 
[0.75, 1.40]

1.17 
[0.84, 1.65]

2.96 
[1.42, 6.17]

1.35 
[0.82, 2.23]

2.16 
[1.20, 3.90]

1.12 
[0.85, 1.47]

1.64 
[1.23, 2.19]

Age: 18–25 0.79  
[0.19, 3.35]

0.95 
[0.31, 2.87]

2.34 
[1.47, 3.73]

3.67 
[1.99, 6.79]

3.25 
[1.56, 6.75]

2.61 
[1.05, 6.50]

4.76 
[2.46, 9.22]

3.22 
[2.01, 5.13]

3.54 
[2.37, 5.28]

Age: 26–44 1.72 
[0.72, 4.10]

1.54 
[0.75, 3.19]

1.87 
[1.36, 2.57]

1.70 
[1.25, 2.32]

1.26 
[0.63, 2.54]

3.52 
[2.24, 5.53]

2.55 
[1.37, 4.76]

2.01 
[1.53, 2.65]

2.02 
[1.52, 2.69]

Sex: Male 1.78 
[0.84, 3.76]

1.33 
[0.72, 2.46]

0.65 
[0.50, 0.84]

0.52 
[0.38, 0.73]

0.78 
[0.39, 1.58]

0.59 
[0.32, 1.09]

0.66 
[0.40, 1.09]

0.65 
[0.51, 0.83]

0.56 
[0.40, 0.80]

R/E: Hispanic 0.30 
[0.09, 1.05]

0.46 
[0.20, 1.07]

0.59 
[0.37, 0.94]

0.53 
[0.39, 0.72]

0.43 
[0.14, 1.28]

0.52 
[0.27, 0.97]

0.97 
[0.49, 1.92]

0.49 
[0.34, 0.70]

0.72 
[0.44, 1.19]

R/E: Not Hispanic (NH) Black 1.13 
[0.38, 3.37]

2.43 
[0.71, 8.27]

0.73 
[0.44, 1.21]

0.88 
[0.50, 1.55]

1.46 
[0.34, 6.20]

0.68 
[0.30, 1.55]

1.20 
[0.47, 3.07]

0.96 
[0.61, 1.51]

1.08 
[0.55, 2.10]

R/E: NH Multiple 3.20 
[0.92, 11.10]

4.04 
[1.30, 12.60]

1.20 
[0.72, 2.00]

1.99 
[0.93, 4.22]

0.08 
[0.02, 0.39]

0.79 
[0.33, 1.87]

2.44 
[1.07, 5.59]

1.79 
[1.10, 2.89]

1.90 
[0.91, 3.98]

R/E: NH Asian, American Indian/ 
Alaska Native or Native Hawaiian/
Other Pacific Islander

3.96 
[0.67, 23.50]

2.98 
[0.46, 19.41]

0.82 
[0.44, 1.53]

0.62 
[0.30, 1.28]

0.30 
[0.08, 1.08]

0.22 
[0.10, 0.49]

0.51 
[0.18, 1.50]

0.85 
[0.48, 1.51]

0.37 
[0.18, 0.75]

Education: Less than High School 
(HS)

12.65
 [2.94, 54.39]

5.27 
[1.64, 16.95]

0.71 
[0.36, 1.40]

0.55 
[0.26, 1.16]

0.14 
[0.02, 0.83]

1.67 
[0.47, 5.96]

2.76 
[1.07, 7.13]

0.70 
[0.41, 1.20]

1.16 
[0.58, 2.33]

Education: HS or equivalent 14.39 
 [4.54, 45.60]

10.10 
 [3.75, 27.22]

1.13 
[0.72, 1.77]

0.45 
[0.23, 0.90]

0.53 
[0.22, 1.29]

1.71 
[0.77, 3.79]

0.88 
[0.36, 2.16]

0.77 
[0.48, 1.23]

1.06 
[0.63, 1.76]

Education: Some college or  
Associate

8.24 
[3.60, 18.86]

5.78 
[2.76, 12.09]

1.12 
[0.77, 1.63]

0.77 
[0.51, 1.15]

2.88 
[0.95, 8.78]

2.27 
[1.21, 4.26]

1.36 
[0.82, 2.26]

0.98 
[0.70, 1.38]

1.57 
[0.97, 2.54]

INCOME_C4:1 = Less than $50,000 8.08 
[2.12, 30.83]

9.05 
[3.20, 25.59]

1.58 
[1.05, 2.39]

2.03 
[1.25, 3.29]

5.24 
[2.36, 11.62]

2.41 
[1.13, 5.12]

1.18 
[0.54, 2.58]

2.39 
[1.62, 3.52]

1.94 
[1.25, 3.01]

INCOME_C4:2 = $50,000-$99,999 4.34 
[0.78, 24.10]

4.62 
[1.23, 17.32]

1.57 
[1.00, 2.45]

1.47 
[0.99, 2.18]

1.47 
[0.63, 3.41]

1.47 
[0.78, 2.76]

0.89 
[0.43, 1.83]

1.68 
[1.15, 2.45]

1.42 
[0.95, 2.12]

INCOME_C4:4 = Missing 12.99 
 [2.45, 68.80]

13.57 
 [3.71, 49.65]

1.43 
[0.78, 2.64]

1.44 
[0.75, 2.77]

2.82 
[0.95, 8.36]

0.71 
[0.27, 1.83]

2.66 
[1.11, 6.37]

1.97 
[1.17, 3.32]

1.72 
[0.87, 3.40]

REGION:1 = Midwest 1.07 
[0.39, 2.92]

0.53 
[0.18, 1.55]

1.11 
[0.76, 1.63]

1.27 
[0.80, 2.02]

1.42 
[0.54, 3.73]

0.97 
[0.40, 2.35]

0.89 
[0.47, 1.68]

0.91 
[0.62, 1.34]

1.31 
[0.81, 2.14]

REGION:2 = Northeast 0.78 
[0.18, 3.45]

0.30 
[0.05, 1.70]

1.16 
[0.74, 1.81]

1.06 
[0.69, 1.61]

0.94 
[0.32, 2.77]

0.74 
[0.35, 1.60]

0.72 
[0.34, 1.54]

0.93 
[0.63, 1.37]

1.05 
[0.67, 1.64]

REGION:3 = South 1.36 
[0.46, 3.95]

0.57 
[0.17, 1.90]

1.09 
[0.72, 1.66]

1.23 
[0.86, 1.77]

2.22 
[0.78, 6.32]

1.20 
[0.48, 2.96]

1.34 
[0.76, 2.38]

1.04 
[0.73, 1.49]

1.37 
[0.90, 2.09]

Urban: Urban 0.86 
[0.22, 3.27]

0.96 
[0.31, 3.03]

1.46 
[1.00, 2.14]

0.69 
[0.37, 1.26]

0.70 
[0.27, 1.82]

0.71 
[0.31, 1.65]

0.66 
[0.32, 1.35]

0.90 
[0.57, 1.42]

0.83 
[0.53, 1.28]

Notes: SSD = Schizophrenia spectrum disorder; MDD = major depressive disorder; GAD = generalized anxiety disorder; PTSD = posttraumatic stress disorder; OCD = obsessive-compulsive disorder; R/E: race/	  
ethnicity; NH: Non Hispanic.	  
Reference groups: mode = phone, age = 45–65, sex = female, race/ethnicity = NH White, education = Bachelor’s degree or higher, income > $100,000, region = west, urbanicity = rural; Bold: p < .01
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Abstract
The studies reported here explore how the “self-view” window (a live video feed of one-
self) affects live video survey respondents’ likelihood of disclosing sensitive informa-
tion and their feelings about the interview. In Study 1 (2012), 124 laboratory respondents 
answered sensitive and nonsensitive questions taken from US government and social 
scientific surveys over Skype, either with or without a self-view window. Respondents 
randomly assigned to having a self-view disclosed no less sensitive information than 
those without a self-view, and on a few questions, they disclosed more (more frequent 
alcohol use and more sex partners). Self-view respondents also perceived the interview 
as less sensitive, and they reported less copresence with the interviewer, reduced self-
consciousness, and greater comfort answering many of the sensitive questions. Study 
2 (2017) replicates these findings in a second sample of 133 respondents by (a) tracking 
where video survey respondents look on the screen—at the interviewer, at the self-view, 
or elsewhere—while answering the same survey questions and (b) examining how gaze 
location and duration differ for sensitive vs. nonsensitive questions and for more and 
less socially desirable answers. Findings include that self-view respondents looked less 
at the self-view while answering sensitive (vs. nonsensitive) questions, and that respon-
dents who looked more at the self-view window reported feeling less self-conscious and 
less worried about how they presented to the interviewer. Results demonstrate that the 
self-view can change respondents’ experience and where they look during a video in-
terview. They also document, for the first time in video surveys, surprising individual 
variability in looking at the self-view, with some respondents never once looking and 
others looking at their self-view as much as 50% of the time. Attending to how self-view 
and respondents’ choices (e.g., turning it on or off) affect respondent experience and 
data quality will be important as live video surveys are increasingly deployed.

Keywords: live video interviews, self-view, survey methodology, gaze, interviewing, disclosure
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As live video is tested in the field as a plausible mode for conducting surveys on a 
range of topics in different populations (Centeno et al., 2023; Hanson et al., 2023; 
Neiger et al., 2023; Sanchez et al., 2023; Thórólfsson et al., 2023; Zavala-Rojas et 
al., 2023), more needs to be understood about how the particular features of video 
will affect survey data quality and respondent experience relative to other survey 
modes. Thus far, the emerging evidence from studies that randomly assign par-
ticipants to video surveys or to other modes (Conrad et al., 2023; Endres & Hill-
ygus, 2023) suggests that across several measures of data quality video surveys 
can elicit responses comparable in quality (for good and ill) to those elicited in 
in-person interviews, and different from those elicited in self-administered inter-
views. For example, respondents randomly assigned to live video interviewing 
differentiate their responses in a series of questions that use the same response 
scale—presumably reflecting more thoughtful responding and better data qual-
ity—more than respondents in web surveys (Conrad et al., 2023; Endres et al., 
2023), and at similar levels to respondents in in-person interviews (Endres et al., 
2023). But live video respondents disclose less sensitive information—presum-
ably reflecting social desirability bias and poorer data quality—than respondents 
in a web survey (Conrad et al., 2023; Endres et al., 2023), and at similar levels to 
respondents in in-person interviews (Endres et al., 2023).1

The evidence thus far is based on particular implementations of live video 
surveys, in studies using particular video platforms that bring their own fea-
tures and options and that may connect more or less well with different poten-
tial respondent populations depending on the devices they are optimized for 
(Schober et al., 2020). But even within particular platforms (e.g., Zoom, Teams, 
FaceTime, WhatsApp, Skype) there are options for how a video interview is 

1	 Self-administered “prerecorded video” interviews, in which respondents play video of a 
recorded interviewer asking the questions before entering responses, seem to provide a 
different mix of the benefits and drawbacks of live video–more disclosure and less round-
ing of numerical information, but also more nondifferentiation (Conrad et al., 2023).
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deployed that have the potential to affect data quality and respondent experi-
ence, for example whether and when the interviewer’s or the respondent’s cam-
era is on or off, where the interviewer’s face appears on the respondent’s device’s 
screen, whether screen sharing or an attention-competing chat feature is used, 
and whether the respondent can see their self-view image during the interview 
or not. The current study focuses on effects of one of these features: the pres-
ence or absence of the respondent’s self-view during a video survey interview, 
and in particular an interview that includes sensitive questions.

How might seeing oneself affect respondents’ experience and data quality in 
a standardized video survey interview? To our knowledge, there is no direct evi-
dence to date. The evidence on how video self-view can affect people’s behavior 
and their feelings in other domains of interaction suggest that the effects may 
differ in different task contexts and for different populations, just as positive and 
negative effects of video interaction more generally may differ across contexts 
and tasks (see Seitz et al., 2024). For example, in one study (Shockley et al., 2021) 
employees of a US corporation reported more fatigue and less engagement during 
group video meetings when their camera was required to be on (likely entailing 
a self-view). In contrast, in another study (Abramova et al., 2021) Western Euro-
pean workers who self-reported looking at themselves more while speaking dur-
ing video work meetings reported greater satisfaction with the meeting process 
and enjoying video meetings more than those who looked at themselves less, 
although those who reported looking at themselves more while listening reported 
less satisfaction with the meeting process. In an educational context, university 
undergraduates in one study who had a self-view, playing the roles of boss and 
employee in a disciplinary workplace conversation, evaluated their own perfor-
mance in the conversation and the outcome more negatively than those who did 
not have a self-view (Shin et al., 2022); yet US undergraduates learning from a 
Zoom psychology lecture in another study who saw themselves during the lecture 
performed as well on a quiz as those who did not (Austin et al., 2022). 

Potential mechanisms underlying self-view effects on behavior and feelings 
in other contexts include that a self-view increases self-focus or self-awareness, 
much as a mirror in in-person situations does (Carver & Scheier, 1978). Increased 
private self-awareness has been demonstrated in video conversations where 
strangers asked each other scripted questions about non-sensitive matters (e.g., 
“What do you like to eat on your pizza?”): participants with a self-view scored 
higher on a self-awareness scale than those with no self-view (Miller et al., 2017). 
The self-view can also provide an ongoing reminder that others can see you right 
now—what has been called public self-awareness—which also can increase self-
focus (Carver & Scheier, 1978). On the negative end, this may lead to a greater 
sensitivity to potential or actual negative evaluation (Fenigstein, 1979), as well 
as to self-consciousness about one’s appearance or “appearance anxiety” (Tien 
et al., 2023). The self-view, as additional visual input not ordinarily experienced 
in in-person interaction, may also contribute to the “nonverbal overload” that 
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has been argued to lead to video fatigue more generally (Bailenson, 2021). On the 
positive end, people with the increased private self-awareness that a self-view 
brings may have better access to their own physical and emotional states (Join-
son, 2001), potentially leading to their feeling less defensive. They may also be 
more comfortable knowing that the video connection is working, and that they 
look okay, than non-self-view respondents. 

 To complicate matters, the desirability or aversiveness of self-view may also 
vary across individuals, plausibly depending on their ongoing or trait levels of 
public self-consciousness (Kuhn, 2022) and the extent to which they generally 
“self-objectify” (Pfund et al., 2020). In one study, open-ended descriptions by col-
lege-age business students of their reactions to self-view in the video classroom 
(Kuhn, 2022) ranged from people disliking seeing their face during a class and 
finding it distracting to liking seeing themselves. In another study (Balogova & 
Brumby, 2022) many online participants reported not minding a self-view at all, 
but some reported that it made them feel somewhat or very uncomfortable and 
that they find the self-view somewhat or very distracting.

How might these self-view effects and proposed mechanisms apply in stan-
dardized video survey interviews? While it is plausible that video interlocutors’ 
goals and behaviors in video survey interviews may overlap in some ways with 
what they feel and do in other video contexts, the video survey interviewing situ-
ation is distinct in several ways: respondents do not typically initiate the interac-
tion, which is intended to elicit information from the respondent (different than 
situations in which a participant is seeking information, see Schober et al., 2003); 
an interviewer follows a standardized script that can include sensitive or threat-
ening questions; the interaction is typically dyadic as opposed to in a group, etc. 
This suggests that the mechanisms that have been proposed to account for nega-
tive and positive effects of self-view in other contexts could well be relevant to 
the specific situation of participating in a standardized survey interview that 
includes sensitive questions—but not necessarily. 

In the studies presented here, we experimentally measure the effects of a self-
view on survey respondents’ disclosure of sensitive information (their responses 
to questions about survey questions that are likely to be sensitive or threaten-
ing), their reported post-interview comfort answering the questions, and their 
feelings of connection with the interviewer. We compare survey responses and 
comfort for respondents randomly assigned to participate in an interview with a 
self-view to those assigned to participate in an interview with no self-view. Based 
on evidence and theorizing in other contexts of video use that self-view and its 
concomitant increased self-awareness may be harmful or helpful, we test com-
peting hypotheses:

Hypothesis 1.1: Self-view respondents will disclose less sensitive information and 
report feeling less comfortable answering sensitive questions than respondents with 
no self-view. This effect should be observed if a greater proportion of self-view 
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respondents feel a need to present themselves in a positive light than non-self-
view respondents, whether because of greater private self-awareness or greater 
self-consciousness about their appearance or both.

Hypothesis 1.2: Self-view respondents will disclose more sensitive information and 
report feeling more comfortable answering sensitive questions than non-self-view 
respondents. This effect should be observed if respondents with greater self-
awareness from having a self-view have better access to their internal states 
than non-self-view respondents, as well as if the self-view leads more respon-
dents to feel comfortable knowing that the connection is working and that they 
look okay.

Study 1
Respondents

Respondents were recruited from a Craigslist New York ad and offered a $20 
cash incentive to participate in a laboratory study. Of the 124 participants, 60 
were randomly assigned to the self-view condition (respondents could see them-
selves and the interviewer) and 64 to the no-self-view (respondents could only see 
the interviewer) condition. (See Figure 1 for interface examples.) As one would 
expect with random assignment to conditions, respondents in the two groups 
did not differ in age (averaging 37.4 years (SD = 13.7) in the self-view group and 
33.5 (SD = 10.4) in the no self-view group, F(1, 123) = 3.13, n.s.), sex (χ² (1, N = 124) = 
.99, n.s.), level of education (χ² (3, N = 124) = 5.35, n.s.) or racial / ethnic identities 
(χ² (5, N = 124) = 6.44, n.s.). See Table 1 for details.

Figure 1	� Respondent’s view of interviewer with self-view window (top) and 
without self-view window (bottom)
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Respondents were also asked to provide details about their computer use: to esti-
mate how often (if ever) they used text-based and video-based chat programs 
(e.g., gChat, Skype), on a scale from never to multiple times a day, and to rate how 
comfortable they were using video chat programs, from ʻnot at all’ to ʻextremely.’ 
Analysis of variance showed no reliable differences between the conditions for 
any of these measures, Fs = n.s.

Table 1	 Demographic characteristics of respondents in Study 1 and Study 2, 
as self-reported at the end of the questionnaire

Characteristic

Study 1
Self-view 
(N = 64)

Study 1
No self-view 
(N = 60)

Study 2
Self-view 
(N = 66)

Study 2 
No self-view 
(N = 67) 

n % n % n % n %

Sex
Male 23 35.9 22 36.7 38 55.6 30 44.8
Female 41 64.1 28 63.3 27 40.9 35 52.2

Level of education
Some high school (no 
degree)

0 0 0 0 2 3.0 0 0

High school diploma / GED 2 3.1 7 11.7 9 13.6 12 17.9
Some college or 
Associate’s degree

21 32.8 23 38.3 22 33.4 25 37.3

Bachelor’s degree 32 50.0 23 28.3 27 40.9 19 28.4
Graduate 9 14.1 7 11.7 6 9.1 11 16.4

Race / Ethnicity
White 22 34.4 19 31.7 20 30.8 20 30.3
Black / African-American 26 40.6 19 31.7 25 38.5 32 48.5
Asian 5 7.8 11 18.3 8 12.3 8 12.2
Hispanic / Latino 5 7.8 7 11.7 8 12.3 4 6.1
Multiracial 4 6.3 2 3.3 3 4.6 2 3.0
Other 1 1.6 1 1.7 1 1.5 0 0

Notes: For Study 1, M = 35.5 (SD = 12.3) for age. For Study 2, M = 40.6 (SD = 13.6) for age. For 
Study 2, 3 respondents did not report their sex. 

Interviewers

The five interviewers, all of whom identified as female, were doctoral candidates 
in clinical psychology with notable interviewing experience in clinical settings. 
The interviewers were trained in standardized survey interviewing protocols, 
based on Fowler and Mangione’s (1990) guidelines. Interviewers, who were blind 
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to the study hypotheses and to the fact that some respondents assigned to them 
had a self-view and others did not, each conducted between 18 and 28 interviews 
(interviewing approximately 12 respondents in each condition). Each interview 
took approximately 15 minutes, ranging from 12–19 minutes. Interviewers con-
ducted the interview in a separate room from the respondents, who did not know 
that the interviewer was in the same building; the interviewers used a laptop 
with a computer-assisted interviewing (CAI) interface (in Qualtrics) and a Skype 
window to enter the respondents’ spoken responses on their laptop. 

Survey Questions 

The 43 survey interview questions, also used in Lind et al. (2013), ask about 
health and fitness, sexual health and behaviors, alcohol use, personal finances 
and political activism. The questions were selected from US government and 
social scientific surveys: the General Social Survey (GSS), Survey of Consumer 
Finances (SCF) and Behavioral Risk Factor Surveillance System (BRFSS). These 
questions had been selected for use in Lind et al. (2013) either because 1) they 
had been shown specifically to demonstrate mode effects on disclosure of sen-
sitive information in previous research—less disclosure of socially undesirable 
information in more personal (interviewer-administered) than self-adminis-
tered modes—or 2) there was a chance that respondents would engage in socially 
desirable responding. Response options among the questions are categorical 
(yes / no or multiple response options), numerical or ordinal (rating scales like 
“every day”, “a few times per week”, “once a week”, etc.). The temporal frame 
(reference period) for the questions varied from the present, to the past 30 days, 
to the past 12 months, to time since the respondent’s 18th birthday or their entire 
life. A CAI interface was implemented in Qualtrics and controlled by interview-
ers to initiate the next question and record responses. See Appendix A for a full 
list of questionnaire items.

Table 2 identifies domains for which there was specific evidence from previ-
ous studies using large samples of respondents of mode effects (first column), 
as well as domains where it was plausible that mode effects might be observed. 
Given that the lab context, New York City sample and Craigslist recruitment 
method for the current study are the same as for the Lind et al. study, this previ-
ous evidence seemed likely to be particularly relevant.2

2	 The domains identified with “yes” for Lind et al. were categorized as sensitive for the pri-
mary gaze analyses in Study 2.
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Table 2	 Mode effects previously demonstrated for specific survey question 
topics

Question topic Mode effects previously 
demonstrated

Mode effects demonstrated 
in Lind et al. (2013)

Weight Yes No
Exercise Yes No
Smoking Yes Yes
Number of sex partners – in past  
12 months

Yes No 

Number of sex partners – since age 18 Yes Yes
Frequency of sex No No
HIV – tested ever No No
Alcohol use – days in past 30 Yes No
Alcohol use – binge drinking in past  
30 days

Yes No 

Alcohol use – regularity of use in past 
12 months

Yes Yes 

Alcohol use – drinks typically 
consumed on average day

Yes No 

Newspaper reading Yes Yes
Television hours Yes Yes
TV – Primetime drama and sitcom 
viewing

Yes Yes 

TV – News program viewing No No
Religious services Yes No
Having credit cards Yes Yes
New charges on credit card No No
Saving habits Yes Yes
Spending No No
Voting – in 2012 presidential election No No
Voting – in local elections No No
Donate blood No No
Giving food or money to homeless Yes Yes
Doing volunteer work Yes No
Giving money to charity No No
Offering seat to stranger Yes Yes
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Procedure

Data were collected between April and August of 2012. The study was conducted 
in a laboratory to fully control administration, with respondents and interview-
ers Skyping from separate rooms. Respondents were told that they would be 
answering a series of questions about their lives over the computer, in real time, 
by a trained interviewer. They were then brought to a different room and seated 
in front of a computer monitor where they were informed that the interviewer 
would be calling over Skype in a few minutes. They were told that to start the 
connection they were to press the green key that had a picture of a video camera 
on it. Once the connection was established, the experimenter left the room, and 
the interviewer proceeded to ask the survey interview questions. 

Respondents were never informed that the interviewer was in the same build-
ing (and none ever guessed it, as evident in their responses to the post-interview 
questionnaires). After the interview, respondents filled out the post-interview 
questionnaires on a separate computer. 

Post-Interview Questionnaires

Respondents completed a series of post-experiment questionnaires rating their 
experience with the interviewer and the interview itself. They also answered 
questions about their demographic characteristics and their experience with 
and comfort using computers and video technology in general. Self-view 
respondents also responded to questions asking for self-reported estimations 
of frequency of glances at the self-view window and general awareness of the 
image, as well as whether they ever attempted to or wanted to close the image. 
All respondents were then presented with textual versions of the survey inter-
view questions they had just answered and asked to rate how comfortable they 
had felt answering each one, as well as how upset they would be if someone else 
learned their answers to each question. They also filled out a self-consciousness 
scale (Scheier & Carver, 1985) asking them to rate the degree to which each state-
ment is characteristic of the way they see themselves.3 See Supplementary mate-
rial A for all post-interview questionnaires. 

3	 Note that for the self-view respondents the comfort and upset ratings and self-conscious-
ness scale were presented after they had reported about their experience of the self-view 
window (which made sense for that point in the questionnaire), and so there is the possi-
bility that these ratings by self-view respondents could have been affected by their reflec-
tion on the self-view experience.
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Statistical Methods

We fitted a series of multilevel regression models to evaluate the fixed effect of 
condition on response, with interviewer included as a random effect. 

For the twelve questions requiring open numerical (continuous) responses, 
models were estimated using restricted maximum likelihood methods in IBM 
SPSS Statistics version 27 (Linear Mixed-Effects Models using the ‘mixed’ com-
mand). For the seven questions that required binary yes / no responses, we fitted 
multilevel mixed-effects logistic regressions in Stata / SE version 16.1 (using the 
‘melogit’ command). For the five questions requiring a choice from an unordered 
response scale, we fitted multilevel multinomial logistic regressions in Stata / SE 
version 16.1 (using the ‘mlogit’ and ‘gsem’ commands). For the nineteen ques-
tions requiring selection for an ordered response scale (e.g., Every day, Several 
times a week, Several times a month, Rarely, or Never), multilevel ordinal regres-
sion models were fitted (using Stata’s ‘meologit’ command). Significance of the 
model coefficients was evaluated using the z statistic, and R2 and McFadden’s 
pseudo R2 (McFadden, 1974) were used as measures of model fit for the continu-
ous and non-continuous question types, respectively. All tests were two-sided 
using alpha = 0.05.

For the post-interview questions asking for comfort ratings, self-conscious-
ness ratings, and experience with the interview and interviewer, ANOVAs were 
conducted to test group differences (as the majority of those questions required 
continuous responses). For the post-interview ratings of each survey question 
asking How comfortable were you answering this question? and How upset would you 
be if someone else found out your answer? a binomial sign test was used to deter-
mine if either group reported different mean levels of comfort or different mean 
levels of upset. 

Results

Survey Questions
For the twelve questions requiring numeric responses, the interviewer random 
effect was not significant in any model, meaning that the multilevel model was 
no better a fit than the OLS model for those questions. So, while interviewer was 
included in the models, Table 3 only reports the coefficients of condition for 
each question. 

As Table 3 shows, for 9 of the questions there was no effect of self-view on 
response (disclosure). In two cases, self-view respondents disclosed more sensi-
tive information–specifically, they reported having had more sex partners (com-
bining responses about both male and female partners in two separate ques-
tions) and drinking more often (R2 = 3.3% and 3.2%, respectively). Specifically, 
self-view respondents reported having had more sex partners (M  = 16.8,  
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SD = 23.3) than those in the no-self view condition (M = 9.2, SD = 12.4), and more 
frequent alcohol use (M = 1.8 days per week, SD = 1.8) than those in the no-self 
view condition (M = 1.2, SD = 1.3). 

Table 3	 Multilevel mixed-effects regression modeling effects of self-view 
(condition) on response (numeric)

Question Coefficient (SE)

Servings fruit / vegetables yesterday -0.02 (0.31)
Sex partners in last year -0.54 (0.54)
Total sex partners since 18th birthday -7.54* (3.38)
Alcohol use (days / week) -0.64* (0.29)
Alcohol use (days / month) -1.01 (1.24)
Binge drink (times / month)  0.12 (0.35)
Avg number of drinks per day -0.05 (0.26)
TV (hours / day) -0.40 (0.51)
Number of credit cards -0.22 (0.16)
New charges on credit cards -3.78 (2.59)
Credit card balance -0.15 (0.37)

Notes: Total sex partners since 18th birthday combines male and female partners, which 
were asked separately.
*p < .05.

For questions requiring binary yes / no responses, Table 4 only reports the coeffi-
cients of condition for each question. The random effect for interviewer was not 
statistically significant for all but 1 of the questions, meaning that the multilevel 
model was no better a fit than the OLS model for those questions. Looking at 
the significance and direction of condition for the model where interviewer was 
significant, there was still no effect of condition. Altogether, looking at ques-
tions with binary response options, the multilevel mixed-effects logistic regres-
sion models show no effect of self-view on response distributions (McFadden’s 
pseudo R2 all less than 1%).
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Table 4	 Multilevel mixed-effects logistic regression modeling effects of self-
view (condition) on response (binary)

Question Coefficient (SE)

Smoked > 100 cigarettes -0.07 (0.40)
Tested for HIV -0.43 (0.40)
Read novels -0.03 (0.44)
Have credit cards -0.12 (0.37)
Have credit cards paid off over time -0.13 (0.41)
Attended political meetings / rallies  0.27 (0.41)
Contributed money to politics	 -0.14 (0.42)

For the nineteen questions requiring selection for an ordered response scale, 
Table 5 again only reports the coefficients of condition for each question. The 
random effect for interviewer was not statistically significant for all the ques-
tions, meaning that the multilevel model was no better a fit than the OLS model 
for those questions. Altogether, looking at questions with ordinal response 
options, the multilevel mixed-effects ordered logistic regression models show 
no effect of self-view on response distributions (McFadden’s pseudo R2 all less 
than 2%). 

Table 5	 Multilevel mixed-effects ordered logistic regression modeling effects 
of self-view (condition) on response

Question Coefficient (SE)

Health (poor – excellent) -0.23 (0.33)
Physical exam (past 6 months – 5+ years ago) -0.23 (0.34)
Weight (very underweight – very overweight) -0.04 (0.33)
Exercise (0–7 days) -0.40 (0.33)
Sex past year (not at all – 4+ times / week)  0.22 (0.32)
Alcohol past year (not at all – 5+ times / week)  0.45 (0.32)
Read newspaper (never – every day) -0.14 (0.33)
Watch TV shows (never – every day) -0.10 (0.32)
Watch news (never – every day) -0.27 (0.32)
Attend religious services (never – 1+ times / week)  0.51 (0.33)
Pay off credit card balance (never – always)  0.07 (0.41)
Spending (less than income – exceeded income)  0.39 (0.34)
Follow politics (hardly – most of time) -0.28 (0.33)
Voting local elections (never – always) -0.40 (0.33)
Donated blood (not at all – 1+ times / week) -0.09 (0.51)
Donate to homeless (not at all – 1+ times / week) -0.83 (0.33)
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Question Coefficient (SE)

Volunteer work (not at all – 1+ times / week)  0.16 (0.33)
Money to charity (not at all – 1+ times / week) -0.21 (0.34)
Offered seat to stranger (not at all – 1+ times / week) -0.23 (0.33)

For categorical responses, Table 6 only reports the coefficients of condition for 
each question. The random effect for interviewer was not statistically significant 
for most questions, meaning that the multilevel model was no better a fit than 
the OLS model for those questions. While the interviewer random effect was 
significant in two of the questions, there was no significant effect of self-view. 
Altogether, looking at questions with categorical response options, the multino-
mial models show no effect of self-view on response distributions (McFadden’s 
pseudo R2 all less than 3%). 

Table 6	 Multilevel multinomial logistic regression modeling effects of self-	
view (condition) on response (categorical)

Question Reference Category Coefficient (SE)

Sex of sex partners Male Female	 0.11 (0.46)
Both -1.00 (0.88)
No partners 0.04 (0.45)

Sexual orientation Straight Gay 1.16 (0.84)
Bisexual 0.24 (0.64)

Employment Employed Self 0.49 (0.56)
No work 1 year -0.81 (0.75)
No work > 1 year 1.24 (0.72)

 Homemaker 15.59 (1687.07)
Student -0.27 (0.49)
Retired 15.59 (2385.90)
Unable -0.66 (0.91)

Savings Spend > income Spend = income -0.30 (0.55)
No plan -14.40 (869.67)
Save occasionally 0.22 (1.00)
Save regularly -0.05 (0.49)

Vote 2012 Yes No -0.78 (0.47)
Not eligible -0.44 (0.60)

Table 5 (continued)
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Post-Interview Questionnaires

Self-view respondents reported less sense of copresence with the interviewer (M 
= 3.1, SD = 1.4) than no-self-view respondents (M = 3.6, SD = 1.3), F(1, 121) = 4.91, 
p = .033, ηp

2 = .04. Self-view respondents also reported feeling that the survey, as 
a whole, was less sensitive (M = 3.1, SD = 1.2) than no-self-view respondents (M = 
3.6, SD = 1.1), F(1, 121) = 3.88, p = .051, ηp

2 = .03. 
When presented with textual versions of the survey questions and asked How 

comfortable were you answering this question, there were generally high levels of 
reported comfort—but self-view respondents reported higher mean levels of 
comfort than no-self-view respondents for 32 of 42 questions, binomial / sign test 
p < .001. When asked How upset would you be if someone else found out your answer, 
self-view respondents reported lower mean levels of how upset they would be 
than no-self-view respondents for 39 of 42 questions, binomial / sign test p < .001. 

With regards to self-awareness, self-view respondents reported “thinking 
about themselves” reliably more than no-self-view respondents (M = 3.0, SD = 1.0) 
and (M = 2.6, SD = 1.0), respectively, F(1, 122) = 5.67, p = .019, ηp

2 = .04. Self-view 
respondents also reported being marginally less “self-conscious about the way 
they look” than no-self-view respondents, (M = 2.4, SD = 1.0) and (M = 2.7, SD = 
0.9), F(1, 122) = 3.16 p = .077, ηp

2 = .03.
 With regards to the presence of the self-view window, 70% of self-view respon-

dents reported being very aware of it and looking at it quite often. 

Discussion

Contrary to Hypothesis 1.1, the evidence reported here is that self-view does 
not reduce disclosure of sensitive information and does not affect disclosure 
overall; multilevel models showed no overall effect of self-view on responses. 
If anything, the disclosure findings show modest support for Hypothesis 1.2— 
increased disclosure among respondents with a self-view in responses to two 
sensitive questions: self-view respondents reported more frequent alcohol use 
and more sex partners.4 Also consistent with Hypothesis 1.2, self-view respon-
dents reported having felt more comfortable answering the questions and being 
marginally less “self-conscious about the way they look” than no-self-view 
respondents. The fact that self-view respondents reported feeling less connec-
tion with the interviewer than no-self-view-respondents is also inconsistent with 
Hypothesis 1.1, and more consistent with prior evidence that people disclose 
more embarrassing information in situations that involve less social presence 
with an interviewer (e.g., Kreuter et al., 2008; Lind et al., 2013; Schober et al., 

4	 Note that finding mode differences in social desirability for only one or a subset of sen-
sitive questions is the norm across studies (e.g., Corkrey & Parkinson, 2002; Mott, 1985; 
Tourangeau & Smith, 1996).



138� methods, data, analyses | Vol. 20(1), 2026, pp. 124-178 

2015; Tourangeau & Smith, 1996). Consistent with prior evidence that self-view 
increases self-awareness, self-view respondents reported “thinking about them-
selves” reliably more than no self-view respondents. Most self-view respondents 
reported being very aware of the self-view window and looking at it quite often. 

Study 2 tests the replicability of the Study 1 findings and adds additional mea-
sures to further explore the potential mechanisms underlying self-view effects. 
Rather than relying on self-view respondents’ reports of how often they looked 
at the self-view window, we measure respondents’ gaze during the interview 
with eye-tracking equipment. Of course, adding eye-tracking measures changes 
the interviewing context in potentially important ways, as the equipment must 
be calibrated for each participant and the session is video-recorded; whether the 
effects that emerged in Study 1 replicate with these changes is an open question. 
To the extent that they do, these measures allow us to test more specific hypoth-
eses about how self-view affects eye movements and disclosure, exploring when 
and how often self-view respondents look at the image of themselves, as well as 
how their gaze location and duration differ for sensitive vs. neutral questions 
and for less socially desirable answers.

Study 2
Study 2 replicates Study 1’s procedure and adds eye-tracking measures. Analyses 
vary three main factors: condition (self-view vs. no self-view), question type (sen-
sitive vs. nonsensitive), and response type (whether the actual response given 
is non-socially desirable vs. socially desirable). The main dependent measure 
is gaze duration at the relevant points of interest (POI): the self-view window, 
the interviewer / screen (these are the same because the interviewer’s image 
filled the entire screen except for the self-view window region), or elsewhere 
(away from the screen). Additional dependent measures include respondents’ 
post-interview reports about the interview experience, their perceptions of the 
interviewer, and their feelings of comfort and self-consciousness. The analyses 
are based on particular moments in the interviews, specifically each question-
answer (Q-A) sequence (from presentation of one question to presentation of the 
next). Study 2 tests the following five hypotheses:

Hypothesis 2.1: Respondents will look at the self-view region for a greater propor-
tion of time in self-view than no-self-view interviews. This allows for verification 
of self-view respondents’ reports that they look at the self-view a lot, while also 
providing a check that the eye-tracking coordinates measurement was sensible.

Hypothesis 2.2: Respondents will avert their gaze (look away from the interviewer) 
more during question-answer (Q-A) sequences for sensitive than nonsensitive ques-
tions. People have been shown to avert their gaze more when answering cogni-
tively difficult questions (e.g., Doherty-Sneddon et al., 1997; Glenberg et al., 1998) 
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and during survey responses that prove to be less reliable (Schober et al., 2012). 
Gaze aversion is also connected to social anxiety and poorer relational engage-
ment (Clark & Wells, 1995; Horley et al., 2003). If sensitive questions are more 
cognitively or interpersonally demanding than nonsensitive questions, and if 
sensitive questions prompt the fear of being evaluated by others and discomfort, 
then more gaze aversion should be observed for sensitive questions whether or 
not respondents have a self-view. 

This hypothesis also implies that self-view respondents should look at the self-
view window less during sensitive than nonsensitive Q-A sequences, because 
gaze aversion consists of eye movements to empty or uninformative parts of 
space (Morency et al., 2006) and the self-view is another source of potentially rel-
evant information. If the pattern is different when respondents have a self-view, 
this would suggest that the self-view window creates a context that differs from 
no self-view in terms of cognitive demand and / or dynamic with the interviewer. 

Hypothesis 2.3: Respondents will avert their gaze more when giving more embar-
rassing answers (independent of whether the question is sensitive). This hypothesis 
tests a different locus of disclosure effects: sensitive responses. The same ques-
tion may not be sensitive for all respondents: some respondents may not find 
a topic embarrassing or have nothing embarrassing to report, and others may 
be unembarrassed by reporting what most others would find embarrassing to 
report. Gaze behavior should then be predictable based on respondents’ own 
feelings of discomfort when answering each question, which we can determine 
from respondents’ ratings immediately after the interview. To further test this 
hypothesis, similar question-level analyses are carried out based on outside rat-
ers’ judgments of the sensitivity of answers.

Hypothesis 2.4: Self-view respondents who report greater comfort will have looked at 
the self-view region more. This hypothesis tests whether the Study 1 respondents’ 
reports of greater reported comfort in the self-view condition occur because 
these respondents actually look at the self-view window or because they feel 
comfortable simply because of the mere presence of the self-view window, inde-
pendent of looking.

Hypothesis 2.5: Self-view respondents who looked at the self-view region more during 
the interview will report having thought about themselves more during the interview. 
This hypothesis tests whether the Study 1 finding of greater self-awareness in 
the self-view condition is related to actually looking at the self-view window or 
to the mere presence of the self-view window independent of looking. Analysis 
of gaze at the self-view window also allows for a clearer understanding of the 
distinction between self-awareness and self-consciousness (heightened aware-
ness of being viewed by another); more frequent looking may be associated with 
increased self-awareness while decreasing feelings of self-consciousness (as mea-
sured by post-interview reports of the interview experience).
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Respondents

One hundred and thirty-three new respondents were recruited using an adver-
tisement on Craigslist New York and offered a $20 cash incentive. As in Study 
1, they were randomly assigned to either the self-view (n = 66) or no self-view 
condition (n = 67) and interviewed over Skype by interviewers unaware of this 
manipulation. We kept a record of respondents’ self-reported demographic char-
acteristics, including those that could be associated with eye movement and gaz-
ing, such as age (Romano Bergstrom et al., 2013). 

As in Study 1, respondents in the two groups did not differ reliably in age, 
averaging 40.3 years (SD = 14.2) in the self-view group and 40.8 (SD = 13.1) in 
the no-self-view group, F (1, 130) = 0.05, n.s. As shown in Table 1, they also did 
not differ in sex, χ² (1, N = 133) = 4.97, n.s.; level of education, χ² (4, N = 133) 
= 5.48, n.s.; racial / ethnic identities, χ² (5, N = 133) = 3.39, n.s.; or self-reported 
computer-use frequency and comfort, Fs = n.s. Focusing only on respondents 
who had reliable gaze data (N = 119), the two groups also did not differ reliably 
in age, averaging 40.4 years (SD = 14.6) in the self-view group and 40.1 (SD = 13.2) 
in the no-self-view group, F (1, 116) = 0.01, n.s. They also did not differ in sex,  
χ² (1, N = 116) = 4.29, n.s.; level of education, χ² (4, N = 119) = 4.09, n.s.; racial /  
ethnic identities, χ² (5, N = 118) = 3.32, n.s.; or self-reported computer-use fre-
quency and comfort, Fs = n.s.

Interviewers

As in Study 1, the five new interviewers (4 female, 1 male) were doctoral can-
didates in clinical psychology with notable interviewing experience in clinical 
settings. They followed the same procedures as Study 1. 

Survey Questions

The survey questions were the same as those used in Study 1. This time the inter-
viewer’s online instrument also generated timestamps for the start of each ques-
tion page and duration on each page, for subsequent linkage with the gaze data. 

Eye-Tracking Equipment

Study 2 used The Eye Tribe, a small eye-tracking device that sits in front of the 
computer monitor and allows for unobtrusive measurement of gaze with free 
head movement. We used Eye Tribe data acquisition and control software, 
which displays graphical representations of respondents’ binocular gaze data 
(x / y screen coordinate), 3D eye position and pupil diameter in millimeters; ana-
log and serial real-time outputs of eye position and pupil size were acquired 
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through text files and imported to SPSS for subsequent analyses. The accuracy 
of recordings was sufficient for study purposes: the margin of error for timing 
of eye movements (latency) is ±1.6 milliseconds and for position of eye fixa-
tions ± 0.5–1 degrees, where a degree of visual angle amounts to approximately 
1 cm on the screen at a 50-cm distance (Ooms et al., 2015). The tracking area is 
40 cm x 30 cm at a 65 cm distance, with an operating range of 45 cm – 75 cm. The 
sampling / frame rate was approximately 30 Hz, which means that 30 data points 
were produced each second (or a data point is produced every 33 milliseconds). 
The 30 Hz frame rate was selected, rather than the 60 frames / second option that 
the Eye Tribe (Figure 2) also allows, in order to allow maximally free head move-
ment for respondents (the higher rate would require respondents to be more sta-
tionary).

Figure 2	 The Eye Tribe

Video-Recording Software

Each interview was video recorded using Camtasia Studio video editing soft-
ware. The video captured the interviewer’s screen, and thus where the partici-
pant was looking, as well as the CAI interface. Each video was also saved as an 
MP4 as an alternate format for subsequent coding. 

Procedure 

Data were collected between February and May 2017. The procedure was nearly 
identical to that in Study 1. Respondents were brought to the laboratory and 
asked to sit comfortably in front of a computer monitor with the Eye Tribe 
tracker directly in front of it (see Figure 3). The Eye Tribe was moved to ensure 
respondent-specific centering and an appropriate distance for gaze capture. 
After respondents completed a short Eye Tribe calibration exercise (in which 
they follow dots displayed at different parts of the screen with their eyes), the 
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interviewer called them over Skype. The entire interview was video recorded 
using Camtasia. After the interview, the experimenter walked the respondent 
to a different room where they completed the same questionnaires as in Study 1.

Figure 3	 Participant and interviewer engaging in a survey interview

Post-Interview Questionnaires

The post-interview questionnaires were the same as those used in Study 1.

Data Preparation

To test the study’s hypotheses, the survey and gaze data needed to undergo sev-
eral preparatory procedures.

Annotation and Coding

Timestamps were generated for the start of each question (and therefore, the 
question-answer sequence) using Adobe Premiere software. These were then 
linked with the stream of gaze behavior from the eye tracker, which generated x 
and y coordinates of gaze at a rate of 30 frames per second. 

The three points of interest (looking at self-view region, looking at inter-
viewer / screen, looking elsewhere) were identified using the pixel-based coor-
dinates from the eye tracker output. The computer screen itself was 1365 x 767 
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pixels, and so gaze measurements that fit within the following regions were 
counted accordingly (see Figure 4): 

	� Looking at self-view window (x > 1130 AND x < 1365) AND (y > 633 AND y < 767)
	� Looking away from screen: (x < 0 OR x > 1365) OR (y < 0 OR y > 767)
	� Looking elsewhere on screen (x < 1130 OR x > 1365) AND (y < 633 OR y > 767) 

and NOT looking at self

For a more detailed description of the annotation and coding, see Appendix B. 

Figure 4	 Pixel-based coordinates

Online Rating Data

To test the hypothesis that gaze aversion will be greater for responses that are 
more embarrassing, question-level analyses were carried out based on the sen-
sitivity judgments of 100 online respondents, recruited to match US national 
demographic characteristics on sex, race / ethnicity, and education (see Conrad 
et al., 2023; Fail et al., 2021 for alternate versions of this procedure that differed 
in minor ways). For each question, raters were asked to judge how embarrassed 
most people would be simply being asked each question and then how embar-
rassed they thought most people would be to give each possible response option. 
There were 3 rating options: Not at all embarrassed, somewhat embarrassed, very 
embarrassed. For more details about the online rating survey see Supplementary 
material B.
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Gaze Data

One-hundred and nineteen respondents (of the 133 total participants) had 
complete usable gaze data, with no recording errors from the eye tracker or 
video recorder. For 7 of the 14 respondents whose data could not be used, the 
eye tracker could not calibrate. The other cases were excluded because either 
no video data were recorded due to video software malfunction or there were 
recording problems with the audio tracks that made coding impossible. 

Results

Comparability to Study 1
First, to determine whether the self-view and no-self-view findings replicated 
with the eye tracker5, we used the same statistical approach as in Study 1. The 
pattern of responding and post-interview ratings largely replicates. The various 
multilevel regressions modeling the effects of self-view on response (for each 
type: numeric, ordinal, binary, unordered categorical), with interviewer as 
a random effect (see Tables 7–10), generally showed no effect of self-view (all 
R2 and pseudo R2 < 2.0%) with a few exceptions: self-view respondents again 
reported a higher number of total sex partners (M = 180.1, SD = 55) than no-self-
view respondents (M = 21.2, SD = 55.5) with R2 of 10.2%, and self-view respon-
dents again reported drinking more (M = 5.9 days per month, SD = 8.4) than no-
self-view respondents (M = 3.7 days per month, SD = 4.6) with R2 of 2.0%. (For 
Study 2, the greater report of alcohol use emerged in responses to the question 
about days of drinking per month rather than days per week.)

5	 Again, the addition of the eye tracker, though unobtrusive, could change respondents’ 
experience just enough that the original self-view manipulation might differ in important 
ways. Additionally, Study 2 respondents were video-recorded, which they were not in the 
previous study. This could also increase self-awareness at different levels (i.e., private and 
public) and thereby socially desirable responding.
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Table 7	 Multilevel mixed-effects regression modeling effects of self-view 
(condition) on response (numeric) 

Question Coefficient (SE)

Servings fruit / vegetables yesterday -0.13 (0.28)
Sex partners in last year 0.21 (0.57)
Total sex partners since 18th birthday -158.90* (78.20)
Alcohol use (days / week) -0.40 (0.34)
Alcohol use (days / month) -2.26* (1.17)
Binge drink (times / month) -1.16 (0.72)
Avg # drinks / day -0.23 (0.31)
TV (hours / day) -0.89 (0.59)
# of credit cards -0.22 (0.16)
New charges on credit cards -53.19 (174.20)
Credit card balance 0.42 (0.25)

Notes: *p < .05.

Table 8	 Multilevel mixed-effects ordered logistic regression modeling effects 
of self-view (condition) on response

Question Coefficient (SE)

Health (poor – excellent) 0.52 (0.33)
Physical exam (past 6 months – 5+ years ago) 0.46 (0.33)
Weight (very underweight – very overweight) -0.61 (0.34)
Exercise (0 – 7 days) 0.46 (0.31)
Sex past year (not at all – 4+ times / week) 0.11 (0.31)
Alcohol past year (not at all – 5+ times / week) -0.09 (0.31)
Read newspaper (never – every day) 0.43 (0.33)
Watch TV shows (never – every day) -0.14 (0.31)
Watch news (never – every day) -0.27 (0.32)
Attend religious services (never – 1+ times / week) 0.26 (0.33)
Pay off credit card balance (never – always) -0.13 (0.43)
Spending (less than income – exceeded income) -0.19 (0.33)
Follow politics (hardly – most of time) 0.25 (0.33)
Voting local elections (never – always) -0.09 (0.32)
Donated blood (not at all – 1+ times / week) 0.67 (0.45)
Donate to homeless (not at all – 1+ times / week) -0.01 (0.30)
Volunteer work (not at all – 1+ times / week) 0.05 (0.33)
Money to charity (not at all – 1+ times / week) 0.37 (0.34)
Offered seat to stranger (not at all – 1+ times / week) 0.24 (0.31)
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Table 9	 Multilevel mixed-effects logistic regression modeling effects of self-
view on response (binary)

Question Coefficient (SE)

Smoked > 100 cigarettes -2.80 (0.38)
Tested for HIV -0.38 (0.43)
Read novels -0.22 (0.38)
Have credit cards -0.04 (0.36)
Have credit cards paid off over time -2.25 (1.02)
Attended political meetings / rallies -0.09 (0.38)
Contributed money to politics	 -0.41 (0.46)

Table 10	 Multilevel multinomial logistic regression modeling effects of self-
view (condition) on response (categorical)

Question Reference Category Coefficient (SE)

Sex of sex partners Male Female	 0.50 (0.42)
Both 0.67 (0.78)
No partners -0.31 (0.46)

Sexual orientation Straight Gay -0.31 (0.52)
Bisexual 1.13 (0.62)

Employment Employed Self -0.37 (0.47)
No work 1 year -1.40 (0.86)
No work > 1 year 1.80* (0.83)
Homemaker -0.30 (1.03)
Student -0.30 (0.64)
Retired 0.62 (0.88)
Unable -0.30 (0.69)

Savings Spend > income Spend = income -0.27 (0.53)
No plan -0.07 (1.47)
Save occasionally -0.92 (0.79)
Save regularly 0.08 (0.46)

Vote 2012 Yes No 0.52 (0.40)
Not eligible 0.02 (0.57)

Notes: *p < .05.
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With regards to the Self-Consciousness Scale-Revised (Scheier & Carver, 1985), 
as in Study 1, self-view respondents again reported being marginally less  
self-conscious about the way they look than the no-self-view respondents  
(M  = 1.4, SD = 1.0) and (M  = 1.7, SD = 1.1), respectively, F(1, 131) = 3.04,  
p = .081, ηp

2 = .02. Self-view respondents also reported thinking about what they 
said during the interview reliably more than no-self-view respondents (M = 4.5,  
SD = 0.7) and (M  = 4.1, SD = 0.9), respectively, F(1, 128) = 4.39, p  = .038,  
ηp

2 = .03. Self-view respondents (M  = 3.3, SD = 1.1) also reported that they felt  
that the interviewer was more empathetic than no-self-view respondents  
(M = 2.8, SD = 1.2), F(1, 131) = 4.76, p = .031, ηp

2 = .04.6

Gaze Data

The gaze data consisted of proportions of time spent looking at each of the three 
POIs (self-view region, the screen / interviewer, elsewhere) during every ques-
tion-answer sequence for each respondent. Overall, across conditions, respon-
dents spent about 83.8% of the time looking at the screen and 15.7% looking 
away. As Figure 5 shows, respondents on average did not look at the self-view 
window very much, and looked elsewhere much more.

Figure 5	 Average gaze at POI, by condition

6	 The one finding from Study 1 that did not replicate was that self-view respondents no lon-
ger reported feeling significantly less copresent with the interviewer. 
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Hypothesis Tests

For Hypotheses 2.1 and 2.2, we fitted a series of multilevel mixed-effects regres-
sion models to evaluate the fixed effect of condition on gaze (at the self-view, at 
the screen, or elsewhere). Because sensitivity is a feature of the question, it was 
included in the models as a fixed effect to reduce some residual variance, along 
with potential interactions between condition and question sensitivity. Ques-
tions were categorized as sensitive or not based on the Lind et al. (2013) find-
ings. Question duration (length of time from start of one question to the start of 
the next) was included in the models to explain some of the residual variance. 
Random effects for interviewer and respondent were included. For Hypothesis 
2.3, we fitted a series of multilevel mixed-effects regression models to evalu-
ate the fixed effects of condition and response sensitivity on gaze (at the self-
view, at the screen, or elsewhere), along with potential interactions. Response 
sensitivity was assessed by classifying responses as sensitive if at least 40% of 
the online judges rated the response as somewhat or very embarrassing (see 
Appendix D). Random effects for interviewer and respondent were included. For 
Hypothesis 2.4 question level analyses—using gaze for each question and that 
question’s comfort rating—were conducted. For Hypothesis 2.5, we conducted 
correlations between responses to questions related to self-awareness and also 
self-consciousness and self-view gaze. 

As Hypothesis 2.1 proposed, Table 11 shows that respondents who had a self-
view window looked at this region for a significantly greater proportion of the 
time than non-self-view respondents. The variables added into the models as 
plausible contributors to gaze at self-view did not have significant effects on 
gaze. (Self-view respondents varied enormously in how much time they spent 
looking at the self-view window; a few looked at it a great deal, and some never 
looked at it all.) The random effects of interviewer and respondent were not sig-
nificant.

Table 11	 Multilevel regression modeling effects of self-view (condition) on 
gaze at self

Predictor Reference category Coefficient (SE)

Condition Self-view 0.01*** (0.00)
Q duration 0.00 (0.00)
Q sensitivity Sensitive -0.00 (0.00)
Condition & Q sensitivity Self-view -0.00 (0.00)

Notes: Q = question. ***p < .001. 
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For Hypothesis 2.2, that respondents would avert gaze more when answering 
sensitive than nonsensitive questions, Table 12 shows an effect of condition and 
question duration, but no main effect of question sensitivity. The corresponding 
effect of looking at the screen is reported in Table 13. The random effects for 
interviewer and respondent were not significant. This pattern is not consistent 
with the first part of Hypothesis 2.2.7 However, with regards to the hypothesis 
that respondents with a self-view will look less at the self-view window during 
sensitive questions compared to nonsensitive, a repeated ANOVA revealed that 
indeed self-view respondents looked at the self-view window less during sensi-
tive questions (M = 0.0096, SD = 0.016) than nonsensitive questions (M = 0.0074,  
SD = 0.016), F(1, 60) = 6.42, p = .014, ηp

2 = .10.

Table 12	 Multilevel regression modeling effects of self-view (condition) on 
gaze elsewhere

Predictor Reference category Coefficient (SE)

Condition Self-view 0.07* (0.03)
Q duration 0.00** (0.00)
Q sensitivity Sensitive 0.96 (0.34)
Condition & Q sensitivity Self-view -0.01 (0.01)

Notes: Q = question. *p < .05, **p < .01.

Table 13	 Multilevel regression modeling effects of self-view (condition) on 
gaze at screen

Predictor Reference category Coefficient (SE)

Condition Self-view -0.07** (0.03)
Q duration -0.00** (0.00)
Q sensitivity Sensitive -0.00 (0.01)
Condition & Q sensitivity Self-view 0.01 (0.01)

Notes: Q = question. **p < .01.

Other question categorization strategies, including using various cutoffs of 
the panel data, were also employed. For the classification procedures and a list 
of this classification of sensitive questions, see Appendix C.

7	 While duration was significant in the models for gaze at screen and gaze elsewhere, its 
inclusion didn’t change the effects of condition, question sensitivity or the interaction 
between them.
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So, Hypothesis 2.2 is only partially supported: self-view respondents looked 
less at the self-view window during sensitive question-answer sequences, but 
they did not avert their gaze more while answering sensitive questions than non-
self-view respondents. 

Hypothesis 2.3, that duration of gaze aversion would be greater for responses 
that are rated as more embarrassing to provide, was assessed by classifying 
responses as sensitive if at least 40% of the online judges rated the response as 
somewhat or very embarrassing (see Appendix D). These values were linked to 
each respondent’s answer and comfort rating for each survey question. Table 14 
shows that there was no effect of response sensitivity on gaze aversion.

Table 14 	 Multilevel regression modeling effects of response sensitivity on gaze 
elsewhere 

Predictor Reference category Coefficient (SE)

Condition Self-view 0.06* (0.03)
R sensitivity Sensitive 0.01 (0.01)
Condition & R sensitivity Self-view -0.01 (0.01)

Notes: R = response. *p < .05.

An alternative analysis was also carried out using each respondent’s post-
interview ratings about how their comfort with the interviewer had changed over 
the course of the interview, as well as their own self-reported comfort ratings in 
answering each question. (Note that the self-reported comfort ratings—while in 
one sense providing the most specific respondent-level evidence that should be 
relevant to these analyses—have the limitation that they didn’t decouple question 
and response sensitivity in the way that online raters’ judgments did, and they 
also ask about comfort rather than embarrassment.) With regards to comfort 
change, an ANOVA revealed that respondents who reported that their comfort 
increased also averted their gaze less (M = 0.12, SE = 0.03) than those who reported 
that their comfort just stayed the same (M  = 0.19, SE = 0.02), F(2, 112) = 3.11, 
p = .048, ηp

2 = .05. 
Question level analyses—using gaze for each particular question and that 

question’s comfort rating (based on classifying questions rated 5 or higher on 
the 7-point scale as comfortable)—were conducted. We used a repeated ANOVA 
with comfort as the within subjects factor and gaze elsewhere as the dependent 
variable. Condition was also added as a between-subjects factor. Respondents 
did not avert their gaze differently for questions they reported having been com-
fortable answering and questions they reported having been uncomfortable 
answering. So, Hypothesis 2.3 is not supported using response sensitivity ratings 
from the online raters nor respondents’ own post-interview comfort ratings.
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To test Hypothesis 2.4, that people in the self-view condition who report 
greater comfort will have looked at the self-view region more, question level 
analyses—using gaze for each question and that question’s comfort rating—were 
conducted. We used a repeated ANOVA with comfort as the within subjects fac-
tor and gaze at the self-view window as the dependent variable. As predicted, 
self-view respondents looked at the self-view window for a substantially greater 
proportion of the time during Q-A sequences for questions they reported having 
been comfortable answering (M = 0.10, SD = 0.2) than during Q-A sequences for 
questions they reported being uncomfortable answering (M  = 0.07, SD = 0.01), 
F(1,44) = 4.98, p = .031, ηp

2 = .10.
To test Hypothesis 2.5, that more frequent looking would be associated with 

increased self-awareness (while decreasing feelings of self-consciousness), sev-
eral correlations were conducted. First, respondents who reported looking at 
themselves more did, in fact, look more at the self-view window, r(59) = .28, p = 
.032. Respondents who looked more at the self-view window reported feeling less 
self-conscious, r(59) = –.28, p = .027. They were also marginally less concerned 
about how they presented themselves, and they reported examining their 
motives less, ps < .07. However, for self-view respondents there was no relation-
ship between Thinking about what they said during the interview and gaze at the 
self-view window (p > .05). 

Additional potential relationships between gaze aversion and experience 
with the interview, interviewer, and dispositional self-consciousness were also 
explored. With or without the self-view window, respondents who felt greater 
copresence during the interview, and perceived the interviewer to be more per-
sonal and empathetic, averted their gaze less.

One additional observation: the range of time spent gazing at the self-view 
window was very large, with some respondents never once looking at that area 
of the screen, and others looking at the self-view as much as 50% of the inter-
view time. The fact that there is a wide range is consistent with self-reports of 
attraction to or aversion to the self-view in other arenas of video interaction (e.g., 
Kuhn, 2022; Pfund et al., 2020), but it also suggests that there is more to be under-
stood about how group effects of self-view are constituted from potentially vary-
ing effects on individuals.

Discussion 

Study 2 replicates Study 1’s demonstration that having a self-view window in a live 
video survey interview changes respondents’ experience and has the potential to 
change their answers. As in Study 1 (which did not measure respondents’ gaze), 
self-view respondents did not disclose any less than non-self-view respondents; 
if anything, they disclosed more—again reporting more alcohol drinking and 
sex partners. They also reported being less self-conscious during the interview 
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and being more self-reflective. Additionally, in Study 2, self-view respondents 
rated the interviewer as more empathetic. The fact that this pattern of findings 
replicated even when respondents’ gaze was tracked and their interviews video-
recorded provides further support for the generality of the self-view effects as 
measured here. 

Study 2’s findings also demonstrate that gaze patterns in live video interviews 
can be informative about respondents’ experience and response processes. 
First, as one would expect, respondents in the self-view condition did look more 
at the region of the screen containing the self-view window than respondents in 
the no-self-view condition. Regarding the major hypotheses about gaze direc-
tion and duration, the hypothesis that duration of gaze aversion would be greater 
for sensitive than nonsensitive questions and duration of gaze at self would be 
lesser for sensitive than nonsensitive questions was partially supported. Cat-
egorizing questions as sensitive or not based on the Lind et al. (2013) findings, 
self-view respondents looked less at the self-view window during sensitive than 
nonsensitive questions, as predicted. Relatedly, these respondents also looked 
less at the self-view window for questions that they were uncomfortable answer-
ing, which also supports the hypothesis that people with a self-view window who 
report greater comfort will have looked at the self-view more. With regards to 
gaze aversion, self-view respondents looked away less during sensitive question-
answer sequences (and, correspondingly, looked at the screen more). There was 
no difference in gaze based on question type for respondents without a self-view 
window. Taken together, the findings provide good evidence that the presence 
of a self-view window changes where survey respondents look particularly for 
sensitive questions. 

General Discussion

Taken together, the findings presented here suggest that the self-view window 
can create a distinct interviewer-respondent dynamic—potentially increasing 
respondents’ engagement with the interviewer and reducing their worry about 
self-presentation. The fact that the self-view window does not reduce disclosure 
of sensitive information across a sample—and perhaps may even facilitate it in 
some cases—suggests that there is much more to explore about how live video 
might best be deployed for survey interviewing. 

On the one hand, the fact that an aspect of the interface setup not under the 
researcher’s control can have significant impacts may be worrying, in that sur-
vey respondents might choose settings on their computer or mobile device that 
harm the quality of survey data they provide. (Our respondents were randomly 
assigned to having a self-view window or not, but in most platforms that video 
respondents would be likely to use in field settings, respondents can choose 
whether to see the self-view by enabling or disabling it, or turning their camera 
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feed on or off.) Given the substantial variability in how often our respondents 
looked at the self-view window, our findings suggest that effects might be differ-
ent for different subgroups of respondents—for example, that the effects might 
proceed through different mechanisms for those who avoid looking at them-
selves vs. those who fixate.

On the other hand, these findings open the door to potential strategic and 
sophisticated deployment of features of video platforms for interviewing, once 
more is known about which respondents who have access to the technology 
might benefit from or even prefer video interviews to in-person or telephone 
interviews (Schober et al., 2023) and what people’s reasons are for feeling more 
or less uncomfortable in a live video survey than in other survey modes (Okon 
et al., 2025). Beyond the display of the self-view or not, current video platforms 
could allow selectively turning on and off the camera feeds to change the expe-
rience of being seen, even as an interview proceeds, so that more sensitive sec-
tions could change the respondent’s experience of privacy. 

Our studies tested effects of self-view in one particular implementation, with 
a relatively small self-view window in the lower right corner of a desktop screen 
superimposed on a full-screen view of the interviewer, and no representation of 
the self in the no-self-view conditions. Self-view can, of course, be instantiated 
in many different ways on different platforms and devices, from smartphones to 
multi-screen setups; the view of the self can be as large as the view of the inter-
locutor, and juxtaposed with the view of the other in many different ways. It is 
also now common for a placeholder for the self-view image to be visible during 
a video session that includes the participant’s name if the camera is turned off. 
Beyond how video is implemented on a device, people’s attentiveness to what is 
on the screen can vary in different task settings, for example if they are multi-
tasking (which of course was not an option in our lab study), and what is visible 
can vary under different camera placements and lighting conditions. Interview-
ers may also vary in how and when they look at the respondent, and how much 
“mutual” gaze is an option.

How these variations might change effects of self-view on survey data qual-
ity and respondents’ experience is of course unknown. As video platforms and 
norms of usage have evolved, especially post-pandemic, how exactly the findings 
reported here (data were collected in 2012 and 2017) will apply now also remains 
to be seen. It is also unknown how respondents’ chosen self-view preferences in 
an interview (e.g., disabling the self-view, having a larger one, turning the cam-
era off partway through) will affect data quality and their experience: whether 
or not the respondent-selected settings that make them most comfortable will 
lead to improved data quality, following the evidence and logic that allowing 
respondents to select a preferred interview mode can improve data quality (e.g., 
Conrad et al., 2017). In any case, it is clear that effects of respondent-selected 
video settings in the field will need to be much better understood.
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Appendix A 
Survey Interview Questions

1. Would you say that in general your health is excellent, very good, good, 
fair, poor, don’t know, or you’re not sure?
  ☐  Excellent
  ☐  Very good
  ☐  Good
  ☐  Fair
  ☐  Poor
  ☐  Don’t know
  ☐  Not sure

2. A routine checkup is a general physical exam, not an exam for a specific 
illness, injury, or condition. When was the last time you saw a doctor for a 
routine checkup?
  ☐  Within the past 6 months (any time less than 6 months ago)
  ☐  Within the last year (more than 6 months but less than 12 months ago)
  ☐  Within the past 2 years (more than 1 year but less than 2 years ago)
  ☐  Within the past 5 years (more than 2 years but less than 5 years ago)
  ☐  5 or more years ago
  ☐  Don’t know
  ☐  Not sure
  ☐  Never

3. How would you describe your weight?
  ☐  Very underweight
  ☐  Slightly underweight
  ☐  About the right weight
  ☐  Slightly overweight
  ☐  Very overweight
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4. How many of the past seven days did you do exercise that made you 
sweat and breathe hard, such as running, swimming, dancing, or other 
physical activity?
  ☐  7 out of 7 days
  ☐  6 out of 7 days
  ☐  5 out of 7 days
  ☐  4 out of 7 days
  ☐  3 out of 7 days
  ☐  2 out of 7 days
  ☐  1 out of 7 days
  ☐  0 out of 7 days

5. Thinking about nutrition, about how many total servings of fruit and/
or vegetables did you eat yesterday? A serving would equal one medium 
apple, a handful of broccoli, or a cup of carrots.
           servings

6. Have you smoked at least 100 cigarettes in your entire life?
  ☐  Yes
  ☐  No
  ☐  Don’t know / Not sure

7. Have you ever been tested for HIV? Do not count tests you may have had 
as part of a blood donation?
  ☐  Yes
  ☐  No
  ☐  Don’t know / Not sure

8. How many sex partners have you had in the last 12 months?
           partners

9. Have your sexual partners in the past 12 months been exclusively male, 
exclusively female, or both male and female?
  ☐  Exclusively male
  ☐  Exclusively female
  ☐  Both male and female
  ☐  I’ve had no sex partners in the last 12 months
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10. About how often did you have sex in the past 12 months?
  ☐  Not at all
  ☐  Once or twice
  ☐  Once a month
  ☐  2 – 3 times a month
  ☐  Weekly
  ☐  2 – 3 times per week
  ☐  4 or more times per week

11. Now thinking about the time since your eighteenth birthday, how 
many female partners have you had sex with?
           female partners

12. Now thinking about the time since your eighteenth birthday, how 
many male partners have you had sex with?
           male partners

13. Which term best describes how you think of yourself?
  ☐  Heterosexual or straight
  ☐  Homosexual, gay, or lesbian
  ☐  Bisexual

14. A drink of alcohol is one can or bottle of beer, one glass of wine, one 
can or bottle of wine cooler, one cocktail, or one shot of liquor. During the 
past 30 days, how many days per week did you have at least one drink of 
any alcoholic beverage?
           day(s)

15. A drink of alcohol is one can or bottle of beer, one glass of wine, one 
can or bottle of wine cooler, one cocktail, or one shot of liquor. During the 
past 30 days, how many days per month did you have at least one drink of 
any alcoholic beverage?
           day(s)

16. Considering all types of alcoholic beverages, how many times during 
the past 30 days did you have more than 5 drinks on one occasion?
           time(s)
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17. Thinking back over the last 12 months, about how regularly did you 
drink alcoholic beverages?
  ☐  Never in those 12 months
  ☐  1 to 3 times in 12 months
  ☐  4 to 7 times in 12 months
  ☐  8 to 11 times in 12 months
  ☐  1 to 3 times a month
  ☐  Once or twice a week
  ☐  3 to 4 times per week
  ☐  5 times a week or more

18. Again, as you think back over the last 12 months, how many drinks 
would you have on a typical day when you drank?
           drink(s)

19. During the past 12 months, have you read novels, short stories, poems, 
or plays, other than those required by work or school?
  ☐  Yes
  ☐  No
  ☐  Don’t know / Not sure

20. How often do you read the newspaper? By ʻnewspaper’ we mean 
the content no matter whether it appears in print, online or on a mobile 
device. Count only newspapers from recognized journalistic outlets. Every 
day, a few times a week, once a week, less than once a week, or never?
  ☐  Every day
  ☐  A few times a week
  ☐  Once a week
  ☐  Less than once a week
  ☐  Never

21. On the average day, about how many hours do you personally watch 
television?
           hour(s)
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22. I’ll now ask about some different kinds of television shows. Would 
you tell me how often you watch prime-time drama or situation comedy 
programs? Would you say every day, several times a week, several times a 
month, rarely, or never?
  ☐  Every day
  ☐  Several times a week
  ☐  Several times a month
  ☐  Rarely
  ☐  Never

23. How often do you watch world or national news programs?
  ☐  Every day
  ☐  Several times a week
  ☐  Several times a month
  ☐  Rarely
  ☐  Never

24. How often do you attend religious services? At least once a week, 
almost every week, about once a month, seldom or never?
  ☐  At least once a week 
  ☐  Almost every week 
  ☐  About once a month 
  ☐  Seldom 
  ☐  Never 

25. Which of the following statements best describes your current 
employment status?
  ☐  Employed for wages
  ☐  Self employed
  ☐  Out of work more than one year
  ☐  Out of work less than one year
  ☐  A homemaker
  ☐  A student
  ☐  Retired
  ☐  Unable to work
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26. Now I have some questions about credit cards and charge cards. Do 
you have any credit cards or charge cards? Please do not include debit 
cards.
  ☐  Yes
  ☐  No
  ☐  Don’t know / Not sure

27. Are any of the cards you have any type of Visa, Master Card, Discover, 
or American Express cards you can pay off over time? (Do not include 
regular American Express charge cards that must be paid in full.)
  ☐  Yes
  ☐  No
  ☐  Don’t know / Not sure

28. How many do you have? Please do not count duplicate cards for the 
same account or any business or company accounts.
  ☐  card(s)

29. On your last bills, roughly how much were the new charges made to 
these accounts?
           $.00

30. After the last payments were made on these accounts, roughly what 
was the balance still owed on these accounts?
           

31. Thinking only about Visa, Master Card, Discover, American Express 
cards you can pay off over time, and store cards, do you almost always, 
sometimes, or hardly ever pay off the total balance owed on the account 
each month?
  ☐  Almost always
  ☐  Sometimes
  ☐  Hardly ever
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32. Now I’d like to ask you some questions about your attitudes about 
savings. People have different reasons for saving, even though they may 
not be saving all the time. Which of the following statements comes 
closest to describing your saving habits?
  ☐  Don’t save – usually spend more than income
  ☐  Don’t save – usually spend about as much as income
  ☐  Save whatever is left over at the end of the month – no regular plan
  ☐  Save income of one family member, spend the other
  ☐  Spend regular income, save occasional other income
  ☐  Save regularly by putting money aside each month

33. Over the past year, would you say that your spending exceeded your 
income, that it was about the same as your income, or that you spent less 
than your income?
  ☐  Spending exceeded income
  ☐  Spending equaled income
  ☐  Spending was less than income

34. Some people seem to follow what’s going on in government and public 
affairs most of the time, whether there’s an election going on or not. 
Others aren’t that interested. Would you say you follow what’s going on 
in government and public affairs most of the time, some of the time, only 
now and then, or hardly at all? 
  ☐  Most of the time
  ☐  Some of the time
  ☐  Only now and then
  ☐  Hardly at all

35. In 2012, you may remember that Barack Obama ran for President on 
the Democratic ticket against Mitt Romney for the Republicans. Did you 
vote in that election?
  ☐  Yes
  ☐  No
  ☐  Not eligible to vote in that election
  ☐  Not sure
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36. What about local elections – do you always vote in those, do you 
sometimes miss one, do you rarely vote, or do you never vote?
  ☐  Always vote
  ☐  Sometimes miss one
  ☐  Rarely vote
  ☐  Never vote

37. In the past three or four years, have you attended any political 
meetings or rallies?
  ☐  Yes
  ☐  No
  ☐  Not sure

38. In the past three or four years, have you contributed money to a 
political party or candidate or to any other political cause?
  ☐  Yes
  ☐  No
  ☐  Not sure

39. During the past 12 months, how often have you donated blood?
  ☐  More than once a week
  ☐  Once a week
  ☐  Once a month
  ☐  At least two or three times a year
  ☐  Once in the past year
  ☐  Not at all in the past year
  ☐  Don’t know / Not sure

40. During the past 12 months, how often have you given food or money to 
a homeless person?
  ☐  More than once a week
  ☐  Once a week
  ☐  Once a month
  ☐  At least two or three times a year
  ☐  Once in the past year
  ☐  Not at all in the past year
  ☐  Don’t know / Not sure
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41. During the past 12 months, how often have you done volunteer work 
for a charity?
  ☐  More than once a week
  ☐  Once a week
  ☐  Once a month
  ☐  At least two or three times a year
  ☐  Once in the past year
  ☐  Not at all in the past year
  ☐  Don’t know / Not sure

42. During the past 12 months, how often have you given money to a 
charity?
  ☐  More than once a week
  ☐  Once a week
  ☐  Once a month
  ☐  At least two or three times a year
  ☐  Once in the past year
  ☐  Not at all in the past year
  ☐  Don’t know / Not sure

43. During the past 12 months, how often have you offered your seat on a 
bus or subway, or in a public place to a stranger who was standing?
  ☐  More than once a week
  ☐  Once a week
  ☐  Once a month
  ☐  At least two or three times a year
  ☐  Once in the past year
  ☐  Not at all in the past year
  ☐  Don’t know / Not sure
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Appendix B
Annotation and Coding

In order to prepare survey and gaze data for analysis, paid research assistants 
and additional student volunteers from The New School were recruited to mark 
the start times of each Q-A sequence in the video-recorded interviews (as unfor-
tunately, Camtasia video timestamps, Qualtrics timestamps, and gaze time-
stamps were not sufficiently synchronized to allow direct merging across the 
data sources). The research assistants first recorded each video’s start time and 
then, using Adobe Premiere, they marked the start of each of the 43 questions. 
Assistants were told that the start of each question should be identified by the 
start of the interviewer’s utterance (i.e., including fillers, disfluencies, devia-
tions from question verbiage “so, um”). That is, the Q-A sequence goes from the 
start of the question to the beginning of the next question. The end of the last 
question was also marked. That was defined as the moment the interviewer 
enters the participant’s response.8 The markers were then exported to an Excel 
document that documented the time elapsed (to the millisecond) since start of 
video, for each marker. From this Excel sheet, we were able to generate a time 
stamp for the start of each question (and therefore, the Q-A sequence) using 
SPSS’s date / time computation wizard. The timestamps needed to be linked with 
the stream of gaze behavior from the eye tracker, which generated x and y coor-
dinates of gaze at a rate of 30 frames per second. 

A computer programmer from Parsons School of Design used Python to create 
a file that connected each row of gaze data with the appropriate question for each 
participant. The resolution of gaze regions needed for this study’s analytic pur-
poses was not high (looking at self-view region, looking at interviewer / screen, 
looking elsewhere), and so establishing the linkage, once the file was complete, 
was relatively straightforward given the tracker’s capabilities. 

8	 Note that with this annotation procedure, the final Q-A sequence is therefore shortened 
compared to the rest, but this is exactly the same across both experimental groups.
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Appendix C
Classification of Survey Interview Questions As Sensitive

Using a more inclusive categorization that classifies questions as sensitive if 
other prior studies have identified mode differences in response distributions 
(e.g., Tourangeau et al., 1997), we examined another categorization of sensitive 
vs. nonsensitive questions (Column 1, other studies). This yielded a total of 21 
sensitive questions and 22 nonsensitive and included the question of religious 
service attendance based on the findings from Study 1. Results show a similar 
pattern for gaze elsewhere (and thereby gaze at screen), but no effect on gaze 
at the self-view window. Specifically, using this classification, respondents with 
a self-view window averted their gaze less during sensitive than nonsensitive 
questions (and they gazed more at the screen during sensitive than nonsensitive 
questions). 

Thus far, the categorization of questions as sensitive or not was based on prior 
findings of interview mode effects on socially desirable responding (e.g., FTF vs. 
ACASI). However, other questions in this survey not identified through this cat-
egorization may well be embarrassing to be asked, and it is plausible that they 
could lead to socially desirable responding (e.g., frequency of sex). In order to 
explore this further, we carried out another analysis this time using judgments 
by the Qualtrics Panel to classify questions as sensitive or nonsensitive. 

As a first pass, we classified questions as sensitive if more than 50% of the 
Qualtrics panel members rated a question as one that they thought people would 
find "somewhat" or "very" embarrassing to be asked. We also compared alter-
nate classifications using cutoffs of 40%, 35%, and 30% of the Qualtrics panel 
rating a question as somewhat or very embarrassing to answer. Different cutoffs 
yield different classifications of the questions. Under all these different cutoffs, 
there was no evidence that respondent gaze (at self, screen, or elsewhere) dif-
fered for sensitive vs. nonsensitive questions. 

A classification table of questions as sensitive based on these different strate-
gies can be found below.
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Table A1  Survey interview question sensitivity

Interview question Other 
studies

Lind et 
al. 

Panel judgments
at  
50%

at 
40%

at  
35%

at  
30%

1. Would you say that in general your 
health is excellent, very good, good, fair, 
poor, don’t know, or you’re not sure?

X X

2. A routine checkup is a general physical 
exam, not an exam for a specific illness, 
injury, or condition. When was the last 
time you saw a doctor for a routine 
checkup?

X X X

3. How would you describe your weight? X X X X X
4. How many of the past seven days did 
you do exercise that made you sweat 
and breathe hard, such as running, 
swimming, dancing, or other physical 
activity?

X X X X X

5. Thinking about nutrition, about how 
many total servings of fruit and / or 
vegetables did you eat yesterday? A 
serving would equal one medium apple, 
a handful of broccoli, or a cup of carrots.

X X X X

6. Have you smoked at least 100 
cigarettes in your entire life?

X X X X X X

7. Have you ever been tested for HIV? Do 
not count tests you may have had as part 
of a blood donation?

X X X X X

8. How many sex partners have you had 
in the last 12 months?

X X X X X

9. Have your sexual partners in the 
past 12 months been exclusively male, 
exclusively female, or both male and 
female?

X X X X

10. About how often did you have sex in 
the past 12 months?

X X X X

11. Now thinking about the time since 
your eighteenth birthday, how many 
female partners have you had sex with?

X X X X X X

12. Now thinking about the time since 
your eighteenth birthday, how many 
male partners have you had sex with?

X X X X X X

13. Which term best describes how you 
think of yourself?

X X X
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Interview question Other 
studies

Lind et 
al. 

Panel judgments
at  
50%

at 
40%

at  
35%

at  
30%

14. A drink of alcohol is one can or bottle 
of beer, one glass of wine, one can or 
bottle of wine cooler, one cocktail, or 
one shot of liquor. During the past 30 
days, how many days per week did you 
have at least one drink of any alcoholic 
beverage?

X X X X

15. A drink of alcohol is one can or bottle 
of beer, one glass of wine, one can or 
bottle of wine cooler, one cocktail, or 
one shot of liquor. During the past 30 
days, how many days per month did you 
have at least one drink of any alcoholic 
beverage?

X X X X

16. Considering all types of alcoholic 
beverages, how many times during the 
past 30 days did you have more than 5 
drinks on one occasion?

X X X X X

17. Thinking back over the last 12 
months, about how regularly did you 
drink alcoholic beverages?

X X X X X X

18. Again, as you think back over the last 
12 months, how many drinks would you 
have on a typical day when you drank?

X X X X

19. During the past 12 months, have you 
read novels, short stories, poems, or 
plays, other than those required by work 
or school?
20. How often do you read the 
newspaper? By "newspaper" we mean 
the content no matter whether it 
appears in print, online or on a mobile 
device. Count only newspapers from 
recognized journalistic outlets. Every 
day, a few times a week, once a week, 
less than once a week, or never?

X X

21. On the average day, about how 
many hours do you personally watch 
television?

X X

22. I’ll now ask about some different 
kinds of television shows. Would you 
tell me how often you watch prime-time 
drama or situation comedy programs? 
Would you say every day, several times 
a week, several times a month, rarely, or 
never?

X X
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Interview question Other 
studies

Lind et 
al. 

Panel judgments
at  
50%

at 
40%

at  
35%

at  
30%

23. How often do you watch world or 
national news programs?
24. How often do you attend religious 
services? At least once a week, almost 
every week, about once a month, 
seldom or never?

X X X

25. Which of the following statements 
best describes your current employment 
status?

X X

26. Now I have some questions about 
credit cards and charge cards. Do you 
have any credit cards or charge cards? 
Please do not include debit cards.

X X X

27. Are any of the cards you have any 
type of Visa, Master Card, Discover, or 
American Express cards you can pay 
off over time? (Do not include regular 
American Express charge cards that 
must be paid in full.)

X

28. How many do you have? Please do 
not count duplicate cards for the same 
account or any business or company 
accounts.

X X

29. On your last bills, roughly how much 
were the new charges made to these 
accounts?

X X

30. After the last payments were made 
on these accounts, roughly what was the 
balance still owed on these accounts?

X X X

31. Thinking only about Visa, Master 
Card, Discover, American Express cards 
you can pay off over time, and store 
cards, do you almost always, sometimes, 
or hardly ever pay off the total balance 
owed on the account each month?

X X X

32. Now I’d like to ask you some 
questions about your attitudes about 
savings. People have different reasons 
for saving, even though they may not 
be saving all the time. Which of the 
following statements comes closest to 
describing your saving habits?

X X X X X
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Interview question Other 
studies

Lind et 
al. 

Panel judgments
at  
50%

at 
40%

at  
35%

at  
30%

33. Over the past year, would you say 
that your spending exceeded your 
income, that it was about the same as 
your income, or that you spent less than 
your income?

X X X

34. Some people seem to follow what’s 
going on in government and public 
affairs most of the time, whether there’s 
an election going on or not. Others 
aren’t that interested. Would you say you 
follow what’s going on in government 
and public affairs most of the time, some 
of the time, only now and then, or hardly 
at all? 

X X X

35. In 2012, you may remember that 
Barack Obama ran for President on the 
Democratic ticket against Mitt Romney 
for the Republicans. Did you vote in that 
election?

X X

36. What about local elections – do you 
always vote in those, do you sometimes 
miss one, do you rarely vote, or do you 
never vote?

X X

37. In the past three or four years, have 
you attended any political meetings or 
rallies?

X

38. In the past three or four years, have 
you contributed money to a political 
party or candidate or to any other 
political cause?

X

39. During the past 12 months, how 
often have you donated blood?

X

40. During the past 12 months, how 
often have you given food or money to a 
homeless person?

X X X

41. During the past 12 months, how 
often have you done volunteer work for 
a charity?

X X X

42. During the past 12 months, how 
often have you given money to a charity?

X X X

43. During the past 12 months, how 
often have you offered your seat on a 
bus or subway, or in a public place to a 
stranger who was standing?

X X X
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Appendix D 
 
Table A2  �Qualtrics panel ratings of sensitive survey interview responses  

(> 40%)

Question and response options Sensitive? 
(Y / N)

1. Would you say that in general your health is excellent, very good, good, fair, poor, don’t 
know, or you’re not sure?

Excellent N
Very good N
Good N
Fair Y
Poor Y
Don’t know Y
Not sure Y

2. A routine checkup is a general physical exam, not an exam for a specific illness, injury, or 
condition. When was the last time you saw a doctor for a routine checkup?

Within the past 6 months (any time less than 6 months ago) N
Within the last year (more than 6 months but less than 12 months ago) N
Within the past 2 years (more than 1 year but less than 2 years ago) Y
Within the past 5 years (more than 2 years but less than 5 years ago) Y
5 or more years ago Y
Don’t know Y
Not sure Y
Never Y

3. How would you describe your weight?
Very underweight Y
Slightly underweight Y
About the right weight N
Slightly overweight Y
Very overweight Y

4. How many of the past seven days did you do exercise that made you sweat and breathe 
hard, such as running, swimming, dancing, or other physical activity?

7 out of 7 days N
6 out of 7 days N
5 out of 7 days N
4 out of 7 days N
3 out of 7 days Y
2 out of 7 days Y
1 out of 7 days Y
0 out of 7 days Y
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Question and response options Sensitive? 
(Y / N)

5. Thinking about nutrition, about how many total servings of fruit and / or vegetables did 
you eat yesterday? A serving would equal one medium apple, a handful of broccoli, or a cup 
of carrots.

0 Y
1 – 2 Y
3+ N

6. Have you smoked at least 100 cigarettes in your entire life?
Yes Y
No N

7. Have you ever been tested for HIV? Do not count tests you may have had as part of a 
blood donation?

Yes Y
No Y
Don’t know / Not sure Y

8. How many sex partners have you had in the last 12 months?
0 Y
1 Y
2+ Y

9. Have your sexual partners in the past 12 months been exclusively male, exclusively 
female, or both male and female?

Exclusively male Y
Exclusively female Y
Both male and female Y
I’ve had no sex partners in the last 12 months Y

10. About how often did you have sex in the past 12 months?
Not at all Y
Once or twice Y
Once a month Y
2 – 3 times a month Y
Weekly Y
2 – 3 times per week Y
4 or more times per week Y

11. Now thinking about the time since your eighteenth birthday, how many female 
partners have you had sex with?

0 Y
1 – 5 Y
6+ Y
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Question and response options Sensitive? 
(Y / N)

12. Now thinking about the time since your eighteenth birthday, how many male partners 
have you had sex with?

0 Y
1 – 5 Y
6+ Y

13. Which term best describes how you think of yourself?
Heterosexual or straight N
Homosexual, gay, or lesbian Y
Bisexual Y

14. A drink of alcohol is one can or bottle of beer, one glass of wine, one can or bottle of 
wine cooler, one cocktail, or one shot of liquor. During the past 30 days, how many days per 
week did you have at least one drink of any alcoholic beverage?

0 N
1 – 2 N
3+ Y

15. A drink of alcohol is one can or bottle of beer, one glass of wine, one can or bottle of 
wine cooler, one cocktail, or one shot of liquor. During the past 30 days, how many days per 
month did you have at least one drink of any alcoholic beverage?

0 N
1 – 5 Y
6+ Y

16. Considering all types of alcoholic beverages, how many times during the past 30 days 
did you have more than 5 drinks on one occasion?

0 N
1 – 2 Y
3+ Y

17. Thinking back over the last 12 months, about how regularly did you drink alcoholic 
beverages?

Never in those 12 months N
1 to 3 times in 12 months N
4 to 7 times in 12 months Y
8 to 11 times in 12 months Y
1 to 3 times a month Y
Once or twice a week Y
3 to 4 times per week Y
5 times a week or more Y

18. Again, as you think back over the last 12 months, how many drinks would you have on a 
typical day when you drank?

0 N
1 Y
2+ Y
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Question and response options Sensitive? 
(Y / N)

19. During the past 12 months, have you read novels, short stories, poems, or plays, other 
than those required by work or school?

Yes N
No Y

20. How often do you read the newspaper? By "newspaper" we mean the content no matter 
whether it appears in print, online or on a mobile device. Count only newspapers from 
recognized journalistic outlets. Every day, a few times a week, once a week, less than once a 
week, or never?

Every day N
A few times a week N
Once a week N
Less than once a week Y
Never Y

21. On the average day, about how many hours do you personally watch television?
0 N
1 – 3 N
4+ Y

22. I’ll now ask about some different kinds of television shows. Would you tell me how 
often you watch prime-time drama or situation comedy programs? Would you say every 
day, several times a week, several times a month, rarely, or never?

Every day N
Several times a week N
Several times a month N
Rarely N
Never N

23. How often do you watch world or national news programs?
Every day N
Several times a week N
Several times a month N
Rarely N
Never Y

24. How often do you attend religious services? At least once a week, almost every week, 
about once a month, seldom or never?

At least once a week N
Almost every week N
About once a month Y
Seldom Y
Never Y
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Question and response options Sensitive? 
(Y / N)

25. Which of the following statements best describes your current employment status?
Employed for wages N
Self employed N
Out of work more than one year Y
Out of work less than one year Y
A homemaker Y
A student N
Retired N
Unable to work Y

26. Now I have some questions about credit cards and charge cards. Do you have any credit 
cards or charge cards? Please do not include debit cards.

Yes N
No Y

27. Are any of the cards you have any type of Visa, Master Card, Discover, or American 
Express cards you can pay off over time? (Do not include regular American Express charge 
cards that must be paid in full.)

Yes N
No N

28. How many do you have? Please do not count duplicate cards for the same account or 
any business or company accounts.

0 N
1 – 2 N
3+ Y

29. On your last bills, roughly how much were the new charges made to these accounts?
$0 N
$1 – 249 Y
$250+ Y

30. After the last payments were made on these accounts, roughly what was the balance 
still owed on these accounts?

$0 N
$1 – 499 Y
$500+ Y

31. Thinking only about Visa, Master Card, Discover, American Express cards you can pay 
off over time, and store cards, do you almost always, sometimes, or hardly ever pay off the 
total balance owed on the account each month?

Almost always N
Sometimes Y
Hardly ever Y
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Question and response options Sensitive? 
(Y / N)

32. Now I’d like to ask you some questions about your attitudes about savings. People have 
different reasons for saving, even though they may not be saving all the time. Which of the 
following statements comes closest to describing your saving habits?

Don’t save – usually spend more than income Y
Don’t save – usually spend about as much as income Y
Save whatever is left over at the end of the month – no regular plan Y
Save income of one family member, spend the other Y
Spend regular income, save occasional other income N

33. Over the past year, would you say that your spending exceeded your income, that it was 
about the same as your income, or that you spent less than your income?

Spending exceeded income Y
Spending equaled income Y
Spending was less than income N

34. Some people seem to follow what’s going on in government and public affairs most of 
the time, whether there’s an election going on or not. Others aren’t that interested. Would 
you say you follow what’s going on in government and public affairs most of the time, 
some of the time, only now and then, or hardly at all? 

Most of the time N
Some of the time Y
Only now and then Y
Hardly at all Y

35. In 2012, you may remember that Barack Obama ran for President on the Democratic 
ticket against Mitt Romney for the Republicans. Did you vote in that election?

Yes N
No Y
Not eligible to vote in that election Y

36. What about local elections – do you always vote in those, do you sometimes miss one, 
do you rarely vote, or do you never vote?

Always vote N
Sometimes miss one N
Rarely vote Y
Never vote Y

37. In the past three or four years, have you attended any political meetings or rallies?
Yes N
No Y

38. In the past three or four years, have you contributed money to a political party or 
candidate or to any other political cause?

Yes N
No N
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Question and response options Sensitive? 
(Y / N)

39. During the past 12 months, how often have you donated blood?
More than once a week N
Once a week N
Once a month N
At least two or three times a year N
Once in the past year Y
Not at all in the past year Y

40. During the past 12 months, how often have you given food or money to a homeless 
person?

More than once a week N
Once a week N
Once a month N
At least two or three times a year N
Once in the past year Y
Not at all in the past year Y

41. During the past 12 months, how often have you done volunteer work for a charity?
More than once a week N
Once a week N
Once a month N
At least two or three times a year N
Once in the past year Y
Not at all in the past year Y

42. During the past 12 months, how often have you given money to a charity?
More than once a week N
Once a week N
Once a month N
At least two or three times a year Y
Once in the past year Y
Not at all in the past year Y

43. During the past 12 months, how often have you offered your seat on a bus or subway, or 
in a public place to a stranger who was standing?

More than once a week N
Once a week N
Once a month N
At least two or three times a year N
Once in the past year Y
Not at all in the past year Y
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Abstract
Live video interviewing emerged as a method for collecting survey data during the CO-
VID-19 pandemic, having rarely been used for survey data collection prior to this. There 
is now a need to assess experiences and outcomes from studies that utilised video inter-
viewing, partly with a view to informing the future feasibility of the method in different 
contexts. This paper reports on the experience of the European Social Survey (ESS) with 
video interviewing, having used this approach as a complementary method to in-person 
interviewing at its 10th round (2020–2022). The ESS can provide a unique perspective, be-
ing the first cross-national survey to use video interviews. In total, 16 countries offered 
video interviewing alongside in-person interviewing at ESS Round 10. In this paper, we 
present a range of results based on ESS Round 10 in two main categories. We first look at 
the effectiveness of the implementation of video interviewing and then compare quality 
between video interviews and in-person interviews across various indicators, includ-
ing interviewer effects. The results show that the prevalence of video interviews varied 
widely between countries, likely relating to national contextual factors. However, in 
countries where a large share of video interviews was carried out, we found that the in-
terview experience was rated positively, and quality indicators were closely comparable 
with in-person interviews. These results suggest that future use of video interviewing 
may be more feasible in some countries that others, but in certain contexts it has the 
potential to offer an effective complementary option to in-person interviewing.

Keywords:	 live video interviewing, cross-national surveys, European Social Survey, inter-
viewer effects
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The COVID-19 pandemic prompted several surveys to use live video interview-
ing for quantitative survey data collection for the first time. This included the 
European Social Survey (ESS), which used live video interviews as a complemen-
tary method to in-person interviewing in several countries for its 10th Round, 
carried out between 2020 and 2022. This paper reports on the experiences and 
outcomes of live video interviews for ESS1.

Video Interviewing for Surveys
While use of video interviewing for surveys was rare prior to the pandemic, it 
had long been foreseen as a potentially promising method. Anderson (2008) con-
sidered the potential of video-mediated surveys as a future approach and saw 
several benefits. These included the scope for greater rapport and engagement 
with respondents compared with telephone and web surveys, and the potential 
to appeal to certain population sub-groups that are sometimes underrepresented 
in surveys (e.g., younger people). However, challenges were also foreseen. These 
included the risk that the presence of an interviewer, even remotely, may reduce 
candour in reporting sensitive behaviours compared to a self-administered 
mode like web surveys, and challenges with some population groups accessing 
video platforms, including older people and those less technologically experi-
enced. There could also be challenges with low internet connectivity in certain 
regions. Anderson concluded that “research on [video’s] detailed impacts on real 
survey interviews is urgently needed. Pilot studies of this kind should be under-
taken before any widespread adoption is planned” (Anderson, 2008, p. 115).

While video platforms have been used for qualitative research for some time 
(e.g., Irani, 2019), they were rarely used for quantitative survey data collection 
prior to the pandemic. This resulted in some studies adopting video interview-
ing as an approach at speed, and sometimes without the extensive piloting that 
Anderson (2008) recommended. While publications relating to video interview-
ing are still rare, there are now several examples of its use that provide early 
indicators of experiences and outcomes associated with the method. 

There is evidence of a good take-up rate of video interviews in some contexts, 
particularly for longitudinal studies (Dulaney et al., 2023; Sanchez et al., 2023). A 
study by Conrad et al. (2023) found live video respondents were less likely to give 
non-differentiated responses and reported higher satisfaction than web respon-

1	 In the remainder of this paper, we generally use ‘video interviews’ when referring to ‘live 
video interviews’ for brevity. In a few places we refer to ‘live video interviews’ to differen-
tiate from pre-recorded video interviews.
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dents, suggesting the presence of a (remote) interviewer can keep respondents 
motivated and conscientious. Carr et al. (2023) also reported positive feedback 
on the experience of video interviews from both respondents and interview-
ers, with technical issues with the video platform being quite rare. Some stud-
ies have observed sample composition differences between video and in-person 
modes, which may point to the potential for this mode to bring in underrepre-
sented groups (e.g., Dulaney et al., 2023; Þórólfsson et al., 2023).

There are so far relatively few studies that compare measurement between in-
person and video modes, but there are some encouraging early findings. Kelley 
et al. (2023) found no measurement effects from introducing video interviewing 
as a mode of data collection, while Zavala-Rojas et al. (2023) looked at two con-
cepts measured in the European Social Survey and found generally consistent 
relationships between variables for video and in-person modes.

Regarding interviewer-respondent interactions, Sun et al. (2021) found no sig-
nificant difference in respondents’ rapport ratings between video-mediated and 
in-person interviews, suggesting that rapport is just as well established through 
remote video interviewing. Kelley et al. (2023) found that video interviewing was 
akin to in-person interviewing, with video interviewers being adept at maintain-
ing the meaning of questions. West et al. (2022) found little evidence of signifi-
cant interviewer effects for either live or pre-recorded video interviews. They 
recommended that future studies should compare interviewer effects between 
video interviews and in-person interviews.

Endres at al. (2023) randomised respondents to either interviewer-adminis-
tered video or interviewer-administered in-person modes after completing a 
self-administered online survey wave. They found that video interviewing is 
more comparable to in-person interviewing than online interviewing across 
multiple measures of satisficing, social desirability and respondent satisfaction. 
This is of particular relevance to this paper, since ESS used video interviewing 
as a complementary mode to in-person interviewing, and combined interviews 
from each approach in its published data set.

While the above examples provide reassurance and support for use of video 
interviewing, other studies raise some concerns and limitations. Despite differ-
ent sample compositions between video and in-person interviewing, video may 
not lead to a better response rate or improved sample composition compared 
with a solely in-person approach (Þórólfsson et al., 2023). Take-up of video inter-
views, when offered alongside other modes, can sometimes be low (Sanchez et 
al., 2023). Some groups of respondents or households may be less open to video 
interviewing, while technical aspects of administering video interviews can be 
more challenging for interviewers (Centeno et al., 2023). Carr et al. (2023) found 
examples of differential reporting between video and other modes. And Con-
rad et al. (2023) found higher levels of rounding for numerical questions and 
more socially desirable answers for live video respondents compared with web 
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respondents. It’s clear from the studies completed to date that evidence is mixed, 
and that there are different ways that the success, or otherwise, of video inter-
viewing can be assessed. 

Contributing to the Existing Evidence 
This paper aims to investigate the potential use of video interviewing as a com-
plementary mode to in-person interviewing by analysing data from the 10th 
Round of the European Social Survey (ESS). 

The ESS is conducted as a cross-sectional biennial survey across over 30 
countries. Until Round 10, all countries were required to collect fully in-person 
samples based on a central specification. As with other surveys that rely on in-
person data collection, the COVID-19 pandemic posed several challenges to the 
ESS’s usual approach. This resulted in some modifications being made to the 
specification for ESS Round 10 (carried out in 2020-2022; Hanson et al., 2022), 
including, for the first time in the ESS’s history, allowing video interviewing as a 
complementary mode to in-person interviewing.

The specific use of video interviewing as a complementary mode to in-person 
interviewing is an important feature of our study, in two respects. First, there 
was no attempt to switch to a full video-interviewing approach and replace 
in-person interviewing. It was not expected that a video-only approach could 
deliver a representative sample for a cross-sectional, general population survey 
such as the ESS. The use of video was therefore reliant on in-person interviewing 
being possible. And second, our approach used two interviewer-administered 
modes (in-person and video) and was not part of a broader mixed-mode strat-
egy that might include non-interviewer modes (e.g., self-completion web). We 
can therefore only assess how effectively video interviewing complemented in-
person interviewing and not make judgments about the role of video in a wider 
mixed-mode approach.

There are good reasons why the combination of video and in-person inter-
viewing may present a suitable complementary approach. The sampling design, 
contact and cooperation processes can remain unchanged. Both modes require 
interviewers to read out questions and record responses as given by the respon-
dent. The in-person ESS interviews use showcards that display response lists to 
respondents throughout the interview, and these can be shared with the respon-
dent through the video interview platform. But there are also differences; rather 
than sharing the same physical space, the interviewer and respondent engage 
through a remote online platform.

The relative cost-effectiveness of video interviewing compared with in-per-
son interviewing makes it a potentially attractive option. If a large share of inter-
views that took part in person can move to a remote video approach, this will 
save significantly on travel costs. Video interviewing may therefore offer sig-
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nificant potential beyond the pandemic for surveys that traditionally rely on in-
person interviewing. To inform this, more evidence is needed on the experience 
of video interviewing, and its comparability with in-person interviewing. The 
ESS was one of the first studies to introduce video interviewing as a complemen-
tary approach to in-person interviewing in a full production survey and so can 
provide evidence on this point.

To our knowledge, the ESS is also the only cross-national study that has used 
video interviewing. The challenge of achieving equivalence is greatly magni-
fied for cross-national surveys (Jowell et al., 2007). Adding a new data collec-
tion mode may present particular challenges and share new insight in this 
context. For example, there may be differences in the take-up of video inter-
viewing between countries, which may be linked to contextual factors (e.g., 
sample frames, contact methods, levels of internet use). Experiences of video 
interviewing may differ due to variations in approaches used. It’s also crucial 
to understand how video and in-person interviewing compare across quality 
indicators between countries. If, for example, there are differences in the com-
parability of modes between countries, and different rates of video interviews 
are observed between countries, this may compromise the comparability of the 
cross-national data produced. 

Expectations for Video Interviewing as a 
Complementary Approach to In-Person Interviewing
Determining the effectiveness and worth of introducing a complementary mode 
in a cross-national survey context requires reflection on several key aspects. A 
good complementary mode must meet certain minimum requirements to be 
considered beneficial for implementation. These considerations include under-
standing the characteristics that define a successful complementary mode and 
identifying the essential criteria it must fulfil to enhance the survey process 
effectively across different countries. We consider the two central criteria as an 
approach to our analysis: (I) the effectiveness of implementations, and (II) the 
quality and comparability of measurements. 

For the implementation of video interviews to be effective as a complementary 
mode to in-person interviewing, it needs to (1) have a substantial use (in terms of 
the number and/or share of video interviews conducted) and/or enhance survey 
response, and (2) provide a comparable interview experience to respondents.

For measurement quality to be comparable between video and in-person 
interviews, the two methods need to (1) provide similar interviewing conditions 
(e.g., video replicating the in-person approach in terms of being interviewer-
administered and using showcards, but through a different medium), (2) gener-
ate similar behaviours to answering the questionnaire by the target respondent 
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(e.g., item nonresponse, level of straightlining), and (3) produce similar inter-
viewer effects on answers. The expectation is that the platform of communica-
tion should not significantly influence respondents' answers or the integrity of 
the data collected.

Approach and Research Questions
The analyses presented in this paper is divided into two parts, both of which are 
crucial in understanding the effectiveness and suitability of video interviewing. 
We first look at the implementation and experience of video interviewing (see 
Research Question 1, below). Here we share the prevalence of video inter-
views conducted in each country, present results from respondent and inter-
viewer ‘interview experience’ questions, and share findings on technical issues 
reported. 

We then look at the quality and comparability of video and in-person interviews 
across modes (Research Question 2). Here we will make comparisons across two 
quality metrics: indicators of satisficing, and interviewer effects.

Cross-country comparability is a dimension that goes across both analytical 
focuses of the paper (Research Question 3). This third dimension allows us to 
provide a more relative perspective on the findings of video interview as a com-
plementary mode across multiple country-specific contexts and survey condi-
tions. 
Through this analysis, our paper seeks to answer the following research ques-
tions:

1.  �How effective is video interviewing in complementing in-person interview-
ing for large cross-national surveys like the ESS? 

2.  �How did the quality of the interviewing process via video compare to the 
interviewing process via in-person interviewing in the ESS?

3.  �How does the assessment of video interviewing vary between countries 
regarding its implementation, quality, and comparability with in-person 
interviewing (based on both interviewer and respondent perspectives)?

Data
We use data from the European Social Survey Round 10 (ESS ERIC, 2023), carried 
out between 2020 and 2022. This was the first ESS round in which video inter-
viewing was offered as a complementary mode to in-person interviewing. This 
reflected concerns that even where in-person interviewing was possible, some 
target respondents would be unable or unwilling to take part in an in-person 



Hanson et al.: Live Video Interviewing as a Complementary Mode� 185

interview due to the COVID-19 pandemic. This may be due to needing to shield 
themselves for health reasons, for concerns over being infected, or for other rea-
sons. 

Since the video interviewing approach was offered as an ‘emergency’ measure 
for Round 10, limited development work was carried out to test the method in 
the ESS context. A small amount of user testing was carried out among ESS team 
members and in some countries to assess and refine the approach. The approach 
was informed by best practice guidance based on experience from other studies 
(e.g., Schober et al., 2020).

In total, 16 countries offered video interviewing. When describing the preva-
lence of video interviews, we include all 16 countries in our analysis. However, 
for the remaining analysis, we focus on only the six countries that conducted the 
largest number of video interviews (Estonia, Finland, Iceland, Italy, Netherlands 
and Norway). In these countries, between 240 and 491 video interviews were 
conducted. In all other countries, the number of video interviews was below 100.

ESS’s Approach to Video Interviewing
ESS’s data collection model is based on decentralized fieldwork contracting 
and data collection. National teams are appointed in each country, and they 
either organize fieldwork in-house (where they have an interviewer fieldforce) 
or contract this activity to a survey agency. For the Round 10 video interview-
ing approach, each national team was asked to describe their approach, in 
response to centrally produced guidelines. Their approach was then reviewed 
and approved by ESS’s central coordination team. 

The main process for contacting target respondents was unchanged from 
the usual fully in-person interviewing approach. In the majority of countries, 
interviewers attempted in-person contact, sometimes following delivery of an 
advance letter. A video interview could then be offered as an alternative to an 
in-person interview. A small number of countries had access to named person 
samples that included telephone numbers for sample members. In these cases, 
they could attempt first contact by telephone and offer a video interview at that 
point (meaning in these cases a video interview could be conducted without any 
in-person contact).

National teams were allowed to select between the following approaches for 
carrying out video interviews:

	– Option A: Establish a specialist team of video interviewers, separate from 
those carrying out in-person interviews, 

	– Option B: Allow all their in-person interviewers to also carry out video inter-
views.  
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	– Option C: Allow a subset of their in-person interviewers to also carry out 
video interviews. 

There were pros and cons with each approach. Option A allowed for more central 
control and management but led to a more complex flow of steps between the in-
person interviewer and the video interviewer. There may also be concerns with 
interviewer effects if a small number of interviewers were carrying out a large 
number of interviews—which applies to option A and to some extent C—as the 
impact of these effects increases with the size of workload per interviewer (West 
& Blom, 2017). Increasing workload of interviewers would contradict recommen-
dations to reduce interviewer effects in in-person surveys (Schnell & Kreuter, 
2005). Option B (and to some extent C) was a more seamless process as the same 
interviewer was responsible for both the in-person contact and for administer-
ing the video interview. However, particularly for option B, there are challenges 
with training, equipping and monitoring a large interviewer fieldforce to take 
on the video interviewing task. A little over half of the countries adopted option 
A: establishing a small specialist team of video interviewers. 

National teams were advised to use Microsoft Teams or Zoom to carry out the 
video interviews. They were required to use a licensed version of the platforms. 
Respondents were not required to have a Teams/Zoom account in order to take 
part, or to download any software. In a small number of cases, countries used 
alternative platforms, subject to these platforms meeting GDPR requirements 
and tested with respondents in advance of fieldwork.

Interviewers were instructed to use two screens to carry out the video inter-
views. One screen included the CAPI questionnaire, which was not shared with 
the respondent. This allowed the interviewer to read the questions and enter 
responses. The other screen featured the video call, including the interviewer 
and respondent videos. This screen also included showcards, which are used 
throughout the ESS questionnaire and were screen-shared with the respondent. 
The interviewer moved on to the correct card as required throughout the inter-
view.

Respondents could take part using any internet-enabled device, includ-
ing smartphones. It was recommended that they used a larger screen device, 
if available, to allow for clearer display of the video questionnaire and show-
cards. Other features and requirements regarding ESS’s video interviewing are 
described in Appendix A (Table A1).

Methods
We conduct the analysis in two stages: (I) an assessment of the effectiveness of 
the implementation of the video interviews as a complementary approach to in-
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person interviewing, and (II) an assessment of the comparability of data quality 
between in-person and video modes. 

We assess the effectiveness of video interviewing in the ESS (Stage I) in two 
main steps. 

1.  �Prevalence of video interviews: The first step to assessing the effectiveness of 
video interviews is to establish the level of demand for them (as opposed to 
in-person interviews) across ESS countries. If only a small number of res-
pondents opt for video interviews, it may not be worthwhile offering this 
approach in future as impact on the data and potential cost savings would 
be limited. We look at the proportion of video interviews carried out in each 
of the 16 countries that offered this approach. Through this, we assess the 
different contexts and factors present in each country and consider how this 
may have impacted on the prevalence of video interviews conducted.

2.  �Experience of video interviews: It is important to gain feedback from both 
interviewers and respondents on the experience of taking part in a video 
interview, and assess how this compares to in-person interviews. If the expe-
rience of a video interview is judged to be worse than an in-person interview, 
this may point to underlying issues with the video approach in the context 
of ESS, or perhaps a need for future improvements in how it is provided. To 
measure this, we compare responses to an ‘interview experience’ question 
that was asked of both respondents and interviewers in video and in-person 
modes (“How would you rate the overall experience of taking part in this survey? 
Please answer on a scale from 0 to 10 where 0 is very negative and 10 is very posi-
tive”). The same question was included for both in-person and video inter-
views, to allow for a comparison of the experience between modes. For the 
respondent version, the question was asked to the respondent by the inter-
viewer at the end of the interview. For the interviewer version, the inter-
viewer was asked to record their experience score in a short ‘interviewer 
questionnaire’ included at the end of the interview. Clearly, there may be 
interviewer and respondent level effects that influence the interview experi-
ence beyond the mode difference. However, by including these questions we 
intended to gain a broad impression of whether taking part in a video inter-
view seemed to represent a worse (or improved) interviewing experience 
compared with in-person interviewing. Two sample t-tests were performed 
to compare experience scores in the in-person interviewing and video inter-
viewing groups. For video interviews, both respondents and interviewers 
were asked to report any technical issues experienced during the interview. 
We also present these results.

Similarly, we will compare video and in-person interviews in different ways, 
with the objective of assessing the quality and comparability (Stage II) of the 
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new video method in comparison to ESS’s long-standing in-person interviewing 
approach. 

1.  �Satisficing behavior: Satisficing response behaviour is typical in situations 
when the respondent is fatigued or unmotivated to answer truthfully. As 
part of our analysis, we looked at two metrics relating to satisficing beha-
viour: item non-response and straightlining. Respondents who are less 
engaged in the interview or less motivated are likely to have higher rates of 
item non-response and straightlining. We carried out chi-squared tests to 
assess if these indicators of satisficing differ between in-person and video 
interviews. For both item non-response and straightlining, we analysed the 
21-item Schwartz Human Values Scale2. This scale is located at the end of 
the ESS questionnaire and has been deliberately chosen, since we might 
expect satisficing behaviours to be more common in the latter part of a long 
(approx. 1 hour) interview. Respondents selecting the same answer to at 
least 15 of the 21 human values items are coded as exhibiting straightlining 
behaviour. The same approach has been previously used by Ainsaar et al. 
(2013). As these questions ask about the respondent’s level of similarity to 
many different contradicting values, it is unlikely that the respondent would 
identify with most of the values to the same degree. To compensate for the 
differences between respondents, we use only data from persons with rela-
tively similar backgrounds: a person living with a partner who has at least 
a secondary or higher education and who is younger than 60 years old. This 
allows for in-person sample sizes between 302 and 1,283 per country, and 
video interviewing sample sizes between 214 and 421 per country.

2.  �Interviewer effects: The communication platform can potentially influence 
the extent to which interviewers affect responses. The shift to digital com-
munication introduces unique challenges, raising questions about how 
video-based dynamics, compared to in-person interactions, might alter an 
interviewer’s influence on respondents’ answers. West et al. (2022) discuss 
mechanisms that typically generate interviewer effects in video interviews—
such as interviewer behaviour, visible characteristics, and responsiveness to 
different question types—and how these might vary between live and prere-
corded video interviews. These ideas can be applied when comparing video 
interviews with in-person interviews. For example, real-time interaction in 
video settings may limit certain nonverbal cues, potentially reducing enga-
gement, although, so far, there is no evidence that video mediated commu-
nication changes how interviewers might affect respondents (see Sun & Con-
rad, 2026 and Sun et al., 2021). 

2	 Items in the human values scale include: ”It is important to her/him to be humble and 
modest. She/He tries not to draw attention to herself/himself“ and ”Being very successful 
is important to her/him. She/He hopes that people will recognise her/his achievements“.
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Comparing live video interviews to in-person interviews allows us to observe 
to what extent each mode impacts interviewer effects. For video interviews to 
serve as an effective complement to in-person interviews, interviewer effects 
should be small and similar across modes. While standardized protocols aim 
to maintain consistency and reliability across modes, they may not fully miti-
gate variability introduced by individual interviewers. Thus, we examine how 
interviewers may differently affect responses in video versus in-person for-
mats, estimating the variance attributable to interviewer clustering across these 
modes. To assess possible differences in interviewer effects, we estimate how 
much of the variance from all responses of each single item can be explained 
by the clustering within interviewers from in-person interviews versus video 
interviews. Interviewer effects on single items are estimated by taking the aver-
age of the intra-interviewer correlations (ICC) of numeric and ordinal items in 
the questionnaire. ICCs are estimated from linear models with an interviewer-
level random effect for all numeric and ordinal items measured on a scale of 
at least 4-points in the ESS Round 10 questionnaire. A total of 175 items from 
the ESS questionnaire were selected as suitable for the analysis. To control for 
similarities between respondents arising from area effects rather than inter-
viewer effects, the geographical region and self-reported degree of urbanization 
of respondents’ domicile are included in the models3. 

A high ICC indicates that responses from respondents interviewed by the 
same interviewer are more similar than otherwise would be expected and are 
suggestive of differences between interviewers in the way they interact with or 
affect respondents during the interview. Large difference between in-person 
and video interviews in the ICCs would suggest that the impact of interviewers 
on responses depends on the interview mode. ICCs are also expected to corre-
late with other indicators of interviewer behavior, such as speed of interviews 
(Vandenplas et al., 2019). Due to the small sample size of video interviews and 
the low number of interviewers conducting video interviews across participat-
ing countries, estimates were suppressed for items administered in video inter-
views if they had fewer than 10 interviewers (cluster units) and a ratio lower than 
4 interviews per interviewer (instead of the recommended ratio of 5).4 It should 
be noted that this reduced number of clusters might affect the accuracy of the 
estimates and these results should be read with the necessary caution.

3	 Given the lack of random assignment, interviewer and area effects cannot be fully disen-
tangled, and some (presumably small) portion of the intra-interviewer correlations may 
be attributable to area effects.

4	 This is below the typically recommended number of above 30 clusters (Hox, 2010) but 
within the parameters considered by other authors as the minimum (Hadler, 2004). 
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Results
Effectiveness of Implementing Video Interviewing

Prevalence of Video Interviews
The number and proportion of video interviews varied substantially between 
countries. Table 1 shows the prevalence of video interviews across countries, 
alongside other information on national approaches to video interviewing and 
contextual details. 

Table 1	 Prevalence of interviews across countries and other contextual 
information

Country Percentage 
of all  

interviews 
done by 

video

Number  
of video 

interviews

Percentage 
of respon-
dents who 

use internet 
at least most 

daysa 

Who carried  
out video  

interviews?

Sampling 
unitb

Contact 
approach 

with target 
respondents

Iceland 37.0% 333 95.3% All face-to-face 
interviewers

Individual Telephone, 
in-person

Norway 34.8% 491 94.3% Subset of face-
to-face inter-
viewers

Individual Telephone, 
in-person

Italy 17.3% 457 69.9% All face-to-face 
interviewers

Individual In-person

Nether-
lands

16.9% 248 94.1% Subset of face-
to-face inter-
viewers

Individual In-person

Estonia 15.6% 240 80.5% Specialist team 
of video inter-
viewers

Individual In-person

Finland 15.2% 240 87.0% Specialist team 
of video inter-
viewers

Individual Telephone, 
in-person

Croatia 6.0% 95 69.7% Specialist team 
of video inter-
viewers

Individual In-person

United 
Kingdom

4.8% 55 88.5% Specialist team 
of video inter-
viewers

Household In-person

Switzer-
land

3.3% 50 88.0% Specialist team 
of video inter-
viewers

Individual In-person
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Country Percentage 
of all  

interviews 
done by 

video

Number  
of video 

interviews

Percentage 
of respon-
dents who 

use internet 
at least most 

daysa 

Who carried  
out video  

interviews?

Sampling 
unitb

Contact 
approach 

with target 
respondents

France 2.3% 46 79.3% All face-to-face 
interviewers

Individual In-person

Belgium 1.2% 16 84.1% Specialist team 
of video inter-
viewers

Individual In-person

Greece 0.8% 23 70.9% Specialist team 
of video inter-
viewers

Household In-person

Portugal 0.4% 8 66.7% Subset of face-
to-face inter-
viewers

Household In-person

North 
Mace
donia

0.3% 4 71.9% Specialist team 
of video inter-
viewers

Household In-person

Slovakia 0.0% 0 61.9% Specialist team 
of video inter-
viewers

Household In-person

Slovenia 0.0% 0 73.4% Specialist team 
of video inter-
viewers

Individual In-person

a �Based on responses to Item A2 in the ESS Round 10 questionnaire: People can use the internet 
on different devices such as computers, tablets and smartphones. How often do you use the internet 
on these or any other devices, whether for work or personal use? 

b �Where a household-based sample frame is used, interviewers were required to randomly 
select one adult aged 15+ for interview within the household. The selection was carried out 
via an electronic contact form. Countries could choose between three different selection 
methods: a random selection via the electronic questionnaire (replicating a Kish grid), the 
Rizzo method, or next/last birthday.

The countries can broadly be split into three groups based on their prevalence 
of video interviews. In the first group, two countries—Iceland and Norway—con-
ducted more than a third of all their interviews by video. In the second group, 
four countries—Italy, Netherlands, Estonia and Finland—conducted around 1 in 
6 of their interviews by video (between 15% and 17%). And finally, the remaining 
10 countries conducted a much smaller share of video interviews. The range in 
this last group varies from Croatia, where 6% of interviews were done by video, 
to Slovakia and Slovenia, where no video interviews were carried out despite this 
option being offered.

Table 1 (continued)
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A few features stand out among the countries that carried out a large com-
pared to a smaller share of video interviews. 

First, the countries with the largest share of video interviews include those 
with the highest level of internet use (daily or most days): Iceland, Norway, and 
the Netherlands. In contrast, levels of internet use were markedly lower among 
most countries where video interviewing was less productive (Greece, Portugal, 
North Macedonia, Slovakia, Slovenia). There was a strong positive correlation 
between the level of daily internet use and the percentage of video interviews 
conducted in that country (r = .65, p < .01).

Second, all countries that carried out a relatively large share of video inter-
views used samples of individuals. This meant they could contact the target 
respondents by name in advance of an interviewer visiting—in an advance letter 
and/or, in some cases, a telephone call. Other countries used household samples, 
which required the interviewer to visit the household and make a person selec-
tion to identify the target respondent. It might be the case that by being able to 
identify and contact the target respondent earlier in the process, the option of 
conducting the interview by video can be introduced sooner in the recruitment 
process.

Third, and expanding on the last point, the two countries with the largest 
proportion of video interviews, Iceland and Norway, were able to make ini-
tial contact with sample members by telephone. It seems logical that the video 
interviewing option is more likely to be selected by the sample member in such 
cases as it can be offered without needing to send an interviewer to make any 
in-person contact. Where an interviewer visit is required, there may be a greater 
tendency among both the interviewer and respondent to agree to an in-person 
interview, since the interviewer is already there.

There appears to be no clear relationship between the type of interviewer 
team and the prevalence of video interviews. Of the six countries to include the 
largest share of video interviews, two used a specialist team of video interview-
ers (Estonia and Finland), two selected a subset of their face-to-face interviewers 
to carry out video interviews (Norway and the Netherlands), and two required 
all of their face-to-face interviewers to carry out video interviews (Iceland and 
Italy).

We should also note that there are likely to be other factors behind differ-
ent rates of video interviewing between countries. Italy, for example, has a 
relatively low level of internet use and did not have the option of making tele-
phone contact, but had the third highest percentage of video interviews. It was 
evident in discussions with national teams that some were more positive about 
the video option and put in place greater resources to support it. Other national 
teams were more neutral (sometimes sceptical) about video interviewing and set 
it up on a much smaller scale as a last-resort option. Such differences in expecta-
tions and operational planning may also partly explain some of the differences 
between countries.
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Sample Composition
Appendix B (Table A2) includes a comparison of sample compositions between 
the in-person and video interviewing approaches in the six countries where 
the highest number of video interviews were achieved. We found that, com-
pared with those interviewed in-person, the video interview sample tends to be 
younger, from smaller households, were more likely to be doing paid work, and 
tended to have higher levels of education. There is no clear trend regarding dif-
ference in sex, legal partnership status, or immigration background.

Interview Duration
Appendix C (Table A3) consists of a table showing the average interview dura-
tion between in-person and video interviews in each of the six countries. Dif-
ferences in duration could emerge due to different interviewers being used for 
each mode, technical problems, differences in respondent profiles, or for other 
reasons linked to the speed of administration for each mode. Interview duration 
can impact the effectiveness of implementing each mode. For example, if video 
interviews are found to take significantly longer than in-person interviews, this 
can impact interviewing costs.

In most countries, we found there was no difference between the length of 
video and in-person interviews. The only exceptions are Estonia and Italy, where 
the video interviews on average had longer durations than in-person interviews. 
It is unclear why the video interviews had a longer duration in these two coun-
tries.

Interview Experience and Technical Issues
Table 2 shows the mean scores given by respondents and interviewers to the 
experience question between in-person and video interviews.

Respondent experience scores were mixed between the two modes. Those 
interviewed in-person in Finland and Norway had a higher mean experience 
score, i.e. a more positive experience, compared with those interviewed by 
video, while the reverse was true in Italy. In the other three countries, there was 
no significant difference between the scores. There was no difference when the 
experience scores were combined across all six countries.

Based on interviewer-reported experience scores, there were significant dif-
ferences between modes in five of the six countries. In three countries—Estonia, 
Iceland and Italy—the mean experience score was higher for video interviews. 
In two countries—Netherlands and Norway—it was higher for in-person inter-
views. Across all six countries, the mean interviewer experience score for video 
interviewing was significantly higher compared with in-person interviewing.

While there were some (generally small) differences between modes, what 
is evident from these results is that the interview experience scores are high 
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Table 2	 Interview experience in in-person and video interviews (0 – very 
negative … 10 – very positive) (sample sizes in parentheses after 
experience scores) 

Country Respondent Interviewer

In-person 
interviews

Video 
interviews

p-value In-person 
interviews

Video 
interviews

p-value

Estonia 8.04	 (1,301) 8.22	 (240) .156 8.75	 (1,302) 8.95	 (240) .026*
Finland 8.51	 (1,332) 8.05	 (240) <.001*** 8.76	 (1,335) 8.88	 (240) .134
Iceland 8.54	 (563) 8.36	 (332) .060 8.55	 (551) 8.82	 (325) .006**
Italy 7.75	 (2,163) 7.97	 (457) .009** 7.84	 (2,136) 8.37	 (456) <.001***
Netherlands 8.37	 (1,215) 8.40	 (247) .757 8.44	 (1,220) 8.26	 (247) .014*
Norway 8.51	 (918) 8.34	 (491) .047* 9.11	 (914) 8.85	 (491) <.001***
All 6 countries 8.19	 (7,492) 8.22	 (2,007) .467 8.47	 (7,458) 8.68	 (1,999) <.001***

*p < .05, **p < .01, ***p < .001.

for both modes among respondents and interviewers (averaging at more than 8 
out of 10), and there is no consistent evidence that the experience of video inter-
views is worse compared with in-person interviewing.

Respondents and interviewers were also asked to report experiences of any 
technical issues with the video interviews. Tables 3 (respondents) and 4 (inter-
viewers) show these results by country.
In the majority of cases, both respondents and interviewers reported no tech-
nical issues with video interviews. Taking all countries together, the most 
commonly reported issues were problems starting the video call (reported by 
respondents in 6.7% of interviews, and interviewers in 7.2% of interviews), with 
internet connections (6.1%/5.3%), and with audio being unclear (7.5%/5.8%).

The results did vary somewhat between countries. The most notable differ-
ences were between Estonia and Italy; respondents reported at least one tech-
nical issue in 35% of interviews in Estonia compared with 10% of interviews in 
Italy.

It was noted earlier that respondents were advised, where possible, to use a 
device with a larger screen to optimise display of the showcards. However, even 
among those who completed on smartphones (n = 450), only 2.2% of respondents 
reported issues with seeing or reading the showcards (compared with 1.5% using 
a desktop or laptop PC and 1.9% using a tablet).

The above findings show that technical issues only occurred in a minority 
of cases, which may be seen as a positive outcome for video interviewing. Fur-
thermore, since these data are based on complete interviews, the issues were 
likely resolved by the respondent or interviewer to the extent that the interview 



Hanson et al.: Live Video Interviewing as a Complementary Mode� 195

Table 3	 Percentage of technical issues experienced (reported by 
respondents)5

Technical issue Estonia Finland Iceland Italy Nether-
lands 

Norway All 6  
countries 

Issues with starting 
video call

14.6 7.5 6.6 2.2 9.3 5.3 6.7

Issues with internet 
connection affect-
ing video call

12.1 7.9 5.4 2.8 8.1 4.7 6.1

Issues with seeing/
reading showcards 
on screen

2.9 0.8 0.6 2.4 1.2 1.8 1.7

Audio not being 
clear

9.2 13.3 9.3 1.5 4.8 9.6 7.5

Video display not 
being clear

1.3 2.1 0.9 1.5 2.4 0.8 1.4

Other issues 1.3 1.7 5.1 1.5 5.6 5.3 3.5
No technical issues 65.0 70.0 74.5 89.7 73.4 75.6 76.4

Table 4	 Percentage of technical issues experienced (reported by interviewers)

Technical issue Estonia Finland Iceland Italy Nether-
lands 

Norway All 6  
countries 

Issues with starting 
video call

10.8 10.8 6.9 2.2 8.1 7.9 7.2

Issues with internet 
connection affect-
ing video call

10.4 6.7 4.2 2.8 6.9 4.5 5.3

Issues with display-
ing showcards on 
screen

2.9 1.3 0.9 2.6 2.0 1.8 1.9

Audio not being 
clear

5.8 7.9 6.6 1.5 4.0 9.0 5.8

Video display not 
being clear

1.3 2.1 2.1 2.0 2.8 1.6 1.9

Other issues 5.0 5.4 4.8 2.0 5.6 5.7 4.6
No technical issues 70.8 72.9 77.8 89.1 75.4 74.7 77.9

5	 The denominator for the percentages reported in Tables 3 and 4 is all respondents to be 
interviewed by video in each country. The sum of column percentages may exceed 100 as 
some respondents/interviewers reported multiple technical issues. 
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could be completed. But there were other cases where video interviews could not 
be started or finished due to technical challenges. We do not have any data on 
the scale of these problems, but have received anecdotal feedback from national 
teams that this did occur on occasion.  

Comparison of Video Interviews and In-Person Interviews 
Across Different Quality Metrics

Satisficing
Table 5 shows the proportion of missing responses (don’t know, refusal, other 
missing answer) per respondent between modes for each country based on the 
human values items at the end of the ESS questionnaire. The rate of missing val-
ues is low for both in-person and video modes. Where there are differences, in 
most cases the rate of missing values was higher for in-person interviews com-
pared with video interviews. When results are combined across all six coun-
tries, there was a higher rate of missing responses for in-person compared with 
video interviews.

Table 5	 Average number of missing responses per respondent across 
countries and interview modes and chi-squared test results  

Country In-person Video p-value

Estonia 0.00 0.08 <.001***
Finland 0.12 0.01 .036*
Iceland 0.36 0.15 .016*
Italy 0.31 0.08 <.001***
Netherlands 0.07 0.07 .806
Norway 0.08 0.04 .015*
All 6 countries 0.15 0.07 .029*

*p < .05, **p < .01, ***p < .001.

Table 6 shows the proportion of respondents identified as straightlining in the 
human values scale, broken down by country and mode. 

Across countries, a significant difference in straightlining between modes 
is only present in Estonia, with less straightlining in video interviewers. When 
results are combined across all six countries, there is significantly less straight-
lining in video than in-person interviews. 
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Table 6	 Percentage of respondents straightlining by countries and modes 
(Schwartz basic human value question) and chi-squared test results

Country In-person Video p-value

Estonia 4.0 0.4 .005**
Finland 1.4 0.0 .063
Iceland 1.4 0.6 .263
Italy 10.5 11.6 .486
Netherlands 3.1 1.6 .196
Norway 1.0 0.6 .474
All 6 countries 4.7 3.1 .002**

*p < .05, **p < .01, ***p < .001.

Interviewer Effects
Across all six countries, it was possible to conduct a total of 509 comparisons 
of interviewers’ intra-class correlations (ICCs) between video and in-person 
interviews corresponding to a total of 175 items from the ESS questionnaire (see 
Appendix D, Table A4 for a list of the variable names for these items). From the 
175 items included in the analysis, we were able to estimate the ICC for 101 items 
in Estonia, 48 items in Finland, 86 items in Iceland, 112 items in Italy, 77 items in 
the Netherlands, and 85 items in Norway. The remaining items had nonconver-
gent models due to singular fit. 

For each country, Figure 1 presents the distribution of the differences in size 
of the intra-class correlation estimates per item between video and in-person 
interviews. The x-axis shows the differences between the ICCs in video inter-
views and the ICCs for in-person interviews, while the y-axis represents the 
number of items grouped by 5-percentage intervals based on the ICC difference. 
Each figure has been centered at zero, which represents no difference between 
the ICCs from video and in-person interview. Following previous empirical stud-
ies on the expected size of ICCs (Beullens & Loosveldt, 2016), the differences in 
ICCs are grouped into color-coded ranges to indicate the magnitude of the differ-
ences and support the interpretation of their substantive relevance. Items with 
differences in their ICCs of plus/minus .5 points (a range of ±5% explained vari-
ance from zero) are colored in grey and are considered to be practically equal; 
while differences larger than .5 are in different colors and are considered sub-
stantial (Beullens & Loosveldt, 2016). Differences ranging from ±5% to ±+10% 
(orange bars) are considered substantial but small differences, while difference 
larger than ±10% or ±20% explained variance (red and purple bars) can be con-
sidered as showing large and very large differences respectively. Bars with posi-
tive values on the x-axis (right side) indicate larger interviewer effects in video 
interviews compared to in-person interviews for those items. 
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Figure 1	 Difference in interviewer effects between video and in-person inter-
views

Firstly, we focus on the extent that ICCs differ between communications plat-
forms, and secondly, we interpret the results regarding the direction of the 
observed differences. On average across all countries, 72% of the items have 
ICCs for video and in-person interviewers that are less than. 5 points from each 
other (less than 5% difference in variance explained). This indicates a general 
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tendency of interviewer effects across these communication platforms to be 
more similar than dissimilar to each other. There are also differences in the 
interviewer effects across countries. In Norway, Finland, and the Netherlands, 
only a small number of items had difference in the ICCs larger than ±.5 points of 
explained variance (respectively 6%, 17%, and 19% of the total items). The low-
est was Norway with only 5 items outside the .05 range around zero. For these 
countries, the observed differences between video and in-person interview can 
be considered negligible. In Iceland and Estonia, we observe a higher number 
of items with differences above the 5% range around zero. However, most of the 
differences observed are within the 5% to 10% range around zero difference in 
ICCs. The largest differences are observed in Italy, where more than half of the 
items have an ICC difference larger than ±.5 points. In Italy, a total of 67 items 
have an ICC difference larger than ±.05 (59.8% of all items in the analysis), from 
which 35 items (about one third of all items) have a difference larger than ±.1 
points. It should be noted this analysis is not focused on the absolute sizes of 
the ICCs. It is not a measure of how large the interviewer effects are in video 
or in-person interview for these countries, but to what extent they differ by the 
interview mode.

Focusing on the direction of the differences in the ICCs, we observed that in 
countries with larger differences (like Italy, Iceland and Estonia) there are more 
items with larger interviewer effects in in-person interviews than in video inter-
views. In relative terms, the interviewer effects in Italy, Estonia and Iceland tend 
to be smaller in video interviews, while in Finland, the Netherlands, and Nor-
way, the distribution skews towards higher ICCs in video interviews. If we focus 
only on the right side of the figure (larger ICCs in video interviews), we observe 
that the distributions are very similar across all countries. All countries have 
a small number of items with larger ICCs in video interviews (i.e., 5% or 10% 
above their in-person counterpart). Iceland and Norway show the smallest num-
ber of items with larger ICCs in video interviews.

In sum, interviewer effects are generally similar across video and in-person 
interviews, indicating that interviewers influence survey responses in compa-
rable ways across both modes. In the countries with the largest observed dif-
ferences in interviewer effects (Italy, Iceland, and Estonia) the tendency was 
for interviewer effects to be smaller in video interviews compared to in-person 
interviews, suggesting potential advantages of video platforms for data quality 
in certain contexts. 

Discussion
This paper has taken a first look at the use of video interviewing as a comple-
mentary mode to in-person interviewing during Round 10 of the European 
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Social Survey. This has enabled, for the first time, a comparison of the experi-
ences of video and in-person interviewing between countries in a cross-national 
survey. We sought to evaluate both experience of the implementation of video 
interviewing, and assess its comparability to in-person interviewing, including 
the quality of the data collected via video.

Regarding implementation, experiences varied widely between countries. Of 
the 16 countries to offer video interviewing, the proportion of respondents par-
ticipating by video only exceeded 6% of the total achieved sample in six coun-
tries: Iceland, Norway, Italy, Netherlands, Estonia and Finland. Nevertheless, in 
these six countries a substantial proportion of video interviews were conducted, 
presumably lowering costs due to fewer in-person visits and reduced travel 
expense, as well as the possible inclusion of some respondents who may not have 
taken part in an in-person interview. 

The reasons for differences in prevalence between countries are not fully 
known. However, our results suggest that high internet penetration in a country, 
access to samples of named individuals as opposed to households, and the abil-
ity to make prior telephone contact with target respondents, may contribute to 
higher yields of video interviews. Countries with some or all of those character-
istics may therefore be especially well suited to video interviewing.

In those six countries where a substantial share of video interviews was 
achieved, we also observed positive interview experience ratings from respon-
dents and interviewers, in most cases at least as good as those reported for in-
person interviews. Based on cases where interviews were completed, relatively 
few technical problems were experienced, though there were some differences 
between countries. These experience results broadly suggest that in countries 
where there is demand for video interviews, video interviews can be imple-
mented effectively and result in an experience comparable to that of in-person 
interviewing. 

Regarding response quality, the findings for video interviewing provide some 
reassurance about its comparability with in-person interviewing. Only small 
differences between modes were observed for missingness and straightlin-
ing. Where there were differences, in most cases missingness and straightlin-
ing were lower for video compared with in-person interviews.  The interviewer 
effects in video and in-person interviews tended to be more similar than dis-
similar to each other; for most single items, the intra-interviewer correlations 
in video interviews differed by no more than ±5 percentage points from those 
observed in in-person interviews.

Overall, considering all measures, our results suggest that the interviewing 
process is equally effective for video interviewing compared with in-person 
interviewing. However, it does not necessarily follow that video interviewing 
should be introduced as a complementary option to in-person interviewing in 
all surveys. There are costs and practical concerns with the set up and imple-
mentation of video interviewing that may not always be justified if the number 
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of interviews conducted by video may be very small. This is a decision that will 
need to be taken based on national and survey contexts. 

The primary objective with ESS’s video approach was to support the imple-
mentation of ESS Round 10 in challenging circumstances due to the pandemic. 
This meant that the video approach was not designed experimentally to com-
pare with in-person interviewing in the way that would usually be done for a 
relatively untested method. Future research should therefore seek to randomly 
allocate cases to video or in-person modes. The same interviewers could also 
be used for both modes, with cases randomly assigned to either in-person or 
video mode, to reveal more about any differences in interviewer effects between 
modes. Where possible, sample sizes should be large enough to detect small dif-
ferences between modes.

As we reported, different countries used different approaches for selecting 
interviewers to collect data via video. Some established a small team of special-
ist video interviewers, some equipped all their in-person interviewers to carry 
out video interviewers, and others used a subset of their in-person interviewers. 
Since the approach varied between countries, and was not tested experimen-
tally, we cannot say which approach might work best in terms of factors such as 
uptake, practicality, and quality, or how this may vary between different con-
texts. This would be a fruitful area for future studies to investigate.  

The nature of ESS Round 10 data collection during the pandemic may have also 
presented a non-typical picture. For example, demand for video interviews may 
have been higher at that point than might be the case in ‘normal’ circumstances. 
It will be important to continue to assess the effectiveness and comparability 
of video interviewing beyond the pandemic. ESS will be able to provide more 
insight in this regard, since several countries implemented video interviewing, 
alongside in-person interviewing, for the 11th Round of the survey in 2023–24.
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Appendix A
Key Features of ESS’s Video Interviewing Approach 

Table A1	 Summary of key features of ESS’s video interviewing approach

Design element ESS’s approach

Contact with target 
respondents

The process for contacting target respondents was unchanged from 
the usual fully in-person interviewing approach. In the majority of 
countries, interviewers would attempt in-person contact, sometimes 
following delivery of an advance letter. A video interview could then 
be offered based on the requirements at that stage of fieldwork (see 
below). A small number of countries had access to named person 
samples that included telephone numbers for a large majority of the 
sample members. In these cases, they could attempt first contact by 
telephone and offer a video interview at that point (meaning in these 
cases a video interview could be achieved without any in-person 
contact).

Structure of video 
interviewing team

National teams were allowed whether to either a) establish a small 
specialist team of video interviewers, or b) allow all of their in-person 
interviewers to also carry out video interviews. There were pros and 
cons with each approach. Option a) allowed for more central control 
and management, but led to a more complex flow of steps between 
the in-person interviewer and the video interviewer. There may also 
be concerns with interviewer effects if a small number of interviewers 
were carrying out a large number of interviews. Option b) was a more 
seamless process as the same interviewer was responsible for both 
the face-to-face contact and the video interview. However, there were 
challenges with training, equipping and monitoring a large interview-
er fieldforce to take on the video interviewing task. In the event, most 
countries adopted option a): establishing a small specialist team of 
video interviewers.

When to offer video 
interviews

The approach changed over the round. Initially, interviewers were 
instructed to only offer a video interview in cases where a face-to-
face interview was refused. However, feedback was received that 
it was very hard to convert people to take part in any way after this 
refusal. Subsequently, interviewers could offer a video interview if 
they noticed any reluctance to take part in-person. Finally, towards 
the end of the round, interviewers could offer a video interview from 
first contact, as an equal option to the in-person interview. This last 
approach reflected both a need to assist national teams to complete 
fieldwork in an extremely challenging round, and positive feedback 
being received based on experiences of video interviews to that point. 
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Design element ESS’s approach

Video interviewing 
platforms

National teams were advised to use Microsoft Teams or Zoom. They 
were required to use a licensed version of the platforms. Respondents 
would not be required to have a Teams/Zoom account in order to take 
part, or to download any software. In a small number of cases, coun-
tries were permitted to use alternative platforms, subject to these 
platforms meeting GDPR requirements and tested with respondents 
in advance of fieldwork.

Devices – interviewer 
and respondent

Interviewers should have access to two devices or screen. One would 
include the CAPI questionnaire, which was not shared with the 
respondent. This would allow the interviewer to read the questions 
and enter responses. The other screen would feature the video call, 
including the interviewer and respondent videos. This screen also 
included showcards, which would be screen-shared with the respon-
dent. The showcards include response lists for many survey questions 
and are presented to respondents throughout ESS interviews. The 
interviewer moved on to the correct card as required throughout the 
interview.
Respondents could take part using any internet-enabled device, 
including smartphones. It was recommended that they used a larger 
screen device, if available, to allow for clearer display of the video 
questionnaire and showcards.

Pre-testing All countries were required to carry out at least 10 video interviews as 
part of a pre-test before their main stage fieldwork.

Interviewer briefings All interviewers engaged in the video interviewing task needed to be 
briefed by national teams prior to fieldwork. Briefing materials were 
prepared by the central ESS coordinating team. National teams would 
need to adapt these materials in some cases to reflect their national 
approach.

Table A1 (continued)
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Appendix B
Sample Composition Comparison of In-Person and Video Interviews

Table A2	 Sample composition comparison between in-person and video 
interviews across countries

Mode 
of data 

collection

Mean  
age 

% of  
men

% legal 
partner-

ship

% uni-
versity 

education

% at  
work 

% Not 
born in 
country

Mean 
house-

hold size

Estonia In-person 53.9** 44.9 40.5 29.4** 59.2** 14.9** 2.4**
Video 39.5** 45.4 41.3 60.8** 82.1** 7.1** 3**

Finland In-person 54.7** 50.2 48.1 32.9** 49.1** 3.7 2.2**
Video 40.9** 45.4 41.7 57.4** 72.9** 2.9 2.6**

Iceland In-person 54.8** 48.7 49.4 32.5** 57.0** 8.5 2.6**
Video 42.2** 47.4 49.2 45.0** 82.3** 7.2 3.3**

Italy In-person 52.4** 47.1 48.2 15.1** 46.7** 7.5 2.5**
Video 47.9** 49.5 53.6 24.7** 58.6** 6.8 2.9**

Nether-
lands

In-person 50.2** 51.8 52.7 37.7** 62.8** 8.4 2.6**

Video 40.9** 46.8 49.6 54.8** 80.2** 6.9 3.1**
Norway In-person 50.3** 52.5 48.3 40.8** 62.1** 10.7 2.6**

Video 41.8** 48.3 42.2 50.3** 77.4** 10.2 2.9**

Notes: Comparisons based on 2-sample t-tests.
**p < .01.
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Appendix C
Comparison of Interview Duration Between In-Person and Video 
Interviews

Table A3	 Length of the main interview (in minutes) by different modes 

Country In-person Video p-value

Estonia 57.3 66.1 .001***
Finland 60.6 60.9 .421
Iceland 60.7 60.7 .486
Italy 47.6 58.1 .001***
Netherlands 65.6 67.1 .264
Norway 63.6 63.6 .497

*p < .05, **p < .01, ***p < .001.

To compensate for the differences between interviewees, we use only data of 
persons with a relatively similar background to compare the length of the inter-
views: a person living with a partner who has at least a secondary or higher 
education and who younger than 60 years old. This allows for in-person sample 
sizes between 302 and 1,283 per country, and video interviewing sample sizes 
between 214 and 421 per country.
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Appendix D
Variable Names of Items Included in Intra-Interviewer Correlation

Table A4	 Variables used in intra-interviewer correlation

Items compared 
for ICCs in at least 
one country

ACTROLGA, AESFDRK, AGEPNT, ANCTRY2, ATCHCTR, ATCHERP, C19MCO12, 
C19MCPNT, C19SPWRK, C19WHACC, C19WHOME, CHLDO12, CHPLDMC, 
CHPLDMI, CLOSEPNT, COLCOM, COLHLP, COLPHONE, COLPROP, COLSCRN, 
COLSPEAK, COMO12, COMPNT, CPTPPOLA, CTTRESA, CTTRESAC, DCSF-
WRKA, DFPRTAL, DFPRTALC, EDULVLB, EDULVLFB, EDULVLMB, EDULVLPB, 
EDUYRS, ESTSZ, EUFTF, FAIRELC, FAIRELCC, FAMADVS, FAMPDF, FAMPREF, 
FREEHMS, GINCDIF, GOVMONPB, GOVPRIPH, GPTPELC, GPTPELCC, GRD-
FINC, GRDFINCC, GVBALC19, GVCONC19, GVCTZPV, GVCTZPVC, GVELDC19, 
GVFAMC19, GVHANC19, GVIMPC19, GVJOBC19, HAPPY, HEALTH, HHLIO12, 
HHMMB, HINCFEL, HINCTNTA, HMSACLD, HMSFMLSH, HSCOPC19, IMB-
GECO, IMDFETN, IMPCNTR, IMPDIFF, IMPENV, IMPFREE, IMPFUN, IMPRICH, 
IMPSAFE, IMPTRAD, IMSMETN, IMUECLT, IMWBCNT, INPRDSC, IORGACT, 
IPADVNT, IPBHPRP, IPCRTIV, IPEQOPT, IPFRULE, IPGDTIM, IPHLPPL, IPLYL-
FR, IPMODST, IPRSPOT, IPSHABT, IPSTRGV, IPSUCES, IPUDRST, ISCO08, 
JBPRTFP, KEYDEC, KEYDECC, LRSCALE, MANCOM, MANHLP, MANSCRN, 
MANSPEAK, MANSUPP, MANWRKPL, MCCLOSE, MCCOORD, MCINTER, MC-
MSINF, MCPRIV, MCWRKHOM, MEDCRGV, MEDCRGVC, NETUSOFT, NETU-
STM, NJBSPV, NWSPOL, PANCLOBO, PANFOLRU, PANMONPB, PANPRIPH, 
PANRESMO, PFMFDJBA, POLINTR, PPLFAIR, PPLHLP, PPLTRST, PRAY, PRT-
DGCL, PSPPIPLA, PSPPSGVA, RGHMGPR, RGHMGPRC, RLGATND, RLGDGR, 
SCIDECPB, SCLACT, SCLMEET, SCRNO12, SECGRDEC, SPEAKO12, SPEAK-
PNT, STFDEM, STFECO, STFEDU, STFGOV, STFHLTH, STFLIFE, STFMJOB, 
TEAMFEEL, TRDAWRK, TRSTEP, TRSTLGL, TRSTPLC, TRSTPLT, TRSTPRL, 
TRSTPRT, TRSTUN, TTMINO12, VIEPOL, VIEPOLC, VOTEDIR,  
VOTEDIRC, WKDCORGA, WKHCT, WKHTOT, WKHTOTP, WPESTOP, 
WPESTOPC, WRKEXTRA, WRKHOME, WRKLONG, YRBRN
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Abstract
The COVID-19 pandemic posed challenges to the traditional mode of administration 
of surveys. In most European countries it was not feasible to conduct standardized in-
person interviews due to restrictions. These events accelerated the trend towards alter-
native modes of survey data collection, such as live video interviewing. In this paper, 
we investigate whether survey data collected with two different interviewing modes, 
face-to-face and video interview, are comparable. Measurement invariance is a prereq-
uisite to make meaningful comparisons across groups. Using data from the European 
Social Survey Round 10, we assess if the measurement invariance condition is met for 
two concepts, social trust and attitudes towards immigration, in six European coun-
tries: Estonia, Finland, Iceland, Italy, the Netherlands and Norway. The results are en-
couraging: Full metric invariance is established for all countries for social trust and for 
three out of six countries (Iceland, Italy and Norway) for attitudes towards immigration. 
For those cases, analysts can aggregate data across modes to investigate relationships 
among variables, e.g., using regression analysis. Scalar invariance holds in fewer cases. 
For the concept social trust, full scalar invariance is established for Finland, Italy, the 
Netherlands and Norway while for the concept attitudes towards immigration, it is es-
tablished for Iceland and Italy. For those cases, data can be aggregated across modes to 
compare observed means at the country-language level. Generally, where measurement 
equivalence is not reached, we recommend excluding observations from the video in-
terview mode before analysis.
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Conducting video interviews for various purposes is becoming increasingly 
popular as the required technology becomes ever more accessible (Conrad et 
al., 2023). Video interviewing offers potential advantages compared to in-person 
interviewing, such as cost reduction and time efficiency. A trend towards video 
interviewing was already discernible before the COVID-19 pandemic (Joshi et 
al., 2020). With the COVID-19 pandemic posing numerous challenges to survey 
research relying on in-person (i.e., face-to-face) interviews, its relevance peaked 
as conducting in-person interviews became infeasible for entities conduct-
ing survey interviews in many countries, especially for surveys also covering 
respondents in health risk groups such as elderly persons. Given the apparent 
success of video interviews, survey researchers have continued studying this 
method beyond the pandemic period. The mode of interview administration 
typically has effects on the responses that people provide to survey questions. 
Recent literature investigates the possible implications the video interview mode 
might have on different aspects of surveys, for example in terms of interviewer 
effects (West et al., 2022), implementation challenges (Durrant et al., 2024), par-
ticipation (Schober et al., 2023) and data quality (Conrad et al., 2023). Further-
more, survey mode effects across in-person and video interview mode have been 
studied (Endres et al., 2023).

These studies suggest that differences between modes may influence how 
respondents process questions and provide answers—through mechanisms 
such as interviewer behavior or perceived confidentiality. Our work contrib-
utes to this body of research by investigating the comparability of survey data 
across in-person and video interview mode by formally testing for measurement 
equivalence (Meredith, 1993). We assess measurement invariance to examine 
whether constructs are measured equivalently across modes, that is, whether 
differences in responses reflect true differences in the underlying concepts. We 
use measurement equivalence testing because respondents have not been ran-
domly assigned to interview modes in the survey data we use. In this context, 
measurement invariance testing1 provides a statistical means to evaluate com-
parability across groups while acknowledging that some residual bias from sam-
pling differences may remain. It enables researchers to assess if the compara-

1	 Measurement equivalence or measurement invariance is assessed by testing whether certain 
parameters of a measurement model are identical across groups (Davidov et al., 2015).

mailto:hannah.schwarz@upf.edu
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bility of data is not hindered by group membership (here: mode groups). Only if 
measurement invariance is established between in-person and video interview 
data, can measurements across groups be analyzed jointly in conventional sta-
tistical analysis.

There are different levels of tests for measurement invariance with increas-
ing restrictions in the parameters of the models (Meredith, 1993; Vandenberg 
& Lance, 2000). Configural invariance means that the same survey items (i.e., 
indicators) load on the same latent construct (i.e., factor) across groups. Some-
times, this is also referred to as the measurement model. It is interpreted as a 
construct having similar theoretical content across groups. Because the factor 
model relies on only three observed variables (statistically this is known as a 
just identified model), we do not test for configural invariance. This situation 
is common with very short scales, particularly in survey research where three-
indicator single-factor models are not uncommon and where the identification 
constraints needed to set the metric of the latent variable exhaust all available 
degrees of freedom. Prior methodological work (e.g., Cheung & Rensvold, 2002; 
Wu & Estabrook, 2016) therefore treats configural invariance in such cases as 
satisfied, noting that no empirical misfit can be detected at this step. In other 
words, the theoretical models are not tested but assumed2.

Loading invariance, also known as metric invariance, means that the items’ 
factor loadings are equal across groups. Where this is the case, statistical rela-
tionships of each item of a construct can be meaningfully compared across 
groups. In other words, the relative weight of each item is the same across 
groups.

Intercept invariance, also known as scalar invariance, means that not only 
the items’ factor loadings but also the intercepts are equal across groups. When 
metric and scalar invariance are established across groups, observed means can 
be compared. In the remainder of this paper, we use the terms metric and scalar 
invariance.

The above also represents an ascending rank ordering of desirability of types 
of invariance for analysts. In order to conduct meaningful analyses across 
groups, here mode groups, establishing scalar invariance results in most ease for 
analysts as it allows them to meaningfully compare observed means across the 
mode groups. Where only metric but not scalar invariance is established, only 
statistical relationships can be meaningfully compared across mode groups. If 
analysts still wish to compare means having only established metric invariance, 
they have to resort to the strategy of comparing latent means to do so.

2	 Our approach in this article of assuming the theoretical model in a case of only three 
items is in line with other published work such as Nickel and Weber (2024); Pirralha and 
Weber (2020); Van de Vijver (2019); Nießen et al. (2020). We include in the Appendix the 
commonly reported global fit statistics for our scalar models purely for the sake of trans-
parency, not because we actually rely on them for model evaluation.
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One, furthermore, distinguishes between partial and full invariance where 
partial invariance means that a given type of invariance can be established for 
only some items constituting a construct, not all (Byrne et al., 1989). For the case 
of finding partial invariance, a strategy analysts can resort to is, once again, 
comparing latent means instead of observed means (Pokropek et al., 2019).

If the interactions between respondents and interviewers were the same in 
both modes (West et al., 2022), we would expect scalar invariance. However, we 
will argue that the social dynamics in the two modes differ due to factors such as 
perceptions of confidentiality and personal proximity. Furthermore, interview-
ers have less control over the context of the interview in video mode such that 
distractions through multitasking on the side of the respondent are more likely 
than in in-person mode (Deakin & Wakefield, 2014). Additionally, other people 
might be present during the interview unbeknownst to the interviewer who only 
sees the part of the room captured by the camera. More generally, a relevant 
argument for this study concerns potential differences in social desirability 
across modes and the concepts selected for the measurement invariance tests. 
Social desirability bias tends to be less pronounced in modes where interper-
sonal proximity between respondent and interviewer is lower (Heerwegh, 2009). 
This would be the case in video interviews as both of them are not physically 
present in the same place, but the interaction happens by the means of a screen.

For all these reasons, we expect that data collected across the two modes may 
not be fully comparable, that is, we do not expect full scalar invariance.

Using data from the European Social Survey (ESS) Round 10, we test if the 
measurement invariance condition is met for two concepts, social trust and atti-
tudes towards immigration, in six different European countries: Estonia, Fin-
land, Iceland, Italy, the Netherlands and Norway.

Despite having found differences across countries and concepts in the levels 
of invariance, if in-person interviews are the benchmark, our results are encour-
aging for video interviews: Full metric invariance is established for all countries 
for social trust and for three out of six countries (Iceland, Italy and Norway) for 
attitudes towards immigration. For those cases, analysts can aggregate data 
across modes to investigate relationships among variables, for example, using 
regression analysis. Full scalar invariance is established for fewer cases but still 
for four countries for social trust (Finland, Italy, the Netherlands and Norway) 
and for two countries for attitudes towards immigration (Iceland and Italy). For 
those cases, data can be aggregated across modes to compare observed means 
at the country level. Generally, where measurement equivalence is not reached, 
we recommend excluding observations from the video interview mode before 
analysis or using latent variable approaches, to account for measurement error 
(Saris & Gallhofer, 2014). In this article, we argue that differences in invariance 
levels across countries and concepts may be attributable to differences in social 
desirability across modes, concepts and cultures. However, future research will 
be necessary to elucidate the exact causes of non-invariance.
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The remainder of the paper is structured as follows: First, we introduce the 
relevant literature and position our research within it. Then, we define the con-
cepts that are examined across different modes, namely social trust and atti-
tudes towards immigration. Next, we present the measurement instruments 
(i.e., survey questions) used to measure them. Then, in the methods section, we 
elaborate on the data we use, on measurement invariance testing more gener-
ally and on our analytical approach. Finally, we present our results followed by 
a discussion and conclusion.

Survey Modes and Potential Implications for 
Equivalence
Our research contributes to the growing literature that tests for measurement 
invariance to elucidate potential issues with data equivalence across groups. The 
necessity of testing for measurement invariance has been emphasized in several 
studies as it ensures meaningful, valid, and unbiased comparisons across data 
gathered in different groups (e.g., modes, countries, languages; Meuleman et 
al., 2023). This is particularly critical in cross-cultural studies, where invariance 
testing is essential to validate comparisons (Davidov et al., 2014; Steinmetz et al., 
2009).

More specifically, our research contributes to the literature on measurement 
invariance across modes of data collection. Previous research on this includes, 
for instance, Boal et al. (2017) who assess measurement invariance across two 
different data collection modes, telephone and web self-administration. Their 
hypothesis is that there may be differences because the survey is presented pri-
marily visually in web self-completion mode and primarily aurally in telephone 
mode, and additionally, because phone administration involves an interviewer, 
whilst web administration does not. Their results show configural, metric and 
partial scalar invariance for the Posttraumatic Stress Disorder (PTSD) Checklist 
across the two mode groups. The authors conclude that, in practical terms (i.e., 
for PTSD diagnosis) the use of both modes is unproblematic.

There is, furthermore, literature on mode effects, some of which we will 
review here because it helps us develop our hypotheses. For example, Buerger et 
al. (2016) assess mode effects between different self-completion modes hypoth-
esizing that they could exist due to factors such as item layout, input devices, 
scrolling, and the likelihood of revisiting of past responses. Some of these fac-
tors might also differ between video and in-person interviews. For example, 
input devices and/or item layout (depending on the screen size) might differ 
between the two modes. Furthermore, the physical presence of an interviewer 
in in-person interviews may induce pressure on respondents to continue with 
the interviewing process swiftly which could lead to respondents in in-person 
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interviews being less inclined to revisit previous questions than those in video 
interviews.

More generally, a relevant argument for this study concerns potential 
differences in social desirability across modes. Social desirability bias tends 
to be less pronounced in modes where the interpersonal proximity between 
respondent and interviewer is lower (Heerwegh, 2009). While this argument is 
often made concerning the distinction between interviewer-administered and 
self-completion modes (Heerwegh, 2009; Schnell & Kreuter, 2005), it similarly 
applies to the comparison of a context where the interviewer is physically pres-
ent in a room with respondents as compared to a context where respondent and 
interviewer communicate via videochat (Moallem, 2015). If this is the case, we 
could expect differences across the concepts. As attitudes towards immigration 
shows high social desirability bias (Creighton et al., 2019), it could be the case 
that in video interview respondents would not feel as pressured to give a socially 
expected answer as they would when the interviewer is present in the same 
place as them.

Closely linked to this is the literature exploring the varying impact of interper-
sonal interactions across interview modes. We argue that the type of relationship 
established between the respondent and the interviewer during the interview 
process may differ due to factors such as their perceptions of confidentiality, 
willingness to share information, social presence, personal proximity, and/or 
the frequency of interactions or dialogues (e.g., there might be less probing in 
one mode; Hoehne et al., 2024; de Villiers et al., 2022). The quality of the interac-
tion between respondent and interviewer is an important aspect of the mode 
effect (Conrad et al., 2023) and may also be important for the comparability of 
the data across cultures (Van de Vijver & Tanzer, 2004). Even if a live interviewer 
is present in both assessed modes, there is evidence that a successful interaction 
through videochat requires experience (de Villiers et al., 2022). Further research 
demonstrates that rapport is stronger in in-person interviews or, more gener-
ally, in-person communication than in video interviews (Faucett et al., 2017; 
Fernandez et al., 2021; Gordon et al., 2020; Joseph et al., 2017; Sherman et al., 
2013). Yet, a weaker social presence of the interviewer in video mode may also 
be beneficial for topics in which the respondent perceives a high expectation of 
a socially desirable answer.

Another aspect to consider is that video interviews can take place in a larger 
variety of environments than in-person interviews which are usually conducted 
at a respondent’s home. An important consequence is the higher potential for 
disruptive background factors in video interviews which might lead to distrac-
tion or multitasking behavior on the side of the respondent (Deakin & Wakefield, 
2014).

Furthermore, in the literature a distinction is made between two types of 
video interviews: pre-recorded and live interviews. Schober et al. (2020) argue 
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that differences between live video interviews and pre-recorded video inter-
views that may induce different answering behavior across the two modes due 
to the fact live video interviews involve interaction and pre-recorded video inter-
views do not.

Concepts
We test for measurement invariance of the concepts of social trust and attitudes 
towards immigration using the country cases of the ESS Round 10 which have 
data available for video as well as in-person interview mode. We specifically 
chose these concepts because they differ in how prone they are to social desir-
ability bias, that is, the tendency to provide an answer that the respondent 
thinks aligns with a socially expected and accepted idea. The measurement of 
attitudes towards immigration is argued to suffer from high social desirability 
bias (Rinken et al., 2021; Piekut, 2021) while this is not the case for social trust. 
Furthermore, video and in-person interviewing should induce differing levels of 
social presence of the interviewer (Moallem, 2015) which, in turn, should affect 
how strongly answers are impacted by social desirability bias. Hence, we expect 
variation in patterns of answering behavior between the two modes across the 
two concepts.

Furthermore, we consider the selected concepts especially relevant as both 
are widely studied in the social sciences. There is a broad consensus among 
social scientists about the importance of the concept of social trust, from a 
political and societal perspective. For example, it has been argued that social 
trust is central for the functioning of democracies (Inglehart, 1999). However, 
even if social trust has been routinely used in cross-country research (Inglehart, 
1999; Delhey & Newton, 2005; Letki & Evans, 2005; Rothstein & Uslaner, 2005; 
Adam, 2008; Herreros & Criado, 2008; Kaasa & Parts, 2008; Zmerli & Newton, 
2008), the measurement of social trust is not necessarily comparable across 
different groups (Van der Veld & Saris, 2011; Reeskens & Hooghe, 2008). Studying 
the concept of attitudes towards immigration has also been a relevant matter 
of research in the social sciences for some decades (see, e.g., Ceobanu & Escan-
dell, 2010). The determinants of these attitudes are also a matter of study, both at 
the individual and the country level. For a review see for instance Davidov and 
Semyonov (2017). Furthermore, this concept is frequently studied using cross-
nationally comparative datasets (Ceobanu & Escandell, 2010), where, among 
many other factors, the modes of data collection vary (Smith et al., 2011).

For both concepts, cross-cultural measurement equivalence has been studied 
with ESS data (see, e.g., Davidov et al., 2015; Nickel & Weber, 2024; Reeskens & 
Hooghe, 2008). Furthermore, Revilla (2013), assesses measurement equivalence 
of the two concepts across in-person and web self-completion mode in sur-
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vey data from the Netherlands and finds scalar invariance for both concepts. 
Moreover, punctual experiments have been conducted in different ESS Rounds 
which assessed mode effects across a variety of modes. Results from these show, 
for example, mode differences in attitudinal questions in general, and more 
specifically for the concept of attitudes towards immigration in in-person inter-
views versus various alternative modes (Villar & Fitzgerald, 2017).

In this study, each of the concepts is measured with three indicators. The 
wording of the three corresponding ESS items is shown in Table 1 and Table 2, 
respectively. All six survey questions are presented with 11-point item-specific 
scales (0-10). Figure 1 illustrates the configural model, that is, the relationship 
between the latent variables and the indicators for the concept of social trust, as 
an example. As shown by the three unidirectional arrows, the responses to the 
observed variables ( ) are determined by the latent construct ( ). The corre-
sponding equations to this graph are shown in Section 4.2.

Figure 1	 Path diagram of the configural model
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Table 1	 ESS survey instrument for measuring concept social trust 

Question wording Variable 
name

Response scale

Using this card, generally speaking, would you say 
that most people can be trusted, or that you can’t be 
too careful in dealing with people? Please tell me on a 
score of 0 to 10, where 0 means you can’t be too care-
ful and 10 means that most people can be trusted.

ppltrst 0 (You can’t be too careful) 
to 10 (Most people can be 
trusted)

Using this card, do you think that most people 
would try to take advantage of you if they got the 
chance, or would they try to be fair?

pplfair 0 (Most people try to take 
advantage of me) to 10 (Most 
people try to be fair)

Would you say that most of the time people try to 
be helpful or that they are mostly looking out for 
themselves?

pplhlp 0 (People mostly look out for 
themselves) to 10 (People 
mostly try to be helpful)

Table 2	� ESS survey instrument for measuring concept attitudes towards 
immigration

Question wording Variable 
name

Response scale

Would you say it is generally bad or good for 
[country]’s economy that people come to live here 
from other countries?

imbgeco 0 (Bad for the economy) to 10 
(Good for the economy)

And, using this card, would you say that [country]’s 
cultural life is generally undermined or enriched by 
people coming to live here from other countries?

imueclt 0 (Cultural life undermined) 
to 10 (Cultural life enriched)

Is [country] made a worse or a better place to live by 
people coming to live here from other countries?

imwbcnt 0 (Worse place to live) to 10 
(Better place to live)

Methods
Data

We use data from the ESS Round 10 (ESS ERIC, 2023). Due to locally varying con-
tact restrictions in the context of the COVID-19 pandemic, some ESS countries 
opted for adding a video-interviewing option to their Round 10 fieldwork pro-
tocol while others did not (Ghirelli et al., 2024). In this paper, we include all six 
country cases for which a video interviewing option was offered to respondents 
as an alternative to in-person interviewing, namely Estonia, Finland, Iceland, 
Italy, the Netherlands and Norway. Fieldwork in these countries was conducted 
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between June 2021 and May 2022. The ESS reports the following response rates: 
47.2% (Estonia), 41.1% (Finland), 33.6% (Iceland), 49.8% (Italy), 35.7% (the Neth-
erlands) and 37.9% (Norway). These response rates are calculated as the num-
ber of complete and valid interviews over the number of issued eligible sample 
units (for more detailed information, see Ghirelli et al., 2024). Distributions of 
the variables of main interest are presented in Tables 3 and 4. These Tables also 
show that the proportions of cases missing due to item nonresponse are low with 
a mean of 0.7% for the concept of social trust and somewhat higher, with a mean 
of 3.2%, for the concept of attitudes towards immigration. This is unsurpris-
ing given that the latter concept can be regarded as more sensitive, frequently 
being at the center of political debate and given that previous studies have found 
higher item nonresponse for this concept (for a more extensive discussion, see, 
e.g., Piekut, 2021).

Table 3	� Descriptive statistics of variables measuring social trust (ppltrst, 
pplfair, pplhlp) by country and mode

Country Mode Valid N N ppltrst
M (SD)

pplfair
M (SD)

pplhlp
M (SD)

Estonia in-person 1296 1302 5.70 (2.17) 5.88 (2.13) 5.16 (2.15)
video 239 240 6.10 (2.01) 6.44 (1.84) 5.76 (2.02)

Finland in-person 1333 1337 6.93 (1.87) 7.10 (1.84) 6.37 (1.92)
video 239 240 7.00 (1.62) 7.18 (1.58) 6.37 (1.64)

Iceland in-person 560 567 6.53 (2.11) 7.14 (1.69) 6.73 (1.82)
video 331 333 6.71 (1.99) 7.20 (1.59) 6.55 (1.71)

Italy in-person 2166 2183 4.96 (2.24) 4.97 (2.04) 4.56 (2.04)
video 447 457 5.21 (2.12) 5.22 (1.95) 4.69 (2.02)

Netherlands in-person 1216 1221 6.50 (1.81) 6.76 (1.57) 5.89 (1.75)
video 245 248 6.76 (1.71) 6.93 (1.34) 6.02 (1.51)

Norway in-person 917 920 6.90 (1.87) 7.09 (1.74) 6.37 (1.87)
video 488 491 6.69 (1.81) 6.95 (1.67) 6.22 (1.79)

As respondents self-selected into either the in-person or the video interviewing 
mode, it can be expected that the sociodemographic composition of these two 
groups differs. We provide information on the distributions of variables age, sex 
and university education in Table 5. We find respondents who self-selected into 
the video interviewing mode to be, on average, younger and more highly edu-
cated. We find no strong or consistent differences in terms of sex.
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Table 4	� Descriptive statistics of variables measuring attitudes towards 
immigration (imbgeco, imueclt, imwbcnt) by country and mode

Country Mode Valid N N imbgeco
M (SD)

imueclt
M (SD)

imwbent
M (SD)

Estonia in-person 1261 1302 5.25 (2.40) 5.22 (2.42) 5.16 (2.25)
video 238 240 6.41 (2.27) 6.48 (2.16) 5.76 (1.91)

Finland in-person 1314 1337 6.12 (2.19) 7.29 (1.93) 6.37 (2.00)
video 236 240 6.40 (2.07) 7.40 (1.96) 6.37 (1.98)

Iceland in-person 544 567 7.04 (1.99) 7.39 (1.96) 6.73 (1.98)
video 323 333 7.14 (1.95) 7.62 (1.98) 6.55 (1.84)

Italy in-person 2089 2183 5.00 (2.39) 5.13 (2.55) 4.56 (2.24)
video 442 457 5.60 (2.46) 5.86 (2.59) 4.69 (2.27)

Netherlands in-person 1156 1221 5.91 (1.90) 6.56 (1.97) 5.89 (1.76)
video 230 248 6.18 (1.59) 6.93 (1.65) 6.02 (1.68)

Norway in-person 898 920 6.20 (1.97) 6.68 (2.21) 6.37 (1.97)
video 483 491 6.06 (1.92) 6.73 (2.08) 6.22 (1.95)

Table 5	� Descriptive statistics of sociodemographic variables by country and 
mode

Country Mode Age
M (SD)

Proportion
women

Proportion univer-
sity education

Estonia in-person 53.88 (18.63) .55 .29
Video 39.53 (12.61) .55 .61

Finland in-person 54.70 (19.40) .50 .33
Video 40.98 (14.05) .55 .58

Iceland in-person 54.83 (18.86) .51 .33
Video 42.15 (15.79) .53 .45

Italy in-person 52.37 (19.01) .53 .15
Video 47.87 (16.61) .51 .24

Netherlands in-person 50.22 (18.81) .48 .37
Video 40.87 (14.69) .53 .55

Norway in-person 50.28 (18.84) .48 .41
Video 41.76 (15.37) .52 .50
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Measurement Invariance

Measurement invariance testing is suited for situations, such as ours, where 
respondents self-select into groups that differ in observed and unobserved char-
acteristics. It tests whether the latent constructs are recovered equivalently 
despite such possible compositional differences (Meredith, 1993; Vandenberg 
& Lance, 2000; Davidov et al., 2014). Several families of measurement invari-
ance tests are available (e.g. Comparative Fit Index/Root Mean Square Error 
of Approximation rules, Bayesian Multi-Group Confirmatory Factor Analysis, 
alignment, Multiple Indicator Multiple Cause model), but their performance var-
ies with sample size among groups and model identification strategies. Because 
our mode groups are highly unbalanced (as Tables 3 and 4 show) and each con-
struct is measured with only three indicators (yielding just-identified configural 
models), fit-index–based criteria risk inflated Type II error in detecting non-
invariance (Chen, 2007) and Bayesian priors cannot be incorporated. We there-
fore adopt the bias-corrected bootstrap factor-ratio test proposed by Cheung and 
Lau (2012) within multi-group confirmatory factor analysis (MG-CFA), which 
remains robust when group sizes differ substantially.

The model represented in Figure 1 is equivalent to Equation 1, which specifies 
the configural model (Bollen, 1989; Meredith, 1993).

Equation 1 specifies a model for the relationship between three observed vari-
ables the answers to the survey items and a latent (unobserved) 
variable,  representing the concepts we measure by the survey ques-
tions, namely, 1) social trust and 2) attitudes towards immigration. As multiple 
groups are involved, a multi-group confirmatory factor analysis (MG-CFA) is 
used, in our case, this is represented by  the mode groups: in-person 
or video interview, respectively. In this model, , represents the intercepts,  

, represents the factor loadings between the ith observed variable and the jth 
latent variable and  represents the disturbance terms. It is assumed that the 
disturbance terms have a mean of zero, they are uncorrelated with each other 
and with  as shown by (4) to (6).

	 (1)

For the latent means,     , we establish that

	 (2)

Furthermore, for the variance of , we establish that

	 (3)
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Moreover, for all models we make the following assumptions:

	 (4)

	 (5)

	 (6)

Measurement invariance holds where the parameters ( , ) of the factor 
model for  are equal across groups. Metric invariance is established when  
are equal for  and scalar invariance is established when  are equal 
for . Furthermore, for metric and scalar invariance, partial invariance 
can be achieved. Partial metric invariance refers to the loadings for some but 
not all items being equal. Partial scalar invariance refers to loadings and inter-
cepts only being equal for some of the items, not all (Byrne et al., 1989).

When equality constraints are imposed on loadings and intercepts, the con-
strained model is usually compared with the unconstrained (configural) model 
using a likelihood-ratio test based on the change in chi-square, . Yet  is 
highly sample-size sensitive and may inflate type-I error even for minor para
meter differences (Cheung & Rensvold, 2002). Consequently, to mitigate this 
problem, researchers also inspect other fit indices, such as comparative fit index 
( CFI), root mean square error of approximation ( RMSEA) and standardized 
root mean squared residual ( SRMR), but these statistics lose power when group 
sizes are unbalanced, increasing type-II error risk and potentially masking non-
invariance (Chen, 2007).

As dependency of global fit measures on sample size is a long historical chal-
lenge of structural equation modelling (SEM), other approaches have been sug-
gested, for instance, to evaluate the models combining the fit index ( FI) with 
the detection of misspecifications using local fit measures (Van der Veld & Saris, 
2011). However, in both global and local fit approaches, the employed cut-off val-
ues for defining misspecifications and thresholds for concluding that one model 
has a worse fit than another has been criticized as arbitrary (Cheung & Rens-
vold, 2002; Kline, 2016; Millsap, 2011). Recently, other more flexible alternatives 
to MG-CFA such as Bayesian MG-CFA (Muthén & Asparouhov, 2017) have been 
suggested. However, they are unsuitable for just-identified models, as there are 
no degrees of freedom for the incorporation of priors. Additionally, the degree 
of the sensitivity of Bayesian MG-CFA to sample size is being debated (Gelman, 
2006) hence we do not consider this a suitable approach.
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Another consideration is that invariance testing, and more generally, struc-
tural equation models, require using an item as a reference to define the unit of 
measurement and identify the models, that is, the loading of an arbitrarily cho-
sen item is fixed to 1, e.g.  and its intercept to zero, e.g. . Cheung 
and Rensvold (1999) argue that, with this choice, the selected item is implicitly 
assumed to be invariant. This implies that the choice of the item is critical, and 
if a non-invariant item is selected, the conclusions about the invariance of other 
items are likely to be incorrect (Johnson et al., 2009).

All the considerations outlined above led us to work with the bias-cor-
rected (BC) bootstrap confidence interval approach (Cheung & Lau, 2012). This 
approach uses a single model as opposed to the likelihood ratio test (LRT) and 
FI approaches, which estimate and compare different models. It offers a solution 
to test for measurement invariance using data with very unequal sample sizes. It 
uses maximum likelihood estimation with bootstrapping to evaluate the models, 
in combination with a factor-ratio test, that allows overcoming the challenges of 
the reference item, especially relevant in our data as the models have only three 
items each. The specific implementation of the BC bootstrap confidence interval 
approach is described in the next section.

Analytical Strategy

To test for metric and scalar measurement invariance following the BC boot-
strap confidence interval approach (Cheung & Lau, 2012), we constrained the 
estimates of the parameters  for both mode groups,  for in-person inter-
views, , for video interviews to equality, within each country model. The 
factor-ratio test uses three constraints which are created using each item as ref-
erence. Equation 7 to Equation 9 illustrate the test for the concept of social trust. 
When  is the referent item, the hypotheses to test for metric invariance are:

	 (7)

	 (8)

When  is the referent item, an additional hypothesis is tested:

	 (9)

As there are only three items, there are no other hypotheses to test when  is 
the referent item. If zero falls outside of a confidence interval, the null hypothe-
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sis of invariance can be rejected. Should zero fall outside of the confidence inter-
val for only one of these constraints, we can establish partial invariance. Using 
the same procedure, a factor-ratio test is defined to test for scalar invariance, and 
confidence intervals are computed and evaluated, using the same rules: Should 
zero fall outside of the confidence interval for one of these constraints, we can 
establish partial invariance and should zero fall outside of the confidence inter-
val for at least two of these constraints, this shows that there is non-invariance3.
We estimate confidence intervals using the bias-corrected bootstrapping 
approach, for which 10,000 bootstrap samples are created, parameters are esti-
mated for each bootstrap sample and calculations are made to the bootstrap dis-
tribution of the parameters to form the confidence intervals.

Results

Table 6 summarizes our findings. We show results by country, concept and type 
of invariance. We show the point estimates and the confidence intervals of the 
factor-ratio tests in a series of graphs. In order to facilitate the interpretation 
of the graphs, we simplify the notation of the equations from Section 4.3 in the 
Y-axis of the graphs.

Below, we present the original labels from our factor-ratio tests along with 
explanations.
1.  represents the difference in the factor loading for item 2 between 
group 1 (in-person) and group 2 (video), when item 1 is used as the reference (i.e., 
its loading is fixed). Under measurement invariance, the relative contribution of 
item 2 compared to item 1 should be identical across groups.

Y-axis label: Loading Diff. for Item 2 (Ref: Item 1)

2.  this is the analogous difference for item 3’s loading, again with 
item 1 as the reference. It tests whether the relative loading of item 3 is equiva-
lent across groups.

Y-axis label: Loading Diff. for Item 3 (Ref: Item 1)

3.  this ratio compares the loading of item 3 relative to item 2 across 
groups.

It serves as an alternative anchoring check (using item 2 as the reference) to 
ensure that invariance holds regardless of which item is selected as the anchor.

Y-axis label: Loading Ratio Diff. for Item 3 vs. Item 2

3	 For a detailed mathematical derivation of these ratio-based constraints, see Cheung and 
Lau (2012), Appendices B and D.
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4.  this indicates the difference in the intercept for item 2 between 
groups when item 1 is used as the reference (with its intercept fixed). Under 
scalar invariance, the baseline (intercept) of item 2 should be identical across 
groups.

Y-axis label: Intercept Diff. for Item 2 (Ref: Item 1)

5.  this is the difference in the intercept for item 3 between groups, 
with item 1 as the reference. It reflects whether the baseline response level for 
item 3 is comparable across modes.

Y-axis label: Intercept Diff. for Item 3 (Ref: Item 1)

6.  here,  is the difference in intercept for item 3 and  is 
the difference in intercept for item 2 (both computed with item 1 as the refer-
ence). Multiplying  by the ratio  re-scales the intercept difference 
for item 2 to reflect the relationship between items 3 and 2. This adjusted differ-
ence tests whether, when item 2 is used as the reference, the intercept for item 3 
remains invariant.

Y-axis label: Adjusted Intercept Diff. for Item 3 (Ref: Item 2)

Table 6	 Overview of findings by country, concept and type of invariance

Social trust Attitudes towards immigration

Metric Scalar Metric Scalar

Estonia invariance partial invariance non-invariance –

Finland invariance invariance partial invariance –

Iceland invariance non-invariance invariance invariance

Italy invariance invariance invariance invariance

Netherlands invariance invariance non-invariance –

Norway invariance invariance invariance partial invariance

The graphs show differences in the parameters of interest, point estimates of 
loadings for metric invariance models and point estimates of intercepts for 
scalar invariance models. We include their confidence intervals. We assess 
if the estimates and their confidence intervals include zero or not. Where 
confidence intervals overlap with zero, we conclude invariance, because there 
are no significant differences across parameters. Where zero falls outside of the 
confidence intervals for one parameter comparison, we regard this as partial 
invariance. Where zero falls outside of the confidence intervals for at least two 
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parameter comparisons, we regard this as non-invariance. In the graphs, for the 
cases where metric invariance is not established, intervals are not shown for 
scalar invariance, as it is not even tested for, and the respective cells remain 
empty in Table 6, as well.

For Italy, we find metric as well as scalar invariance across the two modes for 
both concepts as Figure 2 does not show statistically significant differences in 
parameters. For Norway, both metric and scalar invariance is established for the 
concept of social trust (see Figure 3). For attitudes towards immigration, metric 
and partial scalar invariance is established. Iceland shows a different result, in 
that metric and scalar invariance are established for attitudes towards immigra-
tion but only metric invariance for the concept of social trust (see Figure 4). For 
Finland, we find metric and scalar invariance across the two modes for social 
trust but we conclude only partial metric invariance for the concept of attitudes 
towards immigration (see Figure 5). For the Netherlands, results show metric 
and scalar invariance for the concept of social trust, but metric non-invariance 
for the concept of attitudes towards immigration (see Figure 6). The latter also 
holds for Estonia (see Figure 7). Lastly, for the concept of social trust, metric and 
partial scalar invariance could be established for Estonia (see Figure 7).

Figure 2	 Results invariance testing Italy
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Figure 3	 Results invariance testing Norway

Figure 4	 Results invariance testing Iceland
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Figure 5	 Results invariance testing Finland

Figure 6	 Results invariance testing Netherlands
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Figure 7	 Results invariance testing Estonia

Discussion and Conclusion
The COVID-19 pandemic increased the diffculties of collecting high-quality 
human data, especially by the means of in-person interviews. New interview 
formats that do not require respondents and interviewers being in the same 
place emerged or consolidated, and are nowadays still in use. As noted earlier, 
ESS Round 10 offered respondents the option of an online video interview as an 
alternative to an in-person interview (Ghirelli et al., 2024). A body of research 
also emerged, such as this special issue, evaluating the costs and benefits of 
the new interview formats and their potential effects on the answers (Deakin & 
Wakefield, 2014; Oates et al., 2022). We contribute to this research using the ESS 
Round 10 data and studying the measurement equivalence of data collected via 
live video and in-person interviewing. As respondents were not randomly allo-
cated to the two groups, but rather self-selected into an interview mode, it cannot 
be assumed that the data would be equivalent, hence this should be tested (Mer-
edith, 1993). Ensuring the equivalence of the data derived using these modes is 
crucial for their effective employment in the analysis of social attitudes. This is 
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especially important when the characteristics of the concepts make them prone 
to bias by response behaviors. The concepts of social trust and attitudes towards 
immigration differ in the level of social desirability bias among them, with atti-
tudes towards immigration showing larger bias (Creighton et al., 2019).

Measurement invariance between live video and in-person interviews is 
particularly relevant when considering how different modes of data collection 
influence response behavior. Video interviewing and in-person interviewing dif-
fer regarding the interaction with the administrator and regarding tools used 
in the interviews, mainly, the intermediation of a screen in video interview. We 
argue that for concepts where social desirability is present, such as attitudes 
towards immigration, it is less pronounced in video interviews. Social desirabil-
ity is lower in modes of data collection where the social presence of an inter-
viewer is weaker (Heerwegh, 2009). The social presence may be perceived as 
weaker in a context when respondent and interviewer communicate via video-
chat (Moallem, 2015) compared to a context where the interviewer is physically 
present in a room with respondents.

Overall, the results can be seen as encouraging. In general, measurement 
invariance can indeed be established between in-person and video interview 
mode, across countries and concepts in the ESS Round 10 data. In consequence 
the data is highly comparable. Particularly for Italy, both metric and scalar 
invariance are established for both assessed concepts. In practical terms, this 
means that the data can be aggregated and used as a single dataset for the analy-
sis of the concepts of interest, namely social trust and attitudes towards immi-
gration, and that the dataset can be aggregated as well for the analysis of the 
means of the concepts.

Measurements for the concept of social trust have shown full metric invari-
ance across in-person and video interviewing modes for all six assessed coun-
tries: Estonia, Finland, Iceland, Italy, the Netherlands and Norway (see overview 
in Table 6). This means that each item contributes consistently to the concept of 
social trust across modes and countries. The measurements for the concept of 
social trust are full scalar invariant across video and in- person mode for four 
out of the six countries (Finland, Italy, the Netherlands and Norway), with Esto-
nia showing partial invariance and Iceland non-invariance. This means that, 
only for four out of the six countries, the data can be aggregated, and observed 
mean responses can be computed across the two modes.

For the concept of attitudes towards immigration, the results are somewhat 
less encouraging. Three out of the six countries show full metric invariance 
across mode groups. Where full metric invariance is present, the structure of 
the underlying construct is preserved regardless of the mode of data collec-
tion. As a result, analysts can confidently combine data from in-person and 
video interviewing to study the contribution of each item into the construct in 
Iceland, Italy and Norway, but not in Estonia, Finland and the Netherlands. In 
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cases where metric invariance is not established, we would advise using latent 
models, or, as a less optimal solution because it decreases the number of cases, 
excluding observations from the video interview mode since the relationship of 
the variables differs across modes. In two out of the three cases showing metric 
invariance, scalar invariance is also established, namely for Iceland and Italy. 
For Norway, only partial scalar invariance could be established. Where scalar 
invariance is not established, we advise against aggregating the data of the two 
modes to calculate mean values. Instead, analysts could calculate the latent 
means, taking into account the method variance contribution of both mode 
groups. This is because the differences in the mean response to items may not 
purely reflect true differences in the underlying construct across groups, and 
method variance should be accounted for.

Our findings are neither homogeneous across countries nor across concepts. 
Measurement invariance across in-person and video interview mode are sensi-
tive to the concept being measured.

It has been found before that measurement invariance is not easily estab-
lished for attitudes towards immigration if measured in different contexts. 
Nickel and Weber (2024) study the concept of attitudes towards immigration, and 
report that metric invariance was established for most ESS countries in Rounds 
1 to 9 but scalar invariance only for about half of them. Measurement invari-
ance seems sensitive to contextual influences. Our findings are in line with this 
result, though the different contexts in our study refer to different modes within 
countries. Throughout this article, we have presented the argument that it is 
precisely because of the differences in social desirability between the two con-
cepts that we observe differences in the levels of invariance achieved. On the 
one hand, attitudes towards immigration presents a larger bias than social trust, 
on the other, video interviews imply a weaker social presence of the interview-
ers, than in-person interviews, potentially reducing this bias.

We indeed observe higher levels of invariance for social trust, this means that 
the data is more comparable than the data for attitudes towards immigration. 
Our interpretation for this result is that in video mode, respondents feel less 
pressured to give a socially expected answer, therefore the data is less compa-
rable to an in-person interview. However, more research is needed to explore 
whether this interpretation is correct.

There are other potential explanations. It could be revealing to investigate 
questionnaires, interviewer instructions, protocols and similar documentation 
of the cases where invariance was not consistently reached (especially Estonia, 
Finland, Iceland and the Netherlands) to see if one can find hints as to how the 
implementation of these modes might have differed here from those countries 
where invariance was consistently reached.

Assessing measurement invariance in video and in-person interviews and 
assessing mode effects are two different subjects of study. In this research, we 
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cannot test simultaneously for mode effects and measurement invariance across 
modes. Testing for mode effects would require random allocation of respon-
dents into either video or in-person mode. Invariance testing assesses for the 
comparability of the data in the presence of non-random allocation into groups, 
in which case characteristics of the survey participants, such as age, gender, 
employment status, home ownership, and ethnicity, may present differences 
across interviewing modes (Rowen et al., 2022).
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Appendix
Global Fit Indices of Scalar Invariance Models by Concept  
and Country

Table A1 Global fit indices of scalar invariance models for concept social trust 
by country

Model x2 df p rmsea cfi

Estonia 0.07 2 .96 0.00 1

Finland 4.91 2 .09 0.04 1

Italy 3.84 2 .15 0.03 1

Netherlands 3.33 2 .19 0.03 1

Norway 3.72 2 .16 0.03 1

Table A2 Global fit indices of scalar invariance models for concept attitude 
towards immigration by country

Model x2 df p rmsea cfi

Iceland 0.02 2 .99 0.00 1

Italy 1.75 2 .42 0.00 1

Norway 1.39 2 .50 0.00 1
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Abstract
This paper evaluates the use of video interview (VI) for collecting survey data across 
seven major UK social surveys that have implemented this mode of data collection, 
including both cross-sectional and longitudinal surveys. The paper collates rich com-
parative evidence, on which to evaluate the advancements, opportunities and barriers 
relating to current and future use of VI in the UK (and elsewhere). The specific aims of 
the paper are to investigate (a) uptake of, and response rates to, VI compared to other 
modes; (b) the characteristics of VI respondents to understand representation; and (c) 
the feasibility of administering particular survey questions and (complex) tasks via VI, 
such as requesting consent for administrative data linkage and cognitive assessments. 
Ultimately, the paper aims to evaluate VI’s long-term feasibility as a survey data col-
lection mode post-pandemic. The results suggest that, if VI were the only or primary 
data collection mode, response rates would be notably lower than surveys conducted in 
person and that this could lead to an increase in sample composition issues and repre-
sentation bias. There are also encouraging findings. This mode proves to be a suitable 
approach for obtaining consent for data linkage and conducting cognitive assessments 
– a key finding because previous research has identified limitations of other remote 
methods for collecting this kind of data. Overall, the evidence from this study suggests 
that VI can be a suitable complementary data collection mode in a mixed-mode survey 
design, offering potentially more cost-efficient fieldwork. We identify particular feasi-
bility advantages for longitudinal surveys. 

Keywords:	 live video interviewing, major UK social surveys, mode selection effects, response 
rate, representation
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The COVID-19 pandemic led to a rapid move to remote data collection and was 
a catalyst for further development of both existing and new innovative data col-
lection approaches, including live video interviewing1 (in the following abbrevi-
ated VI; Conrad et al., 2026). In the UK, large-scale social surveys began making 
use of this method for the first time (e.g., Hanson et al., 2023; Hanson et al., 
2026). In addition, in-person2 surveys have been facing many challenges, includ-
ing falling response rates, increasing costs and difficulties with recruitment to 
the interviewer workforce, prompting increased use of remote data collection. 
However, introducing new survey modes can introduce measurement inequiva-
lence over time, which is particularly problematic for longitudinal studies (Cer-
nat, 2015; Dillman et al., 2009; Dillman & Christian, 2005), or can introduce rep-
resentation bias if certain sub-groups are less willing to respond via the new 
mode. Long surveys or those involving specific tasks or complex measures, such 
as collection of data linkage consents or cognitive assessments, can be difficult 
to transition to remote modes. Despite emerging research on VI (e.g., Conrad et 
al., 2023; Endres et al., 2023; Schober et al., 2023; West et al., 2022), our under-
standing of its use in major social surveys in the UK and elsewhere remains lim-
ited. Therefore, it is crucial to further explore the feasibility of VI for data collec-
tion post-pandemic. 

Aims of the Paper 

To address these gaps, this paper reviews evidence and experiences of imple-
menting VI in all of the major social surveys in the UK that have used the mode 
to date (seven surveys in total). The majority of the surveys are longitudinal, two 
are cross-sectional and, together, they provide rich evidence on which to evalu-
ate the advancements, opportunities and barriers relating to current and future 
use of VI in the UK and beyond. The specific aims of this paper are to investi-
gate (a) uptake and response rate to VI, also in comparison to other modes; (b) 
characteristics of VI respondents in order to explore sample composition and 
potential impact on representation; and (c) feasibility of administering particu-
lar survey questions and tasks via VI, such as asking consent for administrative 
data linkage and cognitive assessments. The paper is not about UK surveys per 
se (versus surveys conducted elsewhere) but aims to make, where possible, gen-

1	 In general, three types of VI approaches are being distinguished (only the first option 
is considered in this paper): live video (personal) interviewing (VI), which resembles in-
person interviews but is conducted via a video communication platform; pre-recorded VI, 
which is a self-interviewing approach using videos embedded in questionnaires (Conrad 
et al., 2023); and computer-generated agents and/or Artificial Intelligence (AI) supported 
VI (Höhne, 2024).

2	 In this study, we use the terminology “in-person” interviewing instead of “face-to-face” 
interviewing when respondent and interviewer meet in the same physical space, since VI 
is also face-to-face (albeit mediated by a screen).
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eralisable contributions to the VI literature. Ultimately, the paper aims to evalu-
ate VI’s long-term feasibility as a survey data collection mode.

Research Questions 

Given the above gaps in the current literature, the key research questions we 
aim to address are:

RQ1: �What response rates (uptake) have been achieved with VI, either as the only 
interview mode or as an alternative to other modes? 

Specifically, we aim to explore whether response rates achieved using VI are 
comparable with response rates achieved through in-person interviewing. Addi-
tionally, we seek to explore how the uptake of VI varies depending on how it is 
offered, whether as the sole mode of completion or as an option alongside other 
modes.

RQ2: �What are the characteristics of participants who respond via VI?
We aim to determine whether VI respondents differ from those who respond via 
other modes, particularly via in-person interviewing (and if so, to what extent), 
i.e. we investigate (differences in) sample composition (or representation) 
between VI and in-person. This is important for assessing potential impacts on 
representation (due to issues with coverage and/or nonresponse) of survey data 
collected via VI.

RQ3: �How well does VI perform in administering (complex) survey tasks, in particu-
lar obtaining consent for administrative data linkage, as well as administer-
ing cognitive assessments?

These tasks are an important component of many studies but are challenging 
to implement when interviewers are not physically present (e.g., in web mode). 
We aim to compare VI consent and completion rates with those achieved in in-
person interviews to assess whether VI could be an effective mode for collecting 
these measures.

All seven UK surveys examined here introduced VI between 2020 and 2023, 
using it either as the primary mode or as an alternative, either in parallel with 
other modes or in sequence. All studies initially implemented VI as a result 
of the COVID-19 pandemic which prevented in-person contact. The goal was 
to replicate in-person data collection as much as possible. Additional reasons 
for implementing VI were to increase response rates and attract respondents 
who might not have participated otherwise. These surveys, each with different 
designs, topics, and target populations, provide a rich source for exploring VI. 

Whilst the method of VI had been explored to a limited degree before the pan-
demic (e.g., Anderson, 2008; Jeannis et al., 2013; Schober, 2018) – including in 
qualitative research (e.g., Deakin & Wakefield, 2014; Irani, 2019) – the approach 
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has been evaluated in a number of studies since then (e.g., Conrad et al., 2023; 
Endres et al., 2023; Phillips et al., 2023). During the pandemic, many tradition-
ally in-person surveys explored VI. Post-pandemic, while some surveys reverted 
to in-person methods, others continued to offer VI as an option. A key attrac-
tion of VI is that VI shares many properties with in-person interviewing (Conrad 
et al., 2023; Schober et al., 2023), implying measurement differences between 
the two modes should be minimal (Endres et al., 2023). This mode presents a 
cost-effective alternative to in-person interviewing with several advantages, 
potentially increasing overall response rates and representation, which will be 
explored further in this paper. 

Review of Existing Evidence 
Primary concerns when comparing VI to other modes include survey comple-
tion, recruitment outcomes and data quality (Anderson, 2008). In the following, 
we review the existing literature, elaborating on the factors associated with (a) 
(unit) nonresponse rate (uptake of VI), (b) representation, and (c) the collection 
of relatively “complex” survey tasks, relating to RQ1-3 respectively.

Response Rate and Uptake of VI (RQ1)

Response rates to VI could differ from other modes, such as in-person inter-
viewing for various reasons, including scheduling difficulties (Hupp et al., 
2026), technical issues like internet connectivity and usability of the video plat-
form, managing distractions remotely, and privacy concerns (Kunz et al., 2024; 
Schober et al., 2020; Van Zeeland et al., 2021). Despite these challenges, rapport 
can be established as effectively in VI as in in-person surveys (Sun et al., 2021), 
and whilst evidence suggests that respondents still tend to prefer in-person 
interviews over VI (Selvam et al., 2020), certain subgroups such as those requir-
ing sensory assistance (Schober et al., 2020) may prefer VI. Offering VI alongside 
other modes can, therefore, potentially increase overall response rates (Jeannis 
et al., 2013). However, the existing evidence suggests that in cross-sectional sur-
veys the challenges around implementation of VI are more likely to negatively 
impact unit response rates. Guggenheim and Howell (2021) report that VI, as the 
first mode in a mixed-mode design, yielded lower responses than web-only or a 
mixed mode approach involving web and phone. Similarly, Conrad et al. (2023) 
report substantially lower VI response rates than those achieved in a conven-
tional web survey and “pre-recorded video interviews”, in which video record-
ings of interviewers asking survey questions are embedded in a web survey, 
in two nonprobability online panel samples. Additionally, Phillips et al. (2023) 
reported lower VI response rates compared to five other survey modes. These 
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low VI response rates are likely explained by lack of familiarity with the mode, 
but as video calls become ever more commonplace in work and day-to-day lives, 
then willingness to take part via VI could increase. In the UK context, evidence 
on participation in surveys using VI, for both cross-sectional and longitudinal 
studies, has been very scarce so far. With respect to RQ1, given that the seven 
surveys examined in our study were all conducted during a time when VI was 
emerging as a new mode in the UK we anticipate that VI response rates will be 
lower than in-person response rates.

Sample Composition and Representation with VI (RQ2)

The discussed variation in VI uptake may result in differing sample compositions 
between respondents who are able and open to participation via VI and those 
who are not. VI requires both access to the necessary technology, e.g. internet 
connection and hardware, and the willingness to participate via that mode (i.e., 
nonresponse-related issues). Importantly, not everyone has access to video com-
munication technology even if they have access to the internet (Schober et al., 
2020), with internet access now being very high (Cabrera-Álvarez et al., 2025). 
Additionally, internet access and use vary by individual or household charac-
teristics and between geographical regions, at least in a country like the UK 
(Office for National Statistics, 2021). This implies that individuals from certain 
socio-demographic groups may face “technological” barriers to participating 
via VI, despite being willing to do so. To mitigate such representation issues 
from under-coverage of people without access to the internet or the necessary 
hardware to communicate via video, providing resources to those without these 
could be considered. However, this could make data collection more expensive 
and could risk participants feeling pressured or coerced into taking part in a 
way they do not prefer which could be an ethical concern (Schober at al., 2020). 
More specifically, respondents might not be comfortable participating in VI for 
other reasons including perceived difficulty of use, lack of value or enjoyment, 
and discomfort disclosing sensitive information via VI (Schober et al., 2023).

On the other hand, some respondents who might be reluctant to let an inter-
viewer into their home (e.g., due to health concerns or safety concerns) might be 
willing to participate in VI. VI may also offer more flexibility in terms of mak-
ing appointments (e.g., timing and location); for example, VI interviews could 
more easily be conducted at a workplace. Certain demographic groups, includ-
ing those with more technological experience (e.g., younger sample members), 
could potentially be more attracted to VI (Anderson, 2008), so the mode could 
potentially be advantageous for drawing in groups otherwise less likely to take 
part.

Recent evidence on sample composition differences between VI and other 
survey modes is mixed, which might be associated with the types of surveys that 
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explored the differences, as well as differences between countries. In the U.S., 
samples often skewed towards more educated individuals (Conrad et al., 2023, 
p. 145; Dulaney et al., 2023; Guggenheim & Howell, 2021; Martin & Fradier, 2023; 
Phillips et al., 2023), and younger participants (Dulaney et al., 2023; Martin & 
Fradier, 2023; Phillips et al., 2023; Thorolfsson et al., 2023). In contrast, Schober 
et al. (2023) found no socio-demographic predictors for hypothetical VI partici-
pation. Evidence on gender representation is mixed. Guggenheim and Howell 
(2021) reported consistent overrepresentation of women, with this finding also 
applying across other modes, including in-person, and web. On the other hand, 
Martin and Fradier (2023, France) and Phillips et al. (2023, Australia) report an 
overrepresentation of men in their VI samples. 

In summary, with respect to RQ2, while it might be challenging to predict any 
differences by sex, we expect that younger respondents and those holding a uni-
versity degree will be more likely to participate via VI than older or less educated 
respondents. 

Complex Survey Tasks with VI (RQ3)

In addition, it is important to understand how VI performs in the collection of 
particular survey questions and tasks, such as requesting consent for admin-
istrative data linkage and administering cognitive assessments. VI may offer 
advantages over other remote methods, such as web, since in VI interviewers are 
able to explain these complex tasks, tailoring what they say to particular respon-
dent concerns and confusions, which is not feasible in web surveys. There may 
also be challenges, such as the difficulty of obtaining consent without the inter-
viewer’s physical presence. 

Obtaining consent in social surveys, such as for linking administrative data, 
has been extensively studied in both cross-sectional and longitudinal surveys. 
However, to the best of our knowledge, there is no evidence on consent rates 
collected via VI. Nevertheless, the existing literature on requesting consent via 
different modes consistently shows that consent rates tend to be higher in inter-
viewer-administered modes than in self-administered modes, such as mail or 
online modes (Al Baghal et al., 2020; Jäckle et al., 2021; Jäckle et al., 2022; Jäckle 
et al., 2023; Sakshaug et al., 2017; Thornby et al., 2018). Evidence on differences 
in consent rates between interviewer-administered modes is more mixed with 
some studies reporting higher consent rates in in-person interviews than tele-
phone surveys (Al Baghal et al., 2020; Sakshaug et al., 2012) and others finding 
no difference (Thornby et al., 2018). Based on this evidence, we could expect that 
data linkage consent rates will be lower for VI than for in-person respondents, 
but higher than via web. 

The use of VI for collecting survey data that are more complex, such as cogni-
tive tests, open occupation and industry descriptions, and event histories, has 
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not yet been sufficiently explored (although some literature starts to exist, e.g., 
Fomby et al., 2026, discussing achievement assessment of school children via 
VI). VI has the potential to offer certain benefits, as existing literature suggests 
that interviewer-administration is generally more suitable for administering 
such measures than self-administration (e.g., Emery et al., 2023; Ofstedal et al., 
2021; Peycheva et al., 2021). Previous research comparing in-person and web 
modes has shown measurement mode effects when assessing cognitive ability 
(Al Baghal, 2019; Gooch, 2015; Ofstedal et al., 2021), psychological functioning 
(Zager Kocjan et al., 2023), and quality of life (Tsakos et al., 2008). VI may help 
mitigate some of these issues by retaining the advantages of interviewer admin-
istration while allowing data to be collected remotely, although in one test of a 
complex data collection conducted via VI, Silber et al. (2024) report relatively low 
response rates and differential nonresponse when collecting complex egocen-
tric network data. Therefore, with respect to RQ3, we expect to find in our study 
similar evidence of lower completion rates for specific or more complex survey 
tasks. This expectation particularly applies to tasks that require additional effort 
from VI respondents to complete, compared to in-person participants (such as a 
requirement to post a letter cancellation task). 

Data
The seven studies used in this study are: the National Child Development Study 
(NCDS), the 1970 British Cohort Study (BCS70), Next Steps, Children of the 2020s 
(Cot20s), the English Longitudinal Study of Ageing (ELSA), the UK European 
Social Survey (ESS) and the Health Survey for England (HSE). Table 1 provides a 
detailed overview of these seven surveys, their different design features and the 
different implementations of VI. Implementation of VI across the surveys inves-
tigated varied. NCDS, BCS70 and ELSA all used VI as the sole (or primary) mode 
of data collection for a period of time, whilst the others offered VI as an addi-
tional mode to maximise response. In Next Steps, VI was only offered to those 
who had not responded via web. In some studies, VI was offered to participants 
living in particular geographical areas where in-person interviewing was not 
possible (as no in-person interviewers were available) or not permitted due to 
national restrictions (e.g., Northern Ireland in ESS). 

As a result, the number of VI interviews and the share of the total interviews 
achieved via VI differed across the studies. For instance, in the BCS70 Age 51 
Survey, 3,467 interviews were conducted using VI (48% of all interviews). How-
ever, in Cot20s, only 99 (about 1%) of all interviews were conducted using VI, 
and in ESS Round 10, only 55 VI interviews were carried out (about 5% of all UK 
interviews). It is worth noting that the ESS is a cross-national comparative study, 
and in some other countries, the share of VI interviews was notably higher, with 



Durrant et al.: Live Video Interviewing: Empirical Evidence of Opportunities� 245

six countries conducting at least 15% of all interviews via VI, and Iceland hav-
ing the highest share at 37% (European Social Survey European Research Infra-
structure, 2023; Hanson et al., 2026). For more information about study designs, 
please refer to the Centre for Longitudinal Studies (no date, references, a-d), 
English Longitudinal Study of Ageing (no date.), National Health Service (no 
date), and European Social Survey (no date).

Analytical Methods
To examine the feasibility of VI, we explore three key data quality aspects: 
unit response rate, representation, and completion of specific or complex sur-
vey tasks (data linkage consent, cognitive assessments), comparing VI to the 
other survey modes (mostly in-person). Importantly, the analytical possibilities 
and relevance were shaped by the characteristics of the available data across 
the seven studies and the sample sizes of VI respondents. Specifically, the unit 
response rate analysis (RQ1) can be conducted for all seven studies. However, to 
address RQ2 and RQ3, composition of sample (representation) and response to 
particular complex survey tasks can only be explored in the three studies with a 
sufficient VI sample size (i.e., NCDS, BCS70, and ELSA).

Analysis of Response Rates (Uptake of VI) (RQ1)

To explore RQ1 we investigate the impact of VI on participation rates. NCDS, 
BCS70 and ELSA all had periods where VI was offered as the sole mode with 
non-respondents later being invited to take part in person. Once in-person inter-
viewing was re-launched, it became the primary mode again, with VI offered as 
an alternative mode. We compare response rates (RR) for those initially invited 
to take part during the VI-only phase with those invited to take part in person 
(with VI available as alternative mode if requested). For Next Steps, Cot20s, HSE, 
and ESS, where VI was implemented as a supplementary survey mode with the 
primary aim to increase overall unit response, we show VI respondents as a pro-
portion of the total interviews achieved (see Figure 1), also in comparison to the 
other modes offered. 

Analysis of Sample Composition and Representation (RQ2) 

To address RQ2 we compare the demographic composition of NCDS, BCS70 
and ELSA respondents who participated via VI with those who participated via 
in-person interviewing, even if initially invited to take part in the other mode. 
Fieldwork for NCDS was initially launched in January 2020 and conducted 
entirely face-to-face. Data collection was suspended in March 2020 before being 
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re-launched in November 2021, initially using a video-only approach before 
in-person interviewing re-commenced in April 2022. The sample for the NCDS 
analysis comprises those who were invited to take part after the study was 
re-launched (N = 7,649). The sample for the BCS70 includes all those who were 
invited to take part during the main stage of fieldwork (N = 10,824), and the sam-
ple for ELSA consists of all in-person and VI participants, excluding a small 
subsample of CATI respondents. The selected demographic variables, namely 
sex, highest qualification/education, and economic activity, were included due 
to their availability and comparability across the three studies. The age varia-
ble, which was provided by the fieldwork agency in a categorical format, is only 
relevant for ELSA, since BCS70 and NCDS are birth cohort studies where all par-
ticipants were born in the same week. To test differences in sample composition, 
Chi-Square testing was conducted, and Phi is reported as the effect size measure. 

Analysis of Response to Consent Requests and Cognitive 
Assessments (RQ3)

To investigate RQ3 we explore the performance of VI in conducting specific (or 
complex) survey tasks. NCDS, BCS70 and ELSA participants who had not con-
sented in previous waves of the study were asked to consent to link their survey 
data with (a) health records held by the UK National Health Service (NHS)3 and 
economic records held by (b) the Department for Work and Pensions (DWP) and 
(c) Her Majesty’s Revenue and Customs data. We use chi-square testing to con-
firm statistically significant differences in consent rates between modes. NCDS, 
BCS70 and ELSA also included a series of cognitive assessments: (a) immediate 
word list recall test, (b) delayed word list recall test, (c) animal naming and (d) 
letter cancellation4. The first three tasks were scored by the interviewer during 
the interview. The letter cancellation task, on the other hand, was self-com-
pleted on a paper sheet during the interview and scored after being returned to 
the study team. In VI interviews this sheet was posted to respondents in advance 
and participants were then required to return this by post after the interview. 
During in-person interviews the sheet was provided and collected by the inter-
viewer who was responsible for posting this to the study team for scoring. Again, 
Chi-Square testing was conducted to confirm statistically significant differences 
in completion rates between modes.  

3	 In ELSA, respondents were asked for consent to link their survey data to the following 
NHS data sources: Mortality, Hospital Episode Statistics and Primary Care data. They 
were also asked to agree to wear an activity monitor. 

4	 In the letter cancellation task, participants are presented with a grid or sheet of letters 
arranged in random order. They are instructed to scan the grid and mark/cancel out a 
specific target letter. Performance on the letter cancellation task is typically measured 
in terms of accuracy and speed.
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Results
In this section, we begin by examining VI uptake and associated response rates 
for all seven UK surveys. We then explore the socio-demographic composition 
of both VI and non-VI samples to assess their comparability. We conclude this 
analysis section by discussing how VI performs in collecting survey data that 
are traditionally more challenging to obtain in survey modes that are not in-per-
son, specifically securing participant consent and conducting complex cognitive 
assessments.

Analysis of Response Rates and Uptake of VI (RQ1)

We first present the results of the response rate analysis for the studies where VI 
was used as the primary mode of data collection and resulted in large samples of 
respondents participating via VI (NCDS, BCS70, ELSA), and then separately dis-
cuss the other studies where VI was included as an additional or supplementary 
mode, leading to smaller samples of VI participants (Next Steps, Cot20s, HSE 
and ESS). 

VI as a Primary Mode
NCDS. Fieldwork for NCDS Age 62 Survey was conducted in batches, and VI was 
employed in two different ways. Participants allocated to earlier batches of field-
work were initially only invited to take part via VI, with non-respondents being 
invited to take part in person. Later in fieldwork, when in-person interviewing 
could resume due to the lifting of COVID restrictions, in-person interviewing 
became the primary mode. Participants allocated to these later batches of field-
work were invited to take part in person with VI offered as an additional option. 
First, we present uptake by the mode to which participants were allocated, fol-
lowed by the overall response rate by allocation mode.

Of the 3,001 eligible participants who were allocated to and invited to take 
part via VI, just under half (1,432 or 48%) participated through that mode (see 
Figure 1). In contrast, of the 4,394 eligible participants who were allocated to 
and invited to take part in person, 3,126 (or 71%) took part via that mode. The 
response rate for the mode to which cohort members were initially assigned was 
notably lower for the VI batches (VI: 48%, in-person: 71%,  = .237, p < .001).

Additionally, of the 3,001 eligible participants allocated to earlier batches of 
fieldwork who were invited to take part via VI, 415 (or 14%) participated in per-
son, giving an overall response rate of 62% (i.e. 48% VI + 14% in-person, see Fig-
ure 1). In contrast, of the 4,394 eligible participants allocated to later batches 
(in-person-first), 29 (or 1%) opted to take part via VI, giving an overall response 
rate of 72% (i.e., 71% in-person + 1% VI). The overall response rate for those first 
invited to take part via VI (62%) is significantly lower than the comparable over-
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all response rate amongst those first invited to take part in person (72%,  = 
.108, p < .001). For more information on implementation of VI in NCDS see Table 
A1 in Appendix A.

BCS70. The Age 51 Survey implemented VI in the same way as NCDS. Initial 
batches of fieldwork used a video-first approach, and later batches used an in-
person-first approach with VI as an alternative option. Of the 6,114 eligible par-
ticipants who were invited to the VI-first batches, 2,842 (or 46%) participated via 
VI. In contrast, of the 4,619 eligible participants who were invited to take part in 
subsequent in-person-first batches of fieldwork, 2,732 (or 59%) participated in 
person. The response rate for the mode to which cohort members were initially 
assigned was notably lower for the VI batches (VI: 46%, in-person: 59%,  = .125, 
p < .001), which is consistent with our findings from NCDS. 

Additionally, of the 6,114 eligible participants who were allocated to VI, a fur-
ther 830 (or 14%) took part in person, giving an overall response rate of 60% (i.e., 
46% VI + 14% in-person). In contrast, of the 4,619 eligible participants who were 
allocated to in-person interviewing, a further 62 (1%) took part via VI. The over-
all response rate in the in-person-first group was ultimately the same as that of 
the VI-first group, at 60% (i.e., 59% in-person + 1% VI, see also Appendix A).

ELSA. The Wave 10 Survey took a similar approach to NCDS and BCS70. Initial 
batches of fieldwork used a VI-first approach, and later batches used an in-per-
son-first approach with VI available as an alternative mode. Unlike NCDS and 
BCS70, towards the end of fieldwork, non-respondents (from both VI-first and 
in-person-first groups) were given an opportunity to participate via telephone; 
for more information see Table A1 in Appendix A. 

The results presented in Figure 1 show that in the VI-first group, only 25% (or 
1,041 participants) responded via VI. In contrast, amongst those invited to take 
part in person first, 66% (or 2,177 participants) were interviewed in person. The 
response rate for the mode to which cohort members were initially assigned was 
notably lower for the VI-first group, which is consistent with our findings from 
NCDS and BCS70.

Additionally, amongst those invited to take part via VI, a further 1,432 were 
interviewed in person (35%) and 81 via telephone (2%), giving an overall response 
rate of 68% (i.e., 25% VI + 35% in-person, 2% telephone). Amongst those invited 
to take part in person first, relatively small proportions were interviewed via 
telephone (33 or 1%) and via VI (14 or 0.4%). The overall response rate was higher 
for the in-person-first group (68%) than for the VI-first group (62%) (  = .062, 
p < .001).

This evidence overall shows that response rates are lower for VI compared 
to in-person interviewing. In the case of NCDS and ELSA, the overall response 
rates were higher for respondents invited to take part during the in-person-first 
batches than for those who were invited to take part in the VI-first batches, 
although this was not the case for BCS70. However, the proportions of those 
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who were assigned to in-person interviewing and participated via that mode 
were substantially larger in all three studies, including BCS70, than the propor-
tions of those who were assigned to VI and participated via that mode. In other 
words, we observe both the negative effect on the propensity to respond via VI 
compared to in-person interviewing, as well as an increase in the likelihood of 
responding via the alternative mode if assigned to VI. These findings are further 
supported by the results presented in the next section.

Figure 1 	 Response rate (RR) in the studies where VI was primary mode 
– NCDS, BCS70 and ELSA (for during and post-COVID times com-
bined, 2021-2023).

VI as a Supplementary Survey Mode
VI was used as a supplementary mode in Next Steps, Cot20s, ESS and HSE in 
slightly different ways: Next Steps employed a sequential mixed mode design in 
which participants were first invited to participate via web. Web non-respon-
dents were then followed up by in-person interviewers who were able to offer VI 
as an option for completing alongside a standard in-person interview, comple-
tion of the web interview via a tablet provided by the survey agency or a tele-
phone interview. In the end, VI contributed only 8 interviews (or 0.1%, see Fig-



252� methods, data, analyses | Vol. 20(1), 2026, pp. 237-268 

ure 2), in addition to 6,096 (or 87%) via web (including 159 or 2% on a tablet5 by 
completing an online questionnaire), 737 (or 11%) in-person, and 139 (or 2%) via 
telephone. VI interviews represented a very small proportion of all interviews 
that were not conducted via the primary survey mode (web).

In Cot20s a concurrent mixed-mode design was used. Interviewers were 
instructed to prioritise the modes via negotiation with respondents as follows: 
in-person (top priority), VI (next priority), and telephone (lowest priority). In the 
end, VI contributed 99 interviews (or 1%), in addition to 7,273 interviews (or 84%) 
completed via in-person interviewing and 1,256 (or 15%) by telephone. Similar to 
Next Steps, VI interviews accounted for a small proportion of all achieved inter-
views.

In the ESS (UK), VI was the only approach offered in Northern Ireland as in-
person interviews were not permitted but, in the rest of the UK, an advance let-
ter was followed by an in-person visit, and VI was offered as an alternative mode 
to in-person interviewing. 55 (5%) participants took part via VI, with the remain-
der taking part in person.

In the HSE pilot, the fieldwork agency responded to the pandemic-related 
pause to in-person interviewing by providing two remote options (VI and tele-
phone). For this pilot in early-2021 (January-March)6, an opt-in approach was 
adopted for the survey, with sample members invited by postal mail to provide 
contact information via a portal. In total, 51 individuals participated via VI out 
of 798 (6%). (For more information see Table A1 in Appendix A.)

The results presented in Figure 2 show that in all of these studies, where VI 
was offered alongside other modes, the uptake of VI was very low, compared 
to the other alternative modes (in-person and telephone in NS, telephone in 
Cot20s). The lowest proportion of respondents participating via VI was in Next 
Steps (0.1%) and the largest proportion of respondents participating via VI was 
in the HSE 2021 pilot (6%). 

5	 While the mode of data collection is the same for the standard completion of an online 
questionnaire and completion on a tablet, there is a notable methodological difference. In 
Next Steps, tablets were provided and picked up after completion by interviewers, where-
as interviewers were not involved in web completion.

6	 Following the successful implementation of VI in a pilot for BCS70, an approach was pi-
loted that gave sample members the choice of conducting an interview remotely by tele-
phone or VI. Nevertheless, due to a relatively low take-up and the availability of other 
remote approaches in HSE, VI was not subsequently used on the main stage of the survey 
in 2021.
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Figure 2 	 Survey mode in the studies with VI as a supplementary survey 
mode: uptake (RR) of VI interviews and of other modes (telephone, 
in-person, web). 

Analysis of Composition of VI Samples and Representation (RQ2)

To compare the characteristics of VI and in-person respondents (RQ2), we focus 
on the studies for which VI was the primary mode for a period of time – NCDS, 
BCS70, and ELSA (for sample size reasons and variables available). We identified 
three variables common to the three studies: sex, highest qualification/educa-
tion, economic activity (for definition and categorisation of the latter see Table 
B2). We compare the share of in-person and video interviews achieved with 
females, the employed and those with a degree-level education in Figure 3. 
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Figure 3 	 Socio-demographic differences between respondents who were 
interviewed in person and via VI in three studies – NCDS, ELSA, 
BCS70 (based on: sex, economic activity (employed), highest qualifi-
cation/education).

Sex. The analysis revealed minor, statistically insignificant differences in the 
proportion of women and men who participated via VI and in person in the 
NCDS and in ELSA. However, women accounted for 54% of VI participants and 
51% of in-person respondents in the BCS70, a difference which is statistically sig-
nificant (  = .026, p = .040). 

Economic activity. In BCS70 and ELSA, VI respondents were more likely to be 
employed (excluding self-employed) than in-person respondents. In BCS70, 74% 
of VI respondents were employed compared to 69% of in-person respondents  
(  = .055, p < .001). In ELSA, 18% of VI respondents were employed versus 14% 
in-person (  = .043, p = .004). The mode difference in employment was not sig-
nificant for NCDS. In ELSA, retirees were less likely to participate via VI than 
in person (VI: 70%, in-person: 75%,  = .047, p = .001), consistent with the effect 
of age below. The same effects were found in NCDS and BCS70 but the differ-
ence was small and not significant. Results for economic activity are provided in 
Table B2 in Appendix B. 



Durrant et al.: Live Video Interviewing: Empirical Evidence of Opportunities� 255

Highest qualification. In both NCDS and BCS707, VI participants were more 
likely to have a degree than in-person participants, with the gap being between 
5% (BCS70,  = .064, p < .001) and 7% (NCDS,  = .082, p < .001). 

Age. The distribution by age is relevant for ELSA only, since the other studies 
are birth cohort studies in which all participants are the same age. ELSA par-
ticipants are aged between 50 and 100. When grouped into 5-year age bands, all 
bands up to age 74 were over-represented amongst VI respondents (compared 
to in-person respondents) and the reverse was true amongst all bands over 75. 
Overall, significantly more respondents aged 50-74 participated via VI than in-
person (VI: 72%, in-person: 58%,  = .118, p < .001). (For more information, see 
Table B1 in Appendix B.)

Based on these findings, we conclude that respondents holding a university 
degree and younger participants are more likely to opt for video interviews 
instead of in-person interviews when VI is the primary mode. Comparing the 
Phi values, as measures of the magnitude of associations, we can conclude that 
the most notable differences between VI and in-person modes were observed in 
age profile (ELSA), followed by highest qualification. Differences by economic 
activity groups, and especially differences by sex, were less pronounced.

Analysis of Response to Consent and Cognitive Assessments Via 
VI (RQ3)

Consent rates. In the analysed surveys, respondents were asked for consent to 
link their survey data with (a) health records held by the UK8 (NHS) and eco-
nomic records held by (b) the Department for Work and Pensions (DWP) and 
(c) Her Majesty’s Revenue and Customs data. Our third research question asks 
whether this kind of task could be conducted in VI as well as in person. 

In Figure 4, we show the effect of mode on data linkage consent rates in the 
three surveys for which VI was the primary mode for a period, with average 
rates presented. The consent rates differ substantially between the studies but 
no differences in consent rates are identified between VI and in-person inter-
viewing in NCDS (  = .019, p = .554), BCS70 (  = .039, p = .105) or ELSA (  = .001, 
p = .920). 

7	 We did not receive data for ELSA on highest qualification. 
8	 In ELSA, respondents were asked for consent to link their survey data to the following 

NHS data sources: Mortality, Hospital Episode Statistics and Primary Care data. They 
were also asked to agree to wear an activity monitor. 
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Figure 4	 Average data linkage consent rates in NCDS, BCS70 and ELSA by 
survey mode

Notes: * In NCDS Age 62 and BCS70 Age 51 Surveys, only respondents who did not give consent 
in a previous wave were asked for consent to data linkage. The numbers of participants asked 
to give consent differed slightly between different data sources for linkage.

Cognitive assessments. RQ3 also asked about how well cognitive tests can be 
administered in VI. To address this, we examine completion rates for a series 
of cognitive tests in the three surveys. The following tests were included in all 
studies: (a) immediate word list recall test, (b) delayed word list recall test, (c) 
animal naming and (d) letter cancellation. The first three tasks were scored by 
the interviewer during the interview, so we combine their completion rate into 
a single measure – completion of “cognitive tasks”. The letter cancellation task, 
on the other hand, was self-completed on a paper sheet during the interview and 
had to be returned to the study team for scoring. In VI interviews, respondents 
were required to return this by post, whereas in in-person interviews, the sheet 
was collected by the interviewer who was responsible for posting the sheet back 
to the study team for scoring. 

The results, presented in Figure 5, compare completion and return rates for 
the cognitive tests between VI and in-person participants in NCDS, BCS70 and 
ELSA9. For the “cognitive tasks” scored by the interviewer during the interview, 
the completion rates were very high in all three surveys and with no significant 
differences between modes (with all p > .05). However, the return rates for the 
letter cancellation task, which required VI participants to post the paper sheet, 
were significantly lower in VI than in-person, in both NCDS (VI: 79%, in-person: 

9	 No letter cancellation test was included in ELSA.
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88%,  = .116, p < .001) and BCS70 (VI: 77%, in-person: 88%,  = .146, p < .001). 
This no doubt reflects the additional burden associated with this extra task. 

Figure 5 	 Return rates of cognitive test documents by mode.

Based on these findings, we conclude that respondents participating via VI are 
no less likely to complete questionnaire sections that are more complex, such as 
cognitive assessments than those participating in person (unless a paper docu-
ment must be returned). 

Discussion and Conclusions
This article reports evidence on conducting interviews via live, two-way video 
from the major UK social surveys that have implemented VI and presents key 
findings on response rates, sample composition, rates of consent to link admin-
istrative data and completion of cognitive assessments. We explore VI, either as 
a primary survey mode or as a supplement to traditional survey modes, such as 
in-person interviewing, telephone, and web. The main findings and conclusions 
are: 

1.	 VI designs: The UK studies reviewed used VI in different ways and with dif-
ferent objectives. But they all used VI in a mixed mode design; in no case was 
VI used as the sole mode of data collection for the full duration of fieldwork. 
Some studies (i.e., NCDS, BCS70 and ELSA) used VI as the only (or first/pri-
mary) survey mode for a period when in-person data collection was not pos-
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sible, i.e., in the initial stages of the pandemic. In those circumstances, VI 
acted as a substitute for in-person interviewing and allowed these studies 
to proceed with data collection and, based on the literature (Endres et al., 
2023), it seems likely that this substitution did not affect measurement equi-
valence. However, these studies all reverted to in-person interviewing when 
pandemic restrictions were lifted, with VI continuing to be offered as an 
alternative mode. Some studies used VI to reach participants in areas where 
no in-person interviewers were available (e.g., Northern Ireland in ESS) and 
thus to increase geographical coverage. Some studies used VI as a response 
maximisation approach in mixed-mode designs; it was either given as an 
option to attract those who were reluctant to be interviewed in person (e.g., 
in ELSA) or not suggested until respondents refused to participate via the 
primary mode(s) (e.g., in Next Steps). 

2.	 VI response rates (uptake) (RQ1): The first challenge is that response 
rates in both cross-sectional and longitudinal studies analysed here are 
generally lower for VI than other modes, consistent with the previous lite-
rature (Conrad et al., 2023; Guggenheim & Howell, 2021; Phillips et al., 
2023). VI uptake was highest in studies which offered VI as the sole or pri-
mary mode (at least for a period of time, e.g., in certain parts of fieldwork). 
In NCDS and BCS70 VI response rates of 48% and 46% respectively were 
achieved using a video-only approach although in ELSA the VI response 
rate was lower at 25%. In all cases, overall response rates were boosted 
when non-respondents were later invited to take part in person. 	  
However, in NCDS, BCS70 and ELSA fieldwork was later conducted in per-
son first (with VI as a back-up mode) and overall response rates were sig-
nificantly higher in NCDS and ELSA, despite low VI response rates. The 
uptake of VI appears to decrease with age, as the participants in the ELSA 
Wave 10 cohort were, on average, almost 20 years older than those in the 
BCS70 cohort and about 8 years older than those in the NCDS cohort and 
their VI uptake was substantially lower (25%). This pattern can also be 
seen within ELSA: 50-74 year-olds were more likely to be interviewed by VI 
than in person but this reversed above age 74. The three studies, which had 
periods of fieldwork where VI was the sole or primary mode of data col-
lection, were all long-established cohort studies. The lower response rates 
during VI-only part of fieldwork may in part be attributed to the fact that 
panel members were very familiar with in-person interviewing through 
repeated participation across multiple waves and so were reluctant to 
participate via VI, a phenomenon previously discussed for studies con-
ducted in online panels (Conrad et al., 2023; Phillips et al., 2023). 	  
Another factor is that for some of the cohort studies here, participants were 
substantially older than the general population, and so may have been 
especially unfamiliar with and averse to using new technology. 	  
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VI uptake in the studies where VI was offered as one of a range of possible 
modes was generally low (ESS UK, Next Steps, Cots2020, HSE). From this evi-
dence, it may be concluded that in mixed-mode studies, respondents may be 
more likely to choose an alternative mode to which they are more accustomed 
over VI. Uptake will also relate to what is most convenient in the moment, 
and if an interviewer is present at the doorstep, respondents may well take up 
that opportunity. 

3.	 Composition of VI samples (representation) (RQ2): Another challenge is that 
the observed lower response rates in VI could lead to an increase in repre-
sentation bias. Our results suggest that those who are more educated, emplo-
yed, and to a lesser extent, women may generally be more likely to partici-
pate via VI, whereas long-term sick/disabled individuals and older people 
might be less likely. These findings are based on a comparison of the final 
composition of the in-person-administered and VI-administered subsamp-
les, while considering that respondents could have been invited to take part 
in VI-first but responded in person (and vice versa). We conclude that in a 
longitudinal study context, switching from in-person interviewing to VI for 
the whole or a larger part of the sample could not only result in an increased 
loss of sample units but also in differential attrition, meaning that the pro-
portion of already underrepresented and/or smaller subpopulations (e.g., 
those with chronic conditions) would decrease. This could lead to a limita-
tion in studying certain groups due to an increased loss of statistical power 
over time associated with the newly introduced survey mode, VI. Another 
factor to consider is that people with certain characteristics, such as those 
with technical difficulties and inabilities, do not take part in VI to start with. 

4.	 Obtaining of consent and cognitive assessments (RQ3): Promisingly, the 
analysis of data linkage consent rate and completion rates for cognitive 
assessments suggested that VI can be used effectively for collecting these 
kinds of measures. The evidence showed that completion rates/consent rates 
are generally comparable with those achieved in person. The only notable 
exception concerns the letter cancellation task which is self-completed on 
paper during the VI interview and is returned by post after the interview; 
completion and return rates for this task were about 10%-points higher via 
in-person interviewing than VI. 

5.	 Limitations: While we investigated differences between VI and other modes, 
with a focus on comparing VI to in-person interviewing, none of the inclu-
ded surveys used experimental designs. Thus, we could not fully disentangle 
the effects of mode from the effects of the composition of samples that were 
self-selected or nonrandomly invited to take part via a particular mode. 
Therefore, most of our findings on the differences between VI and in-person 
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interviewing warrant further investigation in studies designed to test these 
differences.

Another important question that should be addressed in a future study is how 
VI performs if it is the only mode in a survey. Ideally, such a study would be 
informed by analyses of the cost savings from reduced travel on the one hand 
and higher levels of differential nonresponse on the other. In addition, the focus 
of the current article is on errors of representation not errors of measurement 
including those due to mode effects or interviewer effects, as we did not have 
access to the necessary data for such analyses. However, there is a small but 
growing literature on measurement in VI (see Asensio et al., 2025; Conrad et al., 
2023; Endres et al., 2023; Kocar et al., 2025) but this is beyond the scope of the 
current paper. Lastly, VI has the potential to generate substantial cost-savings. 
In this paper, however, we are not able to address of cost-savings because, again, 
we did not have access to the necessary data. 

Overall Feasibility of VI as a Mode for Conducting Large-Scale 
Social Surveys

Our study has demonstrated that VI has the potential to continue playing a role 
in large-scale social surveys, including in the UK. Whilst we investigated UK 
surveys here, we believe that (some of) the findings are generalisable to survey 
settings in other contexts. Based on the evidence presented in this study, we 
agree with the authors of similar studies (e.g., Conrad et al., 2023; Endres et al., 
2023) that VI has the necessary characteristics to serve as an alternative to the 
in-person mode, especially with methodological optimisations and further tech-
nological developments. Our key generalisable conclusions are:

1.	 Longitudinal studies have the potential to deploy VI most effectively. This is 
particularly true for those that have typically collected data in person. Such 
studies have two notable advantages: (a) a previous relationship with par-
ticipants, which fosters engagement and commitment, making them more 
likely to trial a new mode, and (b) access to contact details, such as emails 
and phone numbers, which can be used to make remote contact. In cross-
sectional studies that require an in-person visit to arrange a video interview 
(e.g., ESS UK), VI uptake is expected to be low.

2.	 VI appears to be more suitable for mixed-mode surveys. At present, VI is 
unlikely to be suitable as a single-mode due to recruitment challenges, non-
response, and indicators for potential representation bias identified in our 
study and others (e.g., Conrad et al., 2023; Guggenheim & Howell, 2021). In 
mixed-mode surveys, other modes can mitigate certain negative aspects of 
VI, while VI offers benefits such as response maximization, improved inclu-
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sivity and facilitation of participation of certain sub-groups, and recruit-
ment in areas where in-person interviewers are unavailable.

3.	 VI can be cost- and time-efficient. We agree with previous studies (e.g., 
Conrad et al., 2023) that highlight VI’s potential for substantial cost savings 
compared to in-person interviews due to reduced travel time and expenses. 
Reduced travel also makes fieldwork more time-efficient, and so we recom-
mend initially pushing sample members to VI before offering other modes 
in mixed-mode surveys for greater overall efficiency. However, an initial 
investment in VI technology and training is required, and cost savings can 
only be fully realised, if contact can be made remotely rather than through 
in-person visits.

4.	 VI can be better suited for specific purposes than many other modes. Besi-
des cost- and time-efficiency compared to in-person interviewing, VI offers 
the most measurement equivalence with in-person interviewing compared 
to modes such as telephone and web (see Endres et al., 2023). It also appears 
to be suitable for including specific survey tasks or questions (e.g., cognitive 
assessments, consent), potentially more so than web-surveys into which it 
can be challenging to integrate complex tasks (Al Baghal, 2019; Emery et al., 
2023; Ofstedal et al., 2021).

5.	 Interviewer training and the resulting effects have notable implications. 
In the analysed studies, VI was conducted by interviewers, who were pre-
viously used to conducting in-person interviews. We conclude that the chal-
lenges and cost implications of VI interviewer training should not be unde-
restimated, consistent with the recommendations by Schober et al. (2020). 
Interviewer effects have not (yet) been explored for VI in these UK surveys.

6.	 The future of VI looks promising. VI has the potential to serve as a data 
collection tool for an increasingly broad range of surveys. This will become 
even more feasible as video-calling becomes more ubiquitous in our work 
and personal lives, especially for certain demographic profiles, and with 
future technological innovations. Nevertheless, evidence from this study 
suggests that VI is already a suitable alternative to more established survey 
modes in particular contexts.
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Appendix A
Mixed Mode Data Collection

Table A1 	 Mixed-mode data collection in NCDS Age 62 Survey, BCS70 Age 51 
Survey and ELSA Wave 10

Study Stagea Data collection 
period

Assigned to VI Assigned to 
in-person

NCDS 
Age 62 Survey

1. Video-only pilot Spring 2021 N = 311 N = 0

2. �Video-first main 
stage waves 

October 2021 –  
summer 2022

N = 1,777b N = 0

3. �Predominantly  
in-person-first

Spring 2022 – 
November 2023

N = 1,002c N = 4,559

BCS70 
Age 51 Survey

1. Video-only pilot Autumn 2020 N = 60 N = 0
2. �Video-first soft 

launch
Summer 2021 N = 1,067 N = 0

3. �Video-first main 
stage waves 

October 2021 –  
early 2022

N = 5,269b N = 0

4. �Predominantly  
in-person-first

Spring 2022 – 
November 2023

N = 894c N = 4,661

ELSA 
Wave 10

1. Video-only pilot May-June 2021 N = 317 N = 0
2. �Video-first main 

stage waves 
October 2021 –  
early 2022

N = 2,881 N = 1,115

3. �Predominantly  
in-person-first

February 2022 – 
March 2023

N = 3,523 N = 426

Notes: 
a �the evidence presented in this article is based on all NCDS stages, BCS70 stages 3–4 and ELSA 

stages 2-3.
b �This excludes cases who were originally assigned to in-person interviewing before COVID 

and then assigned to VI later. It includes 192 (NCDS) and 419 (BCS70) cases that were deemed 
ineligible for VI due to the absence of a telephone number or email address and were assig-
ned to an in-person interviewer later.

c �They were due to be assigned to an in-person interviewer first but had to be assigned to VI-
first as there was no interviewer available. 

Additional Information about the Specifics of VI Fieldwork  
(VI-First Mode of Invitation)

In addition to the stages described in Table A1, the NCDS fieldwork operation in 
these periods also included cases that had been assigned to in-person interview-
ers before the pandemic struck but where an interview had not been achieved by 
the time fieldwork was paused. 
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Further, there were cases that were initially earmarked for in-person visits 
following the restart of this approach, but that were switched to VI due to a lack 
of available field interviewer resource in specific geographical locations, which 
was also the case for BCS70 and ELSA. This reflected a cross-sector fieldwork 
capacity problem at this time following the loss of interviewers from agencies’ 
panels and a challenging labour market for recruitment. A strength of the VI 
approach is that geographical restrictions do not apply. 

The analysis in this study focuses on comparing the VI-first approach with the 
in-person approach. To maintain comparability and provide a full understand-
ing of non-response to VI, the VI-first groups in NCDS and BCS waves include a 
group of cases that were part of the sample earmarked for allocation to VI that 
could not be worked in that mode due to an absence of telephone numbers and 
email addresses.

Additional Information about the HSE Pilot

The sample frame for the HSE pilot contained no names or other contact infor-
mation for selected households. In the first stage in January 2021, those who 
opted in and provided contact information were contacted by interviewers who 
gave the option of a VI or a telephone interview. Of the initial sample of house-
holds (N = 828), 24% opted in and interviews were achieved by one or other mode 
in 76% of these households. Of the individuals interviewed (N = 237), 13% were 
conducted via video with the remainder by telephone. With the February and 
March samples, those opting in were asked to indicate whether they preferred a 
telephone or a video interview when opting in via the portal. Of the opt-in sam-
ple in these months (N = 561) a smaller proportion opted for the video route with 
this approach (4%, N = 21 interviews). 
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Appendix B
Descriptive Statistics

Table B1 	 Age distribution of ELSA participants by survey mode.

Age group VI (N = 1,055) In-person (N = 3,609)

50–54 3.1% 1.7%
55–59 13.4% 10.8%
60–64 8.5% 7.4%
66–69 22.7% 17.5%
70–74 24.0% 20.6%
75–79 16.2% 19.0%
80–84 8.4% 11.9%
85–89 2.8% 8.4%
90+ 0.7% 2.6%
Missing 0.3% 0.1%
Total 100.0% 100.0%

Table B2 	 Economic activity distribution by survey mode in NCDS, BCS and 
ELSA (Economic activity is a measure of whether or not a person is 
an active participant in the labour market, with “economic active” 
being employed or self-employed, and “economic inactive” being 
unemployed, i.e. currently without employment, permanently sick or 
disabled, looking after home or family, or retired.).

Economic activity NCDS BCS70 ELSA

VI
(N = 1,453)

In-person
(N = 3,487)

VI
(N = 2,794)

In-person
(N = 2,964)

VI
(N = 1,055)

In-person
(N = 3,609)

Employed 38.9% 36.4% 73.6% 68.6% 18.1% 14.4%
Self-employed 15.3% 12.3% 16.7% 16.1% 5.7% 4.7%
Unemployed 1.2% 1.8% 0.9% 1.6% 0.7% 0.6%
Permanently sick 
or disabled

4.5% 8.4% 2.2% 5.4% 1.4% 2.5%

Looking after 
home or family

7.4% 6.9% 4.4% 4.8% 2.8% 1.8%

Retired 30.5% 31.9% 1.0% 1.1% 69.8% 74.8%
Other 2.1% 2.3% 1.2% 2.5% 1.5% 1.2%
Total 100.0% 100.0% 100.0% 100.0% 100.0% 100.0%
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Abstract
Video calls have become common in many people’s lives, especially since the COVID-19 
pandemic. Interviewing respondents via video calls may be a useful addition to the sur-
vey mode toolbox as it may increase response rates as well as data quality for at least 
some population subgroups. To assess the potential of live video interviews (VI) in Aus-
tralia, a study was implemented, examining VI in a probability-based online panel in 
Australia in 2022, using an experimental design. The focus of the assessment presented 
in this paper is on (a) factors that influence VI uptake (as measured by general willing-
ness, consent, appointment-making and response to VI), and (b) factors that influence 
the data quality of the resulting survey responses (as measured by satisficing and social 
desirability indicators), comparing the VI response group to a group using the panel’s 
regular online self-completion design. We find that panel members who are highly edu-
cated, frequently use the internet, and have high prior panel wave completion rates are 
the most likely to try VI. Older panel members are more willing to try VI than younger 
ones, but do not actually participate at higher rates. Regarding data quality of respons-
es, VI respondents produce more socially desirable responses compared to the online 
self-completion respondents while no differences in terms of satisficing behavior are 
detected.

Keywords:	 video interviewing, data quality, panel surveys, social desirability, satisficing
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In the past, face-to-face interviewing was considered the gold-standard among 
survey modes and was widely used as the primary mode for data collection in 
most major survey programs. However, over the years, response rates have 
steadily decreased in this mode, while its costs have risen (de Leeuw et al., 2018; 
Smith, 1995; Williams & Brick, 2018). In today’s digital era, there is a growing 
preference for more flexible survey modes which align with our modern lives 
(Schober, 2018; Smyth et al., 2014). This shift is particularly evident among cer-
tain socio-demographic subgroups, such as younger adults and highly educated 
people (Haan, 2015). Due to growing cost restrictions and difficulties with reach-
ing people at home, many major survey programs are increasingly incorporat-
ing online surveys as a self-completion option for some or all their participants 
(Burton et al., 2020; Cernat & Revilla, 2021; Maslovskaya & Lugtig, 2022). 

Online self-completion surveys promise reduced costs, faster data collection, 
and low social desirability bias (Bianchi et al., 2017; Kreuter et al., 2008). How-
ever, they may also come with notably higher nonresponse rates and therefore 
likely higher nonresponse bias, particularly among older individuals or those 
with lower educational attainment (e.g., Cornesse & Schaurer, 2021), ignoring 
the offline population altogether (Bach et al., 2024), and data quality issues, such 
as break-offs and speeding (e.g., Heerwegh & Loosveldt, 2008; Revilla & Ochoa, 
2015; Zhang & Conrad, 2014). This is especially true in comparison to face-to-face 
interviews, where respondents can see, hear, and interact with interviewers (Al 
Baghal & Lynn, 2015; Daikeler et al., 2020; Peytchev, 2009). Live video interview-
ing, where respondents and interviewers are connected via video conferencing 
software, may offer an adequate compromise between the different types of sur-
vey modes: convenient and more cost-efficient than face-to-face interviewing, 
but with personal real-time interviewer interaction and assistance (Weller, 2017) 
and potentially higher data quality (comparable to face-to-face). In the follow-
ing, we will refer to live video interviewing as just “video interviewing” (abbre-
viated VI)1. At present systematic assessments of VI are still scarce, in partic-
ular in the context of panel studies. Also, most studies use observational and 
not experimental data that systematically assess the implementation of VI. We 
address these gaps here. 

The study presented here examines VI using an experimental design in a prob-
ability-based online panel in Australia. We investigate (a) how factors including 
characteristics of respondents, access to the internet, and previous participa-
tion history in an online panel impact uptake of VI (as measured by general 

1	 VI can also include the use of (pre-)recorded videos (e.g., Fuchs, 2009; Haan et al., 2017; 
Höhne et al., 2024), but this is outside the focus of this study. 
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willingness, consent, appointment-making and response to VI). Furthermore, 
we investigate (b) factors that influence the data quality of survey responses 
(as measured by satisficing and social desirability indicators), comparing the 
VI response group to a group using the panel’s regular online self-completion 
design. Considerations and design choices around the practical implementation 
of VI are also briefly presented. 

The remainder of the paper is structured as follows: The Background section 
presents relevant context on VI, followed by a section outlining our expectations 
and hypotheses regarding effects of factors and characteristics that may influ-
ence uptake of VI (here in an online panel setting). We then present our data and 
analytical strategy to assess VI and the details on the VI implementation in the 
Data and Methods section. Subsequently, we discuss the main results from our 
modelling in the Results section and conclude with a summary of findings and 
discussion of limitations and future research avenues.

Background
In this section, we first discuss the potential that VI may have as a new survey 
mode based on the evidence of video call use in the general population and then 
the potential benefits that VI may offer.

Trends in Uptake of Video Calling

VI may be particularly attractive as a new survey mode because an increasing 
number of individuals use video calls regularly and confidently in their profes-
sional and social lives. For example, in the United States, 81% of adults utilized 
video calls during the pandemic, with 12% using them multiple times a day 
(McClain et al., 2021). In Australia, official statistics indicate a significant rise in 
the use of app-based video calls during and after the pandemic: While in 2019, 
only 41% of adults had engaged in app-based video calling, this figure increased 
to 64% in 2023 (Australian Communications and Media Authority [ACMA], 2023). 
The potential for even more people to do video calls in the futures is high, since 
93% of Australian households already have a home internet connection, 99% of 
the Australian population generally use the internet, and 92% use the internet 
multiple times a day (ACMA, 2023; ACMA, 2024). 

As people have become more accustomed to video calls, they may also increas-
ingly find it convenient and even enjoyable to participate in surveys through this 
mode (Schober et al., 2023). However, willingness and enjoyment of VI partici-
pation will likely differ across population subgroups depending on their inter-
net access, digital skills, and use behavior. Official statistics on video call use 
from various countries convey that people who live in urban areas, are younger, 
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female, and more highly educated are more likely to have (regular) experiences 
with video calls than people who live in more remote areas, are older, male, and 
less highly educated (ACMA, 2023; Eurostat, 2022; Thomas et al., 2023). In Aus-
tralia, 74% of 18– to 24–year-olds had used app-based video calls within 6 months 
in 2023, but only 31% of people aged 75 and older. Furthermore, a higher share 
of women (69%) than men (58%) used video calls (ACMA, 2023). While official 
statistics on the interaction with education are unavailable for Australia, data 
from other countries suggests that such a correlation exists, with more highly 
educated people using video calls more often than people with low educational 
attainment (e.g., Germany: International Standard Classification of Education 
(ISCED) 1 and 2 (primary and lower secondary education): 72% video call users 
vs. ISCED 5 to 8 (tertiary education): 83%, see Destatis, 2024).

Benefits and Uptake of VI

VI offers several benefits. Compared to online self-completion surveys, for 
example, recent studies indicate lower cognitive response burden and higher 
data quality in VI (e.g., Conrad et al., 2023; Endres et al., 2023). Moreover, unde-
sirable interviewer effects appear to be less pronounced in video than in offline 
in-person interviewing (West et al., 2022). VI may thus strike an optimal bal-
ance in terms of interviewer social presence: sufficiently close to provide assis-
tance but not overly intrusive into the respondent’s private space (Schober, 2018). 
Additionally, the ability for both respondents and interviewers to share screens, 
upload documents, or exchange text messages in the chat enhances the flexibil-
ity of this survey mode. However, the extent to which VI can be a successful 
alternative to other modes depends on its implementation, including the choice 
of video call platform, interview scheduling tools, interviewer hardware, and 
setup (camera, background, attire, screen configuration), and interviewer train-
ing (e.g., Engward et al., 2022; Jeannis et al., 2013; Oates et al., 2022; see Schober 
et al., 2020 for a comprehensive overview and recommendations). In a panel sur-
vey context, the success of VI may also depend on the survey modes respondents 
are used to and whether they perceive VI as an improvement over the status quo.

Several studies have shown that younger and more highly educated individu-
als are more likely to be video interviewed than others (Martin & Fradier, 2023; 
Thorolfsson et al., 2023; Dulaney et al. 2023). Evidence regarding gender bias 
is inconclusive. Dulaney et al. (2023) and Kocar et al. (2025) report no gender 
differences in video participation, whereas Thorolfsson and colleagues (2023) 
observe that women are more likely to participate via video than men. In con-
trast, Fradier and Martin (2023) find higher VI uptake among men than women. 
Schober and colleagues (2023) suggest that socio-demographic characteristics 
may be completely unrelated to survey respondents’ willingness to participate 
in VI. 

https://www.zotero.org/google-docs/?XPrxTO
https://www.zotero.org/google-docs/?XPrxTO
https://www.zotero.org/google-docs/?XPrxTO
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Expectations of VI Uptake and Data Quality Effects
Our expectations regarding which subgroups are more likely to take up VI and 
which circumstances may lead to a higher data quality in our study are informed 
by considerations relating to the concept of digital inequality. The concept 
evolved as an alternative to theories on the so-called digital divide and claims 
that nowadays, digital inclusion should not be viewed as a binary variable any-
more, where people either do or do not use the internet. Instead, it postulates 
a continuum of digital inclusion, where most people use the internet, but they 
systematically differ in how easy it is for them to do so as well as their use pref-
erences. Digital inequality consists of the infrastructure component of digital 
access and the individual-level components of digital skills and use behavior 
(see Helsper, 2021 for a detailed theory of digital inequality). It can generally 
be expected that people who benefit from good digital access (i.e., high speed 
internet connections and high quality devices) and who use the internet confi-
dently for a variety of tasks (e.g., taking online surveys but also shopping, bank-
ing, social media; e.g., Jäckle et al., 2024) will be more willing and able to try 
VI than people in a less digitally privileged situation. Based on the concept of 
digital inequality, as well as the empirical evidence on uptake of video calling 
and VI (see Background section), we develop seven hypotheses around the char-
acteristics of those that take up VI. We expect panel respondents used to online 
self-completion surveys to be more likely to try VI if …

… they live in urban rather than remote areas (H1), because of the better high-
speed internet access. 

… they are younger rather than older (H2) and/or more highly educated rather 
than not (H3), because they may have more confidence in their digital skills. 

… they are female rather than male (H4), because video interviews fit well with 
women’s higher video call use as already evidenced in official video call sta-
tistics. 

… they are more frequent internet users (H5) and use the internet for other less 
traditional communication tasks such as social media (H6), because they 
should be more confident in their digital skills.

… they have high prior panel survey wave completion rates, indicating a high 
willingness to take part in a survey and suggesting low barriers to doing so 
(H7).

These hypotheses are all in line with the concept of digital inequality as well as 
official statistics on video call use (ACMA, 2023). In addition, H2 and H3 are also 
in line with some studies on VI (see Martin and Fradier, 2023; Thorolfsson et 
al., 2023; Dulaney et al. 2023) but not others (Schober et al. 2023). Furthermore, 

https://www.zotero.org/google-docs/?XPrxTO
https://www.zotero.org/google-docs/?XPrxTO
https://www.zotero.org/google-docs/?XPrxTO
https://www.zotero.org/google-docs/?XPrxTO
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while H4 is in line with research by Martin and Fradier (2023) and Thorolfsson 
and colleagues (2023), it is not supported by Dulaney and colleagues (2023) or 
Schober and colleagues (2023). Regarding H7, no study to our knowledge has yet 
examined the association between online panel members’ participation history 
and their likelihood to engage in video interviews. Completing online panel sur-
vey waves is a digital task like many others and requires digital access and skills. 
We therefore also expect this to be positively associated with uptake of VI. We 
expect that the seven hypotheses apply to the different phases of uptake which 
include general willingness to participate in VI, consent to actually do so, mak-
ing an appointment for VI, and completion of the actual VI.

Apart from uptake to VI, it is also important to assess whether data quality of 
the resulting responses differs between this survey mode and the regular Life 
in Australia™ protocol, which requires online self-completion. It is reasonable 
to expect that common findings on comparing interviewer-administered to self-
administered survey modes regarding cognitive burden, data quality, and inter-
viewer effects apply to our setting (e.g., West & Blom 2017; Kreuter et al. 2008). 
This is especially true since the scarce existing literature on VI data quality out-
lined in the sections above suggests that such differences between modes exist. 
We, therefore, expect that the presence of the interviewer in the VIs will reduce 
satisficing behavior (H8) but increase socially desirable responding (H9) as com-
pared to online self-completion.

Data and Methods
Life in Australia™ and the Australian Comparative Study of Survey 
Methods (ACSSM)

The study we report on in this manuscript was conducted in the Life in Austra-
lia™ panel, which is Australia’s only probability-based online panel (Kaczmirek 
et al., 2019). Life in Australia™ was initially recruited in 2016 using telephone 
interviewing and dual-frame random digit dialing (RDD; n=3,322), topped up in 
2018 using mobile-only RDD (n=267), expanded in 2019 using address-based sam-
pling (ABS; n=1,810), topped up in 2020 using a combination of ABS, interactive 
voice response calls to mobile RDD sample, and SMS push-to-web to mobile RDD 
sample (n=612), topped up again in 2021 using SMS push-to-web to mobile RDD 
sample (n=510) in a trial of retention initiatives, and expanded in 2021 using ABS 
(n=3,715). Panel members unwilling or unable to participate in the panel online 
are interviewed via telephone. Following Callegaro and DiSogra’s (2008) defini-
tions, the weighted average Recruitment Rate for the study sample was 11.0% 
and the Profile Rate was 93.6%. 
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All panel members receive incentives of 10 AUD for completion of surveys 
of typically 20 minutes or less. The survey content consists of social and health 
research. Examples include surveys of Australian opinion on international 
affairs, social cohesion, disability attitudes, and topics in women’s and sexual 
health. Surveys were released monthly at the time of the ACSSM, although not 
all panel members are invited to complete surveys each month and some are 
invited to complete multiple surveys in a given month. At the time of sample 
selection for the ACSSM in 2022, there were 7,265 active panel members. Over 
the period from October 2021 to November 2022, panel members were invited to 
an average of 12 monthly waves and completed an average of 9 surveys.

The experiment we report on in this paper is part of the ACSSM (Pennay et al., 
2023; Phillips et al. 2023), which had the goal to evaluate and improve contempo-
rary and emerging practices for general population surveys building on earlier 
work conducted in Life in Australia™ and beyond (Cornesse et al., 2020; Dutwin 
& Lavrakas, 2016; Lavrakas et al., 2022; Pennay et al., 2018; Pew Research Cen-
ter, 2019). For the full experimental design of the ACSSM see its technical report 
composed by Pennay et al. (2023). In the ACSSM, surveys with questionnaires as 
similar as possible were fielded in different designs (e.g., different modes and 
sample selection procedures). Our paper focuses on the comparison of VI versus 
online self-completion implemented experimentally in Life in Australia™.

VI Study Setup and Sample Allocation

Our VI study consists of three phases, with the first one exploring general will-
ingness to take part in VI, phase 2 asking about consent to take part in VI, and 
phase 3 VI implementation (treatment) and parallel data collection phases. Fig-
ure 1 schematically depicts key outcomes and sample allocation at each phase. 
At phase 1, we explored the general potential of VI in our panel by asking for 
general willingness to participate in the new mode. At phase 2, we asked a sub-
set of panel participants to consent to participate in a VI study, which we then 
conducted at phase 3. In the following, we describe each study phase in more 
detail. Key variables of interest that are later used as dependent variables in our 
models are indicated as DV.

Study Phase 1
To understand the potential of offering VI (study phase 1), we implemented a 
question on general willingness to be video interviewed as part of the panel’s 
May 2022 data collection wave, which was introduced for a random subsample 
of panel participants. Offliners (i.e., panel participants unwilling or unable to 
participate in the panel online) were excluded from this question, the actual 
VI treatment later that year, and hence from our analyses. Of the 4,183 invited 
panel members, 3,441 responded to this VI willingness indicator. In total, 1,447 
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† Includes 3 partial 
respondents who did 
not reach the consent 
question

Indicator of general willingness to take part in VI 
Invited: 4,183, respondents: 3,441; 

willing: 1,447; unwilling: 1,553; unsure: 441

VI consent request
invited: 7,067

respondents: 5,564

Regular Life in Australia design 
preliminary n = 797

Consent
n = 2,335
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n = 1,509†
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others
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Figure 1 	 Schematic depiction of the Life in Australia™ VI study in 2022 (num-
bers refer to observed sample cases at each phase

(42%) were in principle willing to participate, 1,553 (45%) were unwilling, and 
441 (13%) were unsure. 
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Study Phase 2
The results from the willingness indicator variable were sufficiently encourag-
ing to subsequently trial VI in Life in Australia™. To be able to do so, all online 
respondents of the July 2022 wave were asked for VI consent (study phase 2). 
Of the 7,067 online Life in Australia™ members, 1,506 (21%) did not complete 
the July 2022 survey and 3 (< 1%) were partial interviews that did not reach the 
consent question. Of the remaining respondents, 2,335 (42%) provided consent, 
3,221 (58%) did not consent. 

Study Phase 3
Study phase 3 started with dividing the panel sample into two groups to be sur-
veyed between November and December 2022. The first is a comparison group, 
which consists of a random draw of 797 Life in Australia™ active panel members 
stratified by age, education, and gender. This group was supposed to be surveyed 
using the regular Life in Australia™ study design, which consists predominantly 
of online self-completion questionnaires while non-internet users are inter-
viewed via telephone. 

By chance, however, a relatively high number, 281 people (35%), in the com-
parison group were VI consenters. Since it was unclear how many cases would 
have to be released into field to be able to meet the target number of 600 VIs, 
keeping 281 consenters from the VI group was deemed too risky. Therefore, the 
decision was taken to substitute a certain number of these cases from the ran-
domly drawn comparison group. Through sample matching based on a VI con-
sent propensity model, 171 (61% of consenters in the comparison group) were 
substituted by other active panel members who had not consented (see Table 
1). This procedure maximized the pool of consenters that could be invited to VI 
but also ensured that both groups still contained VI consenters for comparative 
analyses.

To ensure that not all VI consenters would be removed from the comparison 
group, 600 cases were held out of the sample replacement but were still used in 
the propensity modeling.

Propensity modeling variables in the sample matching procedure included 
location (state ✕ capital city/rest of state), area-level socio-economic status quin-
tile, remoteness, gender, citizenship status, using a language other than English 
at home, Indigenous status, country of birth groupings, number of adults in the 
household, household type, household tenure, marital status, employment sta-
tus, income, education, television viewing, digital affinity, Big Five personality 
indicators, self-assessed health, life satisfaction, alcohol and tobacco consump-
tion, internal migration, concession card status, and telephony status. Charac-
teristics that were highly correlated were excluded from the propensity model 
to avoid multicollinearity. There were a total of 480 combinations of propensity 
classes and selection strata (40 classes ✕  12  strata). Matched panel members 
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Table 1	 Selection into comparison group before and after sample matching 
case substitution 

Selected Not selected Total

Before substitution:
VI consenters 281 2,054 2,335
Remaining panel membersa 516 4,414 4,930

Total 797 6,468 7,265

After substitution:
VI consenters 110 2,225 2,335
Remaining panel membersa 687 4,243 4,930

Total 797 6,468 7,265

Notes: aRemaining panel members include non-consenters, nonrespondents to the VI re-
quest, and offliners not asked for their consent

were defined as being in the same propensity class and selection stratum combi-
nation as the selected panel members. Each panel member who consented to VI 
and was included in the regular Life in Australia™ design was then replaced with 
one of the matched panel members who had not consented to VI. When there 
were multiple matched panel members available, one was selected at random. 
Robustness analyses comparing substitute cases with their substitutes show 
no differences with the exception that the cases brought in from the remaining 
panel sample into the comparison group to replace 171 VI consenters had sig-
nificantly lower prior survey completion rates than VI consenters (see the addi-
tional model Add. M1 in Appendix B). 

In the end, 797 panel members were invited to the survey in their accustomed 
mode design, with 110 of them (14%) being VI consenters. The invitation was 
sent via email, followed by three reminders and a mop-up call the week before 
fieldwork ended. In total, 582 people completed the survey, with 554 of them par-
ticipating online and 28 via telephone. The latter are excluded from our analyses 
to focus on the comparison between online self-completion versus VI.

The second group in this study is the VI treatment group. It consists of all 
panel members who consented to VI in study phase 2 except for the 110 cases 
randomly drawn into the regular Life in Australia™ design comparison group 
and not replaced in the sample matching procedure. These 2,225 cases in total 
were released into field in batches of approximately 200 cases until the target of 
600 completed video interviews was reached. In each batch, invitations to make 
an appointment for the video interview were sent via email, followed by three 
reminders and a mop-up call the week before fieldwork ended. Only 1,399 cases 
(63%) had to be released into field to achieve the target number of video inter-
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views, meaning that our expectations about how many panel members would 
participate in the VI were exceeded. Of those cases released into field, 128 had 
initially been drawn into the comparison group but then re-assigned to the VI 
group as a result of the sample matching procedure. Of all cases released into 
field, 710 people made a VI appointment and 600 completed the interview via 
video. 

VI Implementation

We describe briefly the VI implementation, guided by prior work conducted by 
Schober et al. (2020) and Hanson (2021). First, we selected our treatment sample 
as described above and sent out invitations and reminders asking participants 
to schedule an appointment. To support panel members for whom VI was likely 
to be a new concept, a microsite was created on the Social Research Centre (SRC) 
website to explain what was being asked of them (see Supplementary Document 
1 for all VI communication).

Appointment-Setting
Scheduling an interview appointment was necessary because maintaining a 
group of interviewers available to complete interviews without appointments 
(i.e., on-demand) was deemed infeasible in terms of costs and logistics due to 
lack of prior experience with VI in Life in Australia™. Study participants set 
and, as necessary, canceled and rescheduled appointments using the commer-
cial booking website OnceHub. The OnceHub site look and feel was customized 
for Life in Australia™. Confirmation emails (and optionally SMS) were sent for 
appointments, cancelations and reschedules. Reminders were sent 24 hours, 1 
hour and 10 minutes before the scheduled time of the appointment. 

Conducting VIs
Interviews were conducted on MS Teams. A typical interviewing set-up con-
sisted of a desktop computer with keyboard, mouse, and two screens. On the 
first screen, the interviewer would see the interview software (UNICOM Intel-
ligence computer-assisted interviewing interface) with the survey questionnaire 
as well as the respondent video window on MS Teams. On the second screen, the 
interviewer would see the showcards, which they shared with the respondent 
via MS Teams. Interviewers were instructed to have the survey questionnaire 
on the screen where the camera was facing, so that the interviewer was looking 
in the respondent’s direction when questions were being asked. A neutral, stan-
dardized background was used via the MS Teams’ background function.

The interviewers were selected from the SRC established interviewing staff, 
who usually conducted telephone interviews for Life in Australia™. Altogether, 
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six interviewers were trained. VI interviewer training included an overview of 
VI, how appointments were made, how to access appointments, computer set-
up and use of software (calendar, showcards, CATI software), being present on 
Teams two minutes before the scheduled interview start, interviewer etiquette 
(relaxed and friendly rapport-building introduction including greetings and 
thanks, neutral and unbiased manner during interview, relaxing one’s face and 
gently smiling, maintaining eye contact with the camera, good posture), iden-
tifying signs of distress, and interviewer welfare (see the Supplementary Docu-
ment 2 for our video interviewer manual).

Analysis Strategy

In our analyses, we investigate the characteristics of panel respondents who 
are generally willing to participate in video interviews, consent to it for our 
VI experiment, make an appointment, and actually participate. Moreover, we 
explore differences in data quality between respondents in the VI group and 
respondents in the online self-completion mode control group.

Dependent Variables
In total, we estimate 16 regression models (M1 to M16; see Table 2). The first four 
focus on the group of panel members invited to VI. Key dependent variables are 
general VI willingness (M1) and actual consent (M2), making a video interview 
appointment (given consent and inclusion in the VI group; M3), and complet-
ing VI (given having an appointment; M4). The remaining models (M5 to M16) 
focus on data quality of responses in the VI group versus the comparison group. 
We calculate three separate models to examine satisficing (M5 to M7) and nine 
models to examine social desirability indicators (M8 to M16). In the data qual-
ity models, the dependent variables are the responses to survey questions sup-
posedly attracting satisficing behavior (number of selected health conditions, 
rounded numeric punch, reported payments) or social desirability (support for 
multiculturalism, life satisfaction, general health, psychological distress, gen-
eralized trust, smoking, alcohol consumption, exercise frequency, unpaid care; 
for a full overview of the dependent variables and models see Table 2).



Cornesse et al.: Investigating Live Video Interviewing in the Life in Australia™ Panel Survey� 281

Table 2	 Models and variable types across study phases (DV = dependent 
variable, study phases: 1 = May, 2 = July, 3 = November to December)

Model Regression model type Study 
phase

DV type DV (categories)

M1 Multinomial logistic 1 Nominal General willingness to use VI (unwilling, 
unsure, willing)

M2 Binomial logistic 2 Binary Consent to participate in VI study  
(no consent, consent) 

M3 Binomial logistic 3 Binary Made VI appointment (no, yes)
M4 Binomial logistic 3 Binary Completed VI (no, yes)
M5 Poisson 3 Count Number of selected health conditions 

(0–7)
M6 Binomial logistic 3 Binary Rounded punches (no, yes)
M7 Poisson 3 Count Number of reported payments (0–5)
M8 Ordinal logistic 3 Ordinal Support for multiculturalism (Strongly 

disagree, Disagree, Neither agree nor  
disagree, Agree, Strongly agree)

M9 Ordinary least squares 3 Continuous Square of life satisfaction (0–100)
M10 Poisson 3 Count General health (Poor, Fair, Good, Very 

good, Excellent)
M11 Ordinary least squares 3 Continuous Psychological distress2 
M12 Ordinal logistic 3 Ordinal Generalized trust (Strongly disagree,  

Disagree, Neither agree nor disagree, 
Agree, Strongly agree)

M13 Binomial logistic 3 Binary Smoking behavior (no, yes)
M14 Ordinal logistic 3 Ordinal Alcohol consumption frequency (Do not 

drink alcohol, Less often than 1 day a 
month, About 1 day a month, 2–3 days a 
month, 1–2 days a week, 3–4 days a week, 
5–6 days a week, Every day)

M15 Ordinary least squares 3 Ordinal Exercise frequency (Not at all, Less than 
once a week, 1 to 2 times a week, 3 times 
a week, More than 3 times a week (but not 
every day), Every day)

M16 Binomial logistic 3 Binary Provides unpaid care (no, yes)

We analyze our video interview study data using multivariate regression analy-
ses. To analyze general VI willingness (3-category nominal variable; study phase 
1), we apply a multinomial logistic regression model. For the analyses of the VI 
experiment (study phases 2 and 3) analyzing the different stages of taking part 
in VI and our data quality indicators, we use - depending on the dependent vari-

2	 Kessler scores 6–30 (Kessler et al., 2010)
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able type - binomial logistic regression models, Poisson models, ordinal logistic 
models, and Ordinary Least Square models.

Independent Explanatory Variables 
Independent variables that may explain effects on uptake of VI were selected 
based on our hypotheses for direction of effects outlined in the section above. 
The variables include: degree of area remoteness (H1), age (H2), education (H3), 
gender (H4), frequency of internet use (H5), amount of daily social media use 
(H6), completion rate across the surveys in the four months prior to the video 
interview study (H7), and the survey mode (video vs. online self-completion; 
H8 and H9). As control variables, we also include panel recruitment year, state 
of residence as well as country of birth and indigenous status (see Table A1 in 
Appendix A for a full overview of the independent variables and rationale for 
selection). 

Robustness Analyses for Group Selection Effects
As described above, in the VI group, only panel members who had previously 
consented to VI could be invited while the regular survey comparison group con-
tained VI consenters, non-consenters, and panel members who did not answer 
the consent question (e.g., because they skipped the phase 2 survey).This differ-
ence between the groups is of no consequence for M1 to M4, which focus exclu-
sively on the group invited for video interviews. However, this potential selec-
tion effect may impact the data quality comparisons between the VI respondents 
and the web self-completion respondents in M5 to M16. We, therefore, examined 
to what extent the invited and responding samples across these two groups dif-
fered (see Table B1). Results show that panel members invited to (see additional 
model Add. M2) as well as participating in the video interviews (see additional 
model Add. M3) were significantly more likely to have higher education, higher 
internet use frequency, and higher survey completion rates than the online self-
completion comparison group invitees and respondents. Panel members invited 
to the video interviews were also more likely to be in the oldest age group (75 
years and older; reference category: 18 to 24 years) and use social media less 
than 30 minutes a day (reference category: not at all). Women were less likely to 
respond to the video interview than the online self-completion survey. All differ-
ences are accounted for through inclusion of the relevant characteristics in the 
set of analyses variables applied throughout all models. 
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Results
First, we model uptake of VI (models M1-M4) and focus on understanding the 
influence of the key variables of interest (relating to hypotheses H1 to H7) across 
all three study phases We then examine the data quality indicators (satisficing 
[H8] and socially desirable responding [H9]) of the actual responses on key vari-
ables of interest, comparing the VI group with the comparison group.

Uptake of VI: Willingness, Consent, Appointment-Making, and 
Survey Completion

To summarize the earlier overview described above, we asked an initial ques-
tion on general willingness to participate in VI in May 2022, where 42% of panel 
members agreed in principle to participate, 13% were unsure, and 45% were 
unwilling. Actual VI consent was asked in July 2022, again with 42% consenting. 
Only a subset of panel members who consented were selected for the VI arm 
of the trial. Of the 2,225 panel members assigned to the VI group, 1,399 were 
released into field in batches until the target number 600 VIs was reached. Among 
the 1,399 panel members who were invited, attrition occurred at appointment 
setting (51% invited did not set an appointment) and appointment keeping (8% 
invited set an appointment but did not complete an interview), with 43% of panel 
members invited being interviewed. By contrast, 73% of panel members invited 
to the regular arm completed the survey in their usual mode of interview.

Higher VI participation was expected in major cities as compared to regional 
and remote areas (H1). No support for this hypothesis was found for general 
willingness to participate (M1) or at any of the three study phases (M2‒M4). 
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Higher participation from younger adults was expected (H2). For general will-
ingness to participate (M1), contrary to expectations, older adults were more 
willing to participate in VI than younger adults (highest odds ratios for those 
aged 55 to 74 years). Moreover, older panel members, particularly those 75 years 
and older, are more likely to be undecided than unwilling to participate. Simi-
larly, H2 was rejected for consent to participate in VI (M2), where older adults 
were also more likely to consent to a VI than younger adults. Among those who 
consented, however, older adults were not significantly more likely to make an 
appointment for (M3) or complete the VI (M4) than younger adults3. 

Higher participation in VI for more highly educated adults was expected (H3). 
Results were consistent with H3 for general willingness (M1) and actual con-
sent (M2) to participate. However, no differences were found for scheduling an 
appointment (M3) or completing the survey (M4). 

Women were expected to be more likely to participate in VI than men (H4). 
Contrary to H4, women were generally less willing to try VI (M1) and to con-
sent to it (M2) than men. There was no statistically significant gender difference, 
however, regarding appointment making (M3) or survey completion (M4). 

More frequent internet users were expected to be more likely to participate 
in VI than those who used the internet less frequently (H5). Consistent with H5, 
frequent internet users were more likely to generally be willing to try VI (M1), 
consent to participate in VI (M2), schedule an appointment (M3), and complete 
the survey (M4) than less frequent internet users. 

More frequent users of social media were expected to be more likely to par-
ticipate than less frequent users (H6). In partial alignment with H6, panel mem-
bers reporting 30 to 59 minutes per day of social media use and those reporting 
2 to 4 hours are more likely to be generally willing to participate in video inter-
views than those who did not use social media (M1). Moreover, panel members 
who used social media were more likely to consent to VI than those who did not 
(M2). However, users with higher levels of social media use were not more likely 
to make an appointment (M3) or complete VI (M4). 

Panel members with high prior wave completion rates were expected to be 
more likely to participate in VI than panel members with lower completion rates 
(H7). In line with H7, panel members with higher completion rates were more 
likely to be willing to participate in VI (M1), consent to VI (M2), make an appoint-
ment (M3), and complete the VI (M4) than panel members with lower prior sur-
vey wave completion rates.

Regarding our control variables, we find that panel members born overseas 
are less likely to be willing to agree and to consent to VI than panel members 

3	 A potential post hoc explanation for these findings is that older panel members may be 
drawn to VI due to a desire for interviewer assistance and a more conversational survey 
environment. However, they may lack confidence in their digital skills or equipment per-
ceived as necessary to master the task.
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born in Australia (see Appendix B). Moreover, panel members recruited in 2018 
are more likely to be willing to try video interviews or be undecided about it than 
panel members recruited in 2016. We find no significant association with state 
of residence (except a lower likelihood of Queensland panel members to com-
plete the video interviews) or Indigenous status. 

The explanatory power of all results reported in this section is small with 
McFadden’s McFadden’s R2 statistics between 0.03 and 0.11.

Data Quality of Survey Responses: Satisficing and Social 
Desirability 

This section reports the results for the data quality indicators on satisficing 
and social desirability in survey responses, comparing VI and online response 
modes. 

Satisficing (H8) 
We expected that satisficing would be lower for VI mode (H8). Our regression 
models reveal no support for H8 (see Table 4 for results and Table 2 for details 
on the satisficing variables). There were no significant differences between 
the modes regarding the number of selected health conditions and rounding 
numeric punches. In M7, the coefficient was significant, albeit only at the p < .05 
level, but in the opposite direction to H8 (i.e., VI had fewer reported payments, 
from which we infer more satisficing).

Table 4	 Regression model coefficients comparing satisficing indicators in the 
video and online self-completion group (key independent variable: 
survey mode, controlling for sample composition)

Dependent variable of interest  
(survey response variable)

Model Coefficient for VI mode  
(reference: online mode): b (SE)

N

Number of selected health conditions M5 	 0.07 	 (0.06) 1,176
Rounded punches M6 	 0.13 	 (0.16) 1,168
Number of reported payments M7 	−0.27*	 (0.11) 1,176

Notes: Model type: Poisson (M5, M7) or logit (M6). Controls (not shown; all dummy variables 
except completion rate): year of recruitment to panel, completion rate in four prior waves, 
state, remoteness, gender, age group, place of birth (Australia, overseas), Indigenous status 
(Indigenous, not Indigenous), and frequency of internet use, frequency of social media use.
*p < .05; **p < .01; ***p < .001. 
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Social Desirability (H9)
We find evidence of higher socially desirable responding (SDR) for VI (see results 
in table 5) supporting our hypothesis H9. Table 5 shows the coefficient for mode 
of interview (VI, where online is the reference), controlling for sample com-
position. The results are consistent with the hypothesized (H9) higher SDR for 
VI in seven of nine variables tested (i.e., significant at the p < .01 level in the 
hypothesized direction of effect): higher support for multiculturalism, higher 
life satisfaction, better general health, higher generalized trust, higher exer-
cise frequency, higher reported provision of unpaid care, and lower psychologi-
cal distress after controlling for sample composition differences across the two 
groups (see Table 2 for details). The only results inconsistent with higher SDR 
for VI are for substance use: smoking and alcohol consumption were not signifi-
cantly different between VI and online mode at the p < .05 level.

Table 5	 Regression model coefficients comparing social desirability 
indicators in the VI and online self-completion sample (key 
independent variable: survey mode, controlling for sample 
composition)

Dependent variable of interest  
(hypothesized direction of SDR)

Coefficient of VI mode  
(reference: online mode): b (SE)

N

M8: Support for multiculturalism (+) 	 1.07*** 	(0.12) 1,174
M9: Square of life satisfaction (+) 	 5.25*** 	(1.30) 1,176
M10: General health (+) 	 0.39** 	 (0.11) 1,176
M11: Psychological distress (−) 	−0.89*** 	(0.23) 1,175
M12: Generalized trust (+) 	 0.39** 	 (0.12) 1,176
M13: Smoking behavior (−) 	−0.25 	 (0.26) 1,174
M14: Alcohol consumption frequency (−) 	 0.06 	 (0.11) 1,174
M15: Exercise frequency (+) 	 0.41*** 	(0.11) 1,176
M16: Provides unpaid care (+) 	 0.50** 	 (0.17) 1,143

Notes: Model type: ordinal logit (M8, M12, M14, M15), OLS (M9, M11), Poisson (M10), bi-
nomial logit (M13, M16). Controls (not shown; all dummy variables except completi-
on rate): year of recruitment to panel, completion rate in four prior waves, state, re-
moteness, gender, age group, place of birth (Australia, overseas), Indigenous status 
(Indigenous, not Indigenous), and frequency of internet use, frequency of social media use.  
*p < .05; **p < .01; ***p < .001.
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Summary and Conclusion
We assessed the feasibility of conducting live VI in Australia using the proba-

bility-based online panel Life in Australia™. We investigated the factors predict-
ing uptake of VI and data quality of resulting survey responses. We found that VI 
attracted frequent internet users with a history of high panel survey completion 
rates. When compared to a subsample surveyed in the regular Life in Australia™ 
online self-completion mode, we found that VI seems to lead to more socially 
desirable responses while not helping to reduce satisficing behavior. Some of 
these results were expected while others were not (see Table 6 for an overview of 
which of our hypotheses were supported or had to be rejected). 

Table 6	 Summary of influencing factors on uptake of VI and the data quality 
of survey responses: our hypotheses and to what extent they are 
supported by the findings 

Hypothesis Supported?

Respondents used to online self-completion surveys will be more likely  
to take up video interviews if …
… they live in urban rather than remote areas (H1). No
… they are younger (H2) No
… they are more highly educated (H3) Partially
… they are female (H4). No
… they are more frequent internet users (H5). Yes
… they use social media (H6). Partially
… they have a history of high panel survey completion rates (H7). Yes
The presence of the interviewer in the video interviews will reduce  
satisficing behavior (H8).

No

The presence of the interviewer in the video interviews will increase  
social desirability (H9).

Yes

There may be multiple explanations for our findings. For example, Life in Aus-
tralia™ panel members are used to and seem to be comfortable with online self-
completion (or telephone interviews without appointments) and may, therefore, 
not see any reason to switch to other modes. In addition, having to schedule an 
appointment rather than participating ‘spontaneously’ may not have appealed 
to the respondents. Our results thus indicate that in the context of an already 
established online panel, it may have very limited benefits to offer respondents 
VI as a new survey mode option as respondents already routinely participate in a 
more cost-efficient and flexible survey mode. Results may be different in studies 
on cross-sectional surveys or panel recruitment, warranting further research.

When interpreting these findings, it is important to consider that results may 
differ in research settings with longer and more complex questionnaires, dif-
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ferent topics, or interviewers with prior experience in face-to-face interviewing 
(rather than telephone interviewing). Furthermore, one could speculate that the 
finding that older panel members expressed higher willingness and consent for 
video interviews than younger panel members but then did not participate in 
the video interviews at higher rates suggests that some people may want inter-
viewer assistance but face digital skill or equipment barriers preventing them 
from seizing the opportunity. A crucial barrier may have been the necessity to 
make an appointment before they could complete the survey.

We expect our results to be generalizable to other panels with online self-
completion as the only or dominant data collection mode, although more 
research from other panels is needed to confirm this. However, we expect lim-
ited generalizability to cross-sectional surveys, where respondents do not have 
a survey mode history. We do not expect our results to be generalizable to panel 
surveys where respondents have an interviewer-administered survey mode his-
tory, especially face-to-face surveys. It is possible that respondents from those 
surveys may perceive video interviews as a more flexible and convenient mode 
option compared to what they are used to. Moreover, fieldwork costs for the sur-
vey agency can be expected to be lower in VI than face-to-face interviewing. Fur-
thermore, our analyses are limited by the fact that in the data quality analyses 
we compare panel members who consented to VI to panel members who mostly 
did not do so, either due to consent refusal, nonresponse, or ineligibility. 

Since our study did not indicate much added value of offering VI in an estab-
lished online panel, future research should focus on other survey design settings 
in which VI may have a greater impact, for example panel recruitment or cross-
sectional surveys. Future research with fully randomized experimental design 
allocation may show to what extent our findings hold and are causally attribut-
able to the VI mode. Future studies should also consider finding ways to avoid 
the necessity to make an appointment to the VI and instead offer on-demand VI. 
In addition, it may be useful to collect interview paradata through the interview-
ers, for example on the extent to which technical problems occurred during an 
interview and whether the respondents seemed comfortable with the interview 
situation as such aspects may influence the quality of the provided data. All in 
all, more research into various aspects of VI and its optimal implementation is 
necessary if this mode is to establish itself as part of the survey mode toolbox.
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Abstract
Video interviews have been gradually adopted by survey organizations as an alterna-
tive to in-person interviews as a mode of data collection. Recent studies have shown 
that video and in-person interviews elicited similar levels of respondents’ rapport with 
interviewers and similar quality data. However, little is known about whether the pres-
ence and prevalence of interviewer and respondent paralinguistic behaviors (e.g., dis-
fluencies such as “uh” and “um” or laughter) vary between the two modes, and when 
they do, how might this affect survey outcomes? To address these questions, we coded 
the presence of six paralinguistic behaviors in 710 question-answer (Q-A) sequences in 
15 in-person interviews and 12 video interviews conducted by professional survey in-
terviewers in a laboratory experiment. Most of the paralinguistic behaviors occurred 
equally often in the two interviewing modes except laughter which was significantly 
more prevalent in video than in-person interviews. We attributed the increased laugh-
ter in video interviews as a nervous response to greater communication difficulties in 
that mode. Nonetheless, this did not differentially impact the prevalence of respon-
dents’ adequate responses, indicating (indirectly) that data quality was equivalent in 
the two modes. These findings bolster the emerging narrative that when interviewed 
via video, respondents’ experience and their answers are very similar to when they are 
interviewed in person.

Keywords:	 live video interviews, in-person interviews, paralinguistic behaviors
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Video interviewing has been increasingly adopted by survey organizations as 
the underlying technology has become more mature and widely available, and 
because the pandemic drove organizations to find alternative ways to safely col-
lect data requiring face-to-face interaction. In both in-person and video inter-
views, interviewers and respondents can see and hear each other in real time, 
enabling interviewers to rely on visual information about respondents, such as 
their facial expressions, and to provide visual materials to respondents, such 
as showcards or standardized test materials. It is plausible that reading respon-
dents’ facial expressions and presenting visual material to them is generally no 
more difficult and sometimes easier via video than in person. For instance, a 
recent study showed that interviewers exhibited similar question reading behav-
iors in both in-person and video interviews and respondents provided a higher 
percentage of responses that matched one of the provided response categories 
in video than in-person interviews (Kokoska et al., 2024). Moreover, respondents 
in video interviews and their counterparts in in-person interviews reported 
similar levels of rapport with interviewers, disclosed similar amounts of sensi-
tive information (Sun et al., 2020), exhibited similar levels of item nonresponse 
and straightlining, provided answers of similar length to open-ended questions, 
and had similar interview experiences (Endres et al., 2022). However, little is 
known about how communication between interviewers and respondents might 
be affected by video mediation and how this might impact the respondent’s 
answers to a variety of questions. 

Paralinguistic Behaviors in Spontaneous Speech

An indication of how well two conversational partners, including a survey inter-
viewer and a respondent, are communicating can sometimes be found in their 
paralinguistic utterances. These are generally (but not always) non-lexical parts 
of speech that can serve as cues about the speaker’s current state of mind includ-
ing their understanding of the speaker and their affective state or mood (e.g., 
Brown, 1977; Hancock, 2004). Speakers produce disfluencies—“um” and “uh”, 
hesitations or pauses, and repairs—to indicate planning activities or difficulty 
in word finding (Clarck & Fox Tree, 2002; Conrad et al., 2013). In spontaneous 
speech, speakers use “um” and “uh” to signal the start of expected minor or major 
delays (Clark & Fox Tree, 2002). Speakers can use these utterances to suggest they 
are searching for the right word, formulating an accurate description, preparing 
to repair what they just said, and deciding what to say next (Clark & Fox Tree, 
2002). Pauses are periods of silences in speech and may signal that the speaker is 
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organizing their thoughts or experiencing uncertainty (Fox Tree, 2002). Pauses 
are used for holding the floor or maintaining the turn (Maclay & Osgood, 1959). 
In replying to what the speaker has said, the addressee may start their reply with 
“um” or a pause, possibly indicating difficulty formulating a reply or that they 
are not comfortable with the topics under discussion (Fox Tree, 2010). Repairs—
spontaneous corrections to an immediately prior utterance—occur when the 
speaker realizes they have made an error (Clark, 1994), for instance, “2 to 3 times 
a week… I mean frequently”. In addition, speakers repair their speech to reduce 
ambiguity (Levelt, 1983). In everyday conversation, the speaker and the listener 
finely coordinate turn-taking (Sacks et al., 1974). Overlapping speech (i.e., where 
two speakers talk simultaneously) is often considered a breakdown in turn-
taking. A conversation with large amount of overlapping speech often signals 
troubled communication (e.g., Leighton et al., 1971). Overall, the presence of dis-
fluencies, pauses, repairs, and overlapping speech suggests that the speaker is 
experiencing communication difficulties to some extent. 

Laughter alternates with speech to regulate the flow of the conversation (Jef-
ferson, 1979). Not all laughter is an expression of amusement; laughter with high 
vowel resonances could reflect nervousness and submissiveness, while laugh-
ter with low vowel resonances could reflect coarseness and dominance (Kohler, 
2008). Laughter by a first speaker may serve as an invitation to the addressee to 
laugh, resulting in shared laughter (Jefferson, 1979). Shared laughter has been 
linked to ending a topic, while declining to engage in reciprocal laughter rejects 
the proposed topic termination, leading to continued conversation on the topic 
(Holt, 2010). But laughter is not always shared. There are circumstances where 
it is inappropriate for the listener to accept the laughter invitation, for instance, 
when the speaker is talking about their troubles, the “troubles-teller” often pro-
duces an utterance and then laughs, but the “troubles-recipient” typically does 
not join in with the laughter (Jefferson, 1984). Laughter and smile can be con-
sidered as two extremes in the same continuum (Fried et al., 1988). The listener 
response smile seems to be equivalent to verbal acknowledgement like “mm-
hmm” and “good”, and is often accompanied by head nodding (Ekman, 1985). 
Backchannels (e.g., “uh huh” and “mmm”) are thought to signal that the listener 
is attending to the speaker (Brunner 1979; Clark & Schaeffer, 1989) and possi-
bly agrees with the speaker’s message, consenting to the speaker’s continuing to 
speak (Conrad et al., 2013).  

Paralinguistic Behaviors in Standardized Interviews

Standardized interviews are different from everyday conversations. In stan-
dardized interviews, the interviewer directs the flow, and the interviewer-
respondent interaction are expected to follow the paradigmatic question-answer 
sequence in which the interviewer asks a question and then the respondent 
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selects a response option from those provided by the interviewer (Schaeffer and 
Maynard, 1996). For respondents, their sole task is to answer the interviewer’s 
question. Interviewers, however, must keep the respondent engaged and ensure 
the collection of high-quality response data. To explore interaction in telephone 
and in-person survey interviews, researchers have studied the paralinguistic 
utterances of interviewers and respondents, especially disfluencies, hesitation, 
and pauses (e.g., Conrad et al., 2008; Conrad & Schober, 2021; Garbarski et al., 
2016; Schober & Bloom, 2004; Schober et al., 2012). The presence of such behav-
iors can be used to flag respondent difficulty and, thus, increased likelihood of 
lower quality responses (e.g., Schaeffer & Dykema, 2011; Schober et al., 2012; 
Min et al., 2020). For instance, previous research has shown that respondents’ 
disfluent answers—turns that include “um” and “uh”, pauses, or repairs and 
restarts—are more likely to be unreliable than their fluent answers (Schober et 
al., 2012). Interviewers’ disfluencies can affect survey outcomes by encouraging 
or discouraging sample member’s decision to participate in a telephone inter-
view (e.g., Conrad et al., 2013; Min et al., 2020). An interviewer who speaks with-
out disfluencies may sound robotic to the respondent, giving the impression that 
they are only focused on completing the interviewing task rather than engag-
ing with the respondent in a meaningful way. To the extent that this is detected 
by respondents, it can potentially reduce willingness to participate and if they 
do participate, their conscientiousness leading to reduced response quality. In 
addition, how the interviewer reacts to the respondent’s “laughter invitation” 
may also affect the course of specific question-answer sequences (dialogue) 
and the overall interviewing experience. For instance, a telephone interviewer 
might use “smile voice” or quasi-laughter to create a sense of rapport with the 
respondent in the context of standardized interviewing (e.g., Lavin & Maynard, 
2001). In addition, the more time interviewers spend smiling, the more likely the 
respondents were to provide an adequate response (Welles et al., 2022). (Ade-
quate response is an indirect measure of data quality. A response is adequate if it 
matches one of the response categories provided in the survey question [Welles 
et al., 2022]). 

Paralinguistic Behaviors in In-Person and Video Interviews

Video interviews may differ from in-person interviews in subtle ways due to 
the mediated nature of interaction. Because the interviewer and the respondent 
are in separate physical spaces, it is possible that they are less attuned to subtle 
social cues such as body language and nonverbal behaviors. At the same time, 
the increased sense of distance and privacy may make some respondents feel 
more comfortable sharing sensitive information. To the best of our knowledge, 
no research has been conducted comparing the prevalence of paralinguistic 
behaviors in in-person and video interviews. This paper explores that topic. In 
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this study, we used the term “video interview” to refer to real-time, synchro-
nized, two-way communication, mediated by video, distinguishing it from pre-
recorded interviews where a video file of the interviewer reading the question 
is embedded in a web survey. Specifically, the current study asks the following 
research questions: 

RQ1: �Does the prevalence of paralinguistic behaviors vary between in-person and 
video interviews?

RQ2: �Does the prevalence of paralinguistic behaviors vary between in person and 
video interviews differently for interviewers versus respondents?

RQ3: �Does data quality differ between modes in a corresponding way?

Data and Method
To address these research questions, we examined the presence of paralin-
guistic behaviors in 15 in-person interviews and 12 video interviews in a labo-
ratory experiment carried out in 2014. Five, professional female interviewers 
at a university research center administered standardized interviews in both 
modes (see Sun et al., 2020 for more information); respondents (14 females and 
13 males, mean age of 46 [SD = 12], 24 of 27 held bachelor’s degrees) were full-
time staff employees of the University of Michigan, recruited via email and 
on-campus flyers, and randomly assigned to one of the two modes at the time 
of recruitment. Upon completion, they received a $15 token of thanks for their 
participation. The questions were on various topics including dietary behaviors, 
mental health, and sexual behaviors, adapted from existing national surveys 
such as the National Survey of Family Growth. The average interview length was 
about 35 minutes. The in-person interviews were conducted in an office, where 
the interviewer sat across a table from the respondent. The interviewer read the 
questions aloud from a laptop screen, and the respondent replied orally. The 
video interviews were conducted via Adobe Connect (www.adobe.com/products/
adobeconnect.html). Both the interviewer and the respondent connected to the 
video call using the desktop computer. For the video respondents, most of their 
window was filled with the interviewer’s video. The respondent’s self-view video 
thumbnail appeared in the upper right corner. For the interviewer, most of their 
window was filled with the respondent’s video. Interviewer’s self-view video 
thumbnail appeared in the right upper corner. The interviewer shared their 
screen with the respondent to display showcards as needed. 

The dialog between interviewers and respondents was audio-recorded in both 
in-person and video interviews. To transform the dialog into data that are ame-
nable to quantitative analysis, we developed a coding scheme and then coded 

http://www.adobe.com/products/adobeconnect.html
http://www.adobe.com/products/adobeconnect.html
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(in Sequence Viewer1 [http://www.sequenceviewer.nl/]) the presence (Yes/No) 
of six paralinguistic behaviors for the interviewers and six for the respondents 
within each Q-A sequence (see Table 1); the behaviors included disfluencies, 
pauses, repairs, overlapping speech, laughter, and backchannels. In this study, 
disfluencies include fillers (e.g., “uh” and “um”). Laughter was coded as either 
interviewer-initiated or respondent-initiated during a Q-A sequence. Regarding 
overlapping speech, if the interviewer interrupted or cut off the respondent, we 
coded it as interviewer-initiated overlapping speech; if the respondent inter-
rupted or cut off the interviewer’s speech, we coded it as respondent-initiated 
overlapping speech. We coded the presence of interviewer and respondent 
paralinguistic behaviors in each of 710 audio-recorded, question-answer (Q-A) 
sequences (i.e., for each question, we coded each conversational turn between 
the start of the question’s delivery [by the interviewer] and the start of the next 
question’s delivery). Two coders independently classified the interviewers’ and 
respondents’ behaviors; Cohen’s kappa = .75 was “substantial” (McHugh, 2012).  

Table 1	 Definition of the paralinguistic behaviors 

Paralinguistic behaviors Definition 

Disfluencies Fillers (e.g., “um” and “uh”)
Pauses Periods of silence during a speaking turn 
Repairs Spontaneous corrections to an immediately prior utterance
Overlapping speech Two speakers talk simultaneously 
Laughter Interviewer-initiated or respondent-initiated laughter during a 

Q-A sequence
Backchannels Utterances such as, “uh huh” and “mmm”, to signal that the 

listener is attending to the speaker

Once the interactions were coded, we compared the presence of paralinguistic 
behaviors in the two modes. We first examined the presence of each paralinguis-
tic behaviors by mode overall and separately for interviewer and respondent. 
We also computed dichotomous variables to measure communication difficul-
ties overall and separately for interviewers and respondents. If a Q-A sequence 
included any of the paralinguistic behaviors—disfluencies, repairs, pauses, or 
overlapping speech—it is considered to exhibit communication difficulties. In 
the analysis, we accounted for the fact that interviewer and respondent utter-
ances are clustered in an interview and used Wald chi-square tests for indepen-
dence to compare the percentage of the presence of each paralinguistic behav-
ior between the in-person and video interviews. We used PROC SURVEYFREQ 
in SAS 9.4 for the analysis and specified interviews (i.e., case id) as clusters. 

1	 We used Sequence Viewer 6.0d (http://www.sequenceviewer.nl/).

http://www.sequenceviewer.nl/
http://www.sequenceviewer.nl/
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Because of how they were recruited, the participants comprised a convenience 
sample and thus the results are unweighted. We also adjusted for multiple com-
parisons using the Benjamini-Hochberg method (1995). 

In addition, we fitted a crossed random effects logistic regression model to 
explore the effects of paralinguistic behaviors on the respondent’s adequate 
response (Yes or No). A response is adequate if it matches one of the response cat-
egories provided in the survey question. As described earlier, the data includes 
710 audio-recorded, question-answer (Q-A) sequences in total, combined across 
15 in-person interviews and 12 video interviews conducted by 5 interviewers. 
The mean number of turns for each Q-A sequence for in-person and video inter-
views was 3.2 (SD = 1.8) and 3.6 (SD = 2.6), respectively. We initially fitted a two-
level cross-classified random effects regression model with adequate response 
cross-classified by respondents and questions, nested within interviewers. How-
ever, the variance associated with interviewer was estimated to be zero in the 
unconditional model and therefore we simplified the statistical approach by fit-
ting crossed random effects logistic regression models. The general model spec-
ification is as below: 

logit (Pr(Yij �= 1))	  
 
= ß0 + ß1  Mode + ß2  Interviewer Paralinguistics	  
 
+ ß3  Respondent Paralinguistics + ui + vj + εij

	 ui ~ N(0, σ2
i ), vj ~ N(0, σ2

j ), εij ~ N(0, σ2  )

where Yij = 1 indicates adequate response for question i by respondent j, ui rep-
resents the random effects associated with question i, vj represents the random 
effects associated with respondent j, and εij represents the residuals. The mod-
els are estimated using the default residual pseudo-likelihood (RSPL) in SAS 9.4 
PROC MIXED with random intercepts for questions and respondents. 

Results
RQ1 explores whether the prevalence of paralinguistic behaviors vary between 
in-person and video interviews. To address RQ1, we first examined the overall 
presence of paralinguistic behaviors by mode. As shown in Table 2, the overall 
prevalence of paralinguistic behaviors was at or below 30% in both in-person 
and video interviews. For instance, disfluencies occurred in 30.3% of speaking 
turns in in-person interviews and in 22.8% in video interviews, while laughter 
occurred in only of 2.8% of speaking turns in in-person and 13.8% in video inter-
views. Disfluencies and backchannels occurred significantly less frequently in 
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video than in-person interviews while laughter and overlapping speech occurred 
significantly more often in video than in in-person interviews. 

Table 2	 The overall presence of paralinguistic behaviors by mode (by either 
the interviewer or the respondent) 

Paralinguistic 
behaviors

In-person (%) Video (%) Wald chi-square test 
statistica 

% nb % nb

Disfluencies 30.3 121 22.8 71 F(1,26) = 	 1.68, p = .02
Pauses 11.5 46 8.7 27 F(1,26) = 	 0.50, p = .84
Repairs 4.8 19 10.9 34 F(1,26) = 	 9.79, p = .21
Overlapping 
speech

10.5 42 15.8 49 F(1,26) = 	 2.11, p = .01

Laughter 2.8 11 13.8 43 F(1,26) = 	12.47, p = .01
Backchannels 19.3 77 18.3 57 F(1,26) = 	 0.03, p = .01

Notes: Based on a total of 710 question-answer sequences irrespective of mode. The question-
answer sequences were clustered by interview. 
a �Adjusted for multiple comparisons using the Benjamini-Hochberg method. The Wald Chi-

square test statistics were from PROC SURVEYFREQ, specified interviews (i.e., case id) as 
clusters

b This column displays the number of times a paralinguistic behavior occurred. 

RQ2 explores whether the prevalence of paralinguistic behaviors vary between 
in-person and video interviews differently for interviewers versus respondents. 
To address RQ2, we examined the presence of paralinguistic behaviors sepa-
rately for interviewers and respondents. As shown in Figure 1a and 1b, there 
were significantly higher percentages of interviewer laughter (F(1,26) = 12.93, 
p = .01) and respondent laughter (F(1,26) = 9.47, p = .03) in video than in-person 
interviews. However, there were no significant differences between the two 
modes for other paralinguistic behaviors. As stated earlier, if the Q-A sequence 
included any of the paralinguistic behaviors—disfluencies, pauses, repairs, or 
overlapping speech—it is considered to exhibit communication difficulties. As 
shown in Figure 1a and 1b, interviewers experienced marginally more commu-
nication difficulties in video than in-person interviews (F(1,26) = 3.30, p = .08). 
Respondents experienced communication difficulties to the same extent in 
video and in-person interviews (F(1,26) = 0.78, p = .38). 
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Figure 1	 The presence of paralinguistic behavior by mode, separately for 
interviewers and respondents. Wald chi-square test statistics, speci-
fied interviews as clusters. Adjusted for multiple comparisons using 
the Benjamini-Hochberg method. * p < .05, # p < .10.

As noted earlier, laughter can serve different purposes in speech—it might be an 
expression of nervousness, or it could be someone laughing off their own trou-
bles during a conversation. To better understand what drives the differences, 
we compared the prevalence of interviewer and respondent laughter when there 
were communication difficulties (either from the interviewer or the respondent) 
and when there were no difficulties for in-person and video interviews. 

Figure 2 presents the prevalence of laughter by any communication diffi-
culties in the Q-A sequence by mode. As shown in Figure 2a, no laugher was 
observed in the absence of communication difficulties in in-person interviews. 
It was only when there were communication difficulties that there was inter-
viewer laughter and respondent laughter in in-person interviews. The percent-
age of respondent laughter was higher than the percentage of interviewer laugh-
ter in in-person interviews. As shown in Figure 2b, the percentage of interviewer 
laughter and the percentage of respondent laughter were higher when there were 
communication difficulties as compared to when there were no difficulties in 
video interviews. The prevalence of laughter was much lower in in-person than 
video interviews. For instance, as shown in Figure 2a, 6.1% of the Q-A sequences 
contain respondent laughter where there were no communication difficulties in 
video interviews as compared to 0% of respondent laughter when there were no 
communication difficulties in in-person interviews (a condition that was never 
actually observed as all sequences in this mode contained communication dif-
ficulty either from the interviewer or the respondent). The percentage of respon-
dent laughter increased to 16.8% when there were communication difficulties in 
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video interviews as shown in Figure 2b. The findings are consistent when sepa-
rately examining the interviewer and respondent communication difficulties 
(see Figures A1 and A2 in the Appendix).  

Figure 2	 The prevalence of laughter by communication difficulties (by either 
the interviewer or the respondent) by mode. Adjusted for multiple 
comparisons using the Benjamini-Hochberg method. Chi-square 
tests cannot be computed if at least one table cell has 0 frequency.  
* p < .05, # p < .10.

RQ3 explores whether the presence of paralinguistic behaviors affect data qual-
ity by mode. To address RQ3, we fitted a crossed random effects logistic regres-
sion model to predict adequate response—an indirect measure of data qual-
ity—by the paralinguistic behaviors (present or absent) and mode (in-person or 
video). As Shown in Table 3, we found that respondents were less likely to pro-
vide an adequate response when interviewers repaired their speech (e.g., “How 
long has it been since you last used any prescription transit uh tranquilizer…”), 
when respondents were disfluent, and when respondents interrupted the inter-
viewer, after controlling for the other paralinguistic behaviors and mode. But 
there were no significant two-way interactions between any of the paralinguis-
tic behaviors and mode on the prevalence of adequate responses (results not 
shown). As a result, although we found significant differences between laughter 
in in-person and video interviews, this did not differentially impact the preva-
lence of respondents’ adequate responses (i.e., was not related to [our measure 
of] data quality). 
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Table 3	 Crossed random effects logistic regressions predicting adequate 
response by the presence of paralinguistic behaviors and mode

Parameters b (SE)

Intercept 	 3.58***	(0.36)
Video interview 
(ref: In-person)

	 −0.09 	 (0.39)

Interviewer paralinguistic behaviors 
Disfluencies (ref: Not present) 	 0.72 	 (0.54)
Repairs (ref: Not present) 	 −1.10# 	 (0.59)
Pauses (ref: Not present) 	 1.14 	 (1.14)
Overlapping speech (ref: Not present) 	 0.74 	 (0.65)
Laughter (ref: Not present) 	 0.19 	 (0.87)
Backchannels (ref: Not present) 	 −0.21 	 (0.43)

Respondent paralinguistic behaviors 
Disfluencies (ref: Not present) 	 −1.60*** 	(0.38)
Repairs (ref: Not present) 	 −1.26 	 (0.87)
Pauses (ref: Not present) 	 0.06 	 (0.53)
Overlapping speech (ref: Not present) 	 −1.47** 	 (0.48)
Laughter (ref: Not present) 	 −0.37 	 (0.59)
Backchannels (ref: Not present) 	 −0.29 	 (0.53)

σ ²int:question
	 0.89 	 (0.43)

σ ²int:respondent
	 0.22 	 (0.27)

n 	 710	

Notes: ref = reference. *** p < .001, ** p < .01, * p < .05, # p < .10.

Discussion and Conclusion
In this study, we compared the presence of interviewer and respondent paralin-
guistic behaviors between in-person and video interviews. One paralinguistic 
behavior differed between modes: Interviewers and respondents laughed signif-
icantly more in video than in in-person interviews. Although we did not observe 
any mode differences for the other paralinguistic behaviors, the presence of 
laughter was correlated with the presence of communication difficulties. One 
interpretation of this finding is that laughter was functioning as a “social lubri-
cant” to keep the conversation flowing when it was disrupted by these behaviors. 

The study was conducted in 2014, a time when video as a mode of data collec-
tion was new to interviewers and respondents. While it is possible that techni-
cal issues such as bandwidth limitation, lags in transmission, and poor audio/
video quality may have led to communication difficulties, we are not aware of 
any technical problems having occurred during the interviews. It is plausible 
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that video requires participants to split their attention between planning what to 
say and monitoring activities across multiple views (i.e., the interviewer needed 
to monitor the respondent’s video and survey instrument, the respondent may 
have monitored their self-view video thumbnail), therefore increasing the prev-
alence of paralinguistic behaviors that indicate communication difficulties. 
The one mode effect on paralinguistic behavior (i.e., laugher) observed in the 
current study was small but persistent when the data were collected in 2014, 
and video was relatively new. This effect of mode on paralinguistic behavior is 
likely to be even smaller now that video is common in everyday communication. 
Future research may explore this by conducting similar studies to test mode dif-
ferences between in-person and video interviews, since video technologies are 
now widespread and familiar to much of the public. In a more contemporary 
test, the researcher would be wise to recruit a larger sample of participants from 
a more general population. 

In addition, we found that the presence of interviewer repairs, respondent 
disfluencies, and respondent-initiated overlapping speech affected adequate 
response. However, there were no significant two-way interactions between any 
of the paralinguistic behaviors and mode on adequate response. The very simi-
lar patterns of interaction in video and in-person interviews are consistent with 
several findings in the literature indicating very similar respondent experiences 
and data quality in video and in-person interviews. As previously indicated, Sun 
et al. (2020) reported similar levels of respondents’ rated rapport with the inter-
viewer and Endres et al. (2022) reported similar quality data in the two modes, 
in particular equivalent length of open responses, straightlining, item nonre-
sponse, and social desirability bias. 

The study has some limitations. When the study was conducted (2014), video 
was still a relatively new method of data collection for both interviewers and 
respondents. The communication difficulties caused by technical issues have 
likely been greatly reduced today due to improved Internet connectivity (at least 
in urban areas) and widespread familiarity with video conferencing platforms. It 
was difficult to assess the impact of technical issues on communication difficul-
ties arising from the mode difference between in-person and video interviews 
because we only had audio recordings of the interviews. Technical issues were 
a known aspect of video interviews in 2014. However, recent studies have found 
that respondent experiences and data quality are similar between video and in-
person interviews (e.g., Endres et al., 2022). This has led us to believe that part 
of the laughter we observed in 2014 may have been due to technical issues more 
than mode differences. Future research should tease apart technical issues from 
communication difficulties in testing mode effects on paralinguistic behaviors. 
For instance, developing a coding scheme to identify technical issues and then 
comparing Q-A sequences with and without these difficulties could help answer 
how paralinguistic behaviors vary by mode. To the extent that communication 
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difficulties appear when there are no technical difficulties, this might suggest 
benefit in training interviewers on how to best multitask while maintaining 
respondent engagement in video interviews. 

Nevertheless, these findings strongly argue for using video to conduct survey 
interviews when the measurement goals of the research require in-person data 
collection. Although we observed slightly different interaction patterns in video 
than in-person interviews, the adequacy of the answers in the two modes was 
indistinguishable. 
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Appendix 

Figure A1	 The prevalence of laughter by interviewer communication difficul-
ties by mode. Adjusted for multiple comparisons using the Benja
mini-Hochberg method. Chi-square tests cannot be computed if at 
least one table cell has 0 frequency. # p < .10.

Figure A2	 The prevalence of laughter by respondent communication difficul-
ties by mode. Adjusted for multiple comparisons using the Benja
mini-Hochberg method. * p < .05.
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Abstract
Web surveys convince through low costs, save interviewer time, and provide respon-
dents with a high level of flexibility, but often struggle with achieving high response 
rates and data quality. One way to mitigate these problems might be to conduct video-
based web surveys, in which at least one of the two interview components (i.e., questions 
or answers) is based on video communication technology. However, few studies have 
investigated respondents’ willingness to participate in such web surveys. Therefore, we 
examine the extent to which respondents are willing to participate in video-based web 
surveys and the reasons for their hypothetical (non)willingness. This also includes the 
investigation of characteristics of respondents and video-based web surveys that are as-
sociated with (non)willingness. The results of two experimental web surveys conducted 
in non-probability online panels in Germany reveal that a majority of respondents is 
willing to participate in web surveys with video-based questions and predefined answer 
options or open textual answers. Less respondents are willing to participate in web 
surveys with voice or video-based answers. While respondents mostly mention conve-
nience and time flexibility as reasons for their willingness, the main reasons given for 
their nonwillingness are excessive effort regarding video-based questions and privacy 
and data security concerns regarding video-based answers. Video-based web surveys 
generally appeal to younger, male, and extraverted respondents as well as respondents 
who rate the survey as more interesting. This article provides researchers and practi-
tioners with new insights into respondents’ hypothetical willingness when it comes to 
video-based web surveys, including empirical-driven survey design recommendations.
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For a long-time, face-to-face interviews were described as the “gold-standard” of 
data collection in social science and market research because they are charac-
terized by unique strengths, such as allowing interviewers to build rapport with 
respondents, engage in dynamic social interactions, and motivate respondents 
to put effort into question answering (Schober, 2018). In the past two decades, 
and particularly in the wake of the COVID-19 pandemic, web surveys have 
replaced face-to-face interviews as a predominant data collection method. Web 
surveys are associated with many advantages. For example, this includes the 
absence of constraints regarding survey location as well as significant time and 
cost savings (Callegaro et al., 2015). However, web surveys frequently struggle 
with achieving high response rates (Daikeler et al., 2020), collecting high-qual-
ity data (Silber et al., 2019), and including respondents with literacy difficulties 
(Bauer et al., 2025). One way to mitigate these problems might be to incorporate 
elements of face-to-face interviews into web surveys using video communication 
technology.

Specifically, this can be done by delivering (all) questions of a web survey via 
pre-recorded videos (Conrad et al., 2023) and/or having respondents answer via 
self-recorded videos (Höhne et al., 2023). We refer to this method as “video-based 
web survey” and define it as web surveys in which at least one of the interview 
components (i.e., questions or answers) is video-based. Importantly, video-based 
web surveys are self-administered and asynchronous. They are not to be con-
fused with live video interviews, which are based on a synchronous and video-
mediated interaction between interviewers and respondents (West et al., 2022). 
Compared to traditional web surveys and face-to-face interviews, video-based 
web surveys are promising in at least four respects: First, they resemble human-
like conversations, possibly reducing respondent burden and improving overall 
data quality (Sun et al., 2021; West et al., 2022). Second, video-based questions 
and answers facilitate the participation for respondents with literacy difficul-
ties (i.e., respondents who have difficulty reading survey questions or providing 
open textual answers), which can ultimately contribute to more inclusiveness 
in terms of web survey participation. Third, if the answer component is video-
based, respondents’ answers allow researchers to analyze rich tonal, facial, and 
gestural data to learn about data quality and answer behavior (e.g., respondents’ 
interest and engagement; see Höhne, Kern, et al., 2024). Fourth, compared to 
interviewer-administered surveys (i.e., face-to-face, live video, and telephone 
interviews), the asynchronous communication associated with video-based web 
surveys provides respondents with more flexibility, while being cost- and time-
efficient (e.g., no in-person contact approach is required). 
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Despite the promising combination of web surveys with elements of face-to-
face interviews through video communication technology, there has been little 
research on video-based web surveys. Importantly, there is limited knowledge 
about the share of respondents who are willing to participate in video-based 
web surveys and what conditions drive willingness. In addition, many exist-
ing studies have applied observational (or non-experimental) research designs 
(Höhne et al., 2023; Schober et al., 2023). In the present article, we address this 
research gap by experimentally investigating respondents’ hypothetical willing-
ness to participate in video-based web surveys using survey data from two non-
probability online panels in Germany. We also employ follow-up probes asking 
respondents to elaborate on their (non)willingness and examine characteris-
tics of respondents (e.g., age and education) and video-based web surveys (e.g., 
video-based answers) that are associated with (non)willingness.

Background and Research Questions
Empirical studies on video-based web surveys are rare and focus on question 
delivery rather than answer provision. Importantly, video-based questions can 
be delivered by both pre-recorded (human) interviewers as well as (artificial) 
virtual interviewers. A few studies have examined the data quality of web sur-
veys with pre-recorded interviewers in comparison to text-only web surveys, 
face-to-face, live video, and telephone interviews. The results are somewhat 
mixed. While one study found less information disclosure in a web survey with 
pre-recorded interviewer videos than in a text-only web survey (Fuchs, 2009), 
other studies did not find any disclosure differences (Fuchs & Funke, 2007, 2009). 
Conrad et al. (2023) found less rounding in open numeric answers and more dis-
closure of sensitive information in a web survey with pre-recorded interviewers 
compared to a text-only web survey. In addition, in the study by Conrad et al. 
(2023), about 70% of respondents declared that they have built a connection with 
the pre-recorded interviewer. Furthermore, Haan et al. (2017) reported that web 
surveys with pre-recorded interviewers result in less socially desirable answers 
than face-to-face and telephone interviews. Recency effects, as an indicator of 
survey-satisficing, were less common in web surveys with pre-recorded inter-
viewers than in telephone interviews. Finally, it was recently shown that if inter-
viewer effects occur, they tend to be larger in live video interviews than in web 
surveys with pre-recorded interviewers (West et al., 2022; see Table 1 for a sys-
tematic outline of studies). These findings point to data quality benefits when it 
comes to web surveys with pre-recorded interviewers.

With respect to virtual interviewers, Conrad et al. (2015) discovered that those 
with advanced dialog capabilities, as opposed to virtual interviewers with lim-
ited dialog capabilities, elicited more precise responses. Respondents interacted 



320� methods, data, analyses | Vol. 20(1), 2026, pp. 317-346 

in a more social way, maintained more eye contact, asked more frequently for 
clarifications, and rated the virtual interviewers as more personal and less dis-
tant when they included advanced dialog capabilities. For virtual interviewers 
with greater facial animation, respondents showed a somewhat higher level 
of engagement (Conrad et al., 2015). Conrad et al. (2020) reported a decrease 
in socially desirable responding when the demographic characteristics of the 
respondent and virtual interviewers matched. When respondents shared the 
same ethnicity as the virtual interviewers, they were more inclined to report 
being slightly overweight, which is considered a socially undesirable answer, 
compared to when respondents did not share the same ethnicity. These findings 
indicate that video-based web surveys may emulate human-like conversations, 
possibly improving data quality.

Following the so-called “uses and gratification” theory, we assume that vid-
eos, as a specific media type, can serve the gratification of individual needs (Katz 
et al. 1973; Montag et al. 2021). In line with this assumption, respondents’ will-
ingness depends on whether video-based web surveys align with respondents’ 
needs, such as convenience, self-expression, and social interaction. The extent 
to which these needs are gratified serves as a rationale for explaining individual 
differences in willingness. For example, the extent to which video-based ques-
tions are perceived as convenient might be related to respondents’ age. Older 
respondents may have visual impairments, which impedes question reading. 
Similarly, the extent to which respondents conceive video-based answers as a 
positive form of self-expression might be related to their level of extraversion. 
Since we take an exploratory approach in this article, we refrain from formu-
lating specific research hypotheses. The uses and gratification theory rather 
serves as a general framework underlining potential differences in respondents’ 
willingness to participate in video-based web surveys. 

To the best of our knowledge, only two empirical studies have been published 
on respondents’ willingness to participate in video-based web surveys so far (see 
Höhne et al., 2023, and Schober et al., 2023). Schober et al. (2023) found that the 
majority of respondents (63%) is willing to participate in web surveys with video-
based questions. This corresponds to the findings reported by Höhne et al. (2023). 
However, the latter study also reported that only about 20% of respondents are 
willing to participate in web surveys with video-based answers and that will-
ingness depends on various aspects, such as respondents’ belief that technology 
facilitates communication, their interest in the survey, and their level of extra-
version. These studies provide novel insights on the share of respondents who 
are willing to participate in video-based web surveys, including potential driv-
ers of willingness. However, there is less knowledge on the characteristics of 
video-based web surveys driving respondents’ willingness.

The discrepancy between respondents’ comparatively high willingness to 
participate in web surveys with video-based questions and their comparatively 
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low willingness to participate in web surveys with video-based answers is strik-
ing. It suggests that respondents’ willingness to participate in video-based web 
surveys is not only associated with respondent characteristics, such as attitudes 
on technology and personality traits, but also with the answer component. In 
particular, the answer component of video-based web surveys can range from 
selecting predefined answer options to open textual answers to voice and video-
based answers. Thus, willingness to participate in video-based web surveys 
might differ substantially across respondent groups. On the one hand, respon-
dents might be less willing to participate in such web surveys if the answer com-
ponent is considered as burdensome or inconvenient. This may particularly 
apply if the answer component is not video-based. For example, open textual 
answers require respondents to retrieve information from memory without a 
frame of reference in the form of predefined answer options (Zuell et al., 2015). 
Respondents need to formulate answers in their own words and manually enter 
them through the keyboard. This is especially burdensome when completing the 
web survey on a mobile device with a virtual on-screen keyboard shrinking the 
viewing space (Höhne et al., 2020). Open textual answers increase respondent 
burden and might reduce respondents’ willingness to participate. On the other 
hand, respondents might be less willing to participate in video-based web sur-
veys if the answer component invades respondents’ privacy (Wenz et al., 2019). 
For example, some respondents feel uncomfortable to record answers using the 
built-in microphone of their smartphone (e.g., out of concerns to be overheard 
by third parties), leading to lower willingness to participate in web surveys 
with voice answers (Höhne, 2023; Lenzner & Höhne, 2022; Revilla et al., 2018). 
Web surveys with video-based answers are even more intrusive as they require 
respondents to not only share their voice but their overall appearance, gestures, 
facial expressions, and environment (Höhne et al., 2023). 

Even though video-based web surveys have the potential to reduce respon-
dent burden and improve data quality, they might lead to low participation rates 
because respondents feel uncomfortable with respect to video-based answers. 
Thus, the choice of the answer component is a key design decision in video-
based web surveys that should follow empirical evidence. Before employing 
video-based web surveys, it is essential to gather more knowledge on respon-
dents’ willingness to participate in such web surveys and possible variations 
in the characteristics of video-based web surveys. We fill this research gap by 
analyzing data from two studies that we conducted in German non-probability 
online panels and in which we asked respondents for their willingness to par-
ticipate in video-based web surveys. Specifically, we address the following three 
research questions (RQs):

RQ1: What is the share of respondents being (non)willing to participate in 
video-based web surveys with different question and answer components?
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RQ2: What are the reasons for respondents’ (non)willingness to participate in 
video-based web surveys?

RQ3: What variables drive respondents’ (non)willingness to participate in 
video-based web surveys?

Method
Study 1

Data Collection
Data for Study 1 was collected in the non-probability SoSci Panel (www.sosci-
panel.de), which is a project of the Institute for Communication Science and 
Media Research at the Ludwig-Maximilian-University Munich (Germany) and 
the German Society for Journalism and Communication Science (DGPuK). The 
SoSci Panel does not pursue commercial goals and data can only be collected 
for academic studies. Researchers are eligible to submit study proposals that 
undergo a review process evaluating the methodological soundness of the stud-
ies. Upon acceptance, the panel staff sends out email invitations to the respon-
dents of the SoSci Panel pool (recruited via an opt-in subscription process) to 
take part in the web survey. Researchers do not have to pay any fees as web sur-
vey data collection is free of charge.

The web survey was fielded from 16th May 2022 to 5th June 2022. A reminder 
was sent on 25th May 2022. The invitation email included information on the 
web survey’s topic (new communication forms in web surveys), its estimated 
duration (approx. 20 minutes), and a link to the web survey. Respondents could 
participate with the device of their choice. The first survey page provided addi-
tional details on the web survey (e.g., the research group responsible for the web 
survey). We also included a statement of confidentiality, stating that the study 
adheres to EU and national data protection laws and regulations. Respondents 
took part voluntarily without the provision of incentives. 

Sample
The invitation email was sent to 5,676 respondents (out of these emails, 68 could 
not be successfully delivered). Out of all successfully invited respondents, 1,146 
respondents (20%) started the web survey, and 874 respondents (15%) finished it. 
These 874 respondents had a mean age of 49, and 63% of them were female. In 
terms of education, 5% had completed lower secondary school or less (low edu-
cation level), 15% intermediate secondary school (medium education level), and 
79% college preparatory secondary school or university-level education (high 

http://www.soscipanel.de/
http://www.soscipanel.de/
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education level). Overall, 63% of respondents participated with a computer, 3% 
with a tablet, and 35% with a smartphone. 

Experimental Design
Respondents were randomly assigned to one out of three experimental groups. 
The first group (n = 297) received two closed questions on their willingness to 
participate in web surveys with video-based questions and answers. The second 
group (n = 294) received the same questions, but the two willingness questions 
included an additional motivational statement placed between the question text 
and answer options, stressing the provision of an additional incentive. The third 
group (n = 283) again received the same questions, but the two willingness ques-
tions included an additional motivational statement, stressing the improvement 
of respondent experience in surveys. Irrespective of the experimental groups, 
both willingness questions were followed by an open probing question asking 
respondents to elaborate on their previous answer.

To evaluate the effectiveness of random assignment, we compared the sample 
composition between the three experimental groups. We found no statistically 
significant differences with respect to age, gender, education, and completion 
device. 

Willingness Questions
Respondents received the following two questions (in one out of three versions):

1.  �Video-based questions: In general, are you willing to participate in web surveys 
in which interviewers read questions to you via pre-recorded videos?

The videos would be played within the web survey, you would not have to 
download any software. You could start and stop the videos at your conve-
nience.

Version 1: No additional text (first experimental group).

Version 2: You would receive an additional incentive for this (second experi-
mental group).

Version 3: Your willingness would help us to improve the experience of res-
pondents in surveys (third experimental group).

2.  �Video-based answers: In general, are you willing to participate in web surveys 
in which you self-record your answers via videos?

The video recordings would be gathered within the web survey, you would 
not have to download any software. You could delete the videos and record 
them again.
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Version 1: No additional text (first experimental group).

Version 2: You would receive an additional incentive for this (second experi-
mental group).

Version 3: Your willingness would help us to improve the experience of res-
pondents in surveys (third experimental group).

The willingness questions were presented on two separate survey pages (single-
question presentation) with the following vertically aligned answer options: 1 
(definitely yes), 2 (probably yes), 3 (probably no), 4 (definitely no), 5 (don’t know how 
this works), and 6 (don’t have a device with camera and microphone; only for the 
second willingness question). The last two options were visually separated by 
a space from the remaining options. Both willingness questions were followed 
by an open probing question asking respondents to elaborate on their previous 
answer. Appendix A includes screenshots of the willingness and probing ques-
tions.

Study 2

Data Collection
Data for Study 2 was collected in the non-probability Bilendi panel (www.bilendi.
de) in Germany from 5th December 2023 to 18th December 2023. Bilendi drew a 
sample from their online access panel based on quotas for age, gender, educa-
tion, and federal state. In contrast to the SoSci Panel (Study 1), Bilendi is a com-
mercial panel providing respondents incentives for web survey participation. 
The invitation email included information on the provided incentive and a link 
to the web survey. Respondents could participate with the device of their choice. 
On the first survey page, respondents were informed about the topic and proce-
dure of the web survey. In addition, it included a statement of confidentiality, 
stating that the study adheres to existing data protection laws and regulations. 
This study was part of a larger study investigating perspectives on current chal-
lenges for society and politics. The web survey included questions on political 
attitudes and attitudes towards technology. In addition, it contained two unre-
lated experiments. The experiment analyzed in this study was embedded at the 
end of the web survey. 

Sample
The invitation email was sent to 28,455 respondents, out of which 2,356 (8%) 
started the web survey and 1,993 respondents (7%) finished it. These 1,993 
respondents had a mean age of 45, and 50% of them were female. In terms of 
education, 26% had completed lower secondary school or less (low education 

http://www.bilendi.de
http://www.bilendi.de
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level), 28% intermediate secondary school (medium education level), and 46% 
college preparatory secondary school or university-level education (high educa-
tion level). Overall, 44% of respondents participated with a computer, 4% with a 
tablet, and 52% with a smartphone. 

Experimental Design
We randomly assigned respondents to one out of four closed question versions 
(or experimental groups) asking respondents about their willingness to partici-
pate in future video-based web surveys. These questions differed with respect to 
the answer component: The first group (n = 485) was asked about the willingness 
to participate in video-based web surveys with predefined answer options (i.e., 
selecting answers from a list of predefined options). The second group (n = 515) 
was asked about the willingness to participate in video-based web surveys with 
open textual answers (i.e., entering answers in an open text field). The third 
group (n = 506) was asked about the willingness to participate in video-based 
web surveys with voice answers (i.e., self-recording voice answers). The fourth 
group (n = 487) was asked about the willingness to participate in video-based 
web surveys with video-based answers (i.e., self-recording video answers). 

To evaluate the effectiveness of random assignment, we compared the sample 
composition between the four experimental groups. We found no statistically 
significant differences with respect to age, gender, education, and completion 
device. 

Willingness Questions
Respondents received one out of the following four question versions:

1.  �Predefined answer options: In general, would you be willing to participate in 
future web surveys in which interviewers read questions to you via video, and 
you select your answers from a list of predefined options?

The videos would be played within the web survey. You would not need to 
download an additional program. The interviewer videos would be recorded 
so that you can start and pause them yourself.

2.  �Open textual answers: In general, would you be willing to participate in future 
web surveys in which interviewers read questions to you via video, and you 
enter your answers in an open text field?

The videos would be played within the web survey. You would not need to 
download an additional program. The interviewer videos would be recorded 
so that you can start and pause them yourself.
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3.  �Voice answers: In general, would you be willing to participate in future web 
surveys in which interviewers read questions to you via video, and you pro-
vide your answers via voice recording?

The videos would be played within the web survey, the same applies to the 
voice recordings. You would not need to download an additional program. 
The interviewer videos would be recorded so that you can start and pause 
them yourself. Of course, you could delete your voice recordings and record 
them again.

4.  �Video-based answers: In general, would you be willing to participate in future 
web surveys in which interviewers read questions to you via video, and you 
provide your answers via video recording?

The videos would be played within the web survey, the same applies to the 
video recordings. You would not need to download an additional program. 
The interviewer videos would be recorded so that you can start and pause 
them yourself. Of course, you could delete your video recordings and record 
them again.

The willingness question was presented with the following vertically aligned 
answer options: 1 (definitely yes), 2 (probably yes), 3 (probably no), 4 (definitely no), 
5 (don’t know how this works), and 6 (don’t have a device with a microphone; only 
for group 3) or 6 (don’t have a device with camera and microphone; only for group 
4). The last two options were visually separated by a space from the remaining 
options. Appendix B includes screenshots of the willingness question. 

Analytical Strategy

To examine the share of respondents being (non)willing to participate in video-
based web surveys (first research question), we remain on a descriptive level 
and report answer distributions of the willingness questions. In the first step, 
we draw on data from Study 1 and look at the answer distributions of the two 
questions on respondents’ willingness to participate in web surveys with video-
based questions and answers, respectively. In the next step, we draw on data 
from Study 2 and examine the answer distribution of the question on respon-
dents’ willingness to participate in video-based web surveys across the four 
experimental groups (or answer components).

To investigate the reasons for respondents’ (non)willingness (second research 
question), we draw on the open probing questions asked in Study 1. To do so, 
respondents’ open textual answers were manually coded by a student assistant. 
The student assistant developed the coding schemes based on the data rather 
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than using preconceived codes. The final coding schemes consisted of 9 (will-
ingness for video-based questions) and 10 (nonwillingness for video-based 
questions) as well as 9 (willingness for video-based answers) and 10 (nonwill-
ingness for video-based answers) categories, respectively. In addition, the cod-
ing schemes contained two non-substantial categories (misunderstanding how 
video-based questions or answers work as well as noninformative reasons and 
non-substantial answers). Using these coding schemes, a second student assis-
tant independently coded a randomly selected subset of 10% of the answers 
to the two open probing questions (video-based questions: n = 77; video-based 
answers: n = 72) so that we could estimate inter-coder reliability. Inter-coder reli-
ability was deemed “almost perfect” (Landis & Koch, 1977) with Cohen’s kappa 
values of .85 and .88 and agreement rates of 85.7% and 88.9% for the two open 
probing questions, respectively. Cases in which the two coders disagreed were 
reviewed by the second author who made a final judgment. The reasons for 
respondents’ (non)willingness are reported in percentages. Importantly, when 
looking at the reasons for respondents’ willingness to participate in web surveys 
with video-based questions and answers, we only consider respondents who 
selected “definitely yes” or “probably yes” in the preceding closed question. Con-
versely, when looking at the reasons for respondents’ nonwillingness, we only 
consider respondents who selected “definitely no” or “probably no” in the pre-
ceding closed question. 

To identify variables driving respondents’ willingness to participate in video-
based web surveys (third research question), we run multiple OLS regressions. 
Based on Study 1, we estimate regression models with respondents’ willing-
ness to participate in web surveys with video-based questions and answers as 
dependent variables, respectively. The two non-substantial answer options are 
excluded from the regression analyses. We include the experimental groups, 
which differ in terms of the provision of a motivational statement, as indepen-
dent dummy variables in the models (provision of an additional incentive: 1 = yes; 
improvement of respondent experience in surveys: 1 = yes; control group as ref-
erence). Using data from Study 2, we again run regression models with respon-
dents’ willingness to participate in video-based web surveys as dependent vari-
able excluding the two non-substantial answer options. As before, we include 
the experimental groups, which differ in terms of the answer component, as 
independent dummy variables in the model (open textual answers: 1 = yes; voice 
answers: 1 = yes; video-based answers: 1 = yes; predefined answer options as ref-
erence). In addition, we use the following independent variables that were sug-
gested by prior studies to be associated with respondents’ willingness (Höhne, 
2023; Höhne et al., 2023; Lenzner & Höhne, 2022; Revilla et al., 2018): belief that 
technology facilitates communication (7 ascending options), personality traits 
in terms of openness, conscientiousness, extraversion, agreeableness, and neu-
roticism (21 ascending options in Study 1 and 14 ascending options in Study 2, 
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respectively1), and survey evaluations in terms of interest (7 ascending options), 
difficulty (7 ascending options), topic sensitivity (7 ascending options), and gen-
eral evaluation (7 ascending options; Study 2 only). Furthermore, we control for 
age (continuous), female (1 = yes), high education (1 = yes) and medium education 
(1 = yes) with low as reference, and smartphone use in the survey (1 = yes). English 
translations of the question wordings of the independent variables are available 
in Appendix C. Data and analysis code for replication purposes are available via 
Harvard Dataverse (see https://doi.org/10.7910/DVN/CYNCJJ). 

Results
Research Question 1

In a first step, we draw on data from Study 1 to describe the share of respondents 
being (non)willing to participate in web surveys with video-based questions and 
answers, respectively. Table 1 presents the results. Across the three experimen-
tal groups, about 60% of respondents are definitely or probably willing to par-
ticipate in web surveys with video-based questions. Respondents’ willingness 
to participate in web surveys with video-based answers is considerably lower. 
Only about 25% of respondents are definitely or probably willing to participate 
in such web surveys. According to two chi-squared tests, there are no signifi-
cant differences between the three experimental groups (i.e., control, provi-
sion of an additional incentive, and improvement of respondent experience) 
regarding willingness to participate in web surveys with video-based questions 
(χ2(6) = 12.22, p = .057) and video-based answers (χ2(6) = 10.13, p = .119). In addi-
tion, about 3% of respondents state that they do not know how the video-based 
questions or answers work and about 6% of respondents state that they do not 
have a device with camera and microphone. 

Next, we turn to Study 2 examining respondents’ willingness to participate in 
video-based web surveys with different answer components. Table 2 shows the 
results separately for each of the four experimental groups. In the first group 
(predefined answer options), 72% of respondents are definitely or probably will-
ing to participate in video-based web surveys. In the second group (open textual 
answers), willingness is slightly lower (67%). In contrast, only 47% of respon-
dents in the third group (voice answers) and 38% in the fourth group (video-
based answers) are definitely or probably willing to participate in video-based 

1	 In Study 1, we employed the BFI-S inventory by Schupp and Gerlitz (2008), measuring each 
of the Big Five personality traits with three items and a 7-point response scale. In Study 
2, due to time restrictions, we employed the shorter BFI-10 inventory by Rammstedt et 
al. (2014), measuring each of the Big Five personality traits with two items and a 7-point 
response scale. For each trait, we summed up answers to the respective items. 

https://doi.org/10.7910/DVN/CYNCJJ
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web surveys. According to a chi-squared test, the differences between the four 
experimental groups are statistically significant (χ2(9) = 137.11, p < .001). Across 
all experimental groups, between 3% and 6% of respondents state that they do 
not know how video-based web surveys work and about 10% (third and fourth 
groups) state that they do not have a device with camera and microphone. 

Research Question 2

In a second step, we look at the open probing questions in Study 1 and exam-
ine respondents’ reasons for their (non)willingness to participate in web sur-
veys with video-based questions and answers, respectively. Tables 3 and 4 show 
the results. With respect to their willingness to participate in web surveys with 
video-based questions, respondents most frequently indicate willingness with-
out providing a substantial reason (22%; e.g., “I like the idea”), followed by con-
venience and time flexibility (21%), and mentioning a general openness to new 
technologies and procedures (12%). Furthermore, 10% of respondents say that 
this does not represent an additional burden, 9% explain that their willingness 
depends on the particular survey, situation, and timing, and another 8% indi-
cate that video-based questions are more personal, authentic, and interactive. 
Less than 5% of respondents mention support for and interest in science as well 
as already using the technology in daily life. A few respondents (4%) provide 
other reasons (e.g., “additional incentive”), seem to misunderstand how video-
based questions works (6%; e.g., “I can ask questions”), or provide noninforma-
tive reasons and non-substantial answers (9%; e.g., “./.”).

With respect to their willingness to participate in web surveys with video-
based answers, respondents most often indicate their willingness without pro-
viding a substantial reason (21%; e.g., “Why not?”). This is followed by conve-
nience and time flexibility (16%), dependence on the particular survey, situation, 
and timing (13%), and support for and interest in science (13%). In addition, 11% 
of respondents indicate a general openness to new technologies and procedures 
and 6% state that they already use the technology in daily life. A few respondents 
(less than 5%) refer to no additional burden or describe video-based answers as 
more personal, authentic, and interactive. Furthermore, 6% of respondents men-
tion other reasons (e.g., “Trust in data protection laws”), 3% seem to misunder-
stand how video-based answers work (e.g., “I can ask the interviewer comprehen-
sion questions”), and 7% provide noninformative reasons and non-substantial 
answers (e.g., “Depends on the weather”).

Among respondents who are not willing to participate in web surveys with 
video-based questions, the most frequently mentioned reason is requiring too 
much effort (38%), followed by a preference for reading (17%), and concerns 
about third parties being around (12%). Furthermore, 9% of respondents refer 
to no added value and 7% mention privacy and data security concerns. Less than 
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5% of respondents mention technical obstacles, uncomfortableness, and indi-
cate nonwillingness without providing a substantial reason (e.g., “Don’t want 
to”). Finally, 8% of respondents indicate other reasons (e.g., “Personal reasons”), 
19% seem to misunderstand how video-based questions work (e.g., “I don’t want 
to download unknown software”), and 4% provide noninformative reasons and 
non-substantial answers (e.g., “No”).

Table 1	 Respondents’ willingness to participate in web surveys with video-
based questions and answers (Study 1)

Answer options Control Provision of an 
additional incentive

Improvement of 
respondent experience

Video-
based 

questions 
(%)

Video-
based

answers 
(%)

Video-
based 

questions 
(%)

Video-
based

answers 
(%)

Video-
based 

questions 
(%)

Video-
based 

answers 
(%)

Definitely no 10 40 11 31 14 42
Probably no 24 29 23 34 29 30
Probably yes 43 15 37 19 34 16
Definitely yes 20 4 26 7 20 5
Don’t know how 
this works

3 3 3 2 2 3

Don’t have a device 
with camera and 
microphone

– 8 – 7 – 4

n 297 297 293 293 283 278

Notes: The last two options were visually separated by a space from the remaining options 
(see Appendix A for screenshots of the two questions). Due to rounding percentages may not 
add up to 100%. The control group was also analyzed in Höhne et al. (2023).

With respect to respondents who are not willing to participate in web surveys 
with video-based answers, more than one third of respondents (41%) state pri-
vacy and data security concerns. This is followed by requiring too much effort 
(21%), uncomfortableness (19%), and nonwillingness without providing a sub-
stantial reason (8%; e.g., “Don’t want to”). Furthermore, 8% of respondents 
mention a lack of ability to control (altering or deleting recordings), 6% refer 
to no added value, and another 6% indicate concerns about third parties being 
around. Up to 4% of respondents mention a preference for writing or technical 
obstacles. Finally, 7% of respondents indicate other reasons (e.g., “Might dis-
tort survey results”), 1% seem to misunderstand how video-based answers work 
(e.g., “Don’t like to participate in a video conference”), and 3% provide noninfor-
mative reasons and non-substantial answers (e.g., “Why?”).
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Table 2	 Respondents’ willingness to participate in video-based web surveys 
with different answer components (Study 2)

Answer options Predefined 
answer 

options (%)

Open textual 
answers (%)

Voice answers 
(%)

Video-based 
answers (%)

Definitely no 9 9 12 21
Probably no 15 17 29 26
Probably yes 35 33 27 21
Definitely yes 37 34 20 17
Don’t know how 
this works

4 6 4 3

Don’t have a device 
with camera and 
microphone

– – 9 11

n 485 515 505 487

Notes: The last two options were visually separated by a space from the remaining options 
(see Appendix B for screenshots of the four question versions). Due to rounding percentages 
may not add up to 100%. 

Table 3	 Reasons for willingness to participate in web surveys with video-
based questions and answers (Study 1)

Reasons for willingness Video-based  
questions (%)

Video-based  
answers (%)

Willingness (without providing a  
substantial reason)

22 21

Convenience and time flexibility 21 16
Willingness depends on survey, situation, 
and timing

9 13

General openness to new technologies  
and procedures

12 11

Support for and interest in science 4 13
No additional burden 10 3
More personal, authentic, and interactive 8 3
Already using technology in daily life 4 6
Other 4 6
Misunderstanding how video-based 
questions or answers work

6 3

Noninformative reasons and non-substan-
tial answers

9 7

Notes: N = 478 (video-based questions) and N = 173 (video-based answers). Respondents were 
able to mention multiple reasons and thus percentages may not add up to 100%.
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Table 4	 Reasons for nonwillingness to participate in web surveys with video-
based questions and answers (Study 1)

Reasons for nonwillingness Video-based  
questions (%)

Video-based  
answers (%)

Requiring too much effort 38 21
Privacy and data security concerns 7 41
Preference for reading or writing 17 3
Uncomfortableness 1 19
Third parties around 12 6
No added value 9 6
Nonwillingness (without providing  
a substantial reason)

4 8

Lack of ability to control  
(altering or deleting recordings)

– 8

Technical obstacles 3 4
Other 8 7
Misunderstanding how video-based  
questions or answers work

19 1

Noninformative reasons and non- 
substantial answers

4 3

Notes: N = 295 (video-based questions) and N = 550 (video-based answers). Respondents were 
able to mention multiple reasons and thus percentages may not add up to 100%.

Research Question 3

Finally, we investigate which variables drive respondents’ non(willingness) to 
participate in video-based web surveys. To do so, we first draw on data from 
Study 1 and run OLS regressions on respondents’ willingness to participate in 
web surveys with video-based questions and answers, respectively. For each of 
the dependent variables we estimate two models. In the first model, we only 
include the experimental groups as independent dummy variables. In the sec-
ond model, we add the additional independent variables (see “Analytical strat-
egy”). Table 5 presents the results. Regarding respondents’ willingness to par-
ticipate in web surveys with video-based questions as dependent variable, only 
the second model is statistically significant and has explanatory power: Model 
M1 (F(2,782) = 2.52, p = .081, adjusted R2 = .00) and M2 (F(16,768) = 5.82, p < .001, 
adjusted R2 = .09). The experimental groups are not associated with respondents’ 
willingness. Instead, the belief that technology facilitates communication, 
extraversion, and evaluating the current survey as more interesting and more 
difficult are positively associated with respondents’ willingness to participate 
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in web surveys with video-based questions. In contrast, higher age and being 
female are negatively associated with respondents’ willingness. 

Looking at the regression models with respondents’ willingness to participate 
in web surveys with video-based answers as dependent variable, both models 
are statistically significant. Adding the additional independent variables in the 
second model increases explanatory power: M1 (F(2,730) = 4.14, p = .016, adjusted 
R2 = .01) and M2 (F(16,716) = 7.04, p < .001, adjusted R2 = .12). In both models, 
the dummy variable for the second experimental group (statement stressing the 
provision of an additional incentive) is positively associated with respondents’ 
willingness to participate in web surveys with video-based answers. Similar to 
video-based questions, the belief that technology facilitates communication, 
extraversion, and evaluating the current survey as more interesting are posi-
tively associated with respondents’ willingness. In contrast, using a smartphone 
to answer the survey is negatively associated with respondents’ willingness. 

Next, analyzing data from Study 2, we estimate two regression models with 
respondents’ willingness to participate in video-based web surveys as depen-
dent variable and include the experimental groups as independent dummy vari-
ables. Table 6 shows the results. Both models are statistically significant. Adding 
the additional independent variables in the second model increases explanatory 
power: M1 (F(3,1759) = 38.43, p < .001, adjusted R2 = .06) and M2 (F(18,1744) = 25.29, 
p < .001, adjusted-R2 = .17). In both models, the dummy variables for the third 
(voice answers) and fourth groups (video-based answers) are negatively associ-
ated with respondents’ willingness to participate in video-based web surveys. 
Similarly, higher age and being female are negatively associated with respon-
dents’ willingness. In contrast, high education, extraversion, evaluating the sur-
vey as more interesting, and evaluating the survey more positively are positively 
associated with respondents’ willingness to participate in video-based web sur-
veys. 

Discussion and Conclusion
The aim of this article was to investigate respondents’ willingness to participate 
in video-based web surveys: web surveys in which at least one of the interview 
components (i.e., questions or answers) is based on video communication tech-
nology. For this purpose, we conducted two experimental studies. Similar to 
previous research (Höhne et al., 2023; Schober et al., 2023), our results show that 
respondents are more willing to participate in web surveys with video-based 
questions than to participate in web surveys with voice (Study 2) or video-based 
answers (Studies 1 and 2). Respondents’ reasons for (non)willingness differ 
between video-based questions and answers (Study 1). Overall, willingness for 
video-based web surveys is driven by respondent as well as survey character-
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Table 6	 OLS regressions with willingness to participate in video-based web 
surveys as dependent variable (Study 2)

Independent variables M1 M2

b SE b SE

Answer component (reference: 
predefined answer options)

Open textual answers −.06 (p = .355) .06 −.07 (p = .278) .06
Voice answers −.43 (p < .001) .07 −.46 (p < .001) .06
Video-based answers −.63 (p < .001) .07 −.65 (p < .001) .06

Belief technology facilitates 
communication

.03 (p = .107) .02

Personality traits
Openness .01 (p = .094) .01
Conscientiousness −.01 (p = .423) .01
Extraversion .03 (p = .001) .01
Agreeableness .02 (p = .130) .01
Neuroticism −.01 (p = .682) .01

Survey evaluation
Interest .16 (p < .001) .02
Difficulty −.02 (p = .360) .02
Topic sensitivity .00 (p = .911) .02
General evaluation .05 (p = .018) .02

Age −.01 (p < .001) .00
Female −.15 (p = .001) .05
Education (reference: low)

Medium .01 (p = .870) .06
High .20 (p = .001) .06

Smartphone use .06 (p = .194) .05
Constant 3.04 (p < .001) .05 1.66 (p < .001) .25

N 1,763 1,763

Notes: M = model, SE = robust standard error. Coding of dependent variable: 1 (definitely no), 
2 (probably no), 3 (probably yes), and 4 (definitely yes). Exclusion of non-substantial answer op-
tions and respondents with missing values for any of the independent variables.

istics. In the following, we discuss our empirical findings in light of our three 
research questions. It is important to note that the results of the two studies can 
only be compared cautiously because both samples are non-probabilistic and 
differ in their composition (e.g., in terms of education).

With respect to our first research question on the share of respondents being 
(non)willing to participate in video-based web surveys we found that many 
respondents are willing to participate in web surveys with video-based ques-
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tions. However, when it comes to video-based answers, the picture changes. As 
shown in Study 1, only about 25% of respondents are definitely or probably will-
ing to participate in web surveys with video-based answers. Interestingly, will-
ingness for video-based answers is substantially higher in Study 2 (almost 40%). 
While respondents’ willingness for voice answers is only slightly higher (about 
50%), most respondents are willing to select predefined answer options and 
enter open textual answers when surveyed through pre-recorded interviewers 
(about 70%, respectively). On average, less than 10% of respondents indicate that 
they do not know how the video-based questions and answers work or state that 
they do not have a device with camera and microphone (Studies 1 and 2). This 
suggests that only a minority of respondents cannot participate in video-based 
web surveys because they lack knowledge or equipment. However, it is possible 
that we underestimate the share of these respondents, as some respondents may 
have selected “probably no” or “definitely no” due to a lack of knowledge and 
equipment.

Our second research question investigated the reasons for respondents’ (non)
willingness to participate in video-based web surveys (Study 1). Overall, we 
found relatively similar patterns for both video-based questions and answers. 
The most frequently mentioned reasons for willingness to use this technology 
were as follows: willing without providing a substantial reason (about 20%) and 
convenience and time flexibility (about 20%). Particularly, the latter category 
indicates that video-based communication potentially facilitates web survey 
completion for some respondents. A substantial minority of respondents also 
mentioned that their willingness depends on the survey, situation, and timing 
(about 10%) and that they are generally open to new technologies and procedures 
(about 10%). The former category suggests that these respondents may change 
their opinion if the survey setting does not fit their expectations (e.g., presence 
of third parties). Support for and interest in science was frequently mentioned 
when it comes to video-based answers (more than 10%), but not when it comes to 
video-based questions (less than 5%) showing that respondents may have differ-
ent motivations for both components.

For nonwillingness, we found substantial differences between video-based 
questions and answers, which indicates that respondents are more divided. 
While about 40% stated that video-based questions require too much effort, 
only about 20% stated this reason when it comes to video-based answers. Pri-
vacy concerns were much more common for video-based answers (about 40%) 
than for video-based questions (less than 10%). This similarly applies to the cat-
egory uncomfortableness when it comes to video-based answers (about 20%), 
which was indicated by only 1% of respondents for video-based questions. Thus, 
video-based answers put some respondents in an unpleasant position. Finally, 
concerns regarding third parties were mentioned both regarding video-based 
questions (about 10%) and video-based answers (about 5%). This indicates that 
some respondents may be concerned about disturbing other people.
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Video-based answers do not only provide a direct view into respondents’ envi-
ronment (e.g., their home or workplace), but also into their appearance, ges-
tures, and facial expressions. Thus, some respondents may find them intrusive 
and consider them as a threat to their overall privacy. For example, research on 
answering web survey questions through pictures has shown that respondents 
are more willing to provide a picture of what they see (or their location) than a 
selfie that would allow researchers to infer their in-the-moment feelings (Bosch 
et al., 2022). In order to pursue such requests in web surveys it appears inevi-
table to take respondents’ privacy concerns seriously and to include measures 
that potentially alleviate these concerns. Following Keusch and Conrad (2022), 
this may include the explanation of the importance of providing video-based 
answers, a reduced utilization of video-based answers (only for few questions 
instead of the entire web survey), or the provision of additional incentives. As 
shown in Table 5, promising an additional incentive was positively associated 
with respondents’ willingness to participate in web surveys with video-based 
answers.

Regarding our third research question on variables driving respondents’ 
(non)willingness to participate in video-based web surveys we found that spe-
cific respondent groups seem to be more open than others. For example, respon-
dents believing that technology facilitates communication (Study 1), being extra-
verted, and having higher interest in the survey (Studies 1 and 2) seem to be more 
attached to video-based web surveys. We also found that younger, male (Studies 
1 and 2), and higher educated (Study 2) respondents show higher willingness. 
Importantly, the comparison of the findings on education across studies is lim-
ited because of the large imbalance in Study 1 (it only includes 5% low educated 
respondents). Nonetheless, these findings indicate that traditional respondent 
characteristics, such as age and gender, are not sufficient to infer respondents’ 
willingness for new communication forms in web surveys. For the future of web 
surveys, it is key to further investigate respondents’ motivations for new com-
munication forms, because it may help to recruit respondents that are reluctant 
to participate in traditional text-only web surveys (Revilla & Höhne, 2020). Con-
sidering our results on the reasons for nonwillingness, it would be worthwhile 
to include direct measures of respondents’ privacy concerns in future studies. In 
addition, future studies should examine whether the use of video communica-
tion in other contexts, such as work or personal life, influences willingness to 
participate in video-based web surveys. 

Importantly, these considerations are also related to a more theory-driven 
investigation of respondents’ willingness to participate in video-based web sur-
veys. More specifically, we advocate for the creation of survey participation 
frameworks that can be empirically tested or from which empirically testable 
research hypotheses can be inferred. A starting point for the creation of such 
theoretical frameworks can be the “uses and gratification” theory (Katz et al. 
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1973). Potentially, this helps to develop more respondent-centered web survey 
data collection strategies (Wilson & Dickinsson, 2022). 

This article has some methodological limitations that provide avenues for 
future research. First and foremost, we only asked respondents for their hypo-
thetical willingness and did not examine their actual participation in video-based 
web surveys. Previous research has indicated that hypothetical willingness and 
successful participation in data collection tasks can differ and may be driven 
by different variables (Keusch et al., 2024). Future research should investigate 
whether and to what extent the response rates of video-based web surveys are 
indeed as high as suggested by respondents’ hypothetical willingness. Second, 
we conducted our studies among respondents of non-probability online panels 
and thus we cannot infer to the general population. For example, as shown by 
Höhne (2023) as well as Lenzner and Höhne (2022), willingness among respon-
dents from non-probability and probability-based panels differ. If respondents 
of probability-based panels are indeed more reluctant to use video-based tech-
nology than respondents of non-probability panels, researchers would have to 
weigh the (possible) benefits of collecting richer and more nuanced data (by 
employing voice and video-based answers in non-probability panels) against the 
possibility of inferring from the sample to the general population. Therefore, 
it is important that future research examines differences in the willingness of 
respondents from non-probability and probability-based panels as well as cross-
sectional web surveys in general. Third, we argued that video-based web surveys 
may be particularly well suited for respondents with lower literacy levels and 
with lower competence in the language of the web survey. However, we were 
not able to include measures of these competencies in the web survey and thus 
we could not properly distinguish between low educated respondents and those 
with low literacy when it comes to the survey language (German). We encourage 
future research to examine this issue more thoroughly by employing methods 
for determining literacy levels of respondents. For example, this includes lexical 
decision tasks (Juhasz et al., 2019; Schwarz et al., 2020), sentence reading tests 
(Bergmann & Wimmer, 2008; Kroh et al., 2016), and literacy self-reports (Snowl-
ing et al., 2012). This way, it is possible to better isolate the impact of video-based 
web surveys on low-literacy groups. 

Finally, given the continual growth of web surveys and the significance of 
video-based communication in our daily lives, it is inevitable that these forms 
of communication will soon integrate into web surveys. Indeed, several studies 
are already underway experimenting with video-based web surveys (Conrad et 
al., 2023; West et al., 2022). This development is further supported by advances 
in Generative Artificial Intelligence (GenAI), enabling researchers to create 
virtual interviewers varying in their visual appearance and speech character-
istics (Höhne, Neuert, & Claassen, 2024). Since virtual interviewers can be cre-
ated quickly and at low costs, GenAI may render video-based web surveys more 
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feasible. In a next step, it would be worthwhile to investigate if respondents’ 
willingness to participate in video-based web surveys is dependent on whether 
questions are delivered by pre-recorded (human) interviewers or AI-generated 
virtual interviewers. Importantly, video-based web surveys, both with pre-
recorded and virtual interviewers, hold immense potential to emulate crucial 
aspects of face-to-face interviews while remaining highly efficient in terms of 
time and cost. Moreover, the self-administration mode offers respondents a 
level of flexibility that traditional face-to-face (including live video) interviews 
cannot match. Consequently, there is no waste of interviewer time. Additionally, 
the elimination of interviewer travel reduces fieldwork efforts and renders data 
collection more environmentally sustainable. Hence, it is prudent to begin con-
templating the integration of these communication forms into web surveys and 
determining the most effective methods for their incorporation.
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Appendix A
Screenshots of the Willingness and Probing Questions (Study 1)

Figure A1	   �Exemplary smartphone screenshots of the two willingness questions 
and the two open probing questions in the first experimental group 
(no motivational statement) in Study 1. The first set (on the left) 
shows the questions on video-based questions and the second set 
shows the questions on video-based answers (on the right).
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Appendix B
Screenshots of the Willingness Question (Study 2)

Figure B1	 Exemplary smartphone screenshots of the four versions of the 
willingness question in Study 2. Question versions from left to right: 
predefined answer options (Group 1), open textual answers (Group 
2), voice answers (Group 3), and video-based answers (Group 4). 
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Appendix C
English Translations of the Question Wordings

Belief That Technology Facilitates Communication (Studies 1 and 2)
To what extent does the following statement apply or not apply to you? New tech-
nologies make it easier for me to communicate with other people.
Answer options: 1 (does not apply at all) to 7 (applies completely)

Big Five Personality Traits (Study 1)
To what extent do the following statements apply or not apply to you?
I am someone who works thoroughly. 
I am someone who is communicative and talkative. 
I am someone who is sometimes a bit rude to others.
I am someone who is original, brings in new ideas.
I am someone who often worries.
I am someone who is reserved.
I am someone who is forgiving.
I am someone who is rather lazy.
I am someone who can come out of his shell, is sociable.
I am someone who appreciates artistic experiences.
I am someone who gets nervous easily.
I am someone who completes tasks effectively and efficiently.
I am someone who treats others with consideration and kindness.
I am someone who has vivid imagination and ideas.
I am someone who is relaxed and copes well with stress.
Answer options: 1 (does not apply at all) to 7 (totally applies)

Big Five Personality Traits (Study 2)
To what extent do the following statements apply to you?
I am rather restrained, reserved.
I trust others easily, believe in the good in people.
I am comfortable, tend to be lazy.
I am relaxed, do not let stress upset me.
I have little artistic interest.
I come out of my shell and am sociable.
I tend to criticize others.
I complete tasks thoroughly.
I get nervous and insecure easily.
I have an active imagination, I am creative.
Answer options: 1 (does not apply at all) to 7 (totally applies)
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Survey Interest (Studies 1 and 2)
How interesting did you find it to answer the questions asked?
Answer options: 1 (very interesting) to 7 (not interesting at all)

Survey Difficulty (Studies 1 and 2)
How easy or difficult did you find it to answer the questions asked?
Answer options: 1 (very easy) to 7 (very difficult)

Topic Sensitivity (Studies 1 and 2)
How personal did you find answering the questions asked?
Answer options: 1 (very personal) to 7 (not personal at all)

General Evaluation (Study 2)
How did you like the survey overall?
Answer options: 1 (not at all) to 7 (very much)
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